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PREFACE

Nine years ago, California passed major welfare reform legislation, and shortly thereafter the
state's Department of Social Services contracted with the Manpower Demonstration Research
Corporation to conduct a comprehensive evaluation of the newly created Greater Avenues for
Independence (GAIN) Program. This final report is the culmination of eight years of an unusual
collaboration between state and local officials responsible for implementing this challenging new
initiative and researchers charged with answering questions about the feasibility, impact, costeffectiveness, and relative success of different county GAIN strategies.
Major rigorous, longitudinal studies such as this one do not just happen. They succeed because
very busy program administrators and their staff take a risk in opening their programs to scrutiny and
make a multi-year commitment to follow research protocols and provide data. Throughout this study,
and despite staff turnover, people in the California Department of Social Services and the research
counties sustained a remarkable commitment to learning about the potential of GAIN. Their
enthusiasm, probing questions, and unflagging cooperation contributed to what has evolved into a
landmark study. When the evaluation began, there was little guidance about the most effective way
to implement GAIN'S innovative approach. By trying various strategies and working with MDRC to
measure their success, the study counties provided a unique laboratory for learning. Our hope is that
the evaluation's results provide the state with a solid foundation for improving public policy. They
clearly also offer guidance to other states and federal policymakers interested in reforming welfare.
Since the late 1960s. people have sought to change welfare from a cash entitlement to a
reciprocal obligation, in which welfare recipients would have to take steps toward work and the
government would have to provide new opportunities and supports. GAIN is the nation's largest
welfare-to-work program, and its passage in 1985 helped point to the pathbreaking federal legislation
under which it operates, the Job Opportunities and Basic Skills Training (JOBS) Program, authorized
by the Family Support Act of 1988. GAIN was ambitious in its goals: It sought to reduce dependence
and increase self-sufficiency and, to accomplish that, provided comprehensive services emphasizing
basic education as well as activities intended to get people quickly into jobs.
There have been enduring questions about the feasibility of implementing a participation
requirement and the ability of mandatory programs to change the message of welfare and make it more
transitional and work-focused. More recently there have been new questions, growing out of the
evidence from the 1980s on the success and limits of low-cost welfare-to-work programs that offered
only job search: Would basic education and training increase program effectiveness? Could programs
be successful with long-term recipients (including those in inner cities)? What were the trade-offs
embodied in different approaches?
This final report provides new information on the longer-tern effects of GAIN and, for the first
time, information on its cost and cost-effectiveness. The report shows that GAIN can benefit welfare
recipients and taxpayers, and points to strategies for increasing program effectiveness. Key findings
include the following:
GAIN can change the basic character of welfare to make it much more workfocused, and in doing so get people jobs, reduce welfare costs, and save
taxpayers money.

GAIN had some notable successes in all six study counties, but results varied
considerably. While, overall, GAIN increased single parents' three-year
earnings by 22 percent and cut welfare payments by 6 percent, impacts were
particularly large in one county, where earnings went up 49 percent and welfare
costs fell 15 percent.
This most successful county (Riverside) set a new standard of achievement,
returning taxpayers $2.84 for each $1 invested. While many factors probably
contributed to this success and to the county's relatively low average costs, key
were a strong and pervasive employment-focused message (including the active
use of job developers), a balanced use of basic education and job search, and
adequate resources and commitment to extend a serious participation mandate to
all GAIN-eligible people on welfare.
GAIN demonstrated the potential to succeed with a wide range of groups in the
welfare population, including very long-term welfare recipients and people in a
major inner city (Oakland).
The evaluation showed that GAIN's mixed service strategy - providing basic education and
training in addition to job search - could yield better long-term results than had been found for
programs that offered mainly job search. However, the finding that services are a necessary but not
sufficient condition for success poses a new and critical challenge: to determine whether the techniques
that worked so well in the more successful counties can be adapted and used to bring programs
throughout the state and nation up to this high standard of performance.
At a time of public cynicism about whether government can deliver, the results show that GAIN
can work and be very cost-effective. In the context of the current debate about time-limiting welfarewithout-work, GAIN's ability to increase the number of people getting unsubsidized jobs before a time
limit would be reached is of great importance and provides a strong rationale for expanded funding
for the very hard-pressed JOBS program. But the fact that, despite GAIN's success, many people still
remain on welfare and in poverty after several years also reminds us that reducing long-term welfare
receipt remains a major challenge that will likely require a mix of strategies.
Judith M. Gueron
President
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EXECUTIVE SUMMARY
This report presents the latest findings on the effectiveness of California's Greater Avenues for
Independence (GAIN) Program, a statewide initiative aimed at increasing the employment and selfsufficiency of recipients of Aid to Families with Dependent Children (AFDC), the nation's major cash
welfare program. Based on three years or more of follow-up data for 33,000 people who entered
GAIN between early 1988 and mid-1990, the study examines the program's effects in six counties on
employment, earnings, welfare receipt, and other outcomes, as well as findings from a comprehensive
benefit-cost analysis. The results are of broad relevance to welfare reform because California has the
country's biggest AFDC caseload and GAIN is the largest and one of the most ambitious programs
operating under the federal Job Opportunities and Basic Skills Training (JOBS) Program, created by
the Family Support Act of 1988. Operating as California's JOBS program since July 1989, GAIN
currently accounts for almost 13 percent of federal spending on JOBS. GAIN is overseen by
California's Department of Social Services (CDSS) and administered by the 58 counties. This report
is part of a multi-year evaluation conducted for CDSS by the Manpower Demonstration Research
Corporation (MDRC).
The F i d i n ~ in
s Brief
Each of the 33,000 sample members was assigned at random to either an experimental group
(who were subject to GAIN's participation requirements) or a control group (who were precluded from
the program but could seek other services in the community on their own). The two groups were
tracked over time, and the differences between them (e.g., in earnings and welfare receipt) constitute
the effects or "impacts" of GAIN - the difference the program made.
Single Parents (AFDC-FGsl

Overall. Over the entire three-year follow-up period, and across the six counties, GAIN
produced increasing earnings impacts for single parents (AFDC-FGs), a group mostly with children
age 6 or older when they enrolled in the study. In year 3, average earnings for the experimental group
were $636 higher than the control group's average (a 25 percent gain); for the full three years, they
were $1,414 higher (a 22 percent gain). (Earnings for each group were averaged over all members
of each group, including those who did not work as well as those who did.) Moreover, some data
point to sustained or still larger earnings impacts in the future. GAIN also continued to produce
welfare savings in year 3 at the same level as in year 2. In year 3 and across the six counties,
experimentals received an average of $331 less in AFDC payments (an 8 percent reduction) compared
to the control group average; the reduction was $961 (6 percent) for the entire three-year period.
Longer-term trends suggest a gradual tapering off of these welfare effects in the future.
GAIN also had an effect on the rate of AFDC case closures, but it was not large. Across all
six counties, over half of the experimental group was on AFDC in the last quarter of the three-year
follow-up period (53 percent, or only 3 percentage points lower than the rate for controls).
County-Specific. GAIN's impacts on single parents varied across the six counties in the study.
Riverside County, which had unusually large first- and second-year earnings gains and welfare savings,

again produced large effects in year 3. Over the three-year period, Riverside increased the
experimental group's earnings by an average of $3,113, a 49 percent gain over the. control group
average. It reduced welfare payments by $1,983, a 15 percent reduction compared to the control
group. These impacts were the biggest for any of the six counties, and are greater than those found
in previous large-scale experimental studies of state welfare-to-work programs. Riverside also
produced large earnings gains and welfare savings for a special sample - single parents with children
under the age of 6.
GAIN'S three-year impacts on earnings were moderate to large in three of the other five
counties: $1,492 in Alameda (a 30 percent increase above the county's control group average), $1,474
in Butte (a 21 percent increase), and $1,772 in San Diego (a 22 percent increase). Tulare produced
a moderate impact ($518) in year 3, but its average effect for the full follow-up period was under
$400, as was true in Los Angeles. Four of the remaining five counties (all but Tulare) achieved
welfare savings for AFDC-FGs for the three-year period, ranging from an average of $782 per
experimental in Alameda (a 4 percent reduction compared to the control group average) to $1,136 in
San Diego (an 8 percent reduction).

Benejits and Costs. GAIN was a relatively expensive program compared to the simpler and
primarily job search welfare-to-work programs of the 1980s. For the single-parent sample in all six
counties combined, over a five-year period, county welfare departments were estimated to have spent
an average of $2,899 per experimental, about 60 percent of which was for case management functions.
In addition, schools and other non-welfare agencies spent $1,515 per experimental to provide education
and training instruction as part of the GAIN program, bringing the total cost of GAIN to $4,415 per
experimental. Another important cost number is the net cost per experimental, which measures the
government's net expenditures after adding the cost of education and training activities experimentals
entered on their own after leaving GAIN, and then subtracting the cost of services that members of
the control group received on their own. The net cost over five years was $3,422 per experimental
for the six counties combined, but varied widely by county, from under $2,000 per experimental in
Riverside and San ~ i e to~ over
o $5,500 in Alameda and Los Angeles. The higher costs in the latter
two counties, which enrolled only long-term welfare recipients into their GAIN programs, reflect, to
an important extent, a greater net increase in the use of education and training activities in Alarneda
and Los Angeles compared to the patterns in other counties.
Net cost estimates are key because they are used in the benefit-cost study to determine whether
the program costs or saves taxpayers money. That analysis also assesses whether people in the
experimental group are made financially better off by the program. (The benefit-cost analysis does
not take into account non-monetary gains or losses.)
When measured earnings gains are compared to welfare reductions and other losses over five
years, welfare recipients in five of the six counties (Alameda, Butte, Riverside, San Diego, and Tulare)
were, on average, better off financially as a consequence of the GAIN program. Net benefits ranged
from $948 per experimental in San Diego to $1,900 per experimental in Riverside, for an overall
average of $923 per experimental.
The GAIN program in two counties - Riverside and San Diego - resulted in government
budgets coming out ahead. A third county - Butte - produced a "break-even" effect, while the
results were negative in the remaining three counties. From the government budget perspective, a

positive result means that, on average, for every extra dollar the government invested per experimental
(above and beyond the public cost of education and training controls received on their own initiative),
it got more than a dollar back in the form of reduced costs for AFDC and other transfer programs and
increased tax payments arising from experimentals' increased employment. This return was
exceptionally large in Riverside - $2.84 per every net $1 invested. The return was $1.40 per $1 in
San Diego, and $1.02 per $1 in Butte, but less than a dollar ($.76)per $1 for all six counties together.
It is worth mentioning that return per net dollar invested is a standard of success by which few social
programs are assessed.

Heads of Two-Parent Families (AFDC-Us)
GAIN also produced earnings gains and welfare savings for the heads of two-parent families
(AFDC-Us), who make up about 18 percent of all AFDC cases in California. Although the longerterm trends were not as impressive as they were for single parents, GAIN's earnings effects over the
full three-year follow-up period were moderate to large in three counties (Butte, Los Angeles, and
Riverside, although they were declining over time in Riverside). They were especially large in Butte,
reaching $3,295 per experimental. The same three counties also produced moderate to large welfare
savings, as did San Diego. GAIN's benefit-cost results for AFDC-Us show a large positive effect
from the perspective of welfare recipients solely in Butte, and a modest positive return on the
government's investment in Butte ($1.22 per net $1 invested) and Riverside ($1.61 per net $1
invested).
In sum, the results of this evaluation show that the GAIN program can work, especially for
single parents on welfare, who account for about 82 percent of California's welfare caseload. For that
group, both welfare recipients and the government budget came out ahead in two counties as a result
of GAIN, with one county (Riverside) producing the most impressive results yet observed for a largescale welfare-to-work program. Of the remaining four counties, three made welfare recipients better
off, but without producing net budgetary savings (although the government essentially "broke even"
in one). An important open question is whether some of the implementation approaches of the betterperforming counties, especially those of Riverside, can be adapted by other localities and produce
similarly impressive results.

The GAIN Promam Model
A key feature of GAIN, which distinguishes it from most other welfare-to-work and JOBS
programs, is the way it uses educational and basic skills levels to sort registrants into one of two
service streams. Those who do not have a high school diploma (or a General Educational
Development certificate - a GED) or fail to achieve predetermined scores on both parts of a math and
reading test or are not proficient in English are deemed by GAIN to be "in need of basic education."
These individuals can choose to attend a basic education class - Adult Basic Education (ABE), GED
preparation, or English as a Second Language (ESL) instruction - or a job search activity first, but
if they choose job search and fail to obtain employment, they must then enter basic education.
Registrants judged "not in need of basic education" - those who pass both pans of the math and
reading test and possess a high school diploma (or a GED) - usually must participate in job search
first. Registrants already enrolled in education and training programs when they enter GAIN may
continue in those activities if the activities meet certain criteria (e.g., they must prepare registrants for

occupations in need of workers in the local labor market, and registrants must be able to complete the
training within two years after enrolling in GAIN). Participants in any of these three sequences who
do not find employment after completing their initial activities undergo an employability assessment
designed to help them choose their next activity, e.g., skills training, vocationally oriented postsecondary education, on-the-job training, or unpaid work experience. Any GAIN registrant, who,
without "good cause," fails to participate in GAIN's orientation and services may incur a "sanction,"
i.e., a reduction of the welfare grant. (The grant level in California is one of the nation's highest.)
The GAIN Evaluation

The six counties selected to participate in the study of GAIN's impacts capture a wide variety
of local conditions and population characteristics account for more than one-third of the state's GAIN
caseload and more than one-half of its AFDC caseload. Three counties are in southern California:
Los Angeles, with about one-third of the state's caseload and a welfare population larger than all but
a few states'; Sun Diego, with the state's second-largest caseload; and Riverside, a county
encompassing both urban and rural areas. Two counties are in northern California: Alameda, an urban
county that includes the City of Oakland, and, further north, the county of Butte, ,which had the
smallest population of the six counties. Tulare is located in the largely agricultural, rural Central
Valley. (Table 11, at the end of this summary, presents a brief profile of each county.)
It is important to stress that this report's descriptions of the counties' strategies for implementing
GAIN are based on information collected no later than mid-1991, and prior to that in most cases. This
is the relevant information for describing the research sample's actual experiences in GAIN. However,
some of the information does not portray the counties current modes of operating GAIN. All of the
counties have continued to revise their implementation strategies as they have acquired more
experience in operating this very complex welfare-to-work initiative, and in response to changes in
funding and other circumstances.
The findings on GAIN's implementation, effectiveness, and benefits and costs come from a
study of 33,000 applicants for and recipients of AFDC whose participation in GAIN was mandatory,
i.e., a condition for receiving their full welfare grant. This group included single heads of families
(AFDC-FGs, who are usually mothers) mostly with children age 6 or older, and all heads of twoparent families (AFDC-Us, typically fathers). (It is important to note that almost one-third of
Alameda's sample consisted of single parents with children younger than age 6.)
During the period in which members of the research sample enrolled in GAIN and thus became
pan of the study (March 1988 to June 1990). four of the six counties had sufficient resources to enroll
all registrants in their caseloads who were mandatory for GAIN under the pre-JOBS rules. The other
counties - Alameda and Los Angeles - focused exclusively on long-term recipients, in conformity
with GAIN's rules in cases where resources did not permit serving all those required to participate.
To determine the effects of GAIN, mandatory registrants who attended an orientation to the
program were randomly assigned to either an experimental group (who were subject to GAIN's
participation mandate) or a control group (who were precluded from GAIN but could seek other
services in the community). Random assignment assured that the two groups did not differ
systematically on measured and unmeasured background characteristics when they entered the study,

and that any differences in their subsequent labor market and welfare experiences could be attributed
with confidence to the GAIN program. The two groups' employment rates, average earnings, average
AFDC payments, and other outcomes were compared over the course of the follow-up period, and the
differences between them arc referred to as the estimated "impacts" of GAIN. The data used in this
study came from a variety of sources, including automated employment, earnings, and welfare records
for the full 33,000-person sample, a registrant survey administered two to three years after orientation
to a subsample of experimentals and controls in five counties (excluding Butte because of the
evaluation's limited survey budget), and program participation and fiscal information obtained from
the counties and various state agencies.

Findings on Program Implementation
The six counties made different decisions about how much to emphasize
quick entry into the labor market versus the longer and more expensive
process of building registrants' human capital through education and
training.
Not surprisingly, given California's state-supervised but county-operated welfare system, and
the absence of evidence when GAIN started as to what strategies would work best, the six counties
varied in how they sought to prepare registrants for employment. Viewing almost any job as a positive
first step, with advancement to come by acquiring a work history and learning skills on the job,
Riverside's staff placed much more emphasis on moving registrants into the labor market quickly than
did the staff in any other county. Most distinctive was Riverside's attempt to communicate a strong
"message" to all registrants (even those in education and training activities), at all stages of the
program, that employment was central, that it should be sought expeditiously, and that opportunities
to obtain low-paying jobs should not be turned down. The county's management underscored this
message by establishing job placement standards as one of several criteria for assessing staff
performance, while at the same time attempting to secure the participation of all mandatory registrants.
In addition, the county instituted a strong job development component to assist recipients in gaining
access to job opportunities.
Alameda illustrates a very different approach. Its GAIN managers and staff believed strongly
in "human capital" development - the use of education and training as a path to getting jobs that offer
a better chance to get off or stay off welfare. Within the overall constraints imposed by the GAIN
model's service sequences, Alameda's staff encouraged registrants to be selective about the jobs they
accepted and to take advantage of GAIN's education and training to prepare for higher-paying jobs.
Butte, Los Angeles, San Diego, and Tulare took approaches falling between those of Riverside and
Alameda. but closer to Alameda's than to Riverside's.
All six counties successfully communicated to registrants that the
participation requirement was real and would be enforced, although the
counties varied in the extent to which they relied on GAIN's formal penalty
process.
Over 90 percent of experimentals said on the registrant survey that they believed it was "likely"
or "very likely" that their AFDC grants would be reduced if they were assigned to a GAIN activity

but did not go. Casefile records showed that up to about 6 percent of experimentals (in Los Angeles
and Riverside) were sanctioned within the first I1 months after GAIN orientation, although selfreported information from the survey and interviews with GAIN staff suggest that the rates rose over
time in all the counties. Evidence also suggests that case managers in Los Angeles and Riverside were
quickest to invoke the "threat" of sanctioning in response to noncompliance. About half to threequarters of survey respondents believed the participation mandate to be "fair" and "a good idea," and
only about one-quarter of respondents in both the experimental and control groups agreed with the
statement, "Making welfare mothers work if they don't want to is bad for their children."

Imaacts on Particioation in Emdovment-Related Activities for AFDC-FGs
An important measure of the GAIN intervention, a major determinant of its net costs, and a
potentially key influence on its impacts is the extent to which experimentals had different participation
patterns than controls.
To determine GAIN's effect on experimentals' use of employment-related activities, the
evaluation compared experimentals' rates and duration of participation in all such activities (including
GAIN and post-GAIN participation) with the amount of participation in non-GAIN activities by the
control group. The difference in the amount of participation represents the "impact" of GAIN, which
tells how much experimentals' participation changed compared to what it would have been in the
absence of GAIN.

A sizable number of controls used non-GAIN employment-related activities,
usually vocational training and post-secondary education.
Few controls (4 percent) participated in job search activities, which, in comparison to
opportunities for education and training, are not widely available in the community. Moreover, few
(8 percent) participated in basic education classes (for ABE, GED, and ESL instruction). Although
more widely available, basic education may have been of less interest to controls than occupational
skills training (nor was it generally needed by those who already had a high school diploma or GED).
Only a handful of controls took part in unpaid work experience and on-the-job training (OJT)
assignments. In contrast, a full 23 percent participated in vocational training or post-secondary
education.

The GAIN program substantially increased experimentals' participation in
job search and basic education.
Given that the GAIN model requires most participants to enter upfront job search or basic
education as their initial GAIN activity, it is not surprising that GAIN's largest impacts were on the
use of these two activities. Across all six counties, 29 percent of experimentals participated in job
search compared to only 4 percent of controls, for a difference of 25 percentage points. Similarly,
GAIN increased experimentals' participation in ABE, GED, and ESL activities (taken together) by 28
percentage points. The program had little overall impact (3.3 percentage points) on the percentage
who participated in vocational training or post-secondary education, although, as discussed later in this
summary, it did in some counties (especially Alameda) for registrants determined not to need basic
education. Few experimentals took part in unpaid work experience (PREP) or OJT. (More recently,
the use of PREP has increased in several counties.)

Imaacts on Emplovment, Earnings. and Welfare Outcomes for AFDC-FGs
Imaacts on Earnings and Welfare Pavments
GAIN increased the average earnings of experimentals by 25 percent in the
third year after orientation, continuing its trend of progressively stronger
earnings effects over time. It reduced experimentals' average AFDC
payments by 8 percent, a result that reflected a leveling off of GAIN's
impacts on this measure.
The average earnings for all experimentals and all controls were calculated for the full sample,
including people who did not work (and whose earnings were counted as zero). Averaged across the
six counties, with each county given equal weight, earnings for AFDC-FGs in the third year (as shown
in official automated earnings records) were $3,159 per experimental group member and $2,523 per
control group member. This yields an earnings gain, or impact, of $636 per experimental (or 25
percent of the average control group member's earnings), as shown in the "all counties" section of
Table 1. (This, again, is an average that includes sample members who did not work at all; those who
worked benefited more than this $636 suggests.) Welfare savings were $331 per experimental in year
3 (i.e., AFDC payments were 8 percent lower than the average payments of $4,163 for controls). As
indicated by the asterisks for the "all counties" rows in Table 1, these results were statistically
significant, meaning that one can have greater confidence that they were due to the program rather
than to statistical chance.' The earnings impacts compare favorably with the three-year results for
simpler (mostly job search) programs studied previously, and the AFDC impacts compare very
favorably.
Over the entire three-year follow-up period, GAIN's earnings impacts grew progressively larger.
Averaged across the six counties, with each county given equal weight, the program's impact on
earnings nearly doubled between the first and second years of follow-up and rose by another 24
percent between the second and third follow-up years, reaching $1,414 per experimental for the entire
period. (See Table 1 and Figure 1A.) An analysis of GAIN's effects for an early cohort of sample
members (i.e., those who entered the study early on and for whom more quarters of follow-up are
available) points toward sustained or still larger earning impacts after the third year.
GAIN's effects on AFDC payments leveled off in year 3, but totaled $961 for the full three-year
period. (See Table 1 and Figure 1B.) After having grown by about 23 percent between years 1 and
2, they were about the same in year 3 as in year 2. Longer-term trends for the early cohort suggest
a gradual tapering off of these welfare effects in the future.
GAIN's impacts varied by county. One county (Riverside) had large
earnings gains and welfare savings in all three follow-up years. Three
counties (Alameda, Butte, and San Diego) had more moderate earnings gains
and welfare savings. Of the two remaining counties, one (Los Angeles)
achieved welfare savings but with little effect on earnings gains, while the
other (Tulare) produced earnings gains but with little effect on welfare
payments.
'Some of the year 1 and year 2 numbers in this and other tables differ slightly from those reported earlier
because they were recalculated using updated earnings and AFDC data.

TABLE 1
GAIN'S THREE-YEAR IMPACTS ON EARNINGS AND AFDC PAYMENTS FOR AFDC-FGs (SINGLE PARENTS)
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Statistical significance levels are indicated as "* = 1 percent (the highest level);" = 5 percent; ' = 10 percent.
(a) In the all-county averages, the results for each county are weighted equally.

FIGURE 1
GAIN'S THREE-YEAR IMPACTS ON EARNINGS AND AFDC PAYMENTS
FOR AFDC-FG REGISTRANTS
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Riverside, which had unusually large first- and second-year earnings gains and welfare savings,
also produced large third-year effects on AFDC-FGs. (See Table 1 and Figure 1.) Over the entire
three-year period, the experimental group's earnings in Riverside were $3,113 higher, on average, than
the control group's earnings, an increase of 49 percent. Their welfare payments were $1,983 lower,
a 15 percent reduction compared to the control group. These impacts were the largest in any of the
six counties, and are larger than those found in previous large-scale experimental studies of state
welfare-to-work programs. They are notable as much for their consistency as for their magnitude:
Riverside had statistically significant earnings gains for many key subgroups of the single-parent
research sample, and these gains were almost always accompanied by welfare savings. Such a
consistent pattern was not found in any other county.
Among the other five counties, three (Alameda, Butte, and San Diego) had middle-level threeyear earnings impacts ($1,474 to $1,772 per experimental, or 21 to 30 percent above the control group
average). Also of note was the $518 earnings impact in year 3 for Tulare, where positive and statistically significant effects were observed for the first time. Four of these five counties (Tulare was the
exception) achieved moderate welfare savings (ranging from $782 per experimental over the three
years to $1,136, or a 4 to 8 percent reduction). (The three-year earnings and welfare impacts in Butte
were not statistically significant, possibly owing to the small control group sample size there.)
In Los Angeles, the finding that GAIN produced welfare savings but had little effect on earnings
($260, and not statistically significant) may have resulted from GAIN's producing an increase in the
rate of employment, but in jobs that were low-paying, of short duration, or both. The welfare savings
may also partly reflect the influence of financial sanctions (grant reductions) for noncompliance with
GAIN's participation mandate and any effect the mandate may have had in increasing or hastening case
closures among experimentals who were working "off the books." It is also worth noting that although
the earnings impact in Los Angeles was small overall, this was not true in all five of the county's
GAIN offices. The two offices located outside of central-city areas produced three-year earnings
impacts exceeding $2,100 per experimental (an effect that was statistically significant in one office).
None of the other offices, all of which were in central-city locations, produced an earnings gain:
In Riverside, each of the four local offices operating GAIN in the four economically diverse
regions of that county produced large and statistically significant earnings gains and welfare savings.
San Diego also had consistently positive results (though not always statistically significant) across most
of its local offices, but Tulare did not. (Alameda and Butte each had only one GAIN office.)
All in all, the evidence of impacts across the six counties shows that GAIN can produce
earnings gains, welfare savings, or both within a three-year period, even when it is operated in very
different ways and under different circumstances. This is an encouraging finding because local
conditions will always vary across counties and because some variation in key implementation practices
is inevitable.
Impacts on Employment Rates. Earnings Levels. and Job Quality
GAIN increased the proportion of experimentals who were ever employed
in year 3 by 6 percentage points above the control group rate. At the same
time, a majority of experimentals as well as controls did not work at all
during that year.

For the six counties combined, automated official records show that 40 percent of experimentals
had worked at some time during year 3 compared to 34 percent of controls, resulting in a statistically
significant difference of 6 percentage points (see Table 2). A similar impact is found when the
proportions of experimentals and controls ever employed over the entire three-year period are
compared (57 percent versus 51 percent, respectively). GAIN'S impact on the rate of employment was
largest in Riverside, where it exceeded 9 percentage points in year 3 and almost 14 percentage points
over the full follow-up period. Despite this accomplishment, the data in Table 2 imply that, across the
six counties, about two-thirds of experimentals and controls did nor work during year 3, and almost
half never worked during the entire three-year period. In response to a question on the registrant
survey in four counties (Alameda, Riverside, San Diego, and Tulare), about 60 percent of
experimentals who were not working at the time of the interview said that they were not looking for
work. Of that group, 28 percent cited their own ill health or disability as the most important reason,
4 percent cited the ill health or disability of their children, and 22 percent said that they were in a
school or training program. Only 4 percent said that the main reason they were not looking for work
was that they could not afford or arrange for child care (perhaps in pan because the study sample was
composed largely of women with no preschool-age children), although 10 percent said that their major
reason was that they wanted to stay home with their children.
Of those who had never worked during the survey follow-up period, only 34 percent said that
they had heard of the Earned Income Tax Credit (EITC), a federal tax credit for low-income workers
intended to enhance the financial payoff from working. Of those who had worked, 54 percent said that
they had heard of it.
Riverside and San Diego produced earnings gains mostly by increasing the
rate and duration of employment, while Alameda and Butte produced about
half their earnings gains by increasing the amount of money earned per
quarter of employment.
In Riverside and, to a lesser extent in San Diego, GAIN appears to have produced earnings
impacts because experimentals had higher employment rates and more quarters of employment, but
the jobs they held paid about as much, on average, as the jobs held by controls. In Alame& and
Butte, in contrast, approximately half the earnings gains were associated with increased earnings per
quarter of employment for experimentals, implying that, on average, experimentals who worked held
better jobs than controls who worked.
These differences across the counties are also reflected in the characteristics of the most recent
jobs reported on the registrant survey by experimentals and controls who had worked at some time
during the two- to three-year follow-up period. In %verside, similar proportions of employed
erperimentals and employed controls (64 percent) had worked full-time (i.e., 30 hours a week or more)
in their most recent job, and average weekly wages were somewhat lower for all workers in the
experimental group ($191 per week) than for all workers in the control group ($206). In contrast,
employed experimentals in Alameda got jobs providing more hours of work per week than the jobs
obtained by employed controls (e.g., 59 percent versus 55 percent, respectively, were full-time), and
higher weekly wages for those working ($209 versus $167).
It is also of interest that approximately 28 percent of employed experimentals in the four
counties had jobs providing health care coverage. Among controls, the rate was 25 percent.

TABLE 2
GAIN'S THREE-YEAR IMPACTS ON RATES OF EMPLOYMENT AND WELFARE CASE CLOSURES
FOR AFDC-FGs (SINGLE PARENTS)
On AFDC in the Last Quarter of the Specified Year

Ever Employed in the Specified Year
County
and Year

Experimentals (%)

Controls (%)

Difference

Alarneda
Year 1
Year 2
Year 3
Total

Experimentals (36)

Controls (%)

Difference

86.0
76.6
67.5
nla

Butte
Year 1
Year 2
Year 3
Total

65.0
49.4
39.7
n/a

Los Angeles
Year 1
Year 2
Year 3
Total

84.8
74.0
63.8

Riverside
Year 1
Year 2
Year 3
Total

58.7
46.6
40.6

n/a

nla

69.1
56.0
49.0

Year 2
Year 3
Total

n/a

9
Year 1
Year 2
Year 3
Total
All counties (a)
Year 1
Year 2
Year 3
Total

76.7
65.4
54.5
n/a

39.6
56.7

33.7
50.8

5.9 **'
6.0**+

73.4
61.3
52.5

55.5

-3 0 *-.

n/a

nla

ni? --

NOTES:
The totals indicate the proportion of sample members who were ever employed at any tlme durlng the three years
of follow-up. Totals are not applicable (nla) in the AFDC panel of the table.
Statistical significance levels are indicated as **' = 1 percent (the highest level): *. = 5 percent; + = 10 percent.
(a) In the all-county averages, the results for each county are weighted equally.

GAIN increased the proportion of experimentals who had more substantial
earnings.
Table 3 shows that, for all six counties combined, about 20 percent of experimentals earned at
least $5,000 in year 3 compared to 16 percent of controls, for an impact of almost 4 percentage points;
12 percent of experimentals, compared to 9 percent of controls, earned at least $10,000 - an amount
of money that exceeds the poverty line for a single parent with one child.
Another way to view earnings levels is to consider what proportion of workers, rather than all
experimentals or all controls, earned above certain thresholds. Although experimental-control
differences on such a measure are not true estimates of GAIN's impacts (since the background
characteristics of those who found jobs in each group may not have been equivalent), they illustrate
that many of those who did find work had more substantial earnings. For example, for all six counties
combined, about 31 percent of all employed experimentals earned above $10,000 in year 3. Among
employed controls, the rate was 27 percent.
GAIN produced a small increase in the proportion of experimentals whose
combined income from earnings, AFDC, and Food Stamps exceeded the
poverty line in year 3.
To approximate GAIN's effects on poverty, the analysis compared sample members' total year
3 earnings, AFDC payments, and Food Stamps with the official poverty line, taking into account the
size of each sample member's family at the time of GAIN orientation. (In 1992, the poverty line for
a single parent with one child was $9,190.) The income measure used here is different from the
Census Bureau's official poverty measure in that Food Stamps are not counted in the official measure,
while other family income not measured in the GAIN evaluation is counted. The analysis suggests that
GAIN helped move some families out of poverty: 20 percent of the experimentals across the six
counties, compared to 17 percent of the controls, had a combined income above the poverty line. In
other words, experimentals' poverty rate was reduced by 3 percentage points. This impact reached
almost 5 percentage points in Butte and Tulare.
Impacts on Case Closures
GAIN reduced by a small amount (3 percentage points) the proportion of
experimentals who were on AFDC during the last quarter of year 3. About
half of all experimentals and controls received some AFDC payments during
that period. Only about one-fifth were both off AFDC and working.
Table 2 shows the proportion of sample members who had received any AFDC payments in the
last quarter of each follow-up year. The proportion of experimentals on AFDC had dropped to 53
percent (for all six counties combined) by the end of the three-year period. However, only a portion
of this change can be attributed to GAIN, since the control group experienced a similar decline.
Nonetheless, the counties collectively produced a reduction of 3 percentage points in the proportion
of experimentals receiving welfare by the end of year 3, ranging from under 2 percentage points in
Butte and Tulare to over 5 percentage points in Riverside.
Table 3 (bottom panel) shows the proportion of people who had both worked and received no
AFDC payments during the last quarter of the follow-up period. This combined status comes closer

TABLE 3
GAIN'S IMPACTS ON YEAR 3 EARNINGS LEVELS AND THE PERCENTAGE OF AFDC-FGs (SINGLE PARENTS)
BOTH EMPLOYED AND OFF AFDC AT THE END OF YEAR 3
Outcome Measure
and County

Experimentals (%)

Controls (%)

Difference

18.8

16.0

2.8

Earned $5.000 or
more in vear 3
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare
All counties (a)
Earned $10.000 or
more in year 3
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare
All counties (a)
Employed and received n o
AFDC in the last quarter of year 3
Alameda
Butte
Los Angeles
Rwerside
San Diego
Tulare
All counties (a)
NOTES

Statstca. s.gnlflcance levels are ~nd~cated
as **' = 1 percent (the hlghest level)
(a) In tne ah-county averages tne results for each county are welghted equally

..

**'

= 5 percent, ^ = 10 percent

than any other measure in this study to representing the achievement of "self-sufficiency through
employment." By this criterion, about 19 percent of experimentals (for all six counties combined)
achieved self-sufficiency by working compared to 16 percent of controls, for a small (statistically
significant) impact of almost 3 percentage points. The impact on this measure was highest in Riverside
and Alameda, where it exceeded 4 percentage points. (During this same quarter, another 10 percent
of experimentals both worked and received welfare.)
Several counties increased the proportion of registrants who made a
permanent exit from AFDC during the available follow-up period, although
this effect was not large.
Welfare recipients who leave AFDC often return to the rolls. Across the six study counties,
27 percent of experimentals who left AFDC for at least one full quarter during the first half of the
follow-up period (i.e., from quarters 2 through 7) returned to AFDC before the three years were out.
(This rate ranged from 22 percent in Los Angeles to 30 percent in Tulare.) Nonetheless, three counties
increased the likelihood that experimentals would get off welfare and remain off the rolls. For
example, 39 percent of all experimentals in Riverside, compared to 35 percent of all controls, had left
AFDC during the first half of the three-year follow-up period and did not return during the rest of that
period. This 4 percentage point difference was statistically significant and accounts for more than half
of Riverside's impact of nearly 8 percentage points on the total percentage of experimentals who left
AFDC within the first half of the follow-up period. Los Angeles and San Diego each had an impact
of 3 percentage points (statistically significant) on the likelihood of exiting AFDC and remaining off
welfare through the end of the follow-up period, but little effect was detected in the other three
counties (Alameda, Butte, and Tulare).
Impact Findings for Selected AFDC-FG Submouvs
For the two basic education subgroups, GAIN produced earnings gains and
welfare savings, but not always for both groups in each county.
A central question for GAIN is whether particular subgroups of welfare recipients are or are
not affected by the services the program offers and by its participation mandate. All GAIN registrants
were classified into two groups for whom the GAIN program model established different service
sequences: those determined "not in need of basic education" and those deemed "in need of basic
education." Overall, GAIN produced earnings gains and welfare savings for both of these subgroups
among AFDC-FGs.
Three counties (Alameda, Riverside, and San Diego) produced large earnings gains - ranging
from about $3,000 to $4,000 - for registrants determined nor to need basic education, as shown in
the top panel of Table 4. Two of these counties (Riverside and San Diego) also produced large
welfare savings, while the third (Alameda) did not. (The pattern in Alameda could have occurred if
its earnings impact was concentrated among individuals who, during the follow-up period, would have
left welfare and worked even in the absence of GAIN, but in lower-paying jobs.) In contrast, Los
Angeles achieved large welfare savings for this subgroup, but more modest (and not statistically
significant) earnings gains.

TABLE 4
GAIN'S THREE-YEAR IMPACTS ON EARNINGS AND AFDC PAYMENTS FOR KEY AFDC-FG (SINGLE-PARENT) SUBGROUPS

Impact on Average Total Earnings ($)
~~

Subgroup and County

Year 1

Year 2

Year 3

-S!d

_ -__

-.

Year I

Year 2

Year 3

Total
-

~

~

AFDC-FGs determined
not to need basic education
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

672 '
154
201
1199 **+
632 **
-614

1008
374
534
1464 ***
1185 "'
-233

1267
418
412
1287 **'
1223 '**
z12

2947
946
1147
3950 "'
3040 '*'
-635

-36
357
-794 ***
-691 *+'
-556 ***
208

-94
229
-709
-693
-405
d

'**
***
'**

-133
986
-2194 "'
-2067 ***
-1 276 "+
543

AFDC-FGs determined
to need basic education
I

8

7

Alarneda
Bulte
Los Angeles
Riverside
San Diego
Tulare

-350
-1128
-314
-700
-426
57

'

*'*

+'+
***
***

-1036 **
-3239 **'
-739 '+'
-1686 ***
-1020 ***
-56 -

AFDC-FGs who are
long-term welfare recipients
Alameda
Bulte
Los Angeles
Riverside
San Diego
Tulare
NOTES:

-261
-424
-401 "'
-819 ***
-692 *"
-43
Statistical significance levels are indicated as

*" = 1 percent (the highest level); '+
= 5 percent; * = 10 percent.

-782
-1125
-1005 ***
-2184 +'+
-1 545 +**
-222

Alameda's success (noted above) in raising the quality of jobs suggests that the use of job search
to explore career options, combined with subsequent participation in vocational training and postsecondary education, may have played a role in producing Alameda's earnings impact. As the top
panel of Table 5 shows, Alameda raised experimentals' participation in training and post-secondary
education 16 percentage points, on average, above the control group rate - a participation impact that
was higher than in the other counties; it also had the largest impact on the duration of participation in
these activities. Moreover, Alameda increased the proportion of experimentals in the not-in-need-ofbasic-education subgroup who received a trade certificate by almost 6 percentage points (not
statistically significant) and receipt of a Bachelor's degree by 3 percentage points. In contrast,
Riverside did not increase participation in training and post-secondary education, nor did it increase
the receipt of education credentials, implying that its earnings impacts for this subgroup came about
from other sources - possibly through a combination of factors, including the large impact on
participation in job search activities (48 percentage points, as shown in the top panel of Table 5) and
other program features that made Riverside distinctive. (See the section above on implementation
findings.) San Diego's experience appears to have been closer to Riverside's in that it did not have a
large impact on the use of vocational education and training.
For registrants who were determined to need basic education, increasing experimentals' use of
ABE, GED, and ESL classes (relative to the use of those classes by controls) may have contributed
to positive earnings impacts, for Butte, Riverside, and Tulare all had a positive impact on the rate of
participation in those activities (see the bottom panel of Table 5 for the Riverside and Tulare impacts).
All three counties (Tulare to a lesser extent) also produced statistically significant earnings increases,
as shown in the middle panel of Table 4. In addition, two of them (Butte and Riverside) produced
welfare savings. At the same time, the experience of the other three counties indicates that even a
large impact on the use of basic education may not result in earnings gains. For example, Alameda
had a 56 percentage point impact on the in-need-of-basic-education subgroup's rate of participation in
basic education, yet its three-year impact on this group's earnings was relatively small.
If an impact on the use of basic education contributes to an impact on earnings, the mechanism
by which this occurs may sometimes involve factors other than simply an increase in basic skills or
credentials. For example, it is noteworthy that Riverside achieved its earnings gain for this subgroup
without having had an impact on the proportion of experimentals who obtained a GED and without
having an impact on literacy skills.2 Furthermore, impacts on GED attainment were found in
Alameda (an 8 percentage point impact), while impacts on the literacy test were concentrated in San
Diego - two counties that did not produce a statistically significant increase in earnings for this
subgroup.
It is possible that in Riverside (and perhaps elsewhere) basic education may have increased skills
not measured by the literacy test used in this evaluation, or increased participants' interest in - or selfconfidence about - working. Perhaps these kinds of influences, when combined with other aspects
of Riverside's implementation of GAIN (including its strong employment message and its substantial
impact of 31 percentage points on the rate of participation in job search for the in-need-of-basiceducation subgroup, as shown in the bottom panel of Table 5), help to explain why Riverside achieved
an impressive earnings impact for this subgroup without improving measured educational gains.

'See Karin Martinson and Daniel Friedlander, GAIN: Basic Education in a Welfare-to-Work Program
(New York: MDRC, 1994).

TABLE 5
GAIN'S IMPACTS ON THE RATE OF PARTICIPATION IN KEY ACTIVITIES
WITHIN TWO TO THREE YEARS AFTER ORIENTATION FOR AFDC-FGs (SINGLE PARENTS)
A. Registrants Determined Not to Need Basic Education
Ever Participated in Vocational Training
or Post-Secondary Education

Ever Participated in
Job Search Activities
County

Experimentais (%) Controls (%)

Difference

Experimentals (%) Controls (%)

Difference

Alameda
Los Angeles
Riverside
San Diego
Tuiare
All counties (a)

8. Reaistrants Determined t o Need Basic Education

Ever Participated in
Job Search Activities
County
Alameda
Los Angeles
Riverside
San Diego
Tuiare
All counties (a)

Experimentals (%) Controk (%)
19.6
11.2
32.0
27.4
12.4
20.5

3.8
3.8
0.7
7.5
0.9
3.3

Ever Participated in Basic Education
(ABE. G W , or ESL)
Dtfference
15.8
7.4
31.3
19.9
11.5
17.2

Experimentais (%) Controls (%) Difference
65.1
49.2
40.6
42.1
65.6
52.5

9.2
10.8
14.5
11.8
13.3
11.9

55.9
38.4
26.1
30.3
52.3
40.6

NOTES:
Estimates of participation rates for the two- to three-year follow-up period, which rely partly on data from
the registrant survey, are not available for Butte.
Tests of statistical significance were not performed.
(a) In the all-county averages, the results for each countyare weighted equally.

GAIN produced earnings and welfare savings for a variety of other
subgroups, including (in some counties) registrants who had received AFDC
for more than two years prior to entering the program, showing GAIN's
potential to reach a difficult-to-serve population.
Among long-term recipients, the total three-year earnings impact was moderate to large (and
statistically significant) in three counties (Alameda, Butte, and Riverside), ranging from $1,492 to
$3,538, as shown in the bottom panel of Table 4. Three-year welfare savings of $782 to $2,184 were
found across five counties (and were statistically significant in four of them). It is noteworthy that
Riverside produced the largest earnings gains and the largest welfare savings for long-term AFDC-FG
recipients. It also produced statistically significant impacts on these outcomes when "long-term" is
defined more strictly to mean recipients who received AFDC continuously for at least the six years
prior to orientation.
The evaluation examined GAIN's impacts on a variety of other subgroups and found evidence
of earnings gains and welfare savings, although not consistently in all counties. Across racial and
ethnic groups, the largest impacts were found among whites and blacks. For blacks in Alameda (who
constituted almost 70 percent of that county's sample), there was a relatively large year 3 earnings
impact of $1,020. These results in Alameda are especially interesting because that county's sample
was drawn entirely from relatively long-term recipients and an inner-city area (Oakland). For
Hispanics in the three counties that had large samples of Hispanics (Los Angeles, Riverside, and San
Diego), only Riverside produced a statistically significant earnings impact in year 3 ($920). but none
of the three produced statistically significant welfare savings for this group.
In some counties, GAIN also achieved impacts for individuals facing conditions commonly
thought to reflect important barriers to employment. As previously discussed, the program produced
earnings gains and welfare savings for subgroups with long welfare histories (as it did for those who
were welfare applicants or shorter-term recipients when registering for GAIN). It also achieved
impacts for those with little employment experience prior to entering GAIN and for those with two or
more children. At the same time, however, it had weak earnings effects for a "most.disadvantaged"
subgroup, defined as sample members with multiple barriers: more than two years' previous receipt
of AFDC and no employment in the year preceding GAIN orientation and no high school diploma.
Larger earnings impacts for this group may be particularly difficult to achieve because of those
multiple barriers, although Riverside's success in doing so shows GAIN's potential to reach even them.
Impact Findings for Sinele Parents with Children Youneer than Aee 6 in Three Counties
GAIN's impacts on single parents with children under the age of 6 largely
paralleled its impacts on single parents whose children were age 6 or older
in three counties.
Under the JOBS legislation, starting in July 1989, GAIN's participation mandate was extended
to single parents with children 3 to 5 years old at the time of orientation. Although this group was
not pan of the main research sample for the evaluation (except in Alameda), employment, earnings,
and welfare data were collected for a supplementary sample of such individuals in Riverside and
Tulare. This sample was somewhat younger, on average, than the main sample, but fewer than a
quarter of them were under age 25.

Over the entire three-year follow-up period, Riverside produced large average increases in
earnings ($3.51 1) and reductions in AFDC payments ($2,558) for this group, just as it had for its main
sample. Similarly, Alameda showed a sizable earnings impact for this sample ($2,220). as it had for
its main sample, although the effect was not statistically significant (perhaps because of a small sample
size). However, Alameda did not substantially reduce AFDC payments for this sample (it had a
somewhat larger effect for the main sample). Tulare produced no earnings gains or welfare savings
for this group (although it achieved earnings gains in year 3 for the main sample).
The Riverside Case Management Exoeriment
In Riverside, GAIN'S already large impacts on earnings and AFDC
payments were not improved for registrants who were assigned to case
managers with smaller-than-normal caseloads.
A special study was conducted in Riverside to test whether assigning registrants to staff with
smaller caseloads, and allowing staff to monitor them more closely and work with them more
intensively, would produce larger impacts on earnings and AFDC. Using random assignment
procedures, experimentals and case managers were divided into two groups: an "enhanced" group and
a "regular" group. The average registrant-to-staff ratio in the enhanced group (53 to 1) was about half
as large as the ratio for the regular group (97 to 1).
Both the enhanced and regular experimental groups obtained large gains in earnings and large
reductions in AFDC, but, contrary to what had been expected, these impacts were not greater for the
enhanced group. These findings suggest that there may be little advantage to operating a GAIN
program - at least one like Riverside's - with caseloads substantially below 100 registrants per case
manager, and that keeping them in the moderate range of about 100 to 1 may be one way of containing
program costs without jeopardizing program effectiveness.
Findings on Program Costs for AFDC-FGs
This study calculated several different types of cost estimates, including: the county welfare
deparmtent's average expenditure per experimental; the total GAIN cost per experimental, which adds
to the welfare department cost the average expenditures by schools and training providers for services
provided to GAIN participants as pan of the GAIN program; and the net cost (or net investment) per
experimental. Net cost per experimental is the total public expenditure on employment-related
activities per experimental - for post-GAIN activities as well as the total GAIN cost - minus the
public cost of (non-GAIN) services to controls. Net cost is the cost measure used in the benefit-cost
analysis, discussed later in this summary. All cost estimates cover a time horizon of five years after
orientation (in order to capture long-term participation in GAIN activities and to be consistent with the
benefit-cost analysis), and are expressed in 1993 dollars.
For all six counties combined, county welfare departments spent an average
of $2,899 per experimental within the five years after orientation.
Table 6A summarizes the average county welfare department expenditure for each of the six
counties. Four of the six (Butte, Riverside, San Diego, and Tulare) spent between $2,000 and $2,700,

TABLE 6
ESTIMATED GAlN AND NET COST PER AFDC-FG (SINGLE-PARENT) EXPERIMENTAL
WITHIN FIVE YEARS AFTER ORIENTATION (IN 1993 DOLLARS)
- --

A. Total GAIN Cost: Expenditures by Welfare Department and Other Agencies

B. Net Cost per Experimental

Five-Year Averaue Cost Der Ex~erimental( $ 1

County

Welfare Department
GAlN Cost

Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare
All counties

Other Agencies'
Costs for Serving
GAlN Participants

Total GAlN Cost

2193
1309
1961
890
1096
1644
1515

Five-Year Average Cost ( $ 1

County

Total
per Experimental fa)

Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare
All counties

Difference
(Net Cost
per Experimental)

Total
per Control
1379
1509
61 3
1871
2007
1455
1472

5597
2904
5789
1597
1912
2734
3422

i a l Total GAIN cost plus cost of past^ GAlN activities.
I

E
P.
I

C. Welfare Department GAlN Cost: Percentage Distribution by
Component for All Counties Combined

D. Total GAlN Cost (Welfare Department and Other Agenciesl:
Percentage Distribution by Component for All Counties Combined

Other Support Services
Orientation, Appraisal.

17 7 %
,"

Child Care
7.7%

Orientation, Appraisal.
and Assessment

Other Support Services
8.1%
Child Care

xperience and OJT

)\ Unpaid Work
Experience and OJT
1.4%

Job Search
16.4%

Vocational Training and
Post-Secondary Education
11.2%
ABEIGEDIESL
25.5%

cational Training and

ABEIGEDIESL
31.3%

NOTES: In the all-county averages and percentage distributions, the results for each county are weighted equally. Case management, which accounts for
about 60 percent of the welfare department GAlN cost, is included i n the costs for the individual components identified in panels C and D.

while the remaining two counties (Alameda and Los Angeles) spent about $4,000 or more. Across
the six counties, about 60 percent of these expenditures were on activities that could be classified as
case management (including conducting orientations, appraisals, and assessments; assigning registrants
to activities; arranging for support service payments; responding to noncompliance; etc.). Among the
other welfare department expenditures were the costs of conducting (or subcontracting the operation
of) job club sessions and supervising individual job search activities, paying schools to provide extra
monitoring and attendance data (to help the welfare department measure compliance with GAIN'S
participation mandate), and paying for child care and other support services (e.g., for transportation
and such ancillary items as books, tools, and uniforms).
The total five-year cost of GAIN (counting welfare department and other
agencies' costs for serving GAIN participants) was $4,415 per experimental.
The total cost of GAIN per experimental is the sum of the GAIN-related expenditures of the
county welfare department and other agencies. Non-welfare agencies - adult schools, community
colleges, and other organizations - provided the education and training for GAIN registrants who
were assigned to basic education classes, vocational training, and post-secondary education to meet
their participation obligation, or who were participating in approved self-initiated activities begun prior
to entering GAIN. Thus, the expenditures made by the non-welfare agencies to serve GAIN
registrants are considered to be GAIN-related costs, even though they were not controlled directly by
the county welfare departments. For all six counties combined, these expenditures averaged $1,515
(Table 6A). Adding these GAIN expenditures to those made by county welfare departments ($2,899)
yields the total GAIN cost of $4,415 per experimental.

GAIN expenditures were heaviest for job search, basic education, and
vocational training and post-secondary education.
The pie charts in Table 6 show how this six-county total cost per experimental was distributed
across the key components of GAIN. The first chart (Table 6C) illustrates that the cost to the welfare
department of processing registrants through the orientation and appraisal stages of the program
(including following up on those who failed to attend their scheduled orientation sessions), plus the cost
of assessments, accounted for about 17 percent of the $2,899 average welfare department GAIN cost,
while expenditures on registrants assigned to job search activities and basic education (ABE, GED,
or ESL activities) each accounted for about one-quarter of those expenditures. (Again, this includes
the cost of the case managers' effort to monitor attendance and progress, arrange support services,
follow up on nonattenders, etc., for these two activities.) Another 8 percent was spent on child care,
and 12 percent was spent on other support services (transportation and ancillary services). It is
important to note that, across all six counties, the average cost of GAIN child care per experimental
would have been higher if the research sample had been composed mostly of parents with younger
children, a group that has a greater need for child care. For those with schoolage children, GAIN
activities were often scheduled to take place while the children themselves were in school. Also, those
whose youngest child was a teenager (up to about one-quarter of the research sample in some counties)
would not have been eligible for GAIN-funded child care.
The second pie chart (Table 6D) shows the distribution of total GAIN costs, i.e., after adding
in the expenditures by other agencies providing the education and training received by GAIN
participants while they were enrolled in GAIN. It shows that of the total average GAIN cost ($4,415),

three-quarters is accounted for by expenditures on registrants assigned to job search activities (16
percent), basic education activities (31 percent), and vocational training and post-secondary education
(27 percent).
The total cost of GAIN varied widely by county, ranging from under $4,000
per experimental in four counties (Butte, Riverside, San Diego, and Tulare)
to almost $6,000 or more in two counties (Alameda and Los Angeles).
Four counties - Butte, Riverside, San Diego, and Tulare - had an average total GAIN cost
(including welfare department and non-welfare agency expenditures) in the range of about $3,000 to
$4,000, while Los Angeles spent almost $6,000 per experimental and Alameda, more than $6,600.
GAIN costs were lowest in Riverside ($2,963) owing, to an important extent, to Riverside
experimentals' quicker departures from the GAIN program and their shorter length of participation,
on average, in education and training activities in that county compared to experimentals in other
counties. The unusually high costs in Alameda and Los Angeles (both of which served only long-term
welfare recipients) are attributable to a combination of factors, including their experimentals' relatively
long lengths of stay in GAIN and heavy use of education and training activities. In Los Angeles, this
high usage was mostly in basic education activities, while in Alameda it extended to vocational training
and post-secondary education as well. Longer participation in activities also produces greater
expenditures for support services.
The average net cost of all GAIN and non-GAIN services per experimental
was $3,422 for all six counties combined, but varied widely across the
counties.
Net costs are key to determining whether GAIN has been a cost-effective investment from the
perspective of government budgets. They represent the difference between the five-year average total
cost per experimental (including public expenditures on experimentals who participated in non-GAIN
employment and training activities after leaving GAIN) and the average cost per control for non-GAIN
services. The government's net cost per experimental for the six counties combined is thus obtained
by subtracting the total cost per control ($1,472) from the total cost per experimental for GAIN and
non-GAIN activities ($4,895), which yields $3,422 (after rounding). This number is presented in the
last column of Table 6B. These costs were largest where the cost of GAIN itself was highest - in
Los Angeles ($5,789) and Alameda ($5,597) - and lowest in Riverside ($1,597) and San Diego
($1,912).
Benefit-Cost Findines for AFDC-FGs
The benefit-cost analysis addresses three questions: Are welfare recipients financially better or
worse off as a result of the GAIN program? Is the government's net investment in services for the
experimental group offset by subsequent budget savings? Does society as a whole come out ahead or
behind as a result of the program? The analysis takes into consideration GAIN'S effects on earnings,
AFDC payments, Food Stamps, and Unemployment Insurance payments, fringe benefits, taxes, MediCal (i.e., Medicaid) payments, administrative costs for AFDC and other transfer programs, and the
net cost of employment-related services. It does not formally incorporate intangible positive or
negative effects of the program, such as the increased sense of pride or feelings of stress or loss of

time with their families that registrants might have felt in substituting work for welfare, or any
enhancement of their self-esteem from obtaining a GED or other education credential through the
GAIN program. The analysis also assumes that no displacement of other workers occurred as a result
of employment gains for experimentals, because the displacement effects could not be measured.
The benefit-cost estimates presented in this summary cover the five years after GAIN
orientation, a time frame similar to the one used in most previous MDRC evaluations of welfare-towork programs. (Because a full five years of follow-up data were not available for earnings, welfare
payments, and other outcomes, the overall benefit estimates include some projected values, up to two
years for some sample members but less than that for most.) It should be noted, however, that this
probably is a conservative estimate, since five years is not likely to be long enough to capture the total
effects of GAIN.
In five of the six counties, experimentals, on average, were better off
fmancially as a result of the GAIN program.
As shown by the impact analysis, GAIN increased the earnings of experimentals in most
counties. The measured and projected earnings gains and their associated fringe benefits constitute
the primary financial gain from the standpoint of experimentals (referred to in benefit-cost analyses
as the "welfare sample perspective"). However, these gains were offset to some extent by reduced
AFDC payments and other transfer payments.
Nonetheless, GAIN experimentals - with the exception of those in Los Angeles - experienced
a net financial gain as a result of the program, averaging $923 per experimental for the six counties
combined over the five-year period, as shown in Figure 2A and Table 7. (The average net gain equals
$1,420 when Los Angeles is excluded.) In Los Angeles, experimentals' losses in transfer payments
(especially AFDC payments) exceeded their measured earnings increases, leaving them with a net loss
overall of $1,561. (Any effect GAIN may have had on "off the books" earnings is not considered in
this analysis.) In all other counties, experimentals realized an average net gain of between $948 in
San Diego and $1,900 in Riverside. It is noteworthy, however, that in Tulare this positive result was
achieved with a smaller earnings increase and a smaller reduction in AFDC payments compared to the
other counties. In contrast, Riverside's results, compared to all of the other counties, reflect both a
large increase in earnings and a large reduction in welfare payments - in other words, a greater
substitution of work for welfare.
From the standpoint of the government budget, GAIN also produced
economic gains that exceeded costs in two of the six counties (Riverside and
San Diego). A third county (Butte) led to the government budget "breaking
even."
From the "government budget perspective," the 'gains of the program include reduced AFDC
payments, reductions in other transfer payments, reductions in transfer program administrative costs,
and the increased taxes paid by experimentals. The net expenditures for GAIN and non-GAIN services
constitute the net costs to the government. Overall, the results for this perspective - which sets a
tough standard for programs to meet - are mixed, as Figure 2B and Table 7 show. Average costs
incurred by the government exceeded savings per experimental by $3,054 in Alameda, $3,442 in Los
Angeles, and $2,261 in Tulare. There was a moderate net gain (i.e., savings and increased tax

FIGURE 2
GAIN'S BENEFIT-COST RESULTS FROM THE WELFARE SAMPLE AND
GOVERNMENT BUDGET PERSPECTIVES FOR AFDC-FGs (SINGLE PARENTS)
WITHIN FIVE YEARS AFTER ORIENTATION (IN 1993 DOLLARS)

A. From the Welfare Sample Perspective
Net gain,
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Butte
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Tulare

All Counties

B. From the Government Budget Perspective
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TABLE 7
GAIN'S BENEFIT-COST RESULTS FOR AFDC-FGs (SINGLE PARENTS) (IN 1993 DOLLARS)
Estimated Net Gain or Loss (Net Present Value) per Experimental
Within Five Years After Orientation, by Accounting Perspective ($)

Sample and County

Return to
Government Budget
per Net Dollar Invested

Welfare
Sample

Government
Budget

Society

1090
1585
-1561
1900
948
1577
923

-3054
54
-3442
2936
767
-2261
-833

-2103
1452
-5046
4458
1649
-819
-67

0.45 per $1
1.02 per $I
0.41 per $1
2.84 per $1
1.40 per $1
0.17per$l
0.76per $1

5328
4702
-2826
3235
2925
673

-6041
-3955
2892
3576
2610
-2812

-904
621
6328
5235
-2163

0.16 per $1
-0.30 per $1
2.15 per$l
4.36 per $1
3.95 per $1
-0.24 per $1

-1199
-820
-1162

-201 1
4816
-4755
2444
-759
-2082

-3299
3656
-5941
3246
-1590
45

0.60 per $1
2.71 per $1
0.26 per $I
2.24 per $1
0.72 per $1
0.30per $1

Full sample
Alameda
Bune
Los Angeles
Riverside
San Diego
Tulare
All counties (a)
Registrants determined
not t o need basic education
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

-11

Registrants determined
t o need basic education
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

1111

-968
2333

NOTES: The net present value from the societal p e r s p e c ~ eis estimated by summing the net present value from the
perspective of the government budget (minus employers' share of payroll taxes) plus the net value of output produced by
registrants in unpaid work experience positions.
(a) In the all-county averages (included for the full sample only), the results for each county are weighted equally.

revenues exceeded net costs) in San Diego ($767), and a quite large net gain in Riverside ($2,936).
In Butte, GAIN resulted in the government budget breaking even (with a slight net gain of $54). The
losses in Alameda and Los Angeles to an important extent reflect the comparatively high net
expenditures on employment-related services per experimental, especially for education and training
activities. On average, across the six counties, the GAIN program incurred a net loss to the
government budget of $833 within a five-year time horizon.
One can also consider the cost-effectiveness of the GAIN program from the standpoint of the
government budget by estimating the value of budgetary savings and tax increases per dollar of
investment (i.e., per dollar of net costs). This measure is called return ro budget per net d o h r
invested. An average gain of more than $1 means that the program brings in more than a dollar's
worth of additional revenues and savings for each additional dollar spent on employment-related
services to experimentals; an average return that is less than $1 implies a net loss for the government.
Riverside's program produced $2.84 in increased revenues and savings for every net dollar
spent on experimentals, a substantial return to the budget. (If Riverside had operated GAIN solely
with the higher caseload sizes assigned to staff in the "regular" case management group, its return to
the government budget would have been higher than $2.84.) The program in San Diego and (to a
slight extent) Butte also returned more than $1 in revenues and savings ($1.40 and $1.02,
respectively). Alameda, Los Angeles, and Tulare returned less than $ S O per dollar of net costs; and
the six counties combined returned $.76, on average.

Overall, three counties (Butte, Riverside, and San Diego) achieved a net gain
from the societal perspective.
The net financial gain or loss to "society as a whole" is approximated by summing the results
from the welfare sample and government budget perspectives.' As Table 7 shows, Butte, San Diego,
and especially Riverside achieved a net financial gain from the societal perspective, and were the only
counties to do so. In Alameda and Tulare, the government incurred a net loss but welfare recipients
gained - a kind of trade-off that policymakers may or may not find acceptable.

The fmdimgs across the six counties point to GAIN'S potential to produce net
fmancial gains for both education subgroups. However, different strategies
may involve important trade-offs between the welfare sample and
government budget.
For experimentals determined not to need basic education, Alameda (which sewed longer-term
welfare recipients) stands out as having produced the largest net gain for the welfare sample ($5,328
per experimental). At the same time, Alameda's average net cost per experimental in this subgroup
was unusually high ($7,161, compared to less than $1,100 in Riverside and San Diego), in pan
because of its high net increase in experimentals' use of vocational training and post-secondary
education. These expenditures, in combination with the absence of substantial reductions in AFDC

)The results from another perspective - that of the taxpayer - were also calculated but were excluded
from this summary because they were close to those of the government budget. They included a small
additional gain from increased output from experimentals employed in unpaid work experience (PREP)jobs
and excluded the employer's share of payroll taxes.

payments, resulted in a substantial net loss for the government budget ($6,041 per experimental), as
shown in Table 7. Riverside and San Diego illustrate an alternative pattern: Although they placed
much less emphasis on vocational training and post-secondary education, they too achieved a net gain
for the welfare sample (in the range of $3,000 per experimental), although it was considerably smaller
than in Alameda. Because their expenditures were lower, these two counties also produced a net gain
for the government budget: by $3,576 in Riverside and $2,610 in San Diego (a return of $4.36 and
$3.95, respectively, per net dollar invested).
For experimentals who were determined to need basic education, GAIN resulted in a net gain
from the welfare sample perspective in only two counties (Riverside and Tulare) and for the
government budget in two counties (Butte and Riverside). Riverside was the only county of the six
to produce a net gain for both of the basic education subgroups from both the welfare sample and
government budget perspectives.
Summaw of Impact and Benefit-Cost Findines for AFDC-Us (Heads of Two-Parent Families)
GAIN produced earnings gains for the heads of two-parent families (AFDCUs) that were about the same in year 3 as in year 2, and welfare savings that
were somewhat lower. Butte had the most impressive earnings impacts,
which were large and sustained over time.
Averaging across five counties (omitting Alameda because of a small sample size) yields threeyear earnings gains of $1.11 1 per AFDC-U experimental group member (a 12 percent increase over
the control group average) and three-year AFDC impacts of $1,168 (a saving of 6 percent relative to
the average AFDC payments to controls). (See Table 8.)
The results varied considerably by county. GAIN increased earnings in the three-year follow-up
period in three of the five counties - Butte, Los Angeles, and Riverside. However, only in Butte did
earnings impacts increase from year 1 to year 2; they then held steady from year 2 to year 3, reaching
a total of $3,295 per experimental over the entire three-year period.
Reductions in AFDC payments were found in four counties - Butte, Los Angeles, Riverside,
and San Diego - although they were not statistically significant in Butte (possibly because of a small
sample size). Riverside's welfare impacts were the largest: a saving of $2,064 per experimental over
the three years, or 14 percent of the average payments to controls. Butte, Los Angeles, and San Diego
were in a middle range, while Tulare produced no AFDC impacts. It appeared unlikely there would
be much addition to total AFDC impacts after year 3 except in Butte.
GAIN had a positive impact on AFDC-U experimentals' rate of employment
in year 3 in three counties (Butte, Los Angeles, and Riverside). However,
it did not reduce the proportion on welfare.
Table 9 indicates that across the five counties included in the AFDC-U analysis, nearly 45
percent of experimentals had ever been employed in year 3, compared to 40 percent of controls, a
difference of almost 5 percentage points. This impact was concentrated in Butte, Los Angeles, and
Riverside. Although Los Angeles had the largest impact (10 percentage points on this measure), this

TABLE 8
GAIN'S THREE-YEAR IMPACTS ON EARNINGS AND AFDC PAYMENTS FOR AFDC-US (HEADS OF TWO-PARENT FAMILIES)
Average Total Earnings
County

Expeclmentals($)$)

Average Total AFDC Payme*

Difference ($)

Percentage
Change

Experimentals

Controk [$)

--

_Difference($)_

Butte
Year I
Year 2
Year 3
Total

San Dieao
Year 1
Year 2
Year 3
Total
-T
Year I
Year 2
Year 3
Total
All counties (b)
Year I
Year 2
Year 3
Total -.

-. . .
10156

-...

9045

Dolbr averages for each year include zero values for sample members who were not employed or did not receive welfare during that year.
Statistical significance levels are indicated as "* = 1 percent (the highest level):*' = 5 percent; = 10 percent.
la) Because of Alameda's small
the estimates of i s earninas im~acts($782 for the three-vear oeriod. or a 24 oercent
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effect did not translate into a correspondingly large earnings gain, perhaps because the jobs were shortterm, low-paying, or both.
Table 9 also shows that GAIN had little overall effect on the proportion of AFDC-Us receiving
AFDC in the last quarter of follow-up, although Butte did show a reduction (not statistically
significant) of almost 5 percentage points. In fact, the proportion of both groups receiving welfare at
the end of year 3 was high in most counties, exceeding 50 percent (and reaching 78 percent in Los
Angeles). These levels are comparable to those found for the AFDC-FGs, which was not expected
because AFDC-Us are typically considered to be more "job-ready" and shorter-term users of welfare.
These patterns may partly reflect the fact that the AFDC-U samples in several counties included a
relatively high proportion of registrants who were not proficient in English. This was especially so
in Los Angeles, where they accounted for 83 percent of the research sample, many of whom were
Southeast Asian refugees.
GAIN'S benefit-cost results for AFDC-Us show a large positive effect from
the welfare sample perspective in Butte only, and a modest positive return
on the government's investment in Butte and Riverside only.
As suggested by the impact analysis, GAIN did not produce for AFDC-Us the same overall
economic benefits from the welfare sample perspective that AFDC-FGs received, primarily because
savings in AFDC and other transfers offset earnings gains to a greater extent. As seen in Table 10,
the AFDC-U welfare sample incurred net losses in three counties (Los Angeles, Riverside, and San
Diego) and net gains in two others (Butte and Tulare). However, only in Butte did AFDC-Us receive
a large net gain from the program, $2,096. From the government budget perspective, only Butte and
Riverside produced a net gain ($697 and $1,314, respectively).
Policv Lessons
In passing the GAIN legislation in 1985, California legislators launched an ambitious effort to
change the terms and conditions of receiving AFDC, with the twin goals of helping welfare recipients
become self-sufficient and reducing the financial burden of welfare on the government. The model
itself was the product of a compromise between two groups in California that embraced both of these
goals but differed in their beliefs about the type of program best suited to achieving them. One group
of reformers initially favored a relatively short-term program of mandatory job search followed, for
participants who did not find jobs, by unpaid work experience (or "workfare"). The other group
favored a broader range of services, with a strong emphasis on education and skills training, as well
as less onerous penalties for noncompliance than the financial sanctions advocated by the first group.
The resulting GAIN model incorporates elements of both of these approaches, representing a
significant departure from the simpler (mainly job search) lower-cost initiatives of the early 1980s and a prelude to the federal JOBS program, which, like GAIN, includes a reciprocal obligation and
greater focus than earlier programs on education and training.
Representing a bold leap in welfare reform - in ambition, complexity, and expense - GAIN
started with its feasibility uncertain and its effectiveness unknown. Would it be operated as envisioned
on a large scale? Would its performance beat the clear but modest successes of earlier welfare-&work
programs? what approaches for implementing it would work best? The GAIN evaluation findings
that are now available offer some answers.

TABLE 9
GAIN'S IMPACTS ON RATES OF EMPLOYMENT AND WELFARE CASE CLOSURES
AT THE END OF YEAR 3 FOR AFDC-Us (HEADS OF TWO-PARENT FAMILIES)
Ever Employed in Year 3
County
Butte
Los Angeles
Riverside
San Diego
Tulare
All counties (a)

Experirnentals (%) Controk (%)
48.1
35.8
44.8
45.6
48.9
44.6

41.9
26.0
40.2
43.9
48.4
40.1

On AFDC in the Last Quarter of Year 3

Difference
6.2 '
9.8 *.*
4.6 '*
1.7
0.5
4.5 "'

Experimentals (%)
47.9
78.4
42.6
56.9
60.4
57.3

Controk (%) Difference
52.7
77.9
40.9
57.2
59.9
57.7

-4.8
0.5
1.7
-0.2
0.5
-0.5

NOTES Statlstlca s gn~tlcancelevels are inocated as .** = 1 percent (the nlgnest level). '* = 5 percent. ' = 10 percent
Because of A~ameaa'ssmall sample sue for AFDC- .s tne estmates of ns Impacts are conslaered mJch
less reliable than those for the other counties; therefore, the Alameda impacts are not included in this table.
(a) In the all-county averages, the results for each of the five counties displayed in the table are weighted
equally.

TABLE 10
GAIN'S BENEFIT-COST RESULTS FOR AFDC-Us (HEADS OF TWO-PARENT FAMILIES) (IN 1993 DOLLARS)
Estimated Net Gain or Loss (Net Present Value) per Experimental
Wihin Five Years After Orientation, by Accounting Perspective ($)
County
Bune
Los Angeles
RNerside
San Diego
Tulare
All counties (a)

Welfare
Sample

Government
Budget

2096
-621
-714
- 1949
260
-186

697
-2021
1314
-86
-2939
-607

Society

Return to
Government Budget
per Net Dollar Invested
1.22 per $1
0.55 per $1
1.61 per $1
0.96 Der $1
- 0.08 per $1
0.79 per $1

NOTES The net present value from tne socletal perspecwe e estimated by sanmfng the net present valJe from tne
perspenlve of the government b ~ o g e(mlnus
t
employers
oroaxeo
ov
. . share of cavroll
. . taxes) and the net value of outout
,
,
registrants in unpaid work experience positions.
Because of Alameda's small sample Size for AFDC-Us, the estimates of its impacts are considered much
less re lable tnan those for tne other counties, therefore the Alameaa Impacts are not lncluaeo In tnfs tab~e
(a) In tne all-co~ntyaverages the results for each of the f ~ count.es
e
alsplayeo In the taole are welahted
equally.

Operating GAIN as envisioned on a lame scale
GAIN's ambitiousness derived as much from the scale of the project - in most counties, having
been targeted (originally) toward all single parents on AFDC with schoolage children and heads of
two-parent families - as from the complexity of the model itself. Nonetheless, all of the study
counties - large and small - were able meet the challenge of implementing GAIN's mixed service
approach involving job search, basic education, training, and other services, along with its ongoing
participation mandate and multi-step enforcement process. Funding levels did not permit Alameda and
Los Angeles to enroll the full mandatory caseload, or the other counties to continue doing so
(especially after the transition to JOBS, which expanded the share of the welfare caseload targeted for
GAIN), but the program model envisioned by the California legislature was given a "fair test" during
the main period of program operations covered by the evaluation, and it proved administratively
feasible.
Is GAIN more successful than oast welfare-to-work oromams, and for more disadvantaged
welfare recipients?
In establishing GAIN, the California legislature hoped to create a program that would surpass
in effectiveness the primarily job search programs of the early 1980s, particularly' with the more
disadvantaged portion of the welfare caseload that had benefited less from such services. Overall, the
results suggest that GAIN could meet this standard - average GAIN impacts were larger than those
produced by these earlier programs - but that it did not do so uniformly. The results also show that,
in one county, GAIN produced the most impressive results ever found for a large-scale welfare-towork program.
Moreover, GAIN's pattern of impacts shows that the program could substantially increase the
earnings of long-term recipients, but that here, too, the effects were not consistent across counties.
Some counties had better results for advantaged groups, some for less advantaged. The absence of
a more consistent, predictable pattern suggests that giving priority for enrollment into GAIN to
particular segments of the welfare caseload may not yield effective results across all counties.
Therefore, for the state as a whole, a more broadly focused strategy might be more effective. (Past
welfare-to-work studies point to the same conclusion.) At the same time, the challenge remains to
improve the consistency of GAIN's effectiveness across a wide variety of subgroups.
Do some ao~roacheswork better than others?
Although GAIN is based on a uniform program model that all of California's counties must
operate, county administrators have considerable authority - under California's state-supervised,
county-operated welfare system - to shape the program's actual content. The GAIN administrators
in the six study counties chose to implement the program in different ways. The most important
dimensions of program variation included the use of basic education, vocational training and postsecondary education, and other strategies; the message conveyed to welfare recipients about
employment; and the use of direct job development. This variation provided the evaluation with an
opportunity to explore whether some of these alternative approaches generated better results than
others.
The role of basic education. The study's findings suggest (but do not prove) that some use
of basic education - one of GAIN's most innovative and expensive features - may contribute

importantly to the program's success, as its designers had hoped. (As previously discussed, such an
effect in Riverside would have been indirect, since it did not come from an increase in measured skills
gains or GED receipt.) At the same time. the findings caution that basic education offers no guarantee
of success - even when it is extensively used (as in Alameda) or its quality is considered exceptional
(as in San Diego). Although the study cannot point to particular changes in the character of the
education treatment itself that would enhance its effectiveness, the absence of large earnings impacts
in four of the six counties for welfare recipients lacking basic skills suggests that attempting to get as
many of these recipients as possible to attend basic education as their initial GAIN activity appears not
to be the most productive strategy. It may also be that permitting very long stays in this activity
without closely monitoring participation and progress, and without requiring participants to test
opportunities in the labor market along the way, would weaken the contribution that basic education
could make to GAIN's overall success. In the absence of more convincing evidence of a payoff from
muximizing the use of basic education, a more equal emphasis on upfront job search as well as basic
education activities, in combination with other factors, could be a better way of serving those lacking
basic skills.
The role of vocational trainine and wst-secondarv education. For recipients who already
possess a high school diploma or a GED and pass a literacy test, the GAIN model requires "testing
the job market first" by participating in job search activities before moving on to more expensive
vocational training or post-secondary education. Given this sequence, and the fact that many controls
enrolled themselves in non-GAIN vocational training or post-secondary education (as did some
experimentals after leaving welfare), GAIN's impact on the use of these activities was small in most
counties. Thus, the evaluation can provide only limited evidence on the effects of increasing their use.
Some evidence suggests (but does not prove) that greater use of vocational training and postsecondary education may be an effective approach: Alameda produced the largest increase in the use
of such activities by registrants not needing basic education and achieved a large earnings gain for
them; it also got them better jobs (compared to employed controls). In addition, Alameda produced
the largest overall financial gain for experimentals in that subgroup across the six counties, as
measured by the benefit-cost analysis. At the same time, this strategy can also be costly from the
standpoint of the government budget, with the financial return falling far short of the government's
net investment per experimental in the not-in-need-of-basic-education subgroup, as was the case in
Alameda.
It is therefore an equally important finding that, for this subgroup, two other study counties
(Riverside and San Diego) produced large earnings gains and welfare savings, and an overall net gain
for both the welfare sample and the government budget, all without increasing experimentals' use of
vocational training and post-secondary education (compared to their use by controls). Thus, other
approaches can provide an alternative route to achieving desirable earnings and welfare impacts and
may be more cost-effective (although they may not lead to higher-paying jobs).
The "messaee" and emahasis on auick emalovment and iob develoament. While GAIN's
job search, basic education, and vocational education and training might help a county achieve positive
earnings impacts, these services are unlikely to be all that matter. Among the program's other
features, the "message" about employment that staff attempt to convey to registrants while they are
in all components, and the active use of job development to establish a close link to private-sector
employers, may also be critically important.

A program's employment message is an aspect of operating GAIN that transcends specific
program components. As described earlier in this summary (in the section on implementation
findings), the content of that message can vary widely, from more strongly emphasizing the value of
any job, even a low-paying job, to encouraging participants to wait for (and prepare for) a better job.
Yet, the very content of that message may be part of what determines whether participation in any
given component will actually have a payoff in the labor market. Indeed, the finding that the bestperforming county (Riverside) far more strongly and pervasively than all other counties advocated the
value of any job points to the potential importance of the employment message, even to registrants
assigned to education and training activities. Perhaps it contributed to Riverside's success by affecting
how much effort registrants - across a variety of subgroups - made to look for a job, and how
selective they were with regard to the kinds of jobs they would accept.
Job development, whereby staff directly assist registrants in locating employment opportunities,
also transcends program components and may be another aspect of operating GAIN that enhances the
payoff derived from participating in a GAIN component. By offering those taking pan in GAIN job
search or education or training a direct link to employers (as Riverside did to a far greater extent than
any other county), job development may increase participants' opportuniry and incentive to apply in
the labor market what they learn in GAIN activities.
The case of Riverside: a combination of factors. No single implementation factor is likely
to explain why one county performs better than another, and this appears to be the case in accounting
for Riverside's unusually strong performance. For example, the available evidence suggests that
Riverside's results appear not to be explained by differences in the background characteristics of its
GAIN registrants or local economic conditions. Moreover, while it had some distinctive program
features, along many dimensions the program was not unique. What most distinguished Riverside
from the other counties - and, therefore, what might have contributed to Riverside's more favorable
results - was its particular combination of practices and conditions: a pervasive employment message
and job development efforts, more equal use of job search and education activities for registrants
needing basic education, a strong commitment to (and adequate resources for) securing the
participation of all mandatory registrants, and reliance on GAIN'S formal enforcement mechanisms to
reinforce the seriousness with which it viewed the participation obligation. This constellation of
practices was not found in any other county.
If Riverside's success sets a new standard of achievement for welfare-to-work programs, and
if a combination of program strategies explains. its success, it is important to ask whether Riverside's
overall approach or some of its distinctive strategies can be replicated elsewhere with the same success.
On the one hand, the finding that Riverside produced similarly impressive impacts across each of its
GAIN offices suggests that its approach and success can be replicated even when operated by different
staff and in localities characterized by diverse labor market and local conditions. On the other hand,
the variation in local conditions within Riverside County does not capture the greater variation that
exists across counties. Thus, it is not a foregone conclusion that Riverside's approach - including
its focus on more rapid employment and job development - would work in other types of localities,
particularly in inner-city areas such as those found in Los Angeles and Alameda, or whether they
would succeed in more rural, agricultural areas with persistently high unemployment, such as those
found in Tulare. Also, at least in the inner-city areas, where the welfare population as a whole
undoubtedly faces greater barriers to employment, a stronger employment focus may or may not help
to improve their employment prospects. Also important is whether other combinations of practices can

produce results as good as or (by helping more recipients get higher-quality jobs) better than those
found in Riverside - e.g., by instituting a strong job development component in a program
emphasizing vocational education and training, or delivering a strong employment message in a
program that (unlike Riverside) actually produces a greater net increase in (i.e., impact on) the use
of vocationally oriented activities. These are important questions for future evaluation efforts.
Would chaneine the incentives to work produce better results?
It is also important to consider some of the limitations of GAIN. As previously mentioned,
GAIN, even operating at its best, was only moderately successful in moving people off welfare and
out of poverty by the end of three years. This is probably because of conditions that transcend the
GAIN program, such as the economic incentive for welfare recipients to take and keep jobs. It is
therefore important to ask whether GAIN'S effectiveness can be enhanced by other reforms now under
debate or already instituted that aim to improve the financial payoff from working. Such strategies
include increasing the EITC (as the federal government has recently done), and, at the same time,
increasing welfare recipients' awareness of this benefit (which this study found to be low among
recipients in GAIN). Other strategies would include allowing welfare recipients to keep more of their
earnings and still collect AFDC (as recent legislation in California and in other states does), and
improving access to medical care (which is under debate in Congress) and child care for the working
poor. Whether these and other reforms can strengthen the payoff from GAIN (or JOBS programs in
other states) remains an important open question.

TABLE 11
THE SIX COUNTIES IN THE GAlN IMPACT STUDY
AND THEIR SAMPLES (AT THE TIME THE SAMPLES
WERE ENROLLED IN GAIN: MARCH 1988 THROUGH JUNE 1990)

Alameda, which includes the city of Oakland, has the largest welfare caseload of
single parents (AFDC-FGs), and the second-largest caseload of heads of two-parent
families (AFDC-Us), among counties in the San Francisco Bay area. It was one of
t w o evaluation counties that had a large inner-city welfare population and that
enrolled only long-term recipients, a practice that was consistent with the statutory
requirement for counties that did not have enough resources t o serve all GAINeligibles. More than 8 0 percent of both its AFDC-FG and AFDC-U GAlN registrants
were minorities; a large majority (69 percent) of its single-parent registrants were
black, and a substantial proportion ( 4 0 percent) of its heads of two-parent families
were lndochinese. Alameda had the second-highest proportion of registrants who
were determined "in need of basic'education" (65 percent for AFDC-FGs and 81
percent for AFDC-Us). The caseload size per case manager in Alameda was
relatively low, about 75: 1.
Butte, a county in northern California, had by far the smallest welfare caseload of
the counties studied and the largest proportion of non-minorities (more than 85
percent of AFDC-FGs and about three-quarters of AFDC-Us). Although it enrolled
a broad cross section of its mandatory GAlN caseload, Butte appeared t o have the
least disadvantaged AFDC-FG sample in the study, with the lowest rate of those
determined "in need of basic education" (49 percent), the lowest proportion of longterm recipients (28 percent), and the second-highest proportion of registrants with
a recent work history (57 percent). Butte used an unusual GAlN intake procedure
in order t o keep caseload size per case manager relatively low ( 6 3 : l ) ; registrants
were brought into GAlN but were placed on waiting lists for up t o several months
until a case manager had an opening.
Los Angeles, with about one-third of the state's caseload and a welfare population
larger than all but a few states', was the other county that had a large inner-city
welfare population and that enrolled only long-term recipients. As a result, Los
Angeles had the highest relative proportion of recipients in the research sample who
were determined "in need of basic education" (81 percent for AFDC-FGs and 92
percent for AFDC-Us). An unusually large proportion (32 percent of AFDC-FGs and
8 3 percent of AFDC-Us) were not proficient in English. Los Angeles also had the
smallest proportion of AFDC-FGs with a recent work history (just 17 percent) and
the second-smallest proportion of AFDC-Us who had recently worked ( 3 2 percent),
the highest average age (almost 3 9 years for AFDC-FGs and 4 2 for AFDC-Us), and
the highest proportion of minorities (nearly 9 0 percent for both AFDC-FGs and
AFDC-Us). Nearly 6 0 percent of its AFDC-U population was lndochinese. Los
Angeles' program started later and was somewhat less fully developed than other
counties' programs during the study period. Alone among the counties in California,
Los Angeles had also contracted with a private-sector firm t o conduct case
management. (This contract was terminated in 1993.) Its GAlN caseload per case
manager (128: 1) was the highest among the six counties.
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Riverside, a large county in southern Californ~a,which has both urban and rural
areas, enrolled a broad cross section of its mandatory welfare population. A
substantial proportion of its registrants 160 percent for AFDC-FGs, two-thirds for
AFDC-Us) were determined "in need of basic education." Approximately half of its
AFDC-FG registrants were minorities, as were 57 percent of its AFDC-U registrants.
While half of its AFDC-FGs had recent work experience, the rate was 72 percent for
AFDC-Us. Owing t o a special study of the impact of different caseload sizes, the
average caseloads were about 53: 1 (for one group of case managers ) and 9 7 : l (for
the other group).
San Diego, with the state's second-largest AFDC-FG caseload and the fourth-largest
AFDC-U caseload, enrolled a broad cross section of its caseload in GAIN. About 6 0
percent of its registrants were minorities, and well over half were determined "in
need of basic education." The county's GAlN sample had the highest proportion of
registrants who had recently worked - 5 9 percent among AFDC-FGs - and the
second-highest among AFDC-Us (nearly 8 0 percent). It had the second-highest
average caseload per case manager (103: 1).
Tulare was the only county of the six that had t o operate GAlN in the context of a
rural and highly agricultural, seasonal labor market. A high proportion of Tulare's
GAlN registrants were determined "in need of basic education" (65 percent of
AFDC-FGs and nearly three-fourths of AFDC-Us). About 4 0 percent of its
registrants were Hispanic, the highest proportion of any county. It had an average
caseload per case manager, about 100: 1.

CHAPTER 1
INTRODUCTION

This report is the eighth in a series on the effects of California's Greater Avenues for
Independence (GAIN) Program, which the Manpower Demonstration Research Corporation (MDRC)
is evaluating under contract to California's Department of Social Services (CDSS).' It presents
findings on the effectiveness of GAIN in moving recipients from welfare to work over a three-year
period and on the program's benefits and costs.
GAIN, which began operations in 1986, aims to increase employment and foster self-sufficiency
among people receiving Aid to Families with Dependent Children (AFDC), i.e., welfare. Operating
in all 58 California counties, GAIN is one of the most ambitious welfare-to-work initiatives in the
United States. Among its most distinctive features is its emphasis on mandatory, upfront basic
education - usually preceding or following job search efforts - for welfare recipients who lack either
a high school diploma or basic literacy skills in mathematics, reading, or the English language.
In July 1989, the GAIN program, with a few modifications, became California's version of the
national Job Opportunities and Basic Skills Training (JOBS) Program. The basic service sequences
were not changed, but, in accordance with the JOBS legislation (the Family Suppon Act of 1988).
GAIN'S mandate was broadened to include single parents of children as young as age 3 (in addition
to those whose children were all 6 years old or older) and, in some cases, the second parent in twoparent families.
MDRC's previous reports on GAIN examined the program's implementation; its effects on
employment, earnings, and welfare receipt over a two-year follow-up period in six counties; and (for
a subsample determined to need basic education) its effects on basic skills and educational attainment.
The two-year impact study found that, together, the GAIN programs in the six counties - Alameda,
Butte, Los Angeles, Riverside, San Diego, and Tulare - produced statistically significant earnings
increases and reductions in AFDC payments for the (mostly female) single-parent (AFDC-FG, or
family group) registrants in the two years after individuals in the research sample entered the
programs. The experimental group (i.e., those randomly assigned to be in the program) earned 21
percent more, on average, than the control group (which could not enter GAIN), and received 6
percent less in AFDC payments. Moreover, in the second year, the impact on earnings was twice the
size of the first-year impact, and the reduction in welfare payments was about 23 percent larger. The
effects varied substantially across the counties, with one county (Riverside) having had unusually large
impacts and another county (Tulare) having had virtually no impacts. The other four counties also

'MDRC's previous reports on GAIN are: John Wallace and David Long, GAIN: Planning and Early
Implementation (1987); James Riccio, Barbara Goldman, Gayle Hamilton, Karin Martinson, and Man
Orenstein, GAIN: Early Implementation Experiences and Lessons (1989); Karin Martinson and James Riccio.
GAIN: Child Care in a Welfare Employment Initiative (1989); Stephen Freedman and James Riccio, GAIN:
Participation Patterns in Four Counties (1991); James Riccio and Daniel Friedlander, GAIN; Program
Strategies, Participation PaNem, and First-Year Impacts in Six Counties (1992); Daniel Friedlander, James
Riccio, and Stephen Freedman, GAIN: Two-Year Impacts in Six Counties (1993); and Karin Martinson and
Daniel Friedlander, GAIN: Basic Education in a Welfare-to-WorkProgram (1994).

produced significant impacts in the two years, although not always on earnings and AFDC payments,
and not for all subgroups of GAIN registrants. The effects on the (mostly male) heads of two-parent
families (AFDC-Us, or unemployed parents) were roughly the same in the second year as in the first
year, although the earnings impacts tended to decline over the course of the second year.
More recently, MDRC's special report on basic education in GAIN (1994) found that GAIN
was successful in increasing receipt of a General Educational Development (GED) certificate
(compared to GED attainment by the control g r o ~ p ) . The
~ impacts were relatively large in Tulare
(19 percentage points) and Alameda (8 percentage points), small in Los Angeles and Riverside, and
in the middle (4 percentage points) in San Diego. (Butte was not included in this study.) The study
also analyzed whether GAIN increased the basic skills levels of welfare recipients as measured by a
literacy test - the Test of Applied Literacy Skills (TALS). (The test was administered in English, so
those individuals in the sample who were not proficient in English were not tested.) San Diego's
GAIN program produced large and statistically significant impacts on TALS scores. No other county
produced measurable impacts, and there was no impact for all counties combined, although small skills
gains may have gone undetected.
This report builds upon the previous analyses in several ways: by measuring GAIN'S labor
market and welfare effects over a full three years of follow-up (and longer for groups - or "cohorts"
- that entered the sample early); by presenting findings on a host of other economic and noneconomic
outcomes based on new information from a survey of registrants two to three years after they became
part of the research sample; by providing detailed information on program costs; and by including the
results of a comprehensive benefit-cost analysis. As in the previous studies, this report presents
separate impact findings for each of the six counties, recognizing that the program's effects may have
varied because of differences in the way the counties chose to implement GAIN as well as differences
in the demographics of their caseloads and in local economic and other conditions. These alternative
approaches have themselves been fostered by the manner in which California's welfare system is run:
Each county administers its own welfare agency under the supervision of CDSS. Thus, county
administrators can exert significant control over the day-to-day operation of the program and the
emphasis placed on different implementation strategies. Through a comparison of the six research
counties, the previous reports began to examine whether differences in the counties' implementation
practices and conditions contributed to their differences in program impacts. This report continues that
analysis using the three-year follow-up data. However, for reasons discussed below, this type of
assessment cannot be of the same level of rigor as the determination of whether or not GAIN was
effective within each county.
It should be noted that the results presented in this and the previous reports reflect the
accomplishments of GAIN largely as the program was implemented in the six counties from the late
1980s through 1991. (The study sample was enrolled in GAIN between March 1988 and June 1990.)
Because, naturally, these programs have revised some of their operating strategies over time, the
results do not necessarily reflect what the effects of GAIN would be today in those same counties.
Results from the GAIN evaluation continue to be important for other states and the federal
government because little other information is available on the impact and cost-effectiveness of a large-

'This credential is given to those who pass the GED test and is intended to signify knowledge of basic
high school subjects.

scale welfare-to-work program that puts a major emphasis on upfront basic education in addition to
job search and a range of vocational training option^.^ Also, California includes about one-sixth of
the nation's AFDC population, and GAIN accounted for a large share (almost 13 percent) of the
federal government's total JOBS spending for fiscal year 1993. Furthermore, over 26 percent of all
federal and state expenditures on AFDC in the United States were spent in California in that year.
(The rate was 29 percent in February 1994.) Thus, California's experiences are particularly important
in the continuing national debate over welfare reform.
In its emphasis on basic education - and on serving longer-term welfare recipients - GAIN
is similar to the JOBS programs in many other states. However, though broadly relevant, the GAIN
model differs substantially from many other states' approaches. In particular, GAIN'S highly specific
sequences - including, in varying arrangements, job search, basic education, and other education and
training activities - are unusual. More typically, welfare recipients begin the JOBS program in other
states with an in-depth assessment of their needs and interests, and they are permitted greater choice
over their initial activity a~signment.~
Also, during the time the sample in this study entered GAIN,5
and for part of the follow-up period for this evaluation, most California counties enrolled the full
GAIN-mandatory caseload, in contrast to the emphasis in many other states on sewing volunteers first.
Finally, California's AFDC grant levels are among the highest in the natiom6 Grant levels can affect
work incentives and the relationship between work and welfare in a number of ways: High grants can
reduce the relative attractiveness of low-paying jobs, but they also allow people to work and still
remain on welfare, which, in certain cases, can increase work incentives. A state's grant levels may
thus affect a program's impacts by hindering or reinforcing a program's efforts to move recipients into
jobs and off welfare.

I.

The GAIN Model

The GAIN model begins at the county welfare department's Income Maintenance office.
(Figure 1.1 illustrates the basic sequences in simplified form.) Here, when determining initial or
continuing eligibility for welfare, the staff register GAIN-mandatory AFDC applicants and recipients
for the program, and offer to register recipients who are GAIN-exempt but might wish to volunteer
for the program. As indicated above, the pre-JOBS rules defining mandatoriness for GAIN exempted
single parents with children under the age of 6, a group that accounts for about two-thirds of all singleparent AFDC recipients. No such exemption existed for the heads of two-parent families.
After registration, eligibility workers refer new registrants to the GAIN office for orientation
and appraisal. At orientation, the opportunities and obligations of the program are explained, and the
registrant takes a basic reading and mathematics test. As part of the appraisal interview, the assigned

'Most of the programs evaluated prior to JOBS emphasized primarily job search and subsidized work
experience. See Gueron and Pauly, 1991.
4See, e.g., Hagen and Lurie, 1992; Lurie and Hagen, 1993.
5 ~ n t r yinto the research sample (i.e., random assignment) began in March 1988 (in Butte) and ended in
June 1990 (in Tulare).
61n California, the basic AFDC grant for a family of three was $607 in January 1994, which was reduced
from $624 in January 1993 and $663 in January 1992. Grant levels are higher only in Alaska, Hawaii,
Connecticut, and Vermont.

FIGURE 1.1
SIMPLIFIED DEPICTION OF THE GAlN PROGRAM MODEL
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case manager reviews the registrant's background characteristics, including circumstances that might
prevent her or (much less commonly) him from participating in GAIN. The registrant is then either
referred to a GAIN activity or deferred (i.e., temporarily excused from participating). GAIN's support
services, such as child care and transportation, are arranged at this time if the registrant needs them
to take advantage of the program's activities.' Participation in GAIN is expected to continue until
the individual finds employment, leaves welfare, or is no longer required to participate for other
reasons. Failure to comply with program rules can result in a "sanction" (i.e., a reduction or
termination of the monthly welfare grant).'
As noted above, not all those who attend an orientation are expected to take part in a GAIN
activity. GAIN's regulations permit temporary deferral from the participation requirement for those
who have a part-time job, temporary illness, family emergency, or another situation that precludes
attending an activity. Welfare recipients are also not required to remain registered for GAIN if they
meet certain exemption criteria such as getting a full-time job (of at least 30 hours per week) that does
not pay enough to make a person ineligible for AFDC or being chronically ill. These individuals are
officially removed (i.e., "deregistered") from the program, as are those who leave AFDC entirely for
employment or other reasons. Still others who are expected to participate but choose not to may be
sanctioned.
As shown in Figure 1.1, GAIN has two primary service tracks. Registrants who do not have
a high school diploma or a General Educational Development (GED) certificate, score low on either
the reading or mathematics part of the basic skills test,9 or are not proficient in English are
determined by GAIN regulations to be "in need of basic education." They usually enter one of three
basic education programs: GED preparation, Adult Basic Education (ABE), or English as a Second
Language (ESL). Registrants on this track may elect to pursue job search assistance first, but must
then enroll in a basic education class if they do not find a job. Alternatively, they may choose to
participate in basic education first and then job search, or they may elect to attend job search and basic
education concurrently.
The second major track is for registrants who are determined "not in need of basic education"
(i.e., they have a high school diploma or a GED, pass the literacy test, and are deemed to be proficient
'GAIN helps registrants find, and pays for, child care services for children who are under age 13 assistance that continues for a one-year transitional period if the registrant leaves welfare for employment.
(Under special circumstances, GAIN child care is also available for children age 13 and older.) GAIN also
reimburses program participants for relevant public transportation costs (unless a car is essential) including
transportation for their children to and from a chid care facility. Participants may also receive assistance with
program-related expenses such as tools and books. Finally, GAIN funds can be used to identify the need for
counseling for personal or family problems that arise from or hinder participation or employment and to make
an appropriate referral. For details on GAIN's support services, see Riccio et al.. 1989.
'Prior to JOBS, registrants who were heads of two-parent families lost their entire grant if they were
sanctioned, whereas single parents lost only the parent's (not the children's) portion of the grant. Under
JOBS, the heads of two-parent families who are sanctioned similarly lose only the parent's share of the grant.
(Both parents may be sanctioned if both are noncompliant.) The exact dollar amount of a sanction varied with
family size and changes in grant levels over the years. In January 1993, when the welfare grant was $624
per month for a family of three, a sanction would have reduced the family's grant by $120.
%e screening test is the Comprehensive Adult Student Assessment System (CASAS) test, and a score
lower than 215 on the reading or mathematics portion is a criterion for designating a person to be "in need
of basic education. "

in English). They are usually referred first to a job search activity.10 Job search activities include
job club - group training sessions in which participants learn basic job-seeking and interviewing skills
- and supervised job search, in which participants have access to telephone banks, job listings,
employment counseling, and other assistance under staff supervision." Job search activities usually
last for three weeks.

A third track is available for registrants who began an education or training activity prior to
attending an orientation and appraisal (and irrespective of whether their appraisal determined them to
be in need of basic education). At the appraisal session, the registrant's case manager decides whether
the activity furthers the registrant's employment goal and whether the goal is consistent with the types
of jobs for which workers are in demand in the local labor market. If the decision is yes, the case
manager may authorize the registrant to continue attending the program as a GAIN activity and to be
eligible (for no more than two years) for GAIN'S support services. Such an activity is referred to in
GAIN as "self-initiated" education or training.
Registrants who complete their upfront activities without having found a job must participate
in a formal assessment of their career plans and work out an individual employment plan. They are
then referred to "post-assessment" activities intended to further their employment plan. Possible
activities include vocational or on-the-job training, unpaid work experience (which in GAIN is referred
to as PREP),'^ supported work,13 or other forms of education and training. For some individuals,
a 90-day job search (which can be supervised or unsupervised and include job club activities and other
services) follows the post-assessment activity. If this fails to lead to a job, registrants are assigned to
a PREP activity and then assessed again and another activity is selected.
In most of California's 58 counties, GAIN operates through a network of service providers in
the community, with the welfare department at the center. Typically, the county welfare departments
register people for GAIN, manage the overall program, provide case management, develop PREP
positions, and, in some cases, conduct job clubs and other job search activities. With a few
exceptions, the rest of the GAIN program functions and services are the responsibility of agencies
outside the welfare department. For example, adult schools - and sometimes community colleges and
other organizations - supply basic education services, often using state Job Training Partnership Act
(JTPA) "8 percent funds" (i.e., funds set aside for education and, in California, a portion of which
was earmarked specifically for GAIN participants). Community colleges, proprietary schools, regional

lo~ndividualswho do not need basic education and who have a recent history of having left welfare
because of employment can be referred directly to assessment.
"Some counties assign some individuals to unsupervised job search prior to an assessment.
"PREP (Pre-Employment Preparation) is unpaid work experience in a public or nonprofit agency. PREP
assignments can be short-term, lasting up to three months, or long-term, lasting up to one year. The number
of hours of the work assignment are determined by adding the recipient's grant (less any child suppon the
noncustodial parent has paid to the county) and the Food Stamp allotment, and dividing that sum by the
statewide average hourly wage. PREP work assignments cannot exceed 32 hours per week.
13S~pponed
work is paid work experience, in a group setting, for participants with little work history.
It is characterized by close on-site supervision, peer suppon, and gradually increased responsibilities. A
closely associadd activity is transitional employment, which provides less intensive supervised training in a
work setting. Neither of these activities was used in the six research counties for the sample included in this
study.

occupational centers, and JTPA vendors typically provide vocational education and training. Also, in
many counties, the local offices of the state's Employment Development Department (EDD) operates
GAIN's job club and other job search components. In addition, most counties rely on local child care
resource and referral agencies (although to different degrees) to help registrants find child care and
often to make arrangements with child care providers; frequently, the GAIN staff also take part in this
process.

11.

The Research Counties

The six counties in the study of GAIN's impacts represent diverse geographical regions of the
state, vary widely in local economic conditions and population characteristics, and constitute a mix of
urban and rural areas. (See Figure 1.2 and Table 1.1.) They include three large, mostly urban,
southern counties (Los Angeles, Riverside, and San Diego); one county in the Central Valley, a rural
region dominated by agriculture (Tulare); a moderate-sized county in the San Francisco Bay area
(Alameda, which includes the City of Oakland); and one northern county (Butte) that has the smallest
population of the six counties. Two of the counties (Alameda and Los Angeles) include large innercity neighborhoods, and all but Butte are home to sizable populations of recent Asian and Hispanic
immigrants and refugees.
Partly reflecting differences in their geography, funding levels, and the degree of dispersion of
their welfare populations, two of the counties operated their GAIN program out of a single location
(Alameda and Butte), while the others established several local GAIN offices (San Diego, with eight,
had the most). The total GAIN caseload ranged from 2,531 in Alameda to 24,397 in San Diego at
the end of December 1990 (which was six months following the completion of sample intake for this
evaluation). l4
Although the GAIN participants in these six counties were not strictly representative (in a pure
statistical sense) of GAIN registrants in California as a whole, together they accounted for about onethird of the state's entire GAIN caseload in December 1990. (Over half of the entire state AFDC
caseload lived in these counties, with 34 percent of all cases having been located in Los Angeles
alone.) Thus, while the results of the evaluation are not generalizable to the state as a whole, they do
provide a test of GAIN as implemented under a wide range of conditions found across California.
All of the research counties began operating their GAIN program between January 1987 (Butte)
and October 1988 (Los Angeles). (See Table 1.1.) During the period of random assignment (to be
explained shortly), Butte, Riverside, San Diego, and Tulare operated a "universal" program by

14Theaverage statewide GAIN caseload in July 1990-June 1991 was 178,676 cases per month. As a
result of decreased funding, this average fell to 164,253 cases per month in July 1991-June 1992. In
December 1990, approximately 27 percent of all AFDC cases statewide were registered for GAIN. By
December 1992, this had declined to approximately 18 percent (14 percent of AFDC-FG cases and 35 percent
of AFDC-U cases). According to estimates obtained from CDSS in June 1994, total federal, state, and local
expenditures for GAIN (not counting "community resources," such as the substantial amount of JTPA and
California StateQeparnnent of Education monies earmarked for serving GAIN students but not controlled by
CDSS) were almost $198 million in state fiscal year 1990-1991. They fell to almost $183 million in 19911992, and then to about $167 million in 1992-1993.

FIGURE 1.2
MAP OF CALIFORNIA SHOWING THE SIX COUNTIES
PARTICIPATING IN THE GAIN IMPACT RESEARCH

TABLE 1.1
SELECTED CHARACTERISTICS OF THE GAlN RESEARCH COUNTIES
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NOTES:
(a) These estmates are based on data up to and (for the number of employed residents) including data from the
"March 1993 BenchmarK' estimates released by EDD in March 1994. Final revised estimates for Juiy 1992-July 1993were not
available at that time. Preliminary estimates for unemployment ratesfor July 1992-June 1993 are included in this table because
they are likely to be close to the final estinates. Preliminary data on changes in the number of employed residents between
July 1992 and July 1993 are not included because these data are considered less reliable.
(b) AWeltare case" is defined as a single-parent (AFDC-FG) or two-parent (AFDC-U) household that received
an AFDC payment during December 1990 and remained eligible to receive AFDC at the end of the month.
(c) The statewide AFDC caseload at the end of December 1990 was 686.792.
(d) GAlN registrants include AFDC applicants and recipients who registered for GAlN and were still eligible for GAlN
services at the end of Decenber 1990. In San Diego county, the number of AFDC-U GAlN registrants exceeded the number of
AFDC-U cases. Several factors could account for this discrepancy: registration of the second parent in the household; more
AFDC applicants than recipients among those newly registered for GAIN; and delays in the deregistration of GAlN registrants who
had recently left AFDC.
(e) Where data are not available. %/a" is used.
(9 The statewide GAlN caseload at the end of December 1990 was 183,127.
(g) In Alameda, the long-tern recipientssewed in GAlN had been continuously receiving AFDC for more than two
years. In Los Angeles, the long-tern recipients sewed had been continuously receiving AFDC for three years or more.
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--

. --

registering all welfare applicants and recipients whose participation in GAIN was mandatory. (As
previously noted, others who were exempt from the participation requirement were allowed to
volunteer.) In contrast, Los Angeles and, in almost all cases, Alameda registered only long-fern
welfare recipients whose participation in GAIN was mandatory, in accordance with GAIN regulations
that require counties to give priority to long-term recipients when funding constraints do not permit
services for all eligible clients. Los Angeles registered only welfare recipients who had received
AFDC for at least three consecutive years. Alameda began by registering mandatory individuals who
had been receiving AFDC since 1980 but subsequently registered more recent welfare recipients.15
For the most part, however, its sample consisted of recipients who had been continuously receiving
AFDC for more than two years.
As will become apparent below, the different intake policies across the counties, along with
differences in the general makeup of each county's local population, yielded research samples that
varied markedly in their demographic composition. This is an important fact, which must be kept in
mind when comparing the impacts of GAIN across the six counties.
Table 1.1 presents trends in unemployment rates in each county during the period of random
assignment (which began in some counties in 1988) as well as through the end of the follow-up period
for this report (June through September 1993).16 Overall, unemployment rates were generally
increasing toward the end of the follow-up period, a pattern influenced by the state and national
economic recession. Indeed, in four of the six counties (Butte, Los Angeles, Riverside, and Tulare),
the average monthly unemployment rate exceeded 10 percent in the period from July 1992 through
June 1993." Tulare consistently had the highest unemployment rates, which remained at about 15
percent for the three-year period from July 1990 to June 1993, and over 10 percent since July 1988.
(A severe freeze in early 1991, which destroyed much of the crop in that largely rural and agricultural
area, contributed to this rise in unemployment rates.) Alameda and San Diego had the lowest
unemployment rates toward the end of the follow-up period, but there, too, the rates had risen over
time. (Moreover, unemployment rates in Oakland, where most of Alameda's GAIN clients lived, were
higher than for the county as a whole.)
A somewhat different picture of local economic conditions emerges when an alternative measure
- is considered. (See Table
1.1.) Over the course of the follow-up period (i.e., from July in the year the county began random

- the annual rate of change in the number of county residents employed

ISPriorto the start of the evaluation, Alameda gave priority to long-term recipients, within both the GAINexempt and non-exempt groups, who volunteered for the program. After the start of the evaluation, only longterm recipients in the non-exempt group were given priority, whether or not they volunteered.
16As noted earlier, random assignment began first in Bune and was completed last in Tulare. Data
collection for employment and earnings ended in June 1993, which was three years after the last person to
come into the evaluation was randomly assigned. Data collection for welfare outcomes ended in June 1993
in three counties and in September 1993 in the other three. A minimum of three years of follow-up data is
thus available on all sample members. However, the earlier registrants entered the sample, the longer was
the period of follow-up for them.
17Theunemployment rates and number of county residents employed that are presented in Table 1.1 may
differ somewhat from the numbers presented in a similar table in previous MDRC reports for the period
before July 1992 because more complete information for those prior years became available to the agencies
that collected the data.

assignment through June 1992), Riverside had the highest growth rate (an average increase of 4.9
percent per year) on this measure, which may be indicative of better opportunities for finding jobs
(although it also reflects a growing population overall). It is important to point out, however, that
even in these counties, as Table 1.1 shows, the rate of growth was not even from year to year, and
each of them experienced a net reduction in employed residents in some of the years. For example,
Riverside's growth rate was highest in the first two years. Overall, average annual growth rates were
lower in the other counties. Tulare experienced an average increase of 2.3 percent per year. San
Diego had an average increase of 1.1 percent per year. Los Angeles had very little growth in the
number of employed residents, while the rate was slightly negative for Alameda.
Although the county variation on this measure does not correspond well with the pattern of
unemployment rates, the two measures together illustrate the more general point that the counties faced
quite different local circumstances in operating their GAIN program, another consideration when
comparing county impacts.

111.

An Overview of the Research Desim

To test the effectiveness of GAIN in increasing welfare recipients' employment and earnings
and reducing their use of AFDC, a random assignment research design was instituted in each of the
six counties. All individuals who, during the period of sample intake, were designated at the Income
Maintenance office as mandatory registrants for GAIN" and attended a program orientation at the
GAIN office were randomly assigned to either an experimental group, which was eligible to receive
GAIN services and was subject to the participation mandate, or to a control group, whose members
were not eligible for those services - including GAIN's child care services - and were not subject
to the mandate. (See Appendix Figure A. 1.) Members of the control group remained wholly excluded
from the GAIN program for at least three years (i.e., the entire minimum follow-up period covered
by this report) and, with some possible exceptions, for another two years as well.19 The controls
could, however, seek alternative services in the community on their own initiative. Later, both groups
- which together make up the research sample for the study of GAIN's impacts - were followed up.
The differences in their employment, earnings, and welfare receipt represent the measured impacts or effects - of GAIN.
In some other studies of welfare-to-work programs, random assignment took place when people
came to the Income Maintenance office, rather than later, at program orientation, as it did in the GAIN
evaluation. Under the former type of design, the impact sample includes individuals who never show
up at a program orientation as well as those who do, and thus fully represents the caseload of
individuals referred to the program. When random assignment is placed later, at orientation,

I8As noted above, the mandatory population was broadened under JOBS, but this report focuses on the
groups considered mandatory for GAIN under the pre-JOBS rules - i.e., single parents whose youngest child
was 6 or older and the heads of two-parent families. A special section of Chapter 4 examines GAIN'S effects
(in three counties) on single parents who had a child under age 6.
I 9 ~ o the
r subsequent two years, controls were neither required nor encouraged to register for GAIN,
although they could enter the program at their own insistence if openings were available. This policy was
adopted to facilitate the estimation of GAIN's impacts over a longer period of follow-up for early cohorts and,
if feasible, for the full sample as well.

registrants who do not show up for the program - a potentially sizable group20 - are not pan of
the research sample. Thus, the results cannot be directly generalized to the entire caseload of
registrants referred from the Income Maintenance office. This issue, which is explored further in
Chapter 4, is important when comparing the results of the GAIN evaluation with those of other studies.
Table 1.1 shows that the random assignment period for the GAIN impact study started and
ended at different times in each of the six counties. (Random assignment concluded when the number
of people required for the research had been enrolled in the sample.) Butte, the smallest of the six
counties, conducted random assignment for about two years, from March 1988 to March 1990. The
process was shorter in the other counties, ending everywhere no later than June 1990. Overall, about
55 percent of the research sample were registered prior to July 1989, the date of GAIN's transition
to JOBS.
Random assignment began in each county sometime between 7 and 14 months after the county
began operating GAIN. The lag between the program and random assignment start dates was intended
to allow the counties some opportunity, prior to the study period, to address the inevitable problems
associated with beginning a new program. Nonetheless, as indicated earlier, program procedures and
policies have continued to evolve as administrators and staff refine their approaches and acquire more
experience in operating GAIN. At the same time, these individuals have continued to face other major
challenges, such as the transition to JOBS in July 1989 and the large reduction in state GAIN funds
in 1991-1992. One consequence of the funding cutback was a reduction or, in some counties, a
temporary suspension of the client intake process. Not only did this cause some disruption in program
operations, but it also made it difficult to ensure that experimentals who left welfare would be subject
once again to GAIN's participation mandate if and when they returned to the rolls. Thus, for some
registrants, GAIN's participation mandate was less continuous, their long-term use of GAIN services
was lower, and, hence, the total GAIN cost of serving them was less than if GAIN had operated as
a fully funded program during the entire evaluation period. These circumstances should be kept in
mind as part of the context for this report.

N. The Riverside Case Management Exueriment
An additional feature of the GAIN evaluation is a special study conducted in Riverside County
on the effects of assigning GAIN registrants to case managers with different-size caseloads. One group
of case managers was assigned half as many registrants as the other. Although the actual average ratio
of registrants to case managers fluctuated over time, the 2-to-1 difference was maintained throughout
the random assignment period and for approximately a year thereafter. Furthermore, all case
managers, as well as all registrants in the experimental group, were randomly assigned to either the
higher or lower caseload group.

" ~ l t h o u ~the
h orientation "no-show" rate was not measured in the six counties discussed in this report,
it was measured in seven of the eight counties included in MDRC's 1989 implementation report (Riccio et al.,
Chapter 4). In that sample, nearly one-third of all mandatory registrants did not show up for an orientation
and appraisal within six months of their scheduled orientation. By the end of the six-month follow-up period,
roughly two-thirds of those who did not anend an orientation had either left welfare or were officially excused
from participating in the program.

This special experiment was designed to test whether assigning registrants to staff with smaller
caseloads, and allowing staff to monitor them more closely and work with them more intensively,
would produce larger impacts on employment and earnings and larger welfare savings. These findings
are presented in the separate sections of the impact chapters of this report. (Thus, except where
specified, all findings for Riverside refer to the county as a whole - i.e., both groups combined.)

V.

The Research Sample

The analyses in this report concern participation, impact, and benefit-cost findings for GAINmandatory registrants who were determined to be mandatory according to the rules in effect prior to
July 1989, when JOBS rules took effect. Under the pre-JOBS rules, single parents were usually
exempted from the participation mandate if they had a child younger than age 6. Thus, the research
sample for this report (and the earlier reports on GAIN's first- and second-year impacts) is composed
of single parents (AFDC-FGs), most of whom had children no younger than age 6*' and unemployed
heads of two-parent families (AFDC-Us). (Under pre-JOBS rules, AFDC-U registrants were
mandatory even if they had a child under the age of 6, and this remains true under JOBS rules.)
Altogether, the research sample includes more than 33,000 experimentals and controls, approximately
69 percent of whom are AFDC-FGs and 31 percent of whom are AFDC-Us. (About 22 percent of the
AFDC-FGs and 31 percent of the AFDC-Us were randomly assigned to the control group, with the
actual proportions varying across the counties and over time in some counties.)22
The impact findings cover a period of at least three years of follow-up for sample members.
Impacts are also presented for an "early cohort" of each county's full AFDC-FG and AFDC-U
samples. These registrants were randomly assigned early during the period of sample intake, making
it possible to examine GAIN's impacts for them in a fourth year of follow-up. However, these fourthyear impacts may not necessarily reflect those for a county's full research sample if the county's early
and later registrants differed in their background characteristics, the labor market conditions they
faced, the way GAIN was operated when they were in the program, and other factors. Therefore, the
fourth-year findings included in this report should be interpreted more cautiously than the full-sample
results.
Some data were also collected for a supplementary sumple of 1,820 AFDC-FG registrants in
Riverside and 493 in Tulare who had children between the ages of 3 and 5 and who were GAINmandatory starting in July 1989 under the new JOBS rules. Although participation and cost data were
not collected for this supplementary sample, data necessary for calculating GAIN's three-year impacts
on their employment, earnings, and welfare receipt were collected, and the results are included in a

"AS discussed below, the samples in most counties also include some registrants who did have children
younger than age 6 if they were considered mandatory by virtue of already being away from their children
for more than "brief and infrequent" periods of time, owing to school attendance. employment, or other
reasons, as specified in the GAIN regulations. In Alameda, the proportion was much higher because of
misclassification of some recipients.
2 2 ~explained
s
below, a small portion of the sample (289 sample members) had to he dropped from the
impact analyses primarily because of missing information on key identifying and background characteristics.

separate section of Chapter 4.23 Except where specified, all tables in this report exclude this

supplementary sample.
VI.

Data Sources
A. Administrative Records Data

For the impact analysis, data on welfare receipt and welfare payment levels, and on Food Stamp
benefits, were obtained on all experimentals and controls from each county's computerized welfare
payment records. Employment and earnings data and Unemployment Insurance (UI) benefit payments
(which are included in the benefit-cost analysis) came from the computerized California State
Unemployment Insurance Earnings and Benefits Records. These data were collected for a period that
began up to two years prior to random assignment (depending on the county) through June 1993
(September 1993 for the welfare and Food Stamps data in three counties).

B. Reeistrant Survev Data
The impact analysis also uses data from a survey of registrants to assess GAIN's effects on a
variety of other economic and noneconomic outcomes in four counties: Alameda, Riverside, San
Diego, and Tulare. (See Appendix B for an assessment of the survey sample's representativeness of
the full impact sample in these counties.) Each respondent was interviewed within two to three years
after becoming a member of the evaluation's research sample.24
For the AFDC-FG analysis, the survey sample in each county included approximately 350
control group respondents and, except in Riverside, approximately 340 experimental group
respondents. Riverside had about double the number of experimental group members surveyed in
order to ensure that a sufficient number of registrants from both its "regular" (i.e., larger) caseload
group and "enhanced" (i.e., smaller) caseload group would be represented in that county's survey
sample.25 (See the above discussion of the Riverside case management experiment.)
The survey also included a small sample from Los Angeles, but respondents in the control group
there were determined not to be sufficiently representative of controls in the full impact sample to
2 3 ~all
n of the counties, any person who, under the new JOBS criteria, became mandatory for GAIN (and
who would not have been mandatory under the pre-JOBS criteria), and who attended a GAIN orientation
session between July 1989 and the end of random assignment, was to be included in the supplementary
research sample. In Los Angeles and San Diego, few if any individuals fitting this description attended GAIN
orientation within the period of random assignment. In Butte, a small number did, and were randomly
assigned; they were too few in number, however, to permit a reliable estimation to be made of GAIN's
impacts on them. In Alameda, as discussed below, a sizable number of registrants with children between the
ages of 3 and 5 were enrolled in the main research sample rather than the supplementary sample because of
a classification error. None of the counties enrolled an adequate number of AFDC-U "second parents" (i.e.,
the spouse of the person defined as the family head) - a group that was also newly mandatory under the JOBS
criteria - to justify conducting an analysis of GAIN's impacts on them.
24Theperiod covered by the survey ranged from 26 months (San Diego and Tulare) to 37 months (Los
Angeles), on average, in the five counties where the survey was conducted.
25~esponse
rates ranged from 77.3 percent (San Diego) to 82.0 percent (Tulare) across the five counties
where the survey was conducted.

permit a reliable comparison of outcomes for experimentals and controls. Thus, no impacts are
estimated for Los Angeles using the survey data. However, some of the survey data on Los Angeles's
experimentals (whose survey respondents were sufficiently representative of the county's full sample
of experimentals) are used in the implementation and cost analyses. The survey was not conducted
in Butte because of the evaluation's limited survey budget.
C. Data on Reeistrants' Characteristics and the Imolementation and Cost of GAIN
To describe the background characteristics of the experimentals and controls (such as their age,
race or ethnicity, family composition, and education and training, as well as their welfare and
employment history), the report uses information from the state's client information (or "GAIN-26")
form. A few special categories were added to this form in the six counties for research purposes.
The report also draws upon some of the main findings from MDRC's earlier studies concerning
the implementation of GAIN in the six research counties. These include findings on the experimental
group's patterns of participation in GAIN activities. They are based on the experiences of a subsample
of AFDC-FGs and AFDC-Us (referred to as the parficipanr flow sample) and cover the first 11 months
after each subsample member's date of random assignment. In Alameda and Los Angeles, these
participation data were obtained from computerized tracking systems, making it possible to include in
the participant flow sample all experimentals in those two counties. In the other four counties,
participation data were collected manually by MDRC staff from program casefiles. Consequently, data
were obtained for only a subsample of the experimental group in those c~unties.'~
The report also uses new data from the registrant survey to extend the implementation analysis.
This includes information on experimentals' participation in GAIN activities after the 11 months
covered by the program tracking data, and their participation in non-GAIN (i.e., post-GAIN) activities,
which some experimentals entered on their own after leaving the program or welfare. Also available
for the first time is information on experimentals' views and opinions of GAIN, and on issues
concerning work and welfare in general. Data on the control group's participation in (necessarily)
non-GAIN activities and their attitudes concerning work and welfare were also collected through the
survey. The study used data from several other sources as well to help ascertain the ways in which
the counties implemented the GAIN model, including responses to the MDRC Staff Activities and
Attitudes Survey, which was administered to all GAIN staff twice in each county (one and two years
after GAIN began)," along with a series of in-depth, in-person interviews with program case
managers and administrators. Finally, to estimate the costs and benefits of the program, the study uses
fiscal and program participation data from the six counties, CDSS, the California Department of
Education, the Chancellor's Office of the California Community Colleges, and numerous other
sources. (These data sources are described in greater detail in later chapters where the findings from
the analyses using them are presented.)

261n the four counties with manually collected data, information was obtained for a randomly selected
subsample of GAIN experimentals - 920 AFDC-FGs and 519 AFDC-Us - who were randomly assigned
between March 1988 and May 1989. Because random assignment continued beyond this period, these data
do not reflect the participation patterns of later cohorts of experimentals. For further details, see Freedman
and Riccio, 1991.
''Response rates for each wave of this survey ranged from 94 to 100 percent across the counties.

VII.

Backmound Characteristics of the Research S a m ~ l e

The top panel of Table 1.2 displays selected demographic characteristics of the research
samplez8 of AFDC-FGs in each county (with the experimental and control groups combined).29
The bottom panel presents the same information for the AFDC-U group. County differences in the
characteristics of their research samples are important to note because they may have contributed to
differences in registrants' participation patterns as well as differences in program impacts and costs.
For instance, past research suggests that the effects of welfare-to-work programs tend to be different
for recent applicants to welfare than for those already receiving welfare when they enter the program
(although the pattern of effects for these groups has not been fully consistent across the programs
studied).30 Educational background also matters, especially in a program such as GAIN, where the
sequences of services received are intended to be different for registrants determined "in need of basic
education" and those determined "not in need of basic education." Thus, county variations in these
and other characteristics must be considered when comparing the counties' participation and impact
results.
Table 1.2 reveals some striking contrasts in the background characteristics of the counties'
research samples. For example, unlike samples in all of the other counties, those in Alameda and Los
Angeles include virtually no individuals who, at the time of their referral to GAIN, were AFDC
applicants or short-term recipients. This reflects the special intake policies in those two counties,
which were noted above. Furthermore, in the AFDC-FG group in the other four counties, the
proportion of long-term recipients (who had received welfare for more than two years) ranged from
28 percent in Butte to 58 percent in Tulare. Across the six counties, the proportion who had worked
for pay during the two years prior to orientation ranged from 17 percent in Los Angeles to 59 percent
in San Diego, and the proportion considered to need basic education ranged from 49 percent in Butte
to 81 percent in Los Angeles. The counties also varied widely in racial and ethnic composition. For
example, 12 percent of Los Angeles's sample were non-Hispanic whites, compared to 86 percent of
Butte's. Also striking is the fact that almost one-third of the Los Angeles sample were considered to
have had limited proficiency in English, compared to 5 to 17 percent of the sample in the other
counties.
Table 1.2 also shows that the AFDC-FGs in each county's research sample include some single
parents with children who were under the age of 6 at the time of orientation - a group that was not
normally considered mandatory under the pre-JOBS criteria for GAIN. The proportion was as high
as 31 percent in Alameda, and in the other counties ranged from 10 percent (Los Angeles) to 16
percent (Riverside). Except in Alameda, the majority of these individuals appear to fall into a group
who, under the pre-JOBS rules, were sometimes referred to as "soft mandatories"; they were not
exempted from GAIN'S participation requirement because they were not personally providing the fulltime care that their child received (e.g., because they were attending school or working part-time). In

28Theresearch sample of 33,222 registrants shown in Table 1.2 includes 289 cases that were not included
in the impact analyses because Social Security numbers andlor AFDC case numbers were missing, or for other
reasons. Dropping these cases from the impact analyses (Chapters 4 and 6) accounts for the slight variation
between subgroup percentages in the demographic tables (Table 1.2) and those in the impact tables.
"The background characteristics of sample members included in the supplementaly sample of single
parents with children younger than age 6 are presented in Appendix Table A. 1.
'Osee, e.g., Friedlander, 1988; Friedlander and Hamilton, 1993.

TABLE 1.2
SELECTED CHARACTERISTICS OF THE PRIMARY GAlN RESEARCH SAMPLE AT ORIENTATION

_

Sample and Characteristic
All AFDC-FG experimentals and conAid status (a) (%)
Applicant
Short-term recipient
Long-ten recipient
Received AFDC continuously for at least 6 years
prior to orientation (c) (%)
Employed within past 2 years (%)
Currently employed up to 29 hours per week (%)

I
w
I

Alameda

Butte

Los Anqeles

-

Has a high school diploma or GED (%)
In need of basic education, according to
GAlN criteria (%)
Currently in a school or training program (%)
Ethnicity (%)
White, non-Hispanic
Hispanic
Black, non-Hispanic
lndochinese
Other Asian
Other
Limited English proficiency (%)
Refugee (%)
Age (%)
Less than 25
25-34
35-44
45 or older

Average age (years)
Average number of children
Has at least one child in the following
age groups (d) (%)
Less than 6
6-1 1
12-18
19 or older

Research sample status (%)
Experimental
Control
e=
size

--

- --

.-

.--

Riverside

.-

~

San Diego

Tu1are.-_-

31 .O
29.8
39.2

28.0
30.6
41.2

13.9 (b)
28.2 (b)
57.9 (b)

22.9

20.9

33.1 (b)

49.3

59.2

48.7

5.4

10.9

51.4

56.0

43.7

*'*

60.3

56.1

65.2

'**

15.4

20.1

12.2 (b)

51.2
27.6
15.5
1.3
1.7
2.2

41.8
25.3
22.5
5.5
0.9
3.1

51.7 '**
39.2 *+*
3.6 *"
0.4 "*
2.3 ***
2.5 (b)

10.3

17.3

13.7 ***

2.6

4.9

3.9

***

10.2
48.4
31 .O
10.3

10.9
46.3
31.5
11.3

6.6
46.4
34.9
12.0

(b)
(b)
(b)
(b)

33.7

33.8

34.9

1.8

1.7

***
2.0 '**

16.2
66.2
47.2
1.6

12.9
64.6
46.1
2.5

14.9 *+*
66.9 ***
53.0 *"
2.1 **'

81.2
18.8

85.8
14.2

71 .O
29.0

5.626
-

-

8.224
---

"*

8.2 (b)

*"
***

2,248
--

-

(continued)

TABLE 1.2 (continued)
Sample and Characteristic

Alameda

-.

Bune

Los Angeles

Rlverside

San D i e s

--

Yare

-

_

All AFDC-U experimentals and controls
Aid status (a) (%)
Applicant
Short-tern recipient
Long-tern recipient
Received AFDC continuously for at least 6 years
prior to orientation (c) (%)
,
Employed within past 2 years (%)

00
0.0
100.0

42.8
37.3
19.9

32.9
37.7
29.4

22.2(b)
42.2(b)
35.7 (b)

nla
32.1
26.3
17.1

7.6
72.1
6.4
42.6

12.3
78.9
18.4
48.9

13.1 (b)
67.5 **'
6.9(b)
32.2 **'

92.2
5.4

66.6
9.1

62.9
12.3

74.0 "'
17.2 (b)

Limited English proficiency (%)
Refugee (%)

11.2
22.5
4,2
58.3
3.5
0.2
82.7
63.4

42.7
31.6
8.1
6.0
7.9
3.2
23.9
11.8

36.2
26.6
9.6
20.5
2.1
3.5
30.1
17.6

36.3*"
41.6 "*
2.3 ***
3.9*"
12.9*"
2.7 (b)
31.3'**
17.0***

Age (%)
Less than 25
25-34
35-44
45 or older

0.8
21.2
41.3
36.6

19.0
47.1
24.7
9.2

15.7
43.4
28.3
12.6

21.2(b)
42.8(b)
25.8 (b)
10.2 (b)

42.0
2.5

32.3
2.4

33.6
2.4

32.3***
2.6 '**

47.2
67.8
62.4
0.0

72.4
53.1
30.0
1.3

72.6
50.4
31 .I
2.6

73.0***
54.5 "*
30.9***
1.3***

50.4
49.6
-1.459
-

69.2
30.8
2.407

74.2
25.8
3,277
-~

69.3***
30.7*'*
1,907

Currently employed up to 29 hours per week (%)
Has a high school diploma or GED (%)
In need of basic education, according to
GAIN criteria (%)

I

r

'

Currently in a school or training program (%)
Ethnicity (%)
White, non-Hispanic
Hispanic
Black, non-Hispanic
lndochinese
Other Asian
Other

Average age (years)
Average number of children
Has at least one child in the following
age groups (d) (%)
Less than 6
6-1 1
12-18
19 or older
Researchsample status (%)
Experimental
Control
Sample size

(continued)

TABLE 1.2 (continued)
SOURCE: MDRC calculations from GAlN intake forms for the main research sample.
NOTES: Sample characteristics were recorded on the intake form by GAlN staff at orientation and
are based on answers from GAlN registrants.
Distributions may not add to 100.0 percent because of rounding or because of items missing from some
sample members' intake forms.
Ashi-square test was applied to differences among counties. Statistical significance levels are indicated as
*'* = 1 percent; ** = 5 percent; ' = 10 percent.
(a) Applicants are registrants applying for AFDC at the time of referral to GAlN orientation: they include
reapplicants who may have had prior AFDC receipt. Short-term recipients have received AFDC for two years or less.
Long-term recipients have received AFDC for more than two years.
(The AFDC receipt may not have been continuous.)
(b) A test of statistical significancewas not performed.
(c) Where data are not available, "nla" is used.
(d) Distributions may add to more than 100.0percent because sample members can have children in
more than one category

Alameda, the unusually high proportion of sample members who had children under age 6 resulted
from a coding problem. People who were mandatory for GAIN only under the new JOBS criteria
(which took effect at the same time that random assignment in Alameda was beginning) were not
distinguished in the county's automated data base from people who were mandatory even under the
pre-JOBS rules.
The higher proportion of single parents with pre-schoolage children in Alamada is an added
reason for caution in comparing impact findings across the counties (although, as Chapter 4 will show,
the employment and welfare outcomes for this group of experimentals and controls were not much
different from those for single parents with older children).
In contrast to the AFDC-FG group, the AFDC-U sample members were less likely to be longterm welfare recipients (except in Alameda and Los Angeles), more likely to have been employed in
the prior two years (except in Alameda), and more likely to have been determined to need basic
education, in pan because of their more limited knowledge of English. AFDC-Us also include a
higher proportion of heads of households of refugee families from Vietnam, Laos, and Cambodia as
well as from other countries. Notably, more than one-half of the AFDC-U samples in Alameda and
Los Angeles were Indochinese or members of other Asian groups.

VIII. Emlainine Countv Variation in Impacts: Some Limitations
Although GAIN is based on a uniform program model that all of California's counties must
operate, county administrators have considerable authority to shape the program's actual content. As
shown in previous MDRC reports (and as summarized in Chapter 2 of this report), the GAIN
administrators in the six research counties chose to implement the program in very different ways.
In pan, their decisions reflected their different beliefs about the best ways to institute the GAIN
legislation's ongoing participation mandate for welfare recipients and to achieve the program's twin
goals of moving registrants into jobs and off welfare.
This variation in implementation strategies provided the evaluation with an opportunity to
explore whether some of these alternative approaches produced better participation and impact results
than others. At the same time, as noted earlier, it is important to recognize that this type of
comparative analysis cannot be of the same level of rigor as the analysis of program impacts within
each county. This is because registrants were randomly assigned to the experimental and control
groups within each county, and not to the different county programs. To answer, with the same level
of rigor, the question of how differences in implementation strategies affected impacts would have
required sample members to have been randomly assigned to the various counties' programs (or to
different types of treatment, as was done for the Riverside case management experiment). Only in that
way would it have been possible to link with certainty any variation in impacts to those approaches
rather than to other conditions that distinguished the programs.
In the absence of such a design, county comparisons must be interpreted cautiously or they can
lead to misleading conclusions about "what practices work best."31 In particular, judgments must

31Forfurther discussion of this issue in the context of an evaluation of a youth employment program, see
Cave and Doolittle, 1991.

be made about the possible influence of a whole host of factors that might have affected a county's
impacts before drawing any inferences about the role of any specific implementation practices. These
include various characteristics of the local community in which the program was operated, and the
types of individuals the program served. With these limitations clearly recognized, the present report
will offer, in Chapter 8, an update of the 1993 report's analysis of whether implementation strategies
influenced the counties' impacts, taking advantage of the longer period of follow-up that is now
available for the employment, earnings, and welfare data, as well as information from the registrant
survey, particularly on experimental-control differences in the use of employment-related activities.

IX. An Overview of This R e ~ o r t
The next chapter (Chapter 2) discusses the GAIN treatment. It summarizes the key
implementation findings from previous reports and also presents estimates of longer-term participation
in GAIN and non-GAIN activities, using a combination of data sources, including the registrant
survey. In addition, the chapter estimates GAIN's impact on the use of employment-related activities
by comparing experimentals' average number of months of participating in them with the average for
controls (who could enroll in non-GAIN activities in the community on their own). The chapter also
presents new information on experimentals' perceptions of GAIN.
Chapter 3 discusses estimates of the cost of employment-related services provided to
experimentals and controls. For the experimentals, the average costs incurred by the county welfare
agency and by non-welfare agencies (e.g., schools) for GAIN-related activities are isolated from each
other, and from any cons incurred by non-welfare agencies in serving experimentals who enrolled in
education and training activities after leaving welfare or GAIN. The chapter also presents the costs
incurred by non-welfare agencies for providing education and training services to controls (which, by
definition, were outside the GAIN program). It then estimates the "net" cost of all services received
by the experimental group - i.e., the difference between the average total cost per experimental and
the average total cost per control. Chapter 7 will compare this net cost to estimates of the economic
benefits produced by GAIN to assess the program's overall cost-effectiveness.
Chapters 4 and 6 present the three-year impacts of the GAIN "treatment" on registrants'
employment, earnings, and welfare receipt. Chapter 4 presents results for the AFDC-FG group (the
single parents), while Chapter 6 concerns the AFDC-U group (the heads of two-parent families). Past
studies, including the report on GAIN's two-year impacts, have shown that these two groups tend to
have different patterns of labor market and welfare behavior, which produce different patterns of
impacts from welfare-to-work programs.32
Chapter 5 takes a closer look at the employment and welfare experiences of the AFDC-FG
sample, primarily using the registrant survey data. It compares the characteristics of jobs obtained by
experimentals and controls, the job-seeking efforts of experimentals who were not working or were
working only part-time, the reasons nonworkers did not look for work, the reasons some registrants
gave for leaving and returning to welfare, and GAIN's impacts on a variety of noneconomic outcomes
that pertain to registrants' living conditions and quality of life. These analyses will help in interpreting

3 2 ~ e ee.g.,
,
Gueron and Pauly, 1991.

some of the main impact findings reported in Chapter 4 and the benefit-cost findings presented in
Chapter 7.
Chapter 7 presents estimates of the economic benefits of GAIN over the five-year period after
orientation, using a combination of observed and projected estimates. Those benefits are then
compared to what it cost the government (at the federal, state, and local levels combined) to serve
experimentals, producing an estimate, for each county, of the program's cost-effectiveness from the
government's perspective. The chapter also presents estimates of the net economic gain or loss from
the perspective of welfare recipients, and from the perspective of society as a whole.
The report concludes, in Chapter 8, with an assessment of whether differences in the counties'
GAIN registrants, local labor markets, and strategies for implementing GAIN might help to explain
the differences in their three-year impacts and benefit-cost results.

CHAPTER 2
THE GAIN TREATMENT
To interpret the results of the GAIN evaluation's impact and benefit-cost analyses, it is essential
to understand how extensively the experimental group took pan in GAIN activities, which activities
they used most and least often, and how their levels of service use compared to that of controls, who
could seek non-GAIN services on their own. These patterns are a key part of what is meant by the
program "treatment" from the experimental group's perspective; as such, they drive GAIN's costs in
the short run, can influence program impacts on employment and welfare receipt, and help determine
GAIN's cost-effectiveness in the long run. This chapter examines these participation patterns, as well
as key program implementation practices that also shaped recipients' experiences in GAIN.
Earlier MDRC reports on GAIN have described in detail the experimental group's participation
patterns within 11 months after orientation.' Section I of this chapter briefly recaps some of those
findings. Section I1 examines new data on the experimental group's longer-term participation in
GAIN, using several sources, primarily the registrant survey, which (except in Butte)' was
administered two to three years after people attended GAIN orientation and entered the research
sample. This is especially important in view of experimentals' substantial use of education and
training, activities that can last a considerable amount of time. Indeed, earlier reports found that many
participants were still in such activities at the end of the 11-month follow-up period, meaning that 11month estimates of the duration of participation would understate actual longer-term usage. Longer
follow-up is also essential because GAIN's ongoing participation mandate calls for registrants to
participate in employment-related activities as long they continue to receive AFDC payments and,
according to program guidelines, remain capable of participating (program resources permitting). In
theory, therefore, participation could extend over a number of years and, as Chapter 3 will discuss,
a full accounting of the cost of that participation requires that it be measured over several years. For
this study, a period of five years was chosen for estimating the amount of participation (and for
estimating costs and benefits).
Understanding the experimental group's use of employment-related activities is key, but it is
equally important to understand how much (if at all) GAIN increased the level of participation in these
kinds of activities above and beyond what it would have been in the absence of the program. As
discussed in Section 111, GAIN's net effect on participation has been determined by comparing
experimental-control differences in participation in employment-related activities, using registrant
survey data and other information. Understanding the magnitude of any such differences across
various types of activities is crucial: If the control group got about as much of a particular kind of
activity as did the experimental group, that activity - even if experimentals used it extensively - is
unlikely to have contributed much to GAIN's employment and welfare impacts or to have influenced
its benefit-cost results (unless, of course, the quality of the services received by experimentals and
controls was substantially different).

'Riccio and Friedlander, 1992; Martinson and Friedlander, 1994.
'AS noted in Chapter 1, the registrant survey was not conducted in Bune because of the evaluation'
limited survey budget. Thus, some of the participation estimates for Bune included imputations based at leas1
partly on survey data from other counties.

Section IV briefly reviews other implementation findings from earlier reports, which concern
differences in the counties' approaches to operating GAIN, e.g., in the kinds of "messages" staff
emphasized about employment and GAIN's participation obligation, and in the kinds of direct
interactions staff had with registrants. Section IV also presents new data from the registrant survey
on experimentals' perceptions of GAIN, while Section V discusses findings on experimentals' and
controls' views of participation mandates.
As the chapter will show, GAIN did have an impact on the use of employment-related activities,
but it varied across the basic education subgroups and across counties. For AFDC-FG experimentals
determined not to need basic education, the main effect of the program was to increase the receipt of
job search services and, in some counties, vocational training and post-secondary education.
(Alameda's impacts on the latter set of activities are particularly noteworthy.) For AFDC-FG
experimentals in the subgroup determined to need basic education, GAIN produced an increase in
participation in job search and basic education (ABEIGED and ESL classes).
It must be stressed that the descriptions of county practices contained in this report are based
on information collected no later than mid-1991, and prior to that in most cases. This is the relevant
information for describing the "treatment" experimentals got. However, the information may not
necessarily portray the counties' current modes of operating GAIN. All of the counties have continued
to revise their implementation strategies as they have acquired more experience in operating this very
complex welfare-to-work initiative, and in response to changing funding circumstances.

I.

Exaerimentals' Partici~ationin GAIN Activities Within 11 Months After orientation3

Table 2.1 presents the findings on AFDC-FG experimentals' use of GAIN activities within the
first 11 months after orientation, based on data collected directly from county casefile records. As the
table shows, more than half of the group in five of the six counties participated in a GAIN job search,
~
rates in these counties ranged from 51 percent in Los
education, or training a ~ t i v i t y . Participation
Angeles to 63 percent in Alameda. The sixth county - Butte - had a markedly lower rate (43
percent), partly because it delayed assigning orientation attenders to case managers in order to limit
the size of case managers' caseloads while still including as many people as possible in orientation and

'This section is adapted from a previous report (Friedlander, Riccio, and Freedman, 1993).
4There are many ways to defme and measure participation in welfare-to-work programs. The participation
tables in this section of the chapter use a fairly simple indicator, defining "participation in any GAIN activity"
as ever entering a job search, education, or training activity within the 11 months following each person's
GAIN orientation meeting, which was also when random assignment took place. Registrants were counted
as having "ever participated" if they attended a GAIN activity at least once, although most orientation
attenders stayed much longer than this. GAIN activities include those to which individuals were referred by
program staff as well as those that were "self-initiated." (As noted in Chapter 1, the latter were activities that
welfare recipients had already started before entering GAIN and were allowed to pursue as a way of meeting
GAIN's participation requirement.) Orientation, assessments, appraisals, or meetings with case managers were
not counted as participation. This definition differs substantially from the one embodied in the federal
regulations for the JOBS program but is consistent with MDRC's other reports on GAIN and its earlier reports
on other welfare-to-work initiatives.

TABLE 2.1
RATES OF PARTICIPATION I N GAlN ACTIVITIES AMONG AFDC-FG EXPERIMENTALS
WITHIN 11 MONTHS AFTER ORIENTATION
Sample and
Participation Status

Alameda

Butte

Los
Angeles

Riverside

San Diego

58.1

66.1

72.1

1545

149

136

Tulare

All experimentals
Ever participated in any GAlN
activity, excluding appraisal
and assessment (56)
Ever deferred (%)
Ever participated in any GAlN
activity or deferred for part-time
employment (%)
Ever participated in (%)
Job search
Basic education (b)
GED
ABE
ESL
Self-initiated activity
Assessment
Post-assessment activity
Any education or
training activity

13.6
23.9
2.0
3.2 (c)
16.4
17.3 (C)

72.4 (a)

8.0
4.0
3.0
10.0
11.5
4.0

Experimentals who started
a&GAIN
activParticipated in (%)
Job search
Basic education (e)
Self-initiated activity
Post-assessment activity
Any education or
training activity
Sample size

380

85

137

SOURCE: Calculations using data from the MDRC participant flow study.
NOTES:

Distributions may not add to 100.0 percent because of rounding.
A chi-square test was applied to differences across counties. Statistical significance levels are indicated as
*** = 1 percent: ** = 5 percent; ' = 10 percent.
(a) A test of statistical significance was not performed.
(b) Subcategory percentages may not add to the category percentage because participation in more than one
component of basic education was possible.
(c) Alameda registrants already in vocational education at orientation were coded as participating in vocational
education instead of in set-initiated vocational education. This policy causes the post-assessment activity percentage, which
includes vocational education, to be higher and the self-initiated activity percentage to be lower than if the coding had been
consistent with that in the other counties.
(d) This sample includes only those experimentals who ever participated in any GAlN activity, excluding appraisal
and
-. .- assessment
-- .--- . . .-....
(e) GED preparation. ABE, and ESL.

appraisal sessions. This waiting period usually lasted several months and delayed referral to the
experimentals' first activity.5
While a substantial portion of the orientation attenders - ranging from 37 to 57 percent - did
not participate in a GAIN activity, almost all of the nonparticipants were people who were not required
to participate in GAIN activities by the end of the 11-month follow-up period. The vast majority (80
to 100 percent) of the nonparticipants were either no longer enrolled in the program (i.e., they were
"deregistered") because they had gotten a full-time job, left welfare, were sanctioned, or met other
specific criteria, or were temporarily excused from participating (i.e., they were "deferred") because
of part-time employment, illness, or other r e a s ~ n s .Table
~
2.2 shows how frequently registrants were
deferred for various reasons. The most common deferral reasons were: pan-time employment, a
medically verified illness, and a "severe family crisis." Interestingly, as shown in the top panel of
Table 2.1, if pan-time employment were counted as an "activity," the "ever participated" rate would
climb to as high as 72 percent (in San Diego and Tulare).
Table 2.1 displays the incidence of participation in each GAIN activity, calculated in two ways.
The top panel presents these rates for all experimentals, including those who never started an activity.
This approach is helpful for understanding the extent to which the entire sample received particular
kinds of services. The bottom panel presents several participation rates for only those experirnenrals
who ever participated in any GAIN activity. The latter measure is useful for comparing the mix of
services among those who used these services.
As Table 2.1 shows, job search, basic education, and self-initiated programs7 were the most
heavily used activities in GAIN during the 11-month follow-up period, as would be expected given the
GAIN model's particular service sequences (see Chapter 1). Within this time period, a much smaller
proportion of experimentals had entered post-assessment activities, e.g.. vocational skills training, postsecondary education, and unpaid work experience (PREP).'
Another measure on Table 2.1 combines all classroom-based education and training into a single
category, "any education or training activity." This measure includes participation in basic education,
self-initiated education and training, and post-assessment education and training. It excludes
participation in on-the-job training (OJT) and PREP activities, both of which entail performing a job
rather than classroom training; it also excludes participation in job search activities. The table shows

'Butte administrators set a limit of about 75 GAIN registrants per case manager, while still scheduling for
orientation all welfare applicants and recipients who met GAIN'S eligibility requirements. Because the rate
of intake into GAIN exceeded the capacity set for case managers, experimentals who attended orientation were
routinely placed on a waiting list for assignment to a GAIN case manager and were not contacted by the GAIN
staff until a case manager slot became available.
%ee Riccio and Friedlander, 1993, p. 27.
'With few exceptions, self-initiated activities involved vocational skills training and not basic education.
8The counties varied significantly in the proportion of registrants using particular components.
Experimentals in Butte, Riverside, and San Diego used job search activities at a higher rate than any other
single activity. Basic education was the second most commonly used GAIN activity in those counties. Just
the opposite pattern occurred in Alameda, Los Angeles, and Tulare, where basic education was the leading
GAIN component, followed by job search. (However, among those determined to need basic education, it
was somewhat or much more commonly used than job search in all six counties.)

TABLE 2.2
PATERNS OF DEFERRAL FROM GAIN PARTICIPATIONAMONG AFDC-FG EXPERIMENTALS
WITHIN 1 1 MONTHS AFTER ORIENTATION
Sample and
Deferral Status

Alameda

Butte

LOS
Angeles

Ever deferred (%)

46.2

31.5

48.9

48.0

64.4

53.3"*

Reason for first deferml (%)
Employed 15 to 29 hours per week
Medically verified illness
Severe familv crisis
No transpori?tion
No child care
Emotional or mental problems
Legal difficulties
Alcoholism or drug addiction
Other reasons

8.5
11.8
13.8
1.2
1 .O
3.3
1.5
2.2
3.0

11.5
3.5
4.5
4.0
0.5
1 .O
1.5
1 .O
4.0

8.5
21.6
9.7

2.0
0.5
I .2

13.3
13.7
8.9
1.2
0.0
4.4
2.4
1.2
2.9

19.8
16.2
16.2
1.2
0.4
2.4
2.4
0.0
5.6

17.3 ***
9.8 *"
10.2 *'*
6.2 (a)
0.9 (a)
i .a iaj
1.3(a)
1.8 (a)
4.0 (a)

Sample size

602

200

18.3
25.5
29.9
2.5
2.2
7.2
3.2
4.7
6.5
100.0

36.5
1 1 .I
14.3
12.7
1.6
3.2
4.6
3.2
12.7
100.0

17.4
44.1

27.7
28.6

30.8
25.2

32.5 (a)
18.3 (a)

Riverside San Diego

Tulare

All experirnentals

1.1

3.3

I .o

Experirnentals who were ever deferred
Reason for first deferral (%)
Employed 15 to 29 hours per week
Medically verified illness
Severe family crisis
No transportation
No child care
Emotional or mental problems
Legal difficulties
Alcoholism or drug addiction
Other reasons
Total
Sample size

278

2.5 iaj
3.3 (a)
7.5 (a)
100.0

63

SOURCE: Calculations using data from the MDRC participant flow study.
NOTES:

***

Rounding may cause slight discrepancies in calculating sums and averages.
A chi-square test was applied to differences across counties. Statistical significance levels are indicated as
= 1 percent; " = 5 percent; = lo percent.
(a) A test of statistical significance was not performed.

that "any education or training activity" was used by 28 percent (Butte) to 53 percent (Alameda) of
all experimentals within the 11-month follow-up period.
Looking just at those experimentals who entered any GAIN activity (i.e., the GAIN
participanrs), it is evident that education and training characterized the program treatment most
strongly in Alameda, Los Angeles, and Tulare, where 81 to 85 percent received such services (mostly
basic education). These activities were less common - although still used by a majority of
participants - in Butte, Riverside, and San Diego, where 60 to 68 percent took pan in them.9 In
other words, across all six counties, no fewer than 60 percent of experimentals who took part in any
GAIN activity participated in education and training, either in addition to or instead of job search
activities.
The overall participation experiences of AFDC-U and AFDC-FG experimentals were roughly
similar. From 36 to 66 percent of the AFDC-U group participated in a GAIN activity. (See Appendix
Table C. 1.) These rates are close to those observed for the AFDC-FGs, although the county-bycounty patterns were not always consistent for the two groups.
Differences between the AFDC-U and AFDC-FG groups were more likely to be found in their
use of particular GAIN activities. The AFDC-U group was somewhat more likely than the AFDC-FG
group to enter basic education (particularly English as a Second Language) and considerably less likely
to be in self-initiated activities. In part, the greater use of basic education by the AFDC-Us reflects
their greater likelihood of being determined to need this service. Compared to the AFDC-FG sample,
the AFDC-U group, which included a higher proportion of Asian refugees, more often had a limited
knowledge of English, although other reasons may also have contributed to their higher participation
in basic education.
As will be discussed below, lengthening the follow-up period and including participation in nonGAIN (i.e., post-GAIN) activities as well as GAIN activities increased the ever participated rate by
only small amount for most activities. The vocational training and post-secondary education category
is the main exception to this pattern.

11.

Experimentals' Partici~ationRates and Leneth of Stav in Emplovment-Related Activities
Within the Five Years After Orientation

As mentioned at the outset of this chapter, GAIN'S ongoing participation mandate and
experimentals' wide use of potentially long-term education and training activities make it important to
estimate participation over more than just a year. For this evaluation, participation rates and the
duration of participation were estimated within the five years after orientation to capture continuing
or repeated spells of participation. Five years was the period chosen for several reasons. Most

he county differences in these participation panems partly reflect differences in the types of welfare
recipients enrolled in GAIN (such as the proportion who were determined to need basic education), registrants'
own preferences for types of services, and various implementation strategies and conditions. See Riccio and
Friedlander, 1992, Chapters 2 and 3.
'Vhus, the other 15 to 40 percent of those starting a GAIN activity took pan in job search andlor (in a
small number of cases) PREP or OJT.

important is that this was the period used in estimating GAIN's costs and benefits, as discussed in
Chapters 3 and 7. Because the rate and duration of participation in employment-related activities affect
average program costs and can also affect the earnings, welfare, and other impacts used in estimating
economic benefits, it is essential to try to capture all participation that occurs within the time frame
used for comparing benefits to costs. (Five years is also used by MDRC's past benefit-cost studies
of welfare-to-work programs.) Another consideration was the varying amounts of follow-up data
across counties. To make fair comparisons of county participation findings and costs, a common time
frame must be used for each county, and it must be sufficiently long to ensure that the participation
estimates are not being seriously truncated in any of them." Relying upon a five-year period for
estimating participation in all six counties helps to minimize that risk.
The longer-term participation estimates are intended to capture all participation by experimentals
in employment-related activities, including those used in meeting the GAIN program's participation
obligation as well as any that experimentals entered on their own, after leaving welfare and the GAIN
program. Participation in "non-GAIN" activities is included because, theoretically, that type of
participation could be affected by the GAIN program and, in turn, could influence an experimental's
longer-tern employment prospects and the program's future impacts and benefit-cost results. For
example, GAIN's basic education activities might help prepare some registrants to enter vocational
training and post-secondary education, and they might be more inclined to do so, even after leaving
welfare, than they would have had they never participated in GAIN. Or, conversely, GAIN may
reduce some registrants' interest in or need for attending (non-GAIN) employment-related activities
after leaving welfare. These kinds of effects, if there are any, could have important implications for
the overall use of government resources as well as for experimentals' future labor market and welfare
experiences. Because they could influence GAIN's benefit-cost results, it is essential to estimate them.
A. Estimation Procedures
For each major type of employment-related activity (such as job search, basic education,
vocational training, and post-secondary education), the five-year length of participation estimate for
experimentals has four key elements. As depicted in Figure 2.1A. the participation could have
occurred through the GAIN program (boxes 1 and 2). or it could have taken place after a person left
welfare and hence was no longer associated with the GAIN program. For example, a former registrant
might have enrolled herself in a community college training class a year after leaving welfare; this
would be defined as "non-GAIN" participation, and would be reflected in boxes 3 and 4. Moreover,
the participation - whether GAIN-related or non-GAIN - could have occurred within the first two
to three years after orientation (i.e., the period covered by the registrant survey, as reflected in boxes
1 and 3), or it could have taken place after the end of the survey period through the fifth year after
orientation (i.e., the "post-survey" period, as reflected in boxes 2 and 4), or it could have occurred
during both periods. For the purposes of this study, all such participation is relevant. Thus, the
individual estimates per experimental for each of these four building blocks were summed to get an

"If, for example, many registrants were still participating in GAIN activities at the end of the two- to
three-year survey follow-up period (as was found to be the case in Alameda), counting only the participation
observed during the survey period could distort any comparisons of the duration of participation across the
counties and result in costs being underestimated wherever participation estimates were artificially truncated.

FIGURE 2.1
DURATION OF PARTICIPATION IN EMPLOYMENT-RELATED ACTIVITIES
WITHIN FIVE YEARS AFTER GAlN ORIENTATION

A. Average duration of participation per experimental =
I

GAIN, Survey Period

GAIN, PostSurvev Period

Months of GAlN
participation during
the two- to three-year
registrant survey
follow-up period
(estimated from county
casefile and registrant
survey data)

Months of post-survey
GAlN participation
(estimated from a
special study using
county casefile pointin-time participation
data and longitudinal
AFDC records)

+

Non-GAIN,
Survev Period

Non-GAIN,
Post-Survey Period

Months of non-GAIN
participation during
the two- to three-year
registrant survey
follow-up period
(estimated from
registrant survey datal

Months of post-survey
non-GAIN participation
lprojected from
registrant survey
data)

B. Average total duration of participation per control =
Non-GAIN,
Survey Period
Months of participation
in community-provided
Inon-GAIN) activities
during the two- to
three-year registrant
survey follow-up period
(estimated from registrant survey datal

I

Non-GAIN,
Post-Survey Period

Months of post-survey
participation in
community-provided
(non-GAIN1 activities
(projected from
registrant survey
data)

estimate of the average duration of GAIN and non-GAIN participation within the full five-year period
after orientation. l2
The remainder of this chapter focuses on findings for AFDC-FGs. However, some of the tables
include results for AFDC-Us.

B. Results for AFDC-FG Ex~erimentals
The top panel of Table 2.3 shows the estimated participation rate per experimental, by type of
activity, for the two- to three-year survey follow-up period. (Because of the kinds of data available and
the use of different samples, a five-year participation rate could not be estimated without the risk of
overestimating the percentage of experimentals who participated in a given type of activity. However,
this was not a problem when estimating the average number of months of participation over a five-year
period.)13 The table indicates that, across the six counties, about 29 percent of AFDC-FG
experimentals participated in job search activities, and about the same proportion took pan in
ABEIGED activities. Only about 7 percent took pan in ESL activities. It is noteworthy that the
county-by-county results for these activities were not much higher than the 11-month follow-up results
(based on casefile data alone) presented in Table 2.1. This means that most of the experimentals who
started job search or ABEIGED and ESL classes did so through the GAIN program and within the first
year after orientation.
As expected, the participation rate for vocational training or post-secondary education activities that, if not started as upfront self-initiated activities, come later in the GAIN model's service
sequence - climbed more over time (i.e., from the 11-month follow-up figures shown in Table 2.1
to those shown on the top panel of Table 2.3) than did the rate for job search and basic education
activities. The rate ranged from 14 percent of experimentals in Los Angeles to 35 percent in San

IZIn making these estimates, the analysis followed several basic principles: It relied more heavily on
county casefile data to estimate the rate of the experimental group's participation in GAIN activities, but on
the survey to estimate participation (by experimentals and controls) in non-GAIN activities. It also relied more
heavily on the survey to estimate the duration of participation among those starting an activity (whether it was
a GAIN or a non-GAIN activity). Special point-in-time participation data provided by the county welfare
departments, which indicated a sample member's probability of participating in a specified GAIN activity on
a specified day if she were receiving AFDC in the same month, were used in combination with administrative
records data on the research sample's long-term use of AFDC to estimate post-survey participation in GAIN
activities. Post-survey participation in non-GAIN activities was projected based on eadier patterns of
participation and the assumption that all non-GAIN participation by both experimentals and controls declined
steadily and ended by the end of the five-year period.
13There is also some risk of overestimating participation rates within the two- to three-year survey followup period. However, this is probably less of a risk for job search and basic education activities since, given
GAIN'S activity sequencing rules, most first-time participation in those activities probably occurred within the
first two to three years. Data from the registrant survey also support this conclusion by showing that hardly
any respondents participated in GAIN and non-GAIN job search or GAIN and non-GAIN basic education.
There was a slightly higher chance of double-counting the rate of ever participating in vocational education
or training activities, and so a minor adjustment was made in this category of activities to minimize this
problem. All in all, while not exact, the estimated participation rates presented in Table 2.3 are unlikely to
have been distorted by the risk of double-counting during the survey period.

TABLE 2.3
LONGER-TERM PARTICIPATION PATERNS IN EMPLOYMENT-RELATED ACTlVlllES
(GAIN AND NON-GAIN) AMONG AFDC-FG AND AFDC-U EXPERIMENTALS
AFDC-FGs
Sample and
Outcome

All
Tulare Counties

AFDC-Us (b)
All
Counties

Alameda Buttela)

Los
Angeles

Riverside

San
Diego

32.2
42.3
3.2

nla
nla
nla

14.0
27.2
13.3

38.0
20.7
6.7

34.0
18.1
5.2

24.2
36.9
6.7

28.5
29.0
7.0

24.9
18.8
16.7

28.4
2.4
0.0

nla
nla
n/a

13.5
0.0
0.0

26.8
0.0
0.8

34.8
2.0
3.7

28.6
0.7
0.3

26.4
1.0
I.o

14.2
0.8
0.2

1.6
7.9
12.5

n/a
n/a
n/a

1.7
9.9
8.1

1.9
4.6
4.6

2.2
5.0
5.0

1.9
9.0
10.3

1.9
7.3
8.1

2.0
7.2
7.2

10.8
3.3

nla
nla

--

9.5

--

8.3

8.6
1.5

9.2
2.9

9.3
2.6

8.9
2.5

0.7
4.3
0.4

0.7
1.7
0.9

0.8
2.9
1.4

1.O
1.3
0.5

1.O
1.I
0.4

0.6
3.7
1.2

0.8
2.5
0.8

0.8
1.7
1.6

4.5
0.3

3.2
0.3

1.9
0.0

2.6
0.1

3.8
0.5

3.4
0.0

3.2
0.2

1.9
0.2

602
335

200

3013
223

248
674

247
337

225
356

4535
1925

1255

All experimentals
Ever participated wrthin two to
three years after orientation in (%)
Job search
ABEIGED
ESL
Vocational training or
post-secondary education
Unpaid work experience
OJT
Experimentals who started
speclf~edactivities within
G o to three years
after orientation
Average number of months
participating wrthln two to three
yean after orlentatlonin
Job search
ABEIGED
ESL
Vocational training or
post-secondary education
Unpaid work experience
All experimentals
Average number of months
participating withln five years
after or~entation
in
Job search
ABEIGED
ESL
Vocational training or
post-secondary education
Unpaid work experience
Sample size
Program tracking data
Registrant survey data

n/a

--

SOURCE: Calculations using data from the MDRC participant flow study and the GAIN registrant survey
NOTES:

Participation is defined as number of months with any participation.
In the all-county averages, the results for each county are weighted equally
Where data are not available. "nla" is used.
Where data are not applicable, dashes are used.
The results snown In the second panel of the table were calculated by dlvm ng the average numoer of montns
partlclpatlng in a glven actlvlty wthm Wo to tnree years after orlentatlon among all reg strants by tne percentaae
- of
registrants who reported participating in that activity within the two to three ye& a& orientatidn.
(continued)
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TABLE 2.3 (continued)
Estimates for exDerimentals are based on data from several sources, including county casefile records (i.e.,
program track~ngoata) from tne MDRC partlclpant flow s t ~ o ytne
. GAIN registrant surve~(wh.chcoveredfrom 26 to 37 montns
after orrentaton on average depend~ngon tne co~nty)polnt- n-tlme parttc.patton data from the survey an0 county records
and lnformat~onon the lengtn of t~meexperlmentals recelveo AFDC oJrlng tne folbw- Jp per~od
Tests of statlsbca s~an~f~cance
of tne d~tferences
across countles were nor performeo
Rounding may cause slight discrepancies in calculating sums and averages.
(a) Because the registrant survey was not conducted in Butte, some components of the duration of participation
measures were imputed f r o m s u ~ e
data
~ from the other counties.
(b) The AFDC-U sample does not include any registrants from Alameda. Also, because the registrant survey
included only a small number of AFDC-U registrants in each county, participation estimates for this group include imputations
based on AFDC-FG survey and casefile data, as well as AFDC-U casefile data.

~ i e g 0 . lHowever,
~
unpaid work experience (PREP) and OJT positions were still used by only a
small proportion of experimentals within the two- to three-year follow-up period.
The middle panel of Table 2.3 shows the estimated average duration of participation per
experimental who started a specified activity during thar two- to three-year period. Duration is defined
here as the average number of months in which a person participated for some hours." Among the
six counties, participation in ABEIGED (which was almost entirely GAIN-related) was notably longer
in Alameda, Los Angeles, and Tulare. Also noteworthy is the relatively long length of stay in
vocational training or post-secondary education among experimentals who started such activities,
ranging from 8 months per participant in Riverside to almost 11 months in Alameda.
The bottom panel of Table 2.3 presents the estimated length of stay in activities averaged across
all experimentals over the five years since orientation. (It is important to note that because these
estimates are expressed per experimental, they include a zero value for people who never took part
in a given activity. When estimated this way, the results can be compared, as they are below, to the
average length of participation per control to determine GAIN'S impact on the use of employmentrelated services - an impact that will affect the experimental-control differences in costs and, in turn,
the program's overall cost-effectiveness.) Of the six counties, Alameda had the longest average length
of stay in ABEIGED activities (4.3 months per experimental) and in vocational training or postsecondary education (4.5 months per experimental). These patterns reflect that county's combination
of comparatively high participation rates per experimental and longer lengths of stay among those
starting the activities - patterns that were already evident in the first two to three years of follow-up,
as indicated in the first two panels of Table 2.3. The duration of participation in ABEIGED activities
was also relatively long in Tulare (3.7 months per experimental). Among the other counties,
experimentals in Butte, Riverside, and San Diego had the lowest average number of months
participating in ABEIGED (1.1 to 1.7 months), and those in Los Angeles had the lowest average
number of months participating in vocational training and post-secondary education. Overall, however,
the substantial use of education and training services in all counties has important implications for
program costs, as Chapter 3 will show.I6
It was mentioned previously that, in all counties, participation in job search and basic education
activities occurred almost entirely while experimentals were enrolled in the GAIN program. However,
as Figure 2.2 illustrates, the story was different for vocational training and post-secondary education.
In the top graph, the full bar for each county depicts the average number of months in those activities.
The shaded portion of the bar represents the average number of months of participation while
experimentals were enrolled in GAIN, while the white portion reflects participation (often by different
individuals) in non-GAIN (i.e., post-GAIN) activities of this type (e.g., after leaving AFDC).

I4For an approximation of the change in usage over time, the vocational training participation rates in
Table 2.3 can be compared to the sum of the rates of participation in self-initiated and post-assessment
activities in Table 2.1. This sum is 21 percent in Alameda, 14 percent in Butte, 7 percent in Los Angeles,
16 percent in Riverside, 24 percent in San Diego, and 17 percent in Tulare.
"This definition was used in order to be consistent with the general approach that was considered most
appropriate for measuring participation for the cost analysis presented in Chapter 3.
16Thesurvey indicates that participants in basic education classes in Los Angeles were scheduled to attend
those classes fof more hours per week than were participants in most of the other survey counties, resulting
in more total hours of participation and contributing to that county's relatively high cost of basic education.

FIGURE 2.2
DISTRIBUTION OF LENGTH OF STAY IN VOCATIONAL TRAINING
OR POST-SECONDARY EDUCATION PER AFDC-FG EXPERIMENTAL,
WITHIN FIVE YEARS AFTER GAlN ORIENTATION
A. Estimated Average Number of Months Participating in GAlN vs.
Non-GAIN Vocational Training or Post-Secondary Education, per Experimental

Alameda

Butte

Los Angeles

Riverside

San Oiego

Tulare

Counties

6.Estimated Average Number of Months Participating in Vocational Training
or Post-Secondary Education Within the Two- to Three-Year Registrant Survey
Follow-up Period vs. the Post-Survey Follow-up Period

.

Counties
f+?q

Two- to Three-Year
Follow-Up Period

SOURCE AND NOTES: See Tables 2.4 and 2.7.

Two- to Three-Year
Post-Survey Follow-Up Period

It is readily apparent from the size of the white portion of the bars that participation in nonGAIN vocational training and post-secondary education constituted a substantial share - from 16
percent in Alameda to 45 percent in San Diego - of the total number of months of participation in
those activities per experimental. GAIN was not the only route to training for experimentals. This
is one reason why resources other than those commanded directly or indirectly by the welfare
department for GAIN registrants must be considered (as they are in Chapter 3) in estimating the
average total cost of providing employment-related services to the experimental group.
When the bars for each county are compared, Alameda stands out. In that county, GAINrelated participation in vocationally oriented activities (the shaded portion of the bar) accounted for the
same or more months of participation than the combined GAIN and non-GAIN participation in the
other counties.
The bottom panel of Figure 2.2 illustrates an important point about the timing of participation
in vocational training and post-secondary education. In that graph, the shaded portion of each bar
represents participation in vocational training or post-secondary education initiated during the two- to
three-year survey follow-up period, while the white portion reflects participation in the post-survey
period. In all counties, the shaded portion of the bar predominates, accounting for about 69 percent
of the total months spent in such activities in Alameda to about 85 percent in Riverside. As will be
discussed further in Chapter 3, this implies that most of the cost of these activities was incurred within
about the first half of the five-year time horizon (as was true to an even greater degree for the other
activities).

111.

The Impact of GAIN on Participation in Em~lovment-RelatedActivities Within the Five
Years After Orientation
A. Participation Patterns Amone AFDC-FG Controls

The registrant survey was used to estimate participation in employment-related activities among
controls within two to three years after orientation; for the post-survey period, projections had to be
made, based on the proportion of controls still participating in activities at the time of their survey
interview. (Because the survey was not conducted in Butte, and the survey data on the small control
group survey sample in Los Angeles were not considered reliable, alternative procedures that drew
upon the survey findings in the other four counties had to be used for these two counties.)17 Of

17The average length of stay in each activity among controls in Butte and Los Angeles was approximated
from patterns of control group behavior in the other four counties, but adjusted to reflect, among other
conditions, the very high representation in Los Angeles of registrants determined to need basic education, and
the much lower representation of that population in Butte. Since the average length of stay per control group
member varied so little across the other four counties (see the bottom panel of Table 2.4), the imputed
estimates for Butte and Los Angeles can be viewed as quite reasonable approximations. It is also noteworthy
that the resulting estimates for controls in Los Angeles are very close to the participation rates found for
controls on the registrant survey itself. (See Appendix Table C . 2 . ) Although neither of these approaches for
estimating controls' participation patterns in Los Angeles are ideal, the fact that they each yield similar
estimates reinforces the conclusion that the estimates presented in Table 2.4 for Los Angeles are indeed
reasonable.

course, by definition, all participation by the control group was non-GAIN participation. The results
are presented in Table 2.4.
It is noteworthy that the control group's participation was substantial, but concentrated mostly
in vocational training and post-secondary education. Indeed, for all counties combined, only about 4
percent of AFDC-FG controls participated in job search activities within the two- to three-year survey
follow-up period; 5 percent participated in ABEIGED courses; 3 percent participated in ESL courses;
and even fewer took part in unpaid work experience and OJT assignments. However, about 23 percent
of the controls took part in vocational training or post-secondary education.'' At the same time,
except in Riverside, controls who started such activities tended to remain in them for a shorter period
of time than did experimentals who started them. (Compare the middle panel of Table 2.4 to that of
Table 2.3.)

B. Exverimental-Control Differences in Particiaation
Table 2.5 directly compares the percentage of AFDC-FG experimentals and controls who
participated in any employment-related activities (counting GAIN and non-GAIN activities for
experimentals) within the two- to three-year survey follow-up period. The difference in these rates
represents the "impact" of GAIN, which tells how much experimentals' participation changed
compared to what it would have been in the absence of GAIN." As the table shows, GAIN's impact
on participation rates was largest for job search activities (25 percentage points for all counties
combined) and ABEIGED (24 percentage points). The program had little overall impact (3.3
percentage points) on the percentage ever participating in vocational training or post-secondary
education.20
Table 2.6 presents GAIN's impacts on the average number of months of participation in each
activity, using data covering the full five-year period. (As previously explained, the averages per
experimental and per control are lower than the averages per panicipanr in each group because they
include zero months of participation for those who never started a specified activity.) As the table
shows, impacts are evident on this measure for all activities, but they are larger in some counties than
others, depending on the activity. GAIN's effects on the average length of stay in ABEIGED activities

'In part, this pattern may reflect a greater availability of vocational training and post-secondary education
in the community, but controls may have also preferred these types of activities more than the others.
'%ecause these impacts were based on measures constructed from several data sources, it was not possible
to test their statistical significance.
'O~ppendixTable C.2 shows the estimated impact of GAIN on all activities, using the survey data alone,
rather than following the preferred general principle described previously: relying more heavily on county
casefile data to measure participation rates in GAIN activities among experimentals and survey data for
estimating non-GAIN participation among experimentals and controls. An assessment of the quality of these
survey data found that participation in GAIN job search and basic education activities had been underreported,
which was one reason for the decision to rely more heavily on casefile data in estimating the rate of
experimentals' participation in GAIN activities. It should also be noted that the survey sample does not
completely match the participant flow sample for whom casefile data were collected for experimentals.
Relying on the survey data alone for estimating GAIN's impacts would have resulted in estimating notably
smaller effects on job search and basic education but somewhat larger effects on the use of vocational training
and post-secondary education.

TABLE 2.4
LONGER-TERM PARTICIPATION PATTERNS IN EMPLOYMENT-RELATED ACTIVITIES
AMONG AFDC-FG AND AFDC-U CONTROLS

Sample and
Outcome

AFDC-FGs
Los
Alameda Butte (a) Angeles (b) Riverside

San
Diego

AII

Tulare Counties

AFDC-Us (c)
All
Counties

All controls
Ever panlctpateo witntn two to
tnree years after orrentatton n (%J
~.
~obsearch
ABEIGED
ESL
Vocational training or
wst-secondary education
unpaid work experience
OJT

4.2
6.9
0.4

nla
nla
nla

4.2
5.8
2.8

1.4
4.8
4.4

7.8
4.4
2.8

1.7
5.3
4.2

3.9
5.4
2.9

2.7
3.6
7.8

23.1
0.6
0.3

nla
nla
nla

10.8
0.6
0.7

28.6
0.6
0.8

31.8
1.2
0.8

21.2
0.8
I.I

23.1
0.8
0.7

12.4

348

nla

--

342

336

363

1389

--

Controls who started
specified activities within
two t o three years
after orientation
Average number of months
participating within two to three
vears after orientation in
Job search
ABEIGED
ESL
Vocational training or
post-secondary education
Unpaid work experience
All controls
Average number of months
participating within five years
after orientationin
Job search
ABEIGED
ESL
Vocational training or
post-secondary education
Unpaid work experience
Sample size
Registrant survey data

SOURCE: Calculations using data from the MDRC participant flow study and the GAIN registrant survey
NOTES:

Participation is defined as number of months with any participation
In the all-county averages, the results for each county are weighted equally.
Where data are not available, "nla" is used.
Where data are not applicable, dashes are used.
The results shown in the second panel of the table were calculated by dividing the averaae number of months
of
panlclpatlng .n a glven actwlty Wdnm two lo three years after ordentatlon among at. reg scants ~y tn;percentage
registrants wno reported part c~patlngIn tnat acttvlly wttn n tne two to three years after or,entat,on
(continued)

TABLE 2.4 (continued)
The follow-up period for the survey ranged from 26 to 37 months, on average, across the five counties where the
registrant survey was conducted.
Estimates for controls are based on data from the registrant survey and projections for the post-survey period
'Vocational trainina
- or, wst-secondarv education" includes a small DroDoltlon of individuals who attended
hlgh school
Tests of statlsbcal slanlflcance of the dtferences across countles were not performed
Ro~ndlngmay c a ~ s e
sllgnt ascrepancles in c a b atlng sdms and averages
(a) Beca~se
the realstrant survev was not cona~ctedin B ~ n esome
.
components of tne aural on of panc pat on
measures were imputed from>urvey data fiom the other counties.
(b)An analysis of response patterns to the survey in Los Angeles revealed that the earnings and AFDC payments
during the follow-up period of controls who responded to the survey differed markedly from those of controls who did not
respond to the survey. For this reason, for all survey-based measures for the participation calculations, control group
estimates in Los Angeles were imputed from data on controls' participation patterns in Alameda. Riverside. San Diego, and
Tulare.
(c) The AFDC-U sample does not include any registrants from Alameda. Also, because the registrant survey
included only a small number of AFDC-U registrants in each county, participation estimates for this group include imputations
based on AFDC-FG survey data.

TABLE 2.5
GAIN'S ESTIMATED IMPACTS ON THE PERCENTAGE OF REGISTRANTS WHO EVER PARTICIPATED
IN EMPLOYMENT-RELATED ACTIVITIES WITHIN TWO TO THREE YEARS AFTER ORIENTATION
AFDC-FGs
Outcome and
Research Group

Alameda

Los
Angeles

2.4
0.6
1.8

0.0
0.6
-0.6

0.0
0.6
-0.6

0.0
0.3
-0.3

0.0
0.7
-0.7

602
n/a

335
348

AFDC-Us (a)
All

Tulare

All
Counties

2.0
1.2
0.8

0.7
0.8
-0.1

1 .O
0.8
0.3

0.8
0.8
0.0

3.7
0.8
2.9

0.3
-0.8

1 .O
0.7
0.2

3013

248

247

225

4335

1255

n/a

nla

n/a

n/a

n/a

n/a

223

674
342

337
336

356
363

1925
1389

---

Riverside San Diego

Ever participated in job search
Experimentals (56)
Controls (%)
Difference
Ever participated in ABE/GED
Experimentals (%)
Controls (%)
Difference
Ever participated in ESL
Experimentak (%)
Controls (%)
Difference
Ever participated in vocational
training or post-secondary
education
Experimentals (%)
Controls (%)
Difference
Ever participated in unpaid
work experience
Expermentals (%)
Controls (%)
Difference
Ever participated in OJT
Experimentals (%)
Controls (Oh)
Difference
Sample sizes
Program tracking data
Experimentals
Controls
Registrant survey data
Exper~mentals
Controls

--

1.1

SOURCE: See Tables 2.3and 2.4.
NOTES:

See Tables 2.3and 2.4
Tests of statlsbcal slgnlf~canceof tne dtlerences between research groups were not performea
(a] The AFDC-, sample does not mclude any registrants from Alameoa

TABLE 2.6
GAIN'S ESTIMATED IMPACTS ON THE NUMBER OF MONTHS PARTICIPATING IN
EMPLOYMENT-RELATED ACTIVITIES WITHIN FIVE YEARS AFTER ORIENTATION
AFDC-FGs
Outcome and
Research Group

All
Count~es

AFDC-Us (a)
All
Countles

Alameda

Butte

Los
Angeles

Average number of months
in job search activities
Experimentals
Controls
Difference

0.7
0.2
0.5

0.7
0.2
0.5

0.8
0.2
0.6

1.O
0.1
0.9

1.O
0.4
0.6

0.6
0.0
0.6

0.8
0.2
0.6

0.8
0.1
0.7

Average number of months
in ABUGED
Experimentals
Controk
Difference

4.3
0.6
3.7

1.7
0.4
1.3

2.9
0.5
2.4

1.3
0.4
0.9

1.I
0.5
0.6

3.7
0.4
3.3

2.5
0.4
2.1

1.7
0.3
1.4

Average number of months
in ESL
Experimentals
Controls
Difference

0.3

0.7

1.2

0.4

0.2

0.7

0.6

1.I

0.3

0.3

0.0

0.1

0.5

0.0

0.2

0.2

602

200

3013

248

247

225

4535

1255

nla

n/a

n/a

nla

n/a

n/a

nla

nla

335
348

nla
n/a

223

674
342

337
336

356
363

1925
1389

---

Riverside San Diego

Tulare

Average number of months
in vocational training or
wst-secondarv education
' Experimental;
Controk
Average number of months
in unpaid work experience
Exrmimentals
controls
Difference
Sample sizes
Program tracking data
Experimentals
Controls
Registrant survey data
EiperimentalsControls

--

SOURCE: See Tables 2.3 and 2.4
NOTES:

See Tables 2.3 and 2.4
Tests of statistical significance of the differences between research groups were not performed.
(a) The AFDC-U sample does not include any registrants from Alameda.

and in vocational training and post-secondary education are of particular interest, for these activities,
unlike job search, were usually scheduled to last for more than just a few weeks and, unlike unpaid
work experience, were used by a substantial proportion of experimentals. GAIN increased the
duration of participation in ABElGED activities by 2.1 months per experimental for the six counties
combined. GAIN also had an effect on the average length of stay in vocational training and postsecondary education, but the direction of this effect varied across the counties, from a reduction of 1.3
months, on average, in Riverside to an increase of 1.5 months in Alameda.
Another way to view the program's impacts on service receipt is to examine those effects
separately for two subgroups that, under GAIN's rules, were subject to different sequences of
activities: those who were determined to need basic education and those who were determined not to
need it. Of particular interest with regard to the latter group was their use of vocational training and
post-secondary education. Table 2.7 shows that Alameda substantially increased the rate of
participation in those activities by experimentals in the not-in-need subgroup - by more than 16
percentage points during the two- to three-year survey follow-up period. Moreover, as Appendix
Table C.3 indicates, it increased (over the five-year time period) their length of stay in such activities
by 3.5 months per experimental, above and beyond the average length of participation per control.
No other county produced such a large increase. In contrast, Riverside appears to have reduced the
use of vocational training and post-secondary education by 2.0 months, on average, by the
experimentals in this subgroup, as shown in Table c.3.''
At the same time, both Riverside and
Alameda - and other counties as well - produced large impacts on the proportion of experimentals
not needing basic education who ever participated in job search activities.
Table 2.8 and Appendix Table C.4 present similar participation data for those registrants who
were determined to need basic education. It shows that all of the counties substantially increased the
participation rates and the average length of participation in ABElGED classes per experimental in this
subgroup (and, to a smaller extent, in ESL classes). Furthermore, all counties increased participation
in job search activities, with Riverside producing the largest impact on the overall rate of participation
in this component.
To summarize: GAIN's impacts on participation varied across the basic education subgroups.
For those determined nor to need basic education, the program in some counties increased the use of
both job search and vocational education and training activities (especially in Alameda) or of job search
alone; and in some cases (especially in Riverside), it reduced the use of education and training, on
average. For those determined to need basic education, GAIN increased participation in job search
and basic education. Overall, the program produced little net effect on the use of unpaid work
experience and OJT for either of these subgroups. These patterns are important, because they will
help to explain much of the county variation in costs and benefit-cost findings discussed in Chapters
3 and 7.

C. Imoacts on Educational Attainment
In some counties, GAIN also appears to have affected educational attainment. As Table 2.9

''This reduction could have occurred in a number of ways. For example, it is possible that some
experimentals who might have participated in vocational training in the absence of GAIN may have been
directed into job search activities by the GAIN program and found a job without first participating in training
activities. If this occurred, it would imply that GAIN led to a substitution of job search and quicker
employment for the participation in vocational training that would have otherwise occurred.

TABLE 2.7
FOR THOSE DETERMINED NOT TO NEED BASIC EDUCATION:
GAIN'S ESTIMATED IMPACTS ON THE PERCENTAGE OF AFDC-FG REGISTRANTS WHO RlER PARTICIPATED
IN EMPLOYMENT-RELATED ACTIVITIES WITHIN TWO TO THREE YEARS AFTER ORIENTATION
Outcome and
Research Group

Alarneda

L0s
Angeles (a)

Riverside

Ever participated in job search
Experimentals (%)
Controls (%)
Difference

55.9
3.6
52.3

25.8
2.9
22.9

Ever participated in ABVGED
Experimentals (%)
Controls (%)
Difference

8.2
3.5
4.7

Ever participated in ESL
Experimentals (%)
Controls (%)
Difference
Ever participated in vocational
training or post-secondary
education
Experimentals (%)
Controk (%)
Difference
Ever participated in unpaid
work experience
Experimentals (%)
Controls (%)
Difference
Ever participated in OJT
Experimentals (%)
Controk (%)
Difference

Tulare

All Counties

50.1
2.3
47.8

46.4
3.0
43.4

44.0
3.9
40.1

3.8
2.0
I.8

0.0
0.7
-0.7

3.3
2.5
0.8

3.1
1.9
1.2

0.5
0.0
0.5

0.3
0.1
0.2

0.0
0.0
0.0

0.0
0.0
0.0

0.2
0.1
0.1

48.3
31.9
16.4

27.6
23.0
4.6

40.9
43.3
-2.4

48.8
36.7
12.1

42.8
35.7
7.1

3.9
0 .o
3.9

0.0
1.2
-1.2

0.0
0.7
-0.7

1.8
I.5
0.3

1.9
1.2
0.6

0.0
0.4
-0.4

0.0
0.8
-0.8

0.0
1.o
-1.0

109
106

---

282
148

San Diego

0.7
1.1
-0.4

1.8
0.8
1.o

140
137

677
538

Sample sizes
Program tracking data
Experimentals
Controk
Registrant survey data
E&rimentalsControls

146
147

SOURCE: See Tables 2.3 and 2.4.

NOTES:

See Tables 2.3 and 2.4.
Tests of statistical significance of the differencesbetween research groups were not performed.
(a) Because the registrant survey sample of experimentalsdetemlined not to need basic education in Los Angeles
was too small to produce reliable resulh, some components of the participation measures were imputed from survey data from
the other counties.

TABLE 2.8
FOR THOSE DETERMINED TO NEED BASIC EDUCATION:
GAIN'S ESTIMATED IMPACTS ON THE PERCENTAGE OF AFDC-FG REGISTRANTS WHO EVER PARTICIPATED

Outcome and
Research Sample

Alameda

Los Angeles

Riverside

San Diego

Tulare

All Counties

Ever participated in job search
Experimentals (X)
Controls (%)
Difference

19.6
3.8
15.8

11.2
3.8
7.4

32.0
0.7
31.3

12.4
0.9
11.5

20.5
3.3
17.2

Ever participated in ABEIGED
Experimentals (%)
Controls (%)
Difference

60.5
8.7
51.8

32.8
7.1
25.7

30.8
6.4
24.4

55.1
6.9
48.2

42.4
7.3
35.1

4.6
0.5
4.1

16.4
3.7
12.7

9.8
8.1
1.7

10.5
6.4
4.1

10.2
4.6
5.5

18.5
18.3
0.2

10.7
7.6
3.1

18.6
19.8
-1.2

16.8
12.8
4.0

17.8
16.2
1.6

1.5
0.8
0.7

0.0
0.4
-0.4

0.0
0.5
-0.5

0.2
0.4
-0.2

0.5
0.4
01

0.0
0.2
-0.2

0.0
0.7
-0.7

1.2
0.5
0.7

0.0

0.2
0.7
-0.4

226
242

189

392
194

Ever participated in ESL
Experimentals (%)
Controls (%)
Difference
Ever participated in vocational
tralning or post-secondary
education
Experimentals (%)
Controk (%)
Difference
Ever participated in unpaid
work experience
Experimentals (56)
Controls (%)
Difference
Ever participated OSI
Experimentals (%)
Controls (%)
Difference

1.1

-1.1

Sample sizes
Program tracking data
Experimentals
Controk
Registrant survey data
EJtperimentalsControk

n/a

191
189

216
226

SOURCE: See Tables 2.3and 2.4
NOTES:

See Tables 2.3and 2.4.
Tests of statistical significance of the differences between research groups were not performed

1214
851

shows for those determined not to need basic education, Alameda increased the receipt of a trade
certificate by almost 6 percentage points (although this result was not statistically significant) and the
receipt of a Bachelor's degree by 3 percentage points (an effect that was statistically significant).
These patterns at least suggest that Alameda's impacts on this group's use of education and training
resulted, for some, in education credentials that they would not have otherwise obtained and that may
have had some effect on their employment and welfare experiences. It is also noteworthy that San
Diego produced an increase of 5 percentage points (statistically significant) on the receipt of an
Associate's degree for experimentals in the not-in-need subgroup. For those determined to need basic
education, Alameda and Tulare produced a statistically significant increase in the attainment of a GED,
by almost 8 percentage points and 19 percentage points, respectively. However, according to a
previous MDRC report, San Diego was the only county to produce a statistically significant increase
in basic skills, as measured by the TALS literacy test, among registrants determined to need basic
ed~cation.'~

N. Countv Differences in Implementation Stratepies
The GAIN "treatment," through which counties aim to move welfare recipients into jobs and
off welfare, consists of a variety of elements. Participation in the program's activities is fundamental.
However, participation patterns are by no means the whole story, for what registrants experience in
GAIN is heavily influenced by how the program is implemented and what kinds of direct interactions
registrants have with staff. These issues are discussed in this and the following section of this chapter.
Table 2.10 summarizes county differences on a variety of implementation dimensions.23 Chapter 8
will examine whether some of the implementation strategies help to explain the county differences in
three-year impact results.
In many welfare-to-work programs, it is through the case managers that the mission of the
program is communicated to registrants and the efforts of the welfare department to influence their
behavior are expressed. It is thus reasonable to expect, as many administrators do, that the way the
role of case manager is defined and put into practice may greatly influence the program's effectiveness
in moving registrants into jobs and off welfare.
MDRC's previous reports on GAIN gave special attention to several alternative ways of
providing case management in welfare-to-work programs. These dimensions of program implementation embody competing theories of how welfare-to-work programs can most effectively help welfare
recipients progress toward self-sufficiency. They also have important implications for how a
program's resources will be allocated. Consequently, it is important for administrators to know
whether some of these approaches have a more favorable influence on impacts than others.
A. The Deeree of Emuhasis on Quick Job Entrv Vs. More Education and Training
An important decision that GAIN administrators (and those of other JOBS programs) must make
is how much to emphasize the goal of moving registrants into the labor market quickly (even if it

a ani ins on and Friedlander, 1994. None of the other counties produced statistically significant positive
effects on this outcome measure.
'%ee Riccio and Friedlander. 1992, Chapter 3, for a full description of these strategies and other
implementation approaches and conditions. See Maninson and Friedlander, 1994, for details on the
implementation of the basic education component.

TABLE 2.9
GAIN'S IMPACTS ON RECEIPT OF AN EDUCA~ONCREDENTIAL WITHIN TWO TO THREE YEARS
AFTER ORIENTATION FOR AFDC-FG REGISTRANTS. BY COUNTY
Outcome and
Research Group

Alameda

Los
Angeles (a)

Riverside

San
Diego

Tulare

All
Counties

Full sample
Received GED or
high school diploma
during follow-up period
Experimentals (%)
Controls (%)
Difference

7.2
1 .Q
5.4(b)

Received trade certificate
during follow-up period
Experimentals (%)
Controk (%)
Difference

9.2
8.8
0.4(b)

Received Associate's degree
during follow-up period
Experimentals (%)
Controls (%)
Difference

1.7
1 .I
0.6 (b)

Received Bachelor's degree
during follow-up period
Experimentals (%)
Controk (%)
Difference

1 .o
0.3
0.7 (b)

Experimentab with credential by
end of follow-up period (c) (%)
GED or high school
diploma
Trade certificate
Associate's degree
Bachelor's degree
Sample size
Exoerimentals
controls

59.6
29.4
5.0
2.1
1925
348

1389
-

Those determined not
t o need basic education
Received trade certificate
during follow-up period
Experimentals (X)
Controls (%)
Difference
Received Associate's degree
during follow-up period
Experimentals (%)
Controls (%)
Difference
Received Bachelor's degree
during follow-up period
Experimentals (%)
Controls (%)
Difference

13.1
7.2
5.9

----

13.3
11.8
1.6 (b)

-0.1
-1.2

----

3.6
2.1
1.5 (b)

3.0
-0.2
3.2

----

2.5
0.7
1.9 (b)

I .I

0.9

1.1

2.4

(contmued)

TABLE 2.9 (continued)
Outcome and
Research Group
Experimentalswith credential by
end of follow-up period (c) (%)
Trade certificate
Associate's degree
Bachelor'sdegree
Sample size
Experimentals
controls

Alameda

Los
Angeles (a)

Riverside

46.8
6.4
5.5

----

39.4
11.0
3.6

106

--

148

San Diego

Tulare

All Counties

50.7
13.7
6.9

39.3
12.1
3.6

44.1
10.8
33.3

147

137

538

Those determined
t o need basic education
Received GED or
high school diploma
during follow-up period
Experimentals (%)
Controk (%)
Difference

10.5
2.6
7.8 (b)

Received trade certificate
during follow-up period
Experimentals (%)
Controls (%)
Difference

6.6
6.9
-0.3 (b)

Recelved Associate's degree
during follow-up period
Experimentals (%)
Controk (%)
Difference

0.3
0.4
-0.1 (b)

Drperimentals with credential by
end of follow-UD oeriod icl
. , .-1%),
GED or high s'chool
diDloma
~rade
certificate
Associate's degree
Sample size
Ex~erimentals
SOURCE: MDRC calculations using data from the GAIN registrant survey
NOTES: A Wo-tailed t-test was applied to the differences beween the experimental and control groups in each county.
Statistical significance levels are indicated as *** = 1 percent; " = 5 percent; * = 10 percent.
Tests of statistical significance of the differences across counties were not performed.
Where data are not a ~ ~ l i c a b ldashes
e,
are used.
Estimates of experimental-control differences are regression-adjusted using ordinary least squares, controlling
for Pre-random assignment background characteristics of samDle members. Rearession-adiustment sometimes resulb
In negatlve exper~meita~
or controigroup means when tne full sample unaapstedmean 1s cloie to zero
Rouno~ngmay cause sllght alscrepancles in CaaAatlng sdms averages, and dltrerences
In tne all-county averages, the resuks of each county (excludmg LOS Angeles) are welghteo equally
The folbw-up pertoa for the survey ranged from 26 to 37 months on average,
- across the five countles where
the registrant survey was conducted. Butte Countywas not included in the survey.
(a) An analysis of response patterns to the survey in Los Angeles revealed that the earnings and AFDC payments
during the follow-up period of controls who res~onded
to the survev differed markedlvfrom thoseof controls who did not
on i pser
to the survey For tnls reason, no est~matesfor controls and no Impacts are &esenteo for LOS Angeles AISO.
becaLse tne registrant survey sample of experlmentak determlnea to need oaslc eaucatlon in Los Anaeles
- was too small
to produce reliable resuks, no estimates are presented for this subgroup for Los Angeles.
(b) Tests of statistical significance of the experimental-control differences for all counties combined were not
performed.
(c) This category includes credentials received both before and during the follow-up period.
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TABLE 2.10
SELECTED CHARACTERISTICS OF M E GAlN RESEARCH COUNTIES' PROGRAM ORGANIZATIONAL CAPACITY

Alameda

--Butte

Los Angeles

-Riverside

San Diego-

-

Job club service provider (a)

EDD

GAIN
(on-site)

EDD

EDD
(on-site)

EDDIGAIN
(on-site)

GAlN
(on-site)

RegistranVcase manager ratio reported
by case managers (b)
First staff survey wave
Second staff survey wave
Combined average from first
and second wave

76.4
72.9

60.5
65.8

101.o
145.2 (d)

43.1i76.7 (c)
63.71124.1 (c)

91.6
114.9

124.9
87.6

74.7

63.2

127.9

53.0196.7 (c)

103.4

100.3

Spec~alcase managers for bas~c
educat~onpart~c~pants?

No

No

No

No

Yes

No

Special GAlN counselors on-site at any
education or training provider?

No

Yes

No

No

No

Yes

Job placement bonuses or standards
for case managers?

No

No

Bonus
payments

Placement
standards

No

No

Staff who rated availability of a
particular GAlN service as high (56)
Job search
Basic education
Vocational education and training

89.8
94.5
79.7

96.5
77.2
82.5

80.8
82.5
28.7

92.1
82.3
54.4

94.4
63.6
83.7

82.1
90.5
76.8

Staff who rated a particular GAlN service as
worthwhile for assigned registrants (%)
Job search
Basic education
Vocational education and training

60.3
61.5
51.7

80.7
35.7
71.4

27.9
56.7
48.6

65.1
47.9
23.0

76.5
73.7
52.6

78.6
79.0
66.3

45.2
79.7

39.5
70.2

34.0
96.0

39.9
43.1

41.8
86.3

38.8
29.7

20.3

38.6

38.4

50.4

62.7

20.2

89.7

57.1

17.5

47.0

67.8

60.7

Medium .-

Higher

Variable

-

.

Selected staff background characteristics
Average age (years)
Bachelor's degree or higher (%)
Previoustj worked in a WIN, JTPA,
or other job training program (%)
Previousbj worked as an income
maintenance worker (%)
Level of timeliness of
-information
monitoring

Cower

-

-.

Cower

H i g h e-r

Tulare
---

h!x!

-.

(continued)

TABLE 2.10 (continued)
SOURCE: MDRC Staff Actviiies and Attitudes Survey and MDRC field research.
NOTES: (a) EDD refers to the Employment Development Deparbnent. California's employment service agency. In Alameda and Los Angeles,
job club workshops were conducted by EDD staff at local EDD offices. In Riverside. EDD staff conducted these workshops at the GAlN offices
until July 1991. after which GAlN staff took over this function. In San Diego. EDD staff conducted the job club workshops at the GAlN offices
and were assisted by GAlN staff.
(b) Thesecaseload slzes are the averages reporred by slaff on two waves of the staff survey and lncluoe the number of aclrve and
deferred realstrants ass~anedlo staff who ~erf0Imed
onaotna case manaaement duttes Wihln each countv the flrst wave of the survey was
administered at approxi6ately one year afier the county-began enrolling kgistrants into the GAlN program.and the second wave was administered at about two years aRer enrollment commenced.
(c) There are two ratios in Riverside because of the special test being conducted there to determine the effech of more intensive
case management and monitoring. The first ratio is for the "low-caseload group and the second is for the "higher-caseload" group. The
weighted average for the two groups for both survey waves combined is 82.
(d) Caseloads were not nonally this large; this estimate may have been affected by the timing of the second wave of the staff survey

means taking relatively low-paying jobs) versus encouraging them to get more education or training
so as to prepare themselves for better-paying jobs in the future. Although the GAIN model's
prescribed sequences of services (see Chapter 1) limit the ways in which counties can choose to
prepare welfare recipients for employment, the counties can substantially influence the direction taken
by the program through the policies and practices staff follow on a day-to-day basis. Supporting the
quick job entry approach is a view that almost any job is a positive first step, and that advancement
will come through acquiring a work history and learning skills on the job. Support for the second
approach comes from the view that low-paying jobs will not get many recipients off welfare or keep
them from returning to the rolls. Many proponents of the latter view hold that education and training
are needed to raise recipients' skills so that recipients can become permanently employed in jobs that
offer wages and benefits exceeding what they could receive on welfare. Prior research offers little
guidance for judging which approach is likely to yield bigger impacts on employment and welfare over
the longer termz4
It must be stressed that a county's emphasis on quick job entry may or may not be reflected in
the proportion of registrants participating in job search. For example, two counties with similar job
search participation rates might present very different "messages" to registrants about employment.
As an illustration, staff in some counties tend to discourage registrants who enter job search from
seeking very low-paying or "dead-end" jobs, urging them instead to take full advantage of the
program's subsequent option for more education and training. They advise registrants to view upfront
job search as an "informational experience," which would provide job-seeking skills and would be
valuable after further education and training. In other counties, the primary objective of job search
is to encourage immediate employment, with lower priority attached to the starting wage rate.25
These different messages about employment may also be communicated at other junctures in the
program, including the initial orientation and appraisal sessions, and during ongoing contacts with
registrants who are in education activities, are temporarily deferred from participation, or are waiting
to be assigned to a new activity.
The six counties examined for this report varied in how they wanted to prepare registrants for
employment. To compare counties, a scale was constructed using data from a staff survey.26 The
stronger a county staffs emphasis on quick employment, the higher the county's score on this scale.
The summary data for each county are presented in Figure 2.3A, where a higher score is represented
by a longer bar.
Riverside clearly stands apart from the other counties on this dimension: Its staff placed much

24Thisquestion is being studied directly in the National JOBS Evaluation, using a random assignment
research design. In three evaluation sites, welfare recipients have been randomly assigned to a "labor force
attachment" stream, which aims to move clients into jobs as quickly as possible; a "human capital
development" stream, which emphasizes longer-term education and training; or a non-JOBS control group.
The employment, earnings, and welfare outcomes for each group over a follow-up period lasting several years
will be compared to determine the relative effectiveness of each strategy. Riverside County is one of the three
sites in which this test is being conducted. Short-term findings from that comparison are scheduled to be
available by 1996.
"These alternative approaches to job search were also observed in MDRC's 1989 report on the early
implementation of GAIN in a different set of counties. See Riccio et al., 1989.
2 6 ~ oardescription of the methodology that was used to create scales based on the staff survey, see Riccio
and Friedlander, 1992.
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FIGURE 2.3 (continued)
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more emphasis on moving registrants into the labor market quickly than did the staff in any other
county. Alameda and Butte had the lowest scores (i.e., they placed greater priority on being more
selective and preparing for a "better" job through more education and training). Los Angeles, San
Diego, and Tulare rank in between, but closer to Alameda and Butte than to Riverside."
The emphasis in Riverside on quick employment was created, in part, by assigning case
managers job placement standards. Further, supervisory units and district offices were assigned job
placement goals as well, culminating in a county-wide goal. (None of the other evaluation counties
had such a policy.) Administrators created these standards to send a clear message to staff that job
placements were a high priority for the agency. How well staff met their job placement standards
(which applied to registrants in education and training activities as well as to those in job search) was
an important determinant of their overall job performance ratings. (However, there was no evidence
that Riverside staff were "creaming" their caseload - in other words, giving more attention to
registrants who seemed most job-ready - in order to reach their standards. This is a common risk
Also in Riverside, each local office had its own job
associated with placement standards.)"
developer, who established contacts with the employers in the community and encouraged them to call
the GAIN office when they had positions open. Other counties gave much less priority to direct job
development.29

"Riverside's distinction on this dimension can be seen more clearly when the responses to two of the
items in the scale are examined. Staff in all counties were asked, "Based on the practices in your agency
today, what would you say is the most important goal of your agency: to help clients get jobs as quickly as
possible or to raise the education or skill levels of clients so that they can get jobs in the future?" In
Riverside, 95 percent of the case managers rated quick job entry as a much stronger program focus than
education and training. In the other counties, fewer than 20 percent gave a similar response. Another item
asked hypothetically about a welfare recipient who was offered a low-paying job that would make her slightly
better off financially. Would the respondent advise her to "take the job and leave welfare" or "stay on welfare
and wait for a better opportunity"? In Riverside, 69
of respondents said that they would "very
strongly" urge her to take the job; only 23 percent in Alameda, and no more than 40 percent in the other
counties, gave this answer.
"1n general, staff reported that the standards were not terribly difficult to meet, given the number of
registrants with whom they worked, but felt pressure to achieve, and even exceed, them. Tendencies toward
creaming were kept in check by management's expectation that staff would work with, and be able to account
for, their entire GAIN caseload. For example, a staff member would not be evaluated positively if he or she
had achieved high placement rates but at the same time had failed to assign to a GAIN activity other
registrants who were expected to participate, or had excused registrants inappropriately from the panicipation
requirement through excessive deferrals. Indeed, implementing GAIN'S participation obligation for welfare
recipients - an objective to which Riverside's administrators were also committed - required staff to work
with all registrants on their caseloads, not just the most motivated or easiest to place.
'Qiverside's job development efforts raise the question of whether these effons had the unintended
consequence of indirectly reducing opportunities for the control group. In other words, did the controls have
more difficulty obtaining jobs precisely because employers gave first preference to GAIN participants or
because the program got its participants to apply for jobs so soon after openings were first advertised? If
controls had less access to jobs as a direct consequence of Riverside's effons on behalf of the experimental
group, it would mean that the estimates of the program's impact on experimentals' employment and earnings
are misleading. There is no evidence at hand indicating that the control group's employment options were
limited by Riverside's job development efforts for experimentals. Furthermore, such an effect seems
implausible given the small size of Riverside's entire research sample (8,033, of whom 1,799 were controls)
relative to the magnitude of Riverside's overall economy, which, in mid-1990, had almost 20,000 employers
(continued.. .)

Riverside's quick employment emphasis is also reflected in a finding from the registrant survey.
Respondents were asked, "How much did the GAIN staff push you to get a job quickly, even before
you felt ready?" In Riverside, 43 percent of those who responded answered"highV(i.e., 7 to 10) on
a 10-point scale, which was higher than in all of the other counties, as shown in Table 2.11 (although
special caution is urged in comparing counties on this and the next two items in the table because many
of those interviewed did not answer these questions).
The differences across counties on this measure are particularly noteworthy for the subsample
of registrants determined nor to need basic education (not shown in Table 2.11). For that group,
Alameda and Tulare both stand out as having had the lowest proportion of respondents (about 15
percent of those who answered the question) answering "high" on the measure (i.e., that they felt
"pushed" to get a job quickly), while in Riverside. 46 percent of this group answered "high. "
In Alameda especially, this finding is consistent with the strong staff commitment to education
and training as a path to getting jobs that offer a better chance to get off or stay off welfare.
Alameda's approach to operating GAIN'S job search component provides one illustration of that
commitment. Alameda went further than any of the other counties in using job club as an
"infornational experience." Participants on a designated job club track (which accounted for the
majority of those assigned to upfront job search) were not necessarily expected to look for a job that
they could enter immediately. They were to find out from employers what kinds of qualifications were
required and what wages and benefits they could expect from different types of work. This
information was intended primarily to help registrants pick an education and training program when
they got to the GAIN assessment. A number of GAIN staff described this component as essentially
"career exploration. "

B. The Issue of Personalized Attention
In addition to deciding how much to emphasize quick job entry versus more education and skills
training, administrators of welfare-to-work programs must consider how much personalized attention
registrants will receive. On this dimension, too, the six counties varied. Moreover, these variations
appear to be correlated with other program characteristics, such as a county's registrant-to-casemanager ratio (persohalized attention was typically higher where case managers had fewer registrants
assigned to them)30 and the organizational climate within the GAIN office (staff tended to have more
"positive" views of the program, their jobs, and welfare recipients where personalized attention was
highe~).~'Figure 2.3 shows how the counties compare on these dimensions.
29(. ..continued)
within its boundaries and almost 431,000 employed residents. This is not to say, however, that, in any of the
six research counties, an increase in employment among experimentals causes no reduction in employment
opponunities for some other residents in a county. The extent of such "displacement," if it occurs, is
extremely difficult to measure. Nonetheless, it is an issue relevant to interpreting a program's benefit-cost
ratio, as noted in Chapter 8.
'@This relationship is clearer when comparing the counties using data on registrant-to-case-managerratios
from the second wave of the staff survey, as shown in Table 2.10. It is also useful to note that, in Butte, the
decision to limit caseload sizes in the face of a waiting list for the program clearly reflected a view that it is
better to serve fewer welfare recipients with more personalized anention than to provide less attention in order
to serve a larger number of recipients.
"It may be that more personalized attention is the kind of service that GAIN staff themselves prefer to
provide, and that when they are providing this type of service, they view their work, their clients, and the
program overall in more optimistic terms.

TABLE 2.1 1
PERCEPTIONS OF GAlN AMONG AFDC-FG EXPERIMENTALS
TWO TO THREE YEARS AFTER ORIENTATION
Los
Angeles

Riverside San Diego

Tulare

All
Counties

Responses t o questions
about GAIN's emplovment focus
"How much did the GAlN staff push you to get
a job quickly, even before you felt ready?"
Percent who responded to the question
Percent who answered "high" (7-10 on a
0- 10 scale), if responded

73.8
16.8

Responses t o questions about
relationships with GAIN's staff
"How much did your most recent GAlN case
manager know about you and your f a m i l p
Percent who responded to the question
Percent who answered "high" (7-10 on a
0- 10 scale), ilresponded
"How much did you like your relationship with
your most recent GAlN case manager or
counselor?"
Percent who responded to the question
Percent who answered "high" (7-10 on a
0- l o scale), ilresponded

78.6
53.5

79.3
64.3

Responses t o questions about
GAIN's participation mandate (a1
'Were you made aware that your cash aid from
AFDC could be reduced or stopped ilyou didn't
participate in GAIN, unless you had a good
excuse?" (%)
Yes
NO

91.5
8.5

"If GAlN sent you to an education or employment
program and you did not go, how likely do you
think is that your cash aid from AFDC would
actually be reduced?" (%)
Very likely or likely
Unlikely or very unlikely
Not sure

90.0
8.6
1.4

Responses t o questions about GAIN's value (b)
"Back when you first started GAIN, how much did
you think GAlN would improve your chances of
getting or keeping a job in the long run?"
Average score on a 0-10 scale
Percent who answered "high" (7-10)
on the scale
'What's your opinion now? How much do you
think GAlN has actually improved your long-run
chances of getting or keeping a job?"
Average score on a 0-10 scale
Percent who answered "high" (7-10)
on the scale

6.6
60.2

4.7
38.5

(continued)

TABLE 2.1 1 (continued)

Measure
"If a friend on welfare could volunteer to be in the
GAlh program how much wod o you encodrage
h~m
or her to get Into it?
Average score on a 0-10 scale
Percent who answered "high" (7-10)
on the scale
Sample size

Alameda

Los
Anjeles

7.4
67.5

6.8
61.4

6.9
63.2

223

145

460

Tulare

All
Counties

7.7
72.6

7.8
76.4

7.3
68.2

230

244

1302

Riverside San Diego

SOURCE: MDRC calculations using data from the GAIN registrant survey
NOTES: The follow-up period for the survey ranged from 26 to 37 months, on average, across the five counties where the
survey was conducted. Butte County was not included in the survey.
In the all-countv averaaes.the resub for each county are weighted equallv.
Roundlng may cause sight alscrepancles in calculat~n~
averages.
(a) From 95.5 percent to 98 8 percent of survey respondents (experlrnentals an0 c0ntro.s comolnea) respondeo to
the specific items in this panel across the five counties. Nonresponders are not included in determining the percentage who
responded with a panicular answer.
(b) From 78.6 percent to 93.9 percent of survey respondents (experimentalsand controls combined) respondedto
the spectic items in this panel across the five counties. Nonresponders are not included in determining the percentage
who answered "high."
Tests of statistical significance of the dtfferences across counties were not performed.

The nature of the case managers' role in GAIN permits staff variation across counties in the
execution of their responsibilities. For example, case managers may differ in how much they attempt
to learn about registrants' personal histories and circumstances; how much they discuss the implications
of choosing basic education over job search, or different kinds of job search, or different kinds of child
care; how much they try to accommodate registrants' individual needs, situations, and preferences in
making service assignments; and how much they stress persuasion, cajoling, counseling, and problemsolving when faced with registrants who are reluctant to participate or fail to do so consistently.
Counties that more strongly emphasize personalized attention tend to view this as a way to increase
registrants' interest in GAIN and their desire to participate in its activities, to lessen greatly the need
to rely on financial sanctions to enforce the participation mandate,32 and, ultimately, to produce
larger impacts on employment, earnings, and welfare savings.
According to a scale used to measure each county's relative emphasis on personalized attention,
Butte and Tulare staff reported the strongest emphasis. Alameda and San Diego ranked lower, but
were fairly close to Butte and Tulare. Los Angeles and Riverside had the lowest relative scores (see
Figure 2.3B). It must be stressed that, as with all of the rankings based on the staff survey, a "lower"
score indicates a lower ranking only relative to the other counties in this study and should not be
interpreted as a "low" ranking in an absolute sense. Indeed, in most of the counties, most staff gave
responses suggesting a moderate to high degree of personalized attention. It is certainly possible that,
on the whole, the level of attention provided in most counties far exceeded what occurs in some other
welfare-to-work programs. Nonetheless, the six counties did differ substantially among themselves
in the degree to which these concerns were the focus of case managers' interactions with

registrant^.^^
Registrants were asked on the registrant survey how much their case managers "knew about you
and your family," a question that seems related to the concept of personalized attention. The
proportion giving a "high" response to this question ranged from 43 percent of those who answered
it in Riverside to 56 percent in Tulare. (See Table 2.11 .) Most surprising, given Los Angeles' lower
ranking on the staff survey measure of personalized attention, is that over half of that county's
respondents also answered "high." However, registrants' views differed by basic education subgroup
(not shown in Table 2.11). For the subgroup determined not to need basic education, the proportion
giving a "high" response (among those who answered the question) ranged from only 29 percent and
36 percent in Los Angeles and Riverside to about half or more (up to 58 percent) in the other counties.
In fact, the "high" responders in Los Angeles and Riverside were to be found mostly in the group
determined to need basic education, perhaps because they tended to remain enrolled in GAIN for a
longer period of time, allowing staff more opportunity to get to know them and their families
32There is no necessary relationship between the level of personalized attention and the ultimate
sanctioning rate in a county. A county could resort to sanctions or continue to avoid them after early attempts
at persuasion fail to achieve cooperation.
33Staff responses to a question about the appraisal process illustrate the differences among counties: "ln
this type of interview, how much effort does the staff make to learn about the client's goals and motivations
to work in-depth?" More than 75 percent of the staff in Bune and Tulare answered "a great deal" compared
to 36 to 52 percent of staff in the other counties. A second item asked about the assessment process: "In
your opinion, how well is GAIN tailoring the education, training, and work experience services that clients
receive to their particular needs, circumstances, and goals?" Approximately 60 percent of the staff in Tulare
answered "very well" compared to about 22 percent of the staff in Los Angeles and Riverside. (These county
differences are consistent with information obtained through on-site observation and interviews.)
34~mong
those determined to need basic education, roughly half of respondents in all counties (from 44
to 58 percent of those responding to the question) answered "high."

It is also noteworthy that when respondents were asked how much they liked their GAIN case
manager, a majority of those responding to the question answered "high" (7 to 10 on a 10-point scale)
in all five survey counties. The range was from almost two-thirds in Los Angeles and Riverside to
almost three-quarters in Alameda and Tulare (see Table 2.11).

C. Resoondine to Noncomoliance Through Formal Enforcement
Administrators of mandatory welfare-to-work programs generally have some discretion in
operationalizing the formal enforcement process - and, in particular, financial sanctions - as a
method of securing registrants' compliance with the program's participation obligation. In the GAIN
program, there is an official multi-step process for imposing penalties on registrants who fail to attend
their assigned activity regularly. It begins with the registrant's being sent a Notice of Participation
Problems (a "GAIN-22" form) outlining the sanctions that may be applied if the problems continue.
If compliance is not forthcoming, a "conciliation" process is initiated, providing another opportunity
to resolve the problem and avoid a sanction. The financial sanctions are the final step and involve a
reduction in the size of the welfare grant.35
Some administrators believe that high compliance can be achieved without a heavy reliance on
sanctions, and that great efforts should be made to avoid imposing them except as a lastresort. Others
believe that sanctions are an essential tool for obtaining compliance and that, as long as the
enforcement process is administered fairly, case managers should not take extraordinary steps to avoid
using them.
Table 2.12 shows how counties compare in terms of the proportion of AFDC-FG and AFDC-U
experimentals for whom staff invoked GAIN's formal enforcement procedures during the 11-month
follow-up period for the tracking data. The first row in the top panel of the table indicates the
proportion of AFDC-FG registrants placed in conciliation, sanctioned, or slated for sanctioning (i.e.,
deregistered from GAIN with a request to the Income Maintenance department to sanction).
Overall, Los Angeles and Riverside stand out as having had the highest rates of invoking
GAIN's formal enforcement mechanism among the AFDC-FGs, using these procedures for about 34
percent of those registrants.36 However, the actual sanctioning rate was lower: 5.4 and 6.0 percent
of AFDC-FG experimentals, respectively. Alameda, Butte, and Tulare were at the lower end,
resorting to formal enforcement procedures for about 2 to 12 percent of AFDC-FGs. San Diego ranked
between these two groups of counties. Across the counties, actual sanctioning rates appear to have
increased over time, according to self-reported data from the two- to three-year registrant survey.

"See Chapter 1. The Notice of Participation Problems instructs the registrant to call or visit the case
manager for a "cause determination" meeting and warns that a failure to respond may affect the registrant's
welfare benefits. If no "good cause" is found to account for the participation problem, the next step is
conciliation, an attempt by the case manager (and sometimes involving the supervisor) to get the registrant
to agree to begin participating as required. The final step is financial sanctioning, whereby the registrants'
welfare grants are reduced by eliminating their share of the grant until they cooperate. Prior to implementation
of the JOBS regulations (when about 55 percent of the sample in this study was randomly assigned), a sanction
for AFDC-FG registrants meant a reduction in their welfare grant for three or six months; for AFDC-U
registrants, it meant the termination of their welfare grant for three or six months. The duration of the
sanction in both cases depended on whether the registrant was in noncompliance for the first or second time.
36Some registrants who were slated for sanctioning left AFDC before the sanction took effect. See
Riverside County Department of Public Social Services, 1992.

TABLE 2.12
DEREGISTRATION RATES AND THE USE OF GAIN'S FORMAL ENFORCEMENT PROCEDURES
WITHIN 11 MONTHS AFTER ORIENTATION FOR AFDC-FG AND AFDC-U REGISTRANTS
Sample and
Status

Ever in conciliation, sanctioned.
or slated for sanctioning (%)
Ever deregistered (%)
With request for sanction
With actual sanction

Alameda

Butte-

Los Angeles

Riverside

San Diego

Tulare
--

2.2

10.0

34.2

33.9

21.5

11.6

18.9(a)

27.9
nla
0.0

51 .O
4.0
nla

46.3 (b)
nla
5.4 (b)

79.4
10.9
6.0 (c)

56.7
4.0
nla

40.4
1 .8
nla

50.3'*+

13.7

15.8 (a)

Ever in conciliation,sanctioned,
or slated for sanctioning (%)
I

m

o

'

Ever deregistered (%)
With request for sanction
With actual sanction

29.2
nla
1 .o

34.1 (b)
nla
2.1 (b)

79.6
15.0
6.8 (c)

Sample size
AFDC-FGs
AFDC-Us
SOURCE: Calculations using data from the MDRC participant flow study
NOTES: A chi-square test was applied to differences among counties. Statistical significance levek are indicated as '** = 1 percent;
= 5 percent; ' = 1 0percent.
Rounding may cause slight discrepancies in calculating averages.
In the all-county estinates, the results of each county are weighted equalty.
Where data were not available, %/a" is used.
Where data were not applicable, dashes are used.
la) Tests of statistical sianificance of the differences across counties were not performed.
id) The dereglstrat~onrates for Los Angeles were adjusted upward by dwldlng by 7, a cornpartson of aeregstratlon records In
revealed that only 7 of 10 dereq~strat~ons
realstrant caseflles and the GEARS svstem for a randornh, selecteo subsample of 87 registrants
.
inihe casefiles were also recorded ~ ~ G E A R S .
(c) This estimate is based on a special analysis conducted by Riverside County in consultation with MDRC.
+I(

All countl%_
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Although these data may be less accurate than information collected directly from the counties'
casefiles, almost 14 percent of respondents said they had their AFDC grants reduced because of
participation problems.
Most experimentals (89 to 94 percent) reported on the registrant survey that they were made
aware that their AFDC grant could be reduced if they did not comply with GAIN's participation
mandate. (See Table 2.11 .) Most (90 to 94 percent) also believed that it was "very likely" or "likely"
that their grants would actually be reduced if they were sent to a program activity and did not go.
These findings suggest that all the counties successfully communicated to registrants that the
participation requirement was real and would be enforced, although the counties varied in the extent
of their reliance on the formal penalty process and some may have been "tougher" or more "lenient"
than others.
D. Exnerimentak' Overall Assessment of GAIN
The fourth panel of Table 2.11 includes one question from the registrant survey that asked
respondents how much they had expected GAIN to "improve [their] chances of getting or keeping a
job in the long run," and a second question asking how much they believed GAIN "has actually
improved [their] long-run chances of getting or keeping a job." Interestingly, initial expectations were
high, with 48 percent (Alameda) to 60 percent (Los Angeles) of survey respondents answering "high"
(i.e., 7 to 10 on the 10-point scale). Most striking is the considerably smaller proportion in Los
Angeles and Riverside (39 and 37 percent, respectively) giving a "high" response to the second
question concerning GAIN's actual effect. The reason for the decline in expectations in these two
counties is unclear, and especially surprising in Riverside, which has had the highest actual impacts
on employment and earnings of all the counties. Perhaps it was related to a lower than anticipated use
of GAIN-related vocational training and post-secondary education, activities that were expected to build
skills (the average length of stay in these activities per experimental was somewhat lower in Riverside
than in the other survey counties except Los Angeles) or to the types of jobs those who were becoming
employed were getting (see Chapter 5). or to a combination of these factors.
Nonetheless, in all of the survey counties, a majority of survey respondents did apparently find
some value in the GAIN program. As Table 2.11 shows, across the counties, 61 to 76 percent of
survey respondents answered "high" when asked, "If a friend on welfare could volunteer to be in the
GAIN program, how much would you encourage him or her to get into it?"

V.

Exwrimentals' and Controls' Attitudes Toward Partici~ation Mandates,
Reanirernents, and the Countv Welfare Denartrnent

Work

The registrant survey was also used to gauge respondents' opinions about the principle of
requiring participation in education and training activities as a condition for receiving one's full welfare
grant, as the GAIN program requires. 'The responses to the first two items listed in Table 2.13 show
that from about half to three-quarters of survey respondents (depending on the county) expressed
support for a participation mandate, believing it to be "fair" and "a good idea." These views were
shared about equally by controls and experimentals. Also noteworthy is the finding that only a
minority (about one-quarter) of respondents in each group agreed with the statement, "Making welfare
mothers work if they don't want to is bad for their children."

TABLE 2.13
GAIN'S TWO- TO THREE-YEAR IMPACTS ON AFDC-FG REGISTRANTS' AlTITUDES TOWARD
PARTICIPATION REQUIREMENTS. WORK REQUIREMENTS. AND THE
COUNTY WELFARE DEPARTMENT
Outcome and
Research Group

Alameda

Los
Angeles (a)

Riverside

Sari
Diego

Tulare

61.8
68.6
-6.8

'

66.2
64.6
1.7

74.4
69.6
4.6

63.2
63.0
0.3 (b)

**

71.4
71 .O
0.4

77.6
72.7
4.8

67.2
68.0
-0.7 (b)

All Counties

Attitudes toward participation
requirements
Percent who said that it was "fair" or 'Very
fair for welfare agencies to rewire reciDients to go to an &cat~on or emptoyrnent
program an0 to reduce tnelr AFDC grants
it they did not comply with that rule Experimentals
Controls
Difference

50.4
48.8
1.6

64.1

---

Percent wno tnougnt tnat a panlclpatlon
manaate was a "go00
idea" or a 'Very
good idea"
Experimentals
Controls
Difference
Sample size
Experimentals
Controls

64.6

---

64.5
73.0
-8.5

223
231

Attitudes concerning the work
requirements and the county welfare
deoartment
Strongly agreed (answered 7-10 on a
0-10 scale) that:

"Making welfare mothers work'il they
don't want to is bad for their children"
Exper~mentals(%)
Controls (%)
Difference

25.4
22.4
3.0

Average score (on a 0-10 scale) for
"Making welfare mothers work ilthey
don't want to is bad for their children"
Experimentals
Controls
Difference

3.9
3.7
0.2

-0.6 (b)

3.7

--

--

3.7
3.9
-0.2

3.8
4.0
-0.2

3.4
3.9
-0.5

29.7
33.8
-4.1

31.7
38.1
-6.4

37.3
45.6
-8.3

4.1
4.4
-0.3

4.2
4.9
-0.7

5.0
5.4
-0.4

*

3.7
3.9
-0.2 (b)

*'

32.0
35.8
-3.7 (b)

Strongly agreed (answered 7-10 on a
0-1 0 scale) that:

"In my county it's easy to just stay
on AFDC and not try to get ow'
Experimentals (%)
Controls (%)
Difference
Average score (on a 0-10 scale) for
"In my county it's easy to just stay on
AFDC and not try toget ow'
Experimentals
Controls
Difference

29.4
25.5
3.9

22.6

---

4.1
3.9
0.3

3.4

---62-

**

4.3
4.6
-0.3 (b)

(continued)

TABLE 2.13 (continued)
Outcome and
Research Group
Strongly agreed (answered 7-10 on a
0-10 scale) that:
"lt's easy to make extra money while on
AFDC
without the welfare deoartrnent
knowing about i6
Excerimentals I%)
controls (%)
Difference
~

Los
Angeles (a)

Riverside

San
Diego

Tulare

---

18.7
-0.9

19.6
0.9

20.0
2.4

18.6
0.3 (b)

45.1
47.0
-1.9

62.6

53.8
55.8
-2.0

65.1
65.3
-0.2

56.1
57.1
-1.0

55.0
56.3
-1.3 (b)

335
348

223

674
342

337
336

356
363

Alarneda

All Counties

~

16.0
-1.2

Average score (on a 0- 10 scale) for
"lt's easy to make extra money while on
AFDC without the welfare department
knowina about ir'
Expeirnenta~s
Controls
Difference
Percent who viewed "positively"or 'Very
positively"the welfare system and the
things it did to help poor people
in their county
Experimentals (%)
Controls (%)
Difference
Sample size
Eiperimentals
Controls

----

1925
1389

SOURCE: MDRC calculations using data from the GAIN registrant survey.
NOTES: Atwo-tailed t-test was applied to the differences between the experimental and control groups in each county.
Statisticalsignificance levels are indicated as *** = 1 percent; ** = 5 percent; = 10 percent.
Estimates of the experimental-control differences are regression-adjusted using ordinary least squares, controlling
for pre-random assignment background characteristics of sample members. Regression-adjustment sometimes results in
negative experimental or control adjusted means when the full sample unadjusted mean is close to zero.
Roundina mav cause slight discrepancies in calculatina sums. averaaes, and differences.
In the a l ~ c o u n t y
averages, the res~ftsfor each county'(exclualng L& Angeles) are equady we.gnteo
The follow-up per~odfor the sJrvey ranged from 26 to 37 months on average, across tne f ve countles where
tne reglstrant survey was conoucted B ~ l t County
e
was not lncluoed In the survey
From 87 3 percent to 100.0 percent of Survey respondents (experlmentas and controls como ned) responaed to
the soecific items in this table across ttie four counties.. Nonresoonders were not included in calculatina the results Dresented.
(a) An analysis of response patterns to the survey in i o s Angeles revealed that the earnings &d AFDC p&nents
durina the follow-UD ceriod of controls who reswnded to the survev differed markedlvfrorn those of controls who did not
respo-nd to the survey: For this reason, no estimates for controls and no impacts are Gesented in this table for Los Angeles.
(b) Tests of statistical significance of the experimental-control difference for all counties combined were not
performed.

CHAPTER 3
THE COST OF GAIN AND NON-GAIN ACTIVITES
The cost analysis is designed to answer questions concerning the government's financial
investment in employment-related services (e.g., job search, education, training, and support services)
for welfare recipients who entered the GAIN program in the six study counties. For example, what
costs did the county welfare departments incur for GAIN? What costs were incurred by non-welfare
agencies that, as part of the GAIN program, provided employment-related services to GAIN
registrants? What types of activities were most and least expensive, and why? What was the cost of
child care and other support services? Answers to these and related questions are important for
understanding the average amount of government resources that were spent on each person in GAIN
for the employment-related services they received within the chosen time frame of five years after
orientation (and which were described in Chapter 2). These cost estimates may also be of value to
welfare administrators and planners who may need to assess the fiscal implications of future proposals
to modify the structure and operation of the GAIN program, or who may need to estimate the potential
cost of other state and national welfare reform proposals.
The most important goal of the cost analysis, though, is to estimate the average net cost of
services per experimental. (The analysis focuses on costsper experimental rather than per participant
because GAIN incurs costs for working with all who enter it, whether or not they actually attend a
program activity .) Net costs represent the difference between the average cost per experimental and
the average cost per control of all employment-related services that were used during a specified period
of time following a person's entry into the study. As discussed in Chapter 2, a sizable number of
controls participated on their own initiative in community-provided employment-related activities,
usually vocational training or post-secondary education.
Net cost numbers are key to determining whether GAIN has been a cost-effective investment
from the perspective of government budgets. In the benefit-cost analysis to be presented in Chapter
7, each county's net costs will be compared to the value of any budgetary savings it achieved (e.g.,
in the form of reduced payments for AFDC and other transfer programs) and increase in tax revenues
associated with increased earnings among experimentals. (Chapter 7 will also consider the benefits
and costs from the perspectives of the welfare sample and society as a whole. It will be important to
consider the benefit-cost results from a variety of perspectives in order to assess the overall merits of
GAIN.)
In estimating the net cost of GAIN, however, it is not sufficient to compare the average cost
of GAZN-related activities per experimental to the average cost per control for non-GAIN activities.
Such a comparison will not provide a complete picture of the government's net investment because.
as Chapter 2 showed, some experimentals participated in non-GAIN education and training activities
after leaving GAIN. Even though they were not part of the GAIN program, these activities
represented an additional investment of government resources that could have affected the experimental
group's future earnings and welfare receipt. Thus, to estimate the true magnitude of the government's
net cost per experimental, the total cost per control must be compared to the total cost per experimental
of GAIN and non-GAIN employment and training activities.

This chapter will show that, for all six counties combined, the estimated average cost of all
GAIN and non-GAIN services per AFDC-FG experimental within the five years after orientation (in
1993 dollars) was $4,895, but that the net cost, at $3,422, was about 70 percent of that amount. The
chapter will also show substantial variation across counties.
The chapter begins by presenting an overview of the major components of the cost analysis and
the general procedures used to compute each of the cost estimates. It then discusses the cost findings
in detail for AFDC-FG registrants, focusing on GAIN expenditures by each county's welfare
department (using federal, state, and local funds) and by non-welfare agencies (e.g., schools and other
service providers); the cost of non-GAIN services used by experimentals after leaving the GAIN
program; the cost of employment-related activities used by controls; and the net cost of employmentrelated activities per experimental. Finally, in a more summary fashion, the chapter compares the cost
results for AFDC-FGs who were determined not to need and to need basic education, and for the full
sample of AFDC-U registrants.

I.

Maior Comwnents of the Cost Analvsis
The top panel of Figure 3.1 depicts the major elements of the cost analysis. It illustrates that

GAIN-related expenditures by the county welfare department (box 1) plus GAIN-related
expenditures by non-welfare agencies (box 2) together make up the total cost of GAIN per
experimental (box 3). These two main categories of GAIN costs cover the following types of
expenditures:

By the county welfare department:
GAIN oaeratine costs. This category covers expenditures for the core set of
responsibilities that fall to welfare department GAIN staff (or subcontractors to
the welfare agency) for the day-to-day operation of the program. They include
expenses for: conducting orientations, appraisals, and assessments; operating job
clubs and providing job search assistance;' covering "excess costs" incurred by
adult schools and community colleges for extra attendance monitoring and
reporting that they provide for GAIN students; paying performance incentives
(in some counties) to education providers; and providing ongoing case
management for registrants, including monitoring those who are deferred and
administering the formal penalty process for those who do not comply with
GAIN'S participation mandate.' Box la in the bottom panel of Figure 3.1
shows the main categories of activities over which all county welfare department
operating costs for GAIN are allocated.

'As noted in Chapter 2 (see Table 2.10). the welfare departments in two counties (Butte and Tulare) used
GAIN staff to operate the job clubs and to provide job search assistance directly, while the other counties
(Alameda, Los Angeles, Riverside, and San Diego) subcontracted these functions wholly or in pan to the
Employment Development Department (EDD), but still paid for them with welfare department GAIN funds.
'1t is important to note that this analysis does not include the costs incurred for Income Maintenance staff
to register welfare recipients for GAIN, refer them to orientation, or impose grant reductions for those
referred for sanctioning.

-

FIGURE 3.1

SIMPLIFIED DEPICTION OF THE MAJOR ELEMENTS OF
GROSS AND NET COSTS

GAIN-related expenditures
by the county welfare
department for case
management, support
services, job search
assistance, monitoring,
and other services

GAIN-related
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non-welfare agencies
(i.e., for GAIN
education and
training)

I/

Non-GAIN cost
per ?
-l
experimental:

1

1

Expenditures by nonwelfare agencies for
non-GAIN activities
used by experimentals
(i.e.. for post-GAIN
job search, education,

Cost per control:
Expenditures by n z
welfare agencies for
non-GAIN job search,
education, and
training used by
controls

Total Cost
of GAIN
per Expurinantal

Gross Cost

Gross Cost

per Expurpsnmental

per Control

Difference =

Net Cost per experimental

COUnty Welfare Department
GAlN Operating Costs
Expenditures for GAlN case
management, and other services
related to:

County Welfare

=

Orientation. appraisal, and assessment
Job search activities
ABEIGED
ESL
Vocational training or postsecondary education
Unpaid work experience
OJT

+

Transportation
Ancillary services

GAIN suoaort service costs. These include the cost of child care payments,
transportation reimbursements, and ancillary services (e.g., for books, tools, or
uniforms) intended to make it feasible for many registrants to participate in
GAIN activities. (See box l b of Figure 3.1 .)

By non-welfare agencies:
Oaeratine costs. These are the operating costs incurred by the local adult
schools, community colleges, and other non-welfare agencies that provided the
actual classroom instruction. The money for these expenditures includes funds
from the California Department of Mucation (e.g., for adult schools and
Regional Occupational Centers and Programs, or ROCIPs), the California
Community Colleges, JTPA, and other public sources, all of which the providers
received directly rather than through the welfare department.
Chapter 2 pointed out that GAIN was not the only source of employment-related activities used
by experimentals. Some experimentals participated in non-GAIN activities on their own after leaving
welfare and the GAIN program.3 When this occurred, the participation was most likely to have been
in vocational training or post-secondary education. Because these experiences may have contributed
to increases in earnings and other benefits and reductions in welfare payments and other transfer
payments, it is important to consider the cost of such activities. As Figure 3.1 shows, adding this
category - expenditures by non-welfare agencies for non-GAIN (i.e., post-GAIN) employmentrelated activities (box 4) - to the total cost of GAIN per experimental (box 3) yielded the total gross
cost per experimental (box 5).
Figure 3.1 also shows that non-welfare agency expenditures for non-GAIN employmentrelated services (box 6) make up the entire total gross cost per control (box 7). which represents the
average level of expenditures that would have occurred for GAIN experimentals in the absence of the
program. These costs simply reflect the control group's use of community-provided (non-GAIN)
services that they entered without any assistance from GAIN or county welfare department staff. (No
data were available in this study on the cost of non-GAIN support services that controls may have
received, or that experimentals may have received after leaving GAIN.) Subtracting the average total
gross cost per control (box 7) from the average total gross cost per experimental (box 5) yields the net
cost per experimental, the figure to be compared to the net financial benefit produced by GAIN. The
term gross cost is used to distinguish all GAIN and non-GAIN (i.e., post-GAIN) expenditures per
experimental and all non-GAIN expenditures per control from the experimental-control difference, or
net cost.

'~omeof the agencies providing these services, and agencies used by controls, may have been proprietary
schools that charge students tuition. However, in many cases, low-income students who attend these types
of institutions receive Pell Grants or other government student aid. For the purposes of this analysis, all nonwelfare agency non-GAIN expenditures are assumed to reflect costs incurred by the government, though
students may have invested their own or their family's money to attend these activities. To the extent that this
occurred, the estimated average total gross cost per experimental and average total gross cost per control
presented in this chapter would overstate the true costs incurred by the government. Some information from
the registrant survey suggests that fewer than 10 percent of all experimentals and controls may have spent their
own or their family's resources on education and training; among those who did. a majority appear to have
spent less than $300.

Costs are estimated over a five-year period for all counties, as are the benefits (including
GAIN'S impacts) presented in Chapter 7's benefit-cost analysis. This is the same time frame used in
earlier MDRC benefit-cost studies of welfare-to-work programs. Although, as Chapter 2 indicated,
most of the participation in employment-related activities occurred within the first two to three years
after GAIN orientation, there was some participation four and even five years later. This is to be
expected in a program such as GAIN, in which individuals are required to continue participating as
long as they are receiving welfare and meet the program's criteria mandating participation. Although
the six counties in this study faced funding constraints that limited their ability to implement such a
requirement fully for all mandatory GAIN registrants (and two of them - Los Angeles and Alameda
- had to limit the program to long-term welfare recipients, as discussed in Chapter 1). they gave a
priority to members of the experimental group who remained on welfare or who returned to the rolls
after having exited earlier in the follow-up period. Thus, it was important for the cost analysis to
attempt to capture all participation in GAIN activities (as well as in non-GAIN activities) over a period
of several y e a n 4 As it turned out, most costs for experimentals and for controls were incurred
within the first two to three years after random assignment, when most of the participation in
employment-related activities took place, but some additional costs were incurred after that point.
Finally, to be consistent with the calculation of program benefits, all estimates are expressed
in 1993 dollars.

11.

The Cost of GAIN to the Countv Welfare De~artment(Firmre 3.1, Box 1)

This section examines the GAIN expenditures of the county welfare departments, both their
operating expenditures and support service payments.

A. O~eratineCosts (Firmre 3.1, Boxes 1 and la)
The costs incurred by each county welfare department for the day-to-day operation of GAIN
have been allocated across seven major activities or components of the program, which are listed in
box l a of Figure 3.1. These are:

Orientation, appraisal, and assessment. Expenditures included personnel
costs, overhead expenditures, and direct costs incurred for determining
registrants' suitability for participation in various GAIN activities. These
functions included conducting orientation sessions, appraising new registrants,

4~ five-year time horizon also allows the variation in costs across the six counties to be assessed more
accurately than would a shorter time frame. Although a period this long requires some projection of costs,
it helps to insure that the county differences in costs are not being distorted simply by differences in the
amount of follow-up data available for key items used in measuring costs. These include casefile and
registrant survey data on use and duration of participation in activities, and data on support service payments.
Moreover, a five-year horizon helps to avoid underestimating costs in counties where the length of stay in
activities was longer. For, example, about one-quarter of Alameda's sample of registrants who were
determined not to need basic education reported that they were still participating in GAIN-related vocational
training or post-secondary education at the time of the survey interview (which, on average, occurred 30
months after GAIN orientation for Alameda's survey respondents). See Chapter 2 for a discussion of rate and
duration of participation in employment-related activities in the six counties.

deferring some registrants from the participation requirement, referring others
to their initial GAIN activity, referring (later in the program sequence) some
registrants to outside vendors for in-depth testing and assessment (for which the
welfare department pays directly), completing the Employment Development
Plans (EDPs) at the conclusion of the assessment process, and completing all
paperwork associated with orientations, appraisals, and assessments.
Job search activities. Expenditures included the staff salary costs (along with
the corresponding overhead) for conducting job club sessions and supervising
individual job search activities (or paying an outside agency - EDD - to
provide these services, as previously discussed). They also covered a number
of case management functions for registrants assigned to job search activities,
such as arranging for and authorizing payments for support services for
participants, completing paperwork (e.g., scheduling and attendance logs)
associated with job search assignments. contacting no-shows and dropouts,
discussing program requirements with individuals who were not complying with
them, and administering GAIN'S formal penalty process (up to the referral of
cases to the Income Maintenance department for sanctioning) for those who were
noncompliant while assigned to job search activities. The job search category
also included some staff time spent providing job placement and development
assistance to job search participants.

ABEIGED and ESL classes, vocational training or post-secondary education,
unpaid work experience (i.e., PREP), and OJT assignments. The county
welfare departments' expenditures for these activities covered similar types of
costs to those discussed above. They largely represented the cost of staff time
(and corresponding overhead) spent developing program "slots, " discussing
component requirements, monitoring and counseling participants, contacting noshows and dropouts, administering the formal penalty process, providing direct
job placement assistance (where emphasized), and arranging and authorizing
child care and other support service payments. (Actual child care and other
support service payments were not included in these costs, but are discussed
separately below, because, unlike operating costs, they did not concern the
allocation of welfare department personnel and administrative resources.) Also
included were payments that some counties made directly to some education
providers (such as adult schools providing ABEIGED and ESL instruction) to
supply the county with detailed attendance information on GAIN students that
they were not otherwise funded to collect and report, and, in some cases, to
provide extra counseling and monitoring for those students5
To estimate a county welfare department's average operating cost per experimental, two basic
types of information were necessary for most program activities: (1) an estimate of the "unit cost" of

'When adult schools and community colleges provided these services to the welfare department, they
typically did so under special contracts known as "excess cost" contracts. In this analysis, these excess cost
payments were included with the other fiscal data obtained on the county welfare department expenditures for

GAIN.

each activity - i.e., the average cost of serving one person in a specified activity for a specific unit
of time (e.g., one month), and (2) the average length of stay in the activity (in the same time units)
per e ~ ~ e r i m e n t a lMultiplying
.~
the unit cost by experimentals' average length of stay yielded the
average cost incurred per experimental.
The first step in estimating a unit cost for each component was to collect welfare department
expenditure information reported on the Administrative Expenditure Claim (AEC) forms that each
county submits quarterly to CDSS.' The information obtained covered approximately two or more
years of program operations in each county. From these data, a period of three or four consecutive
quarters (the exact number varied by county) was identified as best capturing a time span in which the
evaluation's experimental group made up a large share, if not most, of the registrants in the GAIN
program, and during which (to the extent possible) a relatively stable pattern of expenditures could be
observed.' This period is referred to in this discussion as the "steady-state" period.9
For MDRC's cost analysis, all expenditures pertaining to a specified GAIN activity (e.g.,
ABEIGED instruction) during a county's steady-state period were identified on the appropriate AEC
forms and inflation-adjusted to 1993 dollars. This total was then marked up by a small amount to
include a pro-rated share of CDSS costs for state-level supervision of the GAIN program in each study
county. lo
The next step was to divide this total expenditure by an estimate of the total number of
"participant-months" for the activity. The number of participant-months was obtained by summing,
across all months in the steady-state period, the monthly total number of participants in the activity."

6~ different approach was used for the category of orientation, appraisal, and assessment and for OJTs.
For the former, the analysis multiplied the unit cost (i.e., the cost of the three components per appraisal
session) by the average number of appraisal sessions per experimental. For the latter category, it multiplied
the unit cost (i.e., the cost per OJT participant) by the percentage of experimentals who ever participated in
an OJT.
'On the basis of state-mandated, county-administered staff time studim and other criteria, county welfare
departments allocate all of their expenditures across the variety of programs administered by the agency,
including GAIN, and across a variety of GAIN functions as well. They report the allocations for each quarter
on the Administrative Expenditure Claim forms.
'hother criterion was that the period be one in which the overall number of GAIN registrants who
attended orientation and the overall number who attended program activities could be estimated with a
reasonable degree of confidence.
he steady-state periods were: October 1989 to June 1990 for Alameda; April 1989 to March 1990 for
Butte; October 1989 to September 1990 for Los Angeles; October 1988 to September 1989 for Riverside;
October 1988 to June 1989 for San Diego; and April 1989 to March 1990 for Tulare. It is important to note
again that the patterns of expenditures and unit costs observed during these steady-state periods may not reflect
current patterns because there have been changes in counties' implementation practices.
''For each county, CDSS costs were estimated to be 1.9 percent of the county welfare department's GAIN
operating expenditures. This estimate was based on data for the state fiscal year 1989-1990 obtained from
CDSS.
"There were questions about the accuracy of some of the data presented on the state "GAIN-25" fonn
pertaining to the aggregate number of GAIN registrants participating in specified GAIN activities during each
calendar month of the steady-state periods used in this analysis. For this reason, an estimate of participant(continued...)

For example, if 10 registrants participated in ABElGED activities during each month between January
and December (whether or not they were the same people every month), the total number of
participant-months for that year would be 120 (i.e., 10 x 12). Dividing the total expenditures by the
total number of participant-months for the steady-state period yields the average monthly unit cost
during that period - in other words, the average cost ascribed to one participant for one month. This
implies, of course, that the accumulated cost ascribed to a given individual for the duration of her
involvement in an activity will depend on how many months she participated in the activity.
Thus, the final step in estimating the county welfare department's average cost of GAIN per
experimental was to multiply the activity's monthly unit cost by the experimental group's estimated
average GAIN-related length of stay (i.e., number of months participating) in the activity. The data
used to estimate the duration of participation in each activity were the same as those used for the
participation analysis discussed in Chapter 2, and the estimation procedures were nearly the same.''
It is important to note that the unit cost estimates, though expressed in terms of cost per
participant-month, actually included all the costs of staff efforts to follow up on nonparticipants who
were assigned to a particular component. For example, if 2 out of 10 registrants assigned to an
ABEIGED class failed to attend it, the time case managers spent trying to contact the nonattenders,
to address obstacles to their attending, to cajole them to participate, or to invoke the formal penalty
process all got charged - according to the rules of the state's time study in effect during the period
covered by the cost analysis - to the component the registrant was expected to attend. In effect, then,
the unit cost would reflect the fact that (using the same example) for every 8 people who attended an
activity, the welfare department incurred the expenses of having staff work with another 2 who failed
to do so.
Estimates of welfare department unit costs for five of the seven main categories of GAIN
activities are shown in Table 3.1, columns A (for job search, education, and vocational training
activities) and B (for orientation, appraisal, and assessment). (Cost information on unpaid work
experience and OJT is provided in the table's notes.) To illustrate: Column A in the left panel of the
table shows that the estimated unit cost per participant-month incurred by Alameda's welfare
department for ABEIGED activities was $180. The unit cost for ABE\GED varied widely, from a low
of $94 per participant-month in Tulare to $288 in Los Angeles. In all counties, the unit cost for job
"(. ..continued)

months was constructed for this analysis, using county data on GAIN orientations from the GAIN-25 forms
and information on registrants' length of stay in each activity from MDRC's GAIN registrant survey. The
county data on the number of orientation attenders were considered to be accurate during the steady-state
period because they closely matched the number of registrants MDRC had randomly assigned during that same
period. This, of course, also meant that most GAIN registrants during the steady-state period were in
MDRC's research sample, and that the registrant survey data on participation pertained to the orientation
attenders counted on the state forms.
I 2 ~described
s
in Chapter 2, participation in employed-related activities by experimentals and controls was
identified through a combination of GAIN program tracking data collected from county casefiles and registrant
survey data. The main difference between the participation estimates presented in Chapter 2 and those used
in the calculation of costs had to do with the way periods of nonparticipation were handled in estimating the
duration of participation in a given component. For that reason, multiplying the unit cost estimate in Table
3.1 by average length of stay estimates presented in Chapter 2 would not yield the same (correct) estimates
of average costs presented below in Table 3.2.

TABLE 3.1
ESTIMATED UNIT COSTS FOR EMPLOYMENT-RELATED ACTIVITIES (IN 1993 DOLLARS)
Experirnentals
Welfare Deparbnent Unit Cost
(Marked Up to Include Costs
for Following Nonparticipants)

County and Component

Orientation, appraisal, and assessment
Job search activities
ABEIGED
ESL
Vocational training or postsecondary education

I

u
N
I

Orientation, appraisal, and assessment
Job search activities
ABEJGED
EsL
Vocational training or postsecondary education

Non-Welfare Agency
Unit Cost ($)

_

Average per
Participant-Month
(A)

Average per
Appraisal($)

nla

515

1120
180
180

nla
nla
nla

104

nla

nla

345

607
112
112

nla
nla
nla

192

n/a

n/a

520

556

nla
nla
nla

Average
per ADA (a) ($)
(C)

Agency Unit Cost
--- Non-Welfare
.--Average per
Participant-Month ($)

~-

Average
per ADA (a) ($)

..a

.~-..~B

nla
nla

356

nla
n/a

2109
2109

n/a
nla

2094
2094

nla

--

--

.

n/a

3201
--

nla

nla
nla

252

nla
n/a

2106
2106

nla
n/a

2090
2090

nla

~

3055

~~--p~p

Los Anqeles
Orientation, appraisal, and assessment
Job search activities
ABEIGED
ESL
Vocational training or postseconday education

162

nla
nla

I38

nla

nla
nla

2131
2131

n/a
n/a

21 24
2124

nla
nla

nla

nla

n/a-

Riverside
l , assessment
Orientation. a ~ ~ r a i s aand
Job searchachities
ABEIGED
ESL
Vocational training or post-secondary education

nla

407

141

nla
nla
nla

101

nla
-

2160
2160

nia

p

3588

(continued)

TABLE 3.1 (continued)
~.*.

-~
~

~~

elEEErtals

~

Welfare Department Unit Cost
(Marked Up to Include Costs
for F o l l o w i n ~ a r t i c i p a n t s )

Countv and Component

Average per
Participant-Month
L
A

~~~

~

~~

Non-Welfare Agency
Unit Cost @

Average per
Appraisal($)

Average
per ADA (a) 6)

L

~

~~

-~

~~

~controls

~

-

~

~-

-~

~~p

Non-Welfare Agen;yUni!Cost
Average per
Participant-Month ($)

m

..

~

~-

Average
per ADA (a) ($)
-

-

Sari Dieqo
Orientation, appraisal, and assessment
Job search adtivities
ABEIGED
ESL
Vocational training or postsecondary education

'f

Orientation, appraisal, and assessment
Job search activities
ABEIGED
ESL
Vocational training or postsecondary education -

295
nla
nla
nla

nla
537
243
243
-

82

.
-

nla
nla
2153
2153
3252
- -

nla .
.
.
.-

nla
667
94
94

342
nla
nla
nla

77

nla

nla
nla
2101
2101
-

nla
173
nla
nla
--

nla
nla
2155
2155

nla

3307
--

--

nla
321
nla
nla

nla
nla
2083
2083
-.

-

3170

SOURCE: MDRC calculations based on fiscal and participationdata from the county welfare departments, the California Deparbnent of Social Services, the California
Department of Education and the Chancellor's Office of California Community Colleges, and information collected for the MDRC participant flow study and from the
registrant survey.
NOTES: The estinated unit cost of unpaid work experience per participant-month ranged from $80 in Alameda to $955 in Tulare, and theOJT unit cost, which was
esthated on a cost per participant basis, ranged from $6 in Alameda to $1.852 in Tulare. However, these estmates are less reliable than those for the other activities
owing to the very low use of unpaid work experience and OJT assignments. At the same tine, the low use of these activities by experimentals and controk means that,
even with very high unit cost estmates (as in Tulare), unpaid work experience and OJT assignments account for very little of the total gross cost per experimental and
the total gross cost per control. The same estinates were assumed to apply to controk participating in similar activities.
Where data are not available, "nla" is used.
(a) One "ADA refers to one unit of Average Daily Attendance, an attendance measure used by California community colleges and adult schools, and defined as
a block of 525 hours of attendance. (One ADA unit can be thought of as the total course time for a full-tine student during a normal academic year.) Published
community college and adult school costs are expressed in terms of expenditures per ADA. These ADA data were also used to approximate unit costs for
vocational training that was provided to this study's sample members by institutions other than community colleges and adult schools.

search was the highest for any activity, reflecting the fact that it included the costs of providing the
job search activities (e.g., of operating the job club sessions) in addition to case management. Across
five of the six counties, the job search unit costs were quite similar, ranging from $537 in San Diego
to $667 in Tulare. Alameda's unit cost was the highest, $1,120 per participant-month.
Many factors can affect the size of the unit cost across activities and counties. These include
registrant-to-case-manager ratios, the intensity of staff efforts to monitor registrants' participation, the
degree of emphasis on personalized attention (which can involve more time-consuming, and hence
more costly, interactions with registrants), the wage scales and other overhead costs in different
communities (e.g., both may be higher in more urban areas), and a variety of special expenditures a
county may make on behalf of registrants in certain components. For example, San Diego had extra
on-site counselors in its learning labs for ABEIGED and ESL participants; Tulare and Butte had extra
on-site counselors at some community colleges; Riverside made incentive payments to basic education
providers; Los Angeles held a motivational training seminar, which was incorporated into its day-anda-half-long orientation; and Alameda had an on-site day care center at the GAIN office for registrants
attending a GAIN orientation and meeting with staff.
Also critical is the number of participants relative to the program's capacity. Unit costs would
be higher in a program operating under capacity (e.g., sewing fewer people at any one time than its
staff and facilities could handle) than in one operating at full capacity. Unit costs could also change
quickly and substantially in response to a change in the flow of participants through the program's
activities. For example, a sudden increase in the number of participants "on-board" in the program's
job search component without a corresponding increase in staffing or facilities would cause unit costs
to drop sharply."
The size of a county's unit cost for a particular component was not the only factor that
determined the welfare department's average cost per experimental for a given GAIN activity; the
other determining factor was the per-experimental average length of stay in the component. A short

1 3 ~ h welfare
e
department unit costs in Los Angeles during the time the MDRC research sample was
studied may have been somewhat higher than at a later period because, at the earlier point, the program had
excess capacity (unused furnished space) because the California state legislature had imposed a cap, for the
period from July 1989 to June 1990, on the amount of money the county could spend on a case management
contract if it contracted for these services. The county used a private firm,and the existence of the cap, which
was in effect during the steady-state period selected for this evaluation, limited the number of people Los
Angeles could register for GAIN.
The analysis partly compensated for this problem by using a longer steady-state period for the
orientation. appraisal, and assessment category. The longer period included the time after the cap was lifted.
when the number of people attending orientation in a given month increased considerably, bringing down the
average unit cost of orientation. Although many of the registrants who took part in GAIN orientations in the
later period were not part of the research sample, there is little reason to expect that the nature of the
orientation and appraisal process had changed in ways that would have affected recipients' subsequent
participation in the program or in the labor market. However, the registrants attending orientation after the
cap was lifted were not included in the MDRC research sample, and the county's own GAIN-25 data suggest
that their participation patterns may have differed from those of the people who were included in the MDRC
research sample. Therefore, unit cost estimates for program activities other than orientation, appraisal, and
assessment were all based on a steady-state period that ran from October 1989 through September 1990, when
most program registrants were also members of the research sample.

average length of stay could keep down the average cost per experimental even in a program where
the unit costs were relatively high.
Table 3.2, column A, presents the average cost of GAIN incurred by the welfare department,
per experimental, in each county for each activity. (In Figure 3.1, this is represented by box 1,
excluding support service costs.) The operating cost per experimental for the six counties combined
was $2,317, as shown by the subtotal line in the last panel of the table. These costs were fairly similar
in Butte, Riverside, San Diego, and Tulare, at approximately $1,600 to $2,100, but much higher in
Alameda ($3,273) and Los Angeles ($3,296).
The bulk of the county welfare departments' operating costs were spent on case management
activities. These included the time spent on orientation, appraisal, and assessment as well as ongoing
case management, which involved assigning registrants to activities, arranging support services,
responding to noncompliance, communicating with outside providers, maintaining casefiles on
registrants, etc. While the available data do not permit a precise estimate to be made, a reasonable
approximation would be that case management accounted for about three-quarters of county welfare
department GAIN operating costs per experimental (and about 60 percent of welfare department costs
after adding in support service costs).

B. Child Care and Other Suowrt Service Costs (Firmre 3.1. Boxes 1 and lb)
The overall cost of GAIN included payments for three types of support services to help
registrants participate in GAIN activities, as listed in box l b in Figure 3.1: child care costs,
transportation costs, and ancillary services (i.e., miscellaneous employment or training expenses such
as uniforms, work shoes, tools, equipment, books, and registration or licensing fees). Individual-level
data on support service expenditures were collected from county fiscal records for a representative
subsample14 of experimentals in each of the six counties, covering a period of 25 months after GAIN
orientation in Alameda to at least 50 months in San Diego.15 For the remainder of the five-year time
frame used in this analysis, it was necessary to project support service costs for a period ranging from
6 to 10 months in San Diego to 35 months in ~ 1 a m e d a . l ~

14Alamedaand Los Angeles support service payments data were collected for nearly all experimentals who
were included in the impact sample (593 and 2,995, respectively) from the counties' automated tracking files.
For the other four counties, support service payments for experimentals in representative county samples (114
in Butte, 214 in Riverside, 2,238 in San Diego for child care and 132 for transportation and ancillary support
services, and 175 in Tulare) were obtained from county data bases and spreadsheet files, casefiles, and other
fiscal records.
I5The support service payments data covered a period of 49 months in Bune, 48 months in Los Angeles,
39 months in Riverside, and 47 months in Tulare. In San Diego, data on payments for transportation and
ancillary services were available for 54 months, and data on child care for 50 months.
16Supportservice costs had to be projected for approximately one year in Butte, Los Angeles, San Diego,
and Tulare, and for approximately two to three years in Riverside and Alameda, respectively. These
projections were made by multiplying the observed average monthly payment amount by an estimate of the
average length of participation in GAIN activities during the projection period. In Alameda and Los Angeles,
monthly support service payments data were not available in a form that could be readily used for this
evaluation, so the average of those payments in the other four counties (which did not vary) were used as
proxies for the monthly estimate in Alameda and Los Angeles.

TABLE 3.2
ESTIMATED GAlN COST PER AFDC-FG EXPERIMENTAL
WITHIN FIVE YEARS AFTER ORIENTATION, BY SERVICE COMPONENT AND AGENCY (IN 1993 DOLLARS)
..Welfare Depamnent

.

County and Component
Alameda

Average per
Experimental ($)
(A)

GAIN Cost
Percentage
Distribution
(8)

--Non-Welfare
Agencies' GAIN Cost
Average per
Experimental ($)

(c)

Percentage
Distribution

.--!EL

_ Total GAINCost
Average per
Experimental (A+C) ($)

(4

Percentage
Distribution
- .. . ~

( F)

Orientation, appraisal,
and assessment
Job search activities
ABEIGED
ESL
Vocational training or postsecondary education
Unpaid work experience
OJT assignment
Subtotal (operating costs)

I

J.

01
I

Child care
Other support services
Total

Butte
Orientation, appraisal,
and assessment
Job search activities
ABEIGED
ESL
Vocational training or postsecondary education
Un~aid
work ex~erience
O J assignmeni
~
Subtotal (operating costs)

112

4.2

166

12.7

278

7.0

513

19.4
2.6

816

62.3

1329

0

0.0

70

33.6
1.8

70

Child care
Other support services
Total
(continued)

TABLE 3.2 (continued)

--..

County and Component

. .

~

Welfare Deparbnent GAIN Cost
Average per
Percentage
Experimental ($)
Distnoution

2-

~

~

~

~~

~

Non-Welfare Agencies' GAIN Cost

~Total GAIN Cost

Average per
Ex~erimental6)

Average per
Experimental (A+C) ($)

Percentage
Distribution

a

.

-

--

1Q

~

~~p

Percentage
Distribution

~-rn

-

Los A n q e e
Orientation, appraisal.
and assessment
Job search'activities
ABEIGED
ESL
Vocational training or postsecondary education
Unpaid work experience
OJT assignment
Subtotal (operating costs)
Child care
Other support services
Total

8.7
9.8
34.5
17.0
17.8
0.0
0.0
87.9
5.2
6.9
100.0

Riverside

--.
I

U

I

Orientation, appraisal.
and assessment
Job search activities
ABEIGED
ESL
Vocational training or postsecondary education
Unpaid work experience
OJT assignment
Subtotal (operating costs)
Child care
Other support sewices
Total
San Dieqo
Orientation, appraisal.
and assessment
Job search activities
ABElGED
ESL
Vocational training or postsecondary education
Unpaid work experience
OJT assignment
Subtotal (operating costs)
Chlld care
Other support selvlces
Total

18.9
28.9
14.6
5.3
26.2
0.3
0.1
94.3
1.9
3.7
100.0
-. ----

10.1
21.3
17.7
5.4
30.8
2.4
0.5
88.1
7.0
4.9
100.0
(continued)

TABLE 3.2 (continued)
.

~

Welfare
- Deparbnent-GAIN Cost
Average per
Experimental ($)
=and

.-

~~

(4

component

- . - ~ -~.
. ~----

~

Non-Welfare Agencies' GAIN Cost

Total GAIN Cost

~p

Percentage
Distribution
(0)

Average per
Experimental ($)
.

..

Percentage
Distribution
-

w

~~

Average per
Experimental (A+C) ($)
- -

..

p
p
p
-

.

-

L

-

Percentage
Distribution

I!

-

&
T

I

m
I

Orientation, appraisal.
and assessment
Job search activities
ABElGED
ESL
Vocational training or postsecondary education
Unpaid work experience
OJT assignment
Subtotal (operating costs)

383
480
349
135

18.3
23.0
16.7
6.5

0
0
540
27 1

00
00
32.8
18.5

383
480
889
406

10.3
12.9
23.8
10.9

212
19
8
1584

10.2
0.9
0.3
75.9

833
0
0
1644

50.7
0.0
00
1000

1046
19
8
3229

28.0
0.5
0.1
86.5

Child care
Other support services
Total
--

152
350
2086

7.3
16.8
100.0

0
0
1644

0.0
0.0
100.0

152
350
3731

4.1
9.4
1000

488
726
551
188

16.8
25.0
19.0
6.5

0
0
470
175

0.0
0.0
31 .O
11.6

488
726
1022
364

11.1
16.4
23.1
8.2

325
33
5
2317

11.2
1.2
0.2
79.9

870
0
0
1515

57.4
0.0
0.0
100.0

1194
33
5
3832

27.1
0.8
0.1
86.8

225
358
. . 2899
~ ~ ~

7.7
12.3
100.0
-----

0
0
1515

0.0
00
100.O~L

225
358
4415

5.1
8.1
100.0

~

~

~.
. -.

~-

All coun--

Orientation, appraisal.
and assessment
Job search activities
ABVGED
ESL
Vocational training or postsecondary education
Unpaid work experience
OJT assignment
Subtotal (operating costs)
Child care
Other support services
Total
p
p
p
-

~

~

~

p

-

~

~~
~

SOURCE: See Table 3.1
NOTES: The estiated unit cost of unpaid work experience per participant-month ranged from $80 in Alameda to $955 in Tulare, and the OJT unit cost, which
was estinated on a cost per participant basis, ranged from $6 in Alameda to $1,852 in Tulare. However, these estimates are less reliable than those for the other
activities owing to the very low use of unpaid work experience and OJT assignments. At the same time, the low use of these activities by experiientals and controls
means that, even with very high unit cost estimates (as in Tulare), unpaid work experience and OJT assignments account for very little of the total gross cost per
experinental and the total gross cost per control. The same estinates were assumed to apply to controls participating in similar activities.
Distributions may not sum to 100.0 percent because of rounding.
(a) In the all-couniy averages, the results for each county are weighted equally.

Table 3.2 presents the five-year estimated support service expenditures per experimental
(column A) and shows the percentage of each county welfare department's overall GAIN cost
attributable to support services (column B). For example, the estimated cost of child care in Butte
averaged $156 per experimental, accounting for about 6 percent of the overall cost incurred directly
by the Butte welfare department (column B). This is close to the all-county estimate of $225 per
experimental and accounted for almost 8 percent of the GAIN costs incurred by the county welfare
departments, as shown in the last panel of Table 3.2.
Table 3.3 provides more detailed information on support service costs. Column A shows the
proportion of the experimental group who ever used the various support services. For example, across
all six counties (as shown in the last panel of the table), only about 14 percent of experimentals ever
used child care that was paid for with GAIN funds while they were participating in the program."
Column B shows the average amount of money the counties paid in a typical month per person for
whom a payment was made in the month (e.g., $180 for child care), and column C indicates the total
amount spent during the five-year period per experimental who used a specified support service (e.g.,
$1,229 for child care for those that used GAIN child care funds). Columns D and E present the
support service costs that were observed and projected per experimental (i.e., averaged over all
experimentals, including those who never used any support services). The average observed and
projected amounts together sum to the five-year total cost per experimental (column F), which was
$225 for child care, $261 for transportation expenses, and $97 for ancillary services for all six counties
combined. (It is important to note that the five-year support service cost estimates are less certain in
counties such as Alameda where the projection period is so much longer than in other counties.)
Finally, column G indicates the percentage distribution of support service costs by type of
service. It shows that, across all six counties, child care accounted for about 39 percent of the perexperimental cost of all support services provided as part of the GAIN program, while transportation
accounted for 45 percent, followed by ancillary services at almost 17 percent. Transportation cost
more than child care per experimental because a much larger proportion of the experimental sample
received transportation payments (57 percent) than used GAIN-funded child care (14 percent), as
indicated in column A. However, as expected, the cost per person receiving transportation payments
($387) was much lower than the cost per person using child care paid for by GAIN ($1,229), as
indicated in column C.
When the support service costs are compared across counties, Riverside's costs stand out as
much lower than other counties' average expenditures for these services. This appears to be due to
"The finding that only 14 percent of GAIN experimentals (across the six counties) used GAIN-funded
child care is comparable to the rate estimated by MDRC in an earlier special study of GAIN child care in a
different sample of California counties (although over a shorter follow-up period). In that smdy.
approximately 13 percent of orientation attenders responding to an 18-month survey reported having used
GAIN child care funds. (See Maninson and Riccio, 1989.) Some of the same explanatory factors probably
apply. According to the earlier study, most of those who did not use GAIN-funded child care did not meet
the criteria for receiving it. For example, a large number of orientation attenders did not participate at all
in GAIN activities, in many cases because they were deferred on the grounds that they had pan-time
employment or for other reasons, or because they left welfare before attending a GAIN activity. Even among
participants, the need for child care was not universal. Many were determined not to require any child care
assistance because their youngest child was at least 14 years old or because all of their GAIN activity took
place while their children were in school.

TABLE 3.3
ESTIMATED GAIN SUPPORT SERVlCE COST PER AFDC-FG EXF'ERIMENTAL WITHIN
FIVE YEARS AFTER ORIENTATION. BY TYPE OF SUPPORT SERVICE (IN 1993 DOLLARS)

County and
cost Category
Alarneda
In-program child care (a)
Transportation
Ancillary services
Total

Percent of
ExperimentalsWho
Received the Service
(A)

Average Observed
Average Observed
Cost per Monthly
Cost per Person Who
Payment ($) Received the Service ($)
(6)
(C)

Average Cost per Experinental
Total
Observed ($) Projected ($)
(D+Q ($)

2

L

O

0

Percentage
Distribution

LGI

21.8
79.3
51.8
nla

nla
nla
nla
nla

1263
317
115
nla

275
251
60
586

168
234
168
570

443
485
228
1156

38.3
42.0
19.7
100.0

In-program child care
Transportation
Ancillary services
Total

11.0
23.5
34.0
nla

176
117
86
nla

1175
818
384
nla

129
192
131
452

27
39
41
1 07

156
231
172
559

27.9
41.3
30.8
100.0

Los Angeles
In-program child care
Transportation
Ancillary services
Total

14.7
85.5
37.0
nla

nla
n/a
nla
nla

1915
290
151
nla

281
248
56
585

33

74
35
142

314
322
91
727

43.2
44.3
12.5
-100.0

Riverride
In-program child care
Transmrtation
~ncllleryservices
Total

30.8
nla

73
nla

117
nla

36
123

19
45

55
168

32.7
100.0

San Dieqo
In-program child care (b)
Transportation
Ancillary services
Total

15.8
49.4
15.0
nla

Butte

,

m

0
I

.

-

(continued)

TABLE 3.3 (continued)
--~--.-----.~-----

County and
Cost category

L

U

~

Percent of
ExperimentalsWho
Received the Service

Average Observed
Average ObseNed
Cost per Monthly
Cost per Person Who
Payment ($) Received the Service (5)
(6)
(C).

A

-

Observed ($)

~

-~

m Costperwerinental
Total
Projected (5)
(DfE) (5)

-

-

.

.

Percentage
Distribution

.

-

LG~

~

In-program child care
Transportation
Ancillary services
Total
All counties (c)
In-program child care
Transportation
Ancillary services
Total

10.7
54.7
8.4

184
87
82

1288
550
108

nla

nla

nla

13.9
57.4
29.5

180
68
76

1229
387
164

n/a

n/a

nla

137
301
9
447

15
35
5
55

179
195
52
425

45
67
45
157

~

. .

152
336
14
502

-

225
26 1
97
583

SOURCE: Calculations based on county welfare department fiscal and participation data and MDRC participation data.
NOTES:

-~~~

~-~

Distributions may not sum to 100.0 percent because of rounding.
The automated support service expendiiure data that were available for Alameda and Los Angeles were not processed by MDRC in a way that would
permit an average cost per monthly payment to be esthated.
Where data are not available. %/a" is used.
(a) This figure includes a very small amount of transitional child care provided by GAIN under the three-month rule that applied prior to April 1990.
(b) In San Diego, a very small amount of unlicensed in-home child care expendlures was included in the average cost per experinental estimate but
excluded from the estmated average cost per monthly payment and average cost per person who received the sewice, owing to data limitations.
(c) In the all-county averages, the resulh for each county are weighted equally.

30.3
66.9
2.8
100.0

38.5
44.9
16.6
100.0

the shorter length of time that Riverside's experimentals participated in GAIN activities. Table 3.3
(column B) shows, e.g., that Riverside's average monthly child care payment ($165) was not
substantially lower than other counties' average monthly payment (e.g., it was only $19 lower than
Tulare's average of $184). Moreover, the proportion of Riverside experimentals ever using GAINfunded child care was close to the rate in at least some other counties (e.g., 9 percent compared to
about 11 percent in Tulare). However, the cost perperson using GAINfundr for child care was much
lower in Riverside (e.g., $470 compared to $1,288 in Tulare, a difference of $818), indicating that
the average length of time those funds were used was less than in other counties."
It is important to note that, across all six counties, the average cost of GAIN child care per
experimental, while substantial, might have been higher still if the research sample had been composed
mostly of parents with younger children, a group that has a greater need for child care. For those with
schoolage children, GAIN activities were often scheduled to take place while the children themselves
were in school. Also, those whose youngest child was a teenager (up to about one-quarter of the
research sample in some counties) would not have been eligible for GAIN-funded child care.
C. Transitional C h i d Care
Under JOBS rules, welfare recipients are entitled to receive transitional child care assistance
from the county welfare department if they leave welfare for employment and meet other criteria.
However, because people who leave welfare for employment are eligible for this assistance regardless
of whether they were ever in the JOBS (i.e., GAIN) program, transitional child care is not considered
in this analysis to be a GAIN-related cost. At the same time, GAIN could have affected transitional
child care payments to the extent that it increased the probability of people leaving welfare for
employment, and to the extent that it increased welfare recipients' awareness of the availability of this
benefit. In this sense, transitional child care might be thought of as a "complementary" rather than
a direct cost of GAIN, and, therefore, appropriate to consider in an analysis of the overall cost of
serving experimentals.
The data available for this study did not permit an accurate estimate to be made of the average
value of county expenditures for transitional child care per experimental and per control. However,
several types of information indicate clearly that the actual amount was very low.19 For example,
according to the registrant survey, it appears that roughly 1 to 3 percent of all survey respondents
reported using transitional child care withh the two- to three-year survey follow-up period. Data on

his is consistent with the participation findings discussed in Chapter 2, which showed that, within the
first 11 months of follow-up, nearly 79 percent of Riverside's AFDC-FG experimentals had deregistered from
GAIN, while in other counties the rate ranged from 28 percent in Alameda to 57 percent in San Diego (see
Table 2.12).
"MDRC'S
1989 study of GAIN chid care found a similarly low use of the three-month transitional child
care that, prior to JOBS, was offered as part of GAIN'S support services. Although the exact reasons for that
low usage rate could not be determined, the report identifies a number of factors that may have contributed
to that result, including the fact that some orientation attenders in that study did not become eligible for the
funds (e.g., they did not leave welfare for work), some who might have been eligible said that they did not
need the assistance (e.g.. perhaps they worked part-time while their children were in school), and some may
not have been adequately informed about their entitlement to transitional child care. See Martinson and
Riccio, 1989, pp. 72-77.

receipt of this assistance were also collected directly from the county welfare departments for
experimentals and controls in Butte, Riverside, and San Diego. These results, too, reveal little usage:
by none of the experimentals or controls sampled in Riverside, less than 1 percent of experimentals
and controls in San Diego, and possibly up to 2 percent of experimentals (but no controls) in ~utte.*'
(It is possible, of course, that a somewhat greater proportion of experimentals and perhaps controls
used transitional child care over time as more and more of them left welfare for work.)

111.

The Cost of GAIN t o Non-Welfare Agencies (Fieure 3.1. Box 2)

Non-welfare agencies - adult schools, community colleges, and other organizations - provided
the education and training for GAIN registrants who were assigned to basic education classes,
vocational training, and post-secondary education to meet their participation obligation, or who were
participating in approved self-initiated activities begun prior to entering GAIN. Thus, the expenditures
made by the non-welfare agencies to serve GAIN registrants are considered to be GAIN-related costs
(as illustrated in box 2 of Figure 3.1), even though they were not controlled directly by the county
welfare d e ~ a r t m e n t s . ~ '
To estimate the per-experimental average of these costs for each county, it was first necessary
to determine the appropriate unit cost for each activity. Provider unit costs were estimated separately
for ABEIGED, ESL, and vocational training or post-secondary education, and covered operating
expenses but not support services. They were based largely on expenditure data for community
colleges and adult schools (the main providers) and for ROCIPs, all of which were obtained from the
Chancellor's Office of the California Community Colleges and the California State Department of
ducat ion.^^ These expenditures are expressed in terms of the average cost per unit of Average

'In Butte, transitional chid care payment data for the 12 months from April 1991 through March 1992
was analyzed for the full AFDC-FG sample of 986 experimentals and 243 controls used for the impact
analysis. County records indicated that seven experimentals and no controls received transitional child care
payments. In Riverside, a random sample of 595 experimentals and 200 controls was matched to transitional
child care payments for the period from July 1990 through April 1993, but no payments were found. In San
Diego, transitional child care payment data were obtained for a subsample of 195 registrant survey sample
members who said they had left AFDC for employment. Of the 195 sample members, one experimental and
on control received transitional child care payments between April 1990 and March 1993.
"Some of these expenditures included California Department of Education, JTPA, and California
Community Colleges monies that were earmarked by the state legislature for serving GAIN registrants. Until
July 1990, these sums were counted as "community resources" in the state's GAIN budget.
''California Community Colleges data were obtained from the 1989-90 Fiscal Data Abstract of the
Chancellor's Office. County numbers were calculated from accumulated district-level numbers. Results were
inflation-adjusted to 1993 dollars. California State Department of Education data on adult schools were
obtained from the Education Finance Division (ADA statistics) and from the School Business Services Division
(Adult School Fund expenditure reports) and the Budget Office (estimated state-level expenses). Fiscal year
1991-1992 data were used for calculations and the results then were inflation-adjusted to 1993 dollars.
The registrant survey indicates that some participants in vocational training programs are likely to have
received their training at institutions other than community colleges and adults schools. These instirutions
could include a great variety of proprietary schools, community-based nonprofit organizations, and ROCIPs,
in many cases using JTPA funds to help pay for the services. (Community colleges and adult schools also used
JTPA funds.) Because data were not available on the actual cost of services provided by these other
(continued.. .)

Daily Attendance (ADA), where one ADA unit represents 525 hours of attendance. (One ADA unit
can be thought of as the total course time for a full-time student during a normal academic year.)23
Table 3.1 presents the unit cost estimates for ABEIGED, ESL,'~and vocational training and
post-secondary education (see column c).'~AS the table shows, the estimated unit cost of ABEIGED
and ESL instruction for experimentals was over $2,100 per ADA in all six counties. For vocational
training and post-secondary education, unit costs were considerably higher, ranging from $3,011 in
Butte to $3,522 in ~ i v e r s i d e . ' ~
Once the provider unit cost was estimated for a given activity, it was multiplied by a
corresponding GAIN-related length of stay estimate per experimental, with the average number of
months participating transformed into an estimate of the average number of ADA units of participation
per experimenta~.~'This yielded the estimated non-welfare agencies' GAIN cost per experimental.
The results are presented in column C of Table 3.2. As shown in the last panel, non-welfare
agencies spent about $1,515 per experimental for all GAIN-related activities across all six counties.
This is about half the total GAIN cost of $2,899 per experimental incurred by the county welfare
departments directly (column A).

"(...continued)
institutions, the analysis used the average community college, adult school, and ROClP cost per hour to
approximate their unit costs.
Z3Forexample, a community college student taking a full complement of courses that meet for three hours
per day for 175 days would account for one ADA unit. A part-time student taking half of a full course load
would account for one-half of an ADA, etc.
24Data available on community colleges and adult schools did not permit the unit cost of ESL to be
estimated separately from the unit cost of ABEIGED instruction.
BFor ABElGED and ESL, the unit costs in each county reflected the average of the community college
and adult school unit costs for basic education, since both types of institutions provided basic education
courses. However, these costs were weighted according to the proportion of the participants in the
experimental group who used each type of provider. The relative use of different types of institutions was
determined from respondents' answers to a question on the registrant survey asking them to indicate the type
of institution they attended for each activity. Separate weights were used in each county to reflect county
variation in the frequency of relying on community colleges versus adult schools for basic education courses.
A similar weighting scheme was used in estimating the average unit cost for vocational training and postsecondary education, since adult schools and other institutions as well as community colleges provided those
services.
County-specific data on average community college expenditures per ADA were obtained for the six
counties in the study. However, unit cost estimates for adult schools and ROClPs were based on statewide
averages.
26Becauseone unit of ADA is 525 hours, an hourly cost can be determined simply by dividing the cost
per ADA by 525 hours. Thus, using Riverside as an example, the estimated hourly cost is $4.11 for basic
education instruction and $6.71 for vocational training and post-secondary education.
"This transformation was made panly by using information on the average number of hours per week that
panicipants were scheduled to participate in each activity, as reported on the registrant survey. Other
adjustments were also made in an effort to estimate the average number of ADA units per experimental in a
manner that was consistent with the definitions employed by the community colleges and adult schools.

IV. The Total Cost of GAIN wr AFDC-FG Exaerimental (Fipure 3.1. Box 3)
As previously explained, the total cost of GAIN per experimental (box 3 in Figure 3.1) was the
sum of the county welfare department's and non-welfare agencies' GAIN-related costs per
experimental. This overall cost can be seen in column E of Table 3.2. For all six counties (the last
panel), the sum was $4,415 per experimental. The percentage distribution in column F indicates that,
of this total, almost 87 percent was accounted for by operating costs, another 5 percent was accounted
for by child care expenditures, and another 8 percent by other support services (i.e., transportation
and ancillary costs).
Table 3.2 also shows that the total cost of GAIN per experimental varied widely across the six
counties. Four counties - Butte, Riverside, San Diego, and Tulare - had an average cost in the
range of about $3,000 to $4,000, while Los Angeles spent more than $5,900 per experimental and
Alameda, more than $6,600. (Figure 3.2 illustrates the differences across counties in the distribution
of the total cost of GAIN by type of GAIN activity or service.) The unusually high costs in Alameda
and Los Angeles (both of which served only long-term welfare recipients) are largely attributable to
their experimentals' relatively lengthy stays in education and training activities. This can be illustrated
by comparing both unit costs and total GAIN costs for education and training activities in Riverside
and Alameda. Table 3.1 shows, e.g., that the county welfare department's unit cost for ABEIGED
in Alameda exceeded Riverside's by only $39 per participant-month ($180 compared to $141).
Moreover, the basic education providers' unit costs were actually higher in Riverside than in Alameda
($2,160 compared to $2,109). Yet, as shown in column E of Table 3.2, the total GAIN cost per
experimental for ABEIGED was much higher in Alameda ($1,644) than in Riverside ($432). This
difference derives from the fact that experimentals in Alameda were more likely than their counterparts
in Riverside to start ABEIGED activities, and to remain in them longer once they began them (see
Chapter 2)." (This was true also in Los Angeles, where the cost of basic education was even higher
than in Alameda.)
Alameda also stands apart from Riverside (and all other counties) in its higher expenditures per
experimental on GAIN-related vocational training and post-secondary education: $1,957 compared to
$776 in Riverside (Table 3.2, column E). Again, this difference mostly reflected the wide variation
between the two counties in the rate and duration of participation in these activities by experimentals
while they were in the GAIN program.
Longer participation in activities also produces greater expenditures for support services. For
this reason, it is thus not surprising that Alameda's average child care expenditures ($433) and other
support service costs ($713) exceeded those in Riverside ($57 and $11 1, respective~y).~~
The differences in total GAIN costs between these two counties thus reflected the different

"See Chapter 2 for a comparison of county differences in length of stay in each activity. It is important
to note, however, that the actual length of stay estimates presented in that chapter differed somewhat from the
estimates that were used in the cost analysis. In estimating county welfare department costs, the cost analysis
had to include adjustments so that length of stay would be defined in exactly the same way that panicipantmonths were defined in calculating the unit cost estimates.
29~lameda's
higher child care expenditures may have also been the result of a larger proportion of single
parents with children under age 6 in that county's research sample. See Chapter 1.

FIGURE 3.2
PERCENTAGE DISTRIBUTION OF THE ESTIMATED FIVE-YEAR TOTAL COST OF GAIN
PER AFDC-FG EXPERIMENTAL, BY SERVICE COMPONENT
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approaches they took in operating GAIN, which were described in Chapter 2: Alameda's emphasis
on building registrants' human capital through education and training versus Riverside's emphasis on
moving registrants into the labor force expeditiously. In Los Angeles, the high rate and duration of
participation in basic education activities, in combination with a higher county welfare department unit
cost for those activities, accounted for much of that county's comparatively high GAIN cost per
experimental.

V.

Total Gross Cost (for GAIN and Non-GAIN Services) aer AFDC-FG Exoerimental (Figure
3.1. Box 5)

GAIN activities were not the only employment-related activities experimentals used during the
follow-up period. As discussed in Chapter 2, some experimentals entered vocational training and postsecondary activities on their own after leaving the GAIN program. Because these services have the
potential to increase experimentals' longer-term earnings and reduce their use of welfare, it is
important to count their cost in estimating the total government investment on behalf of the
experimental group. It is that total investment - referred to in this analysis as the total gross costper
expenmenml - that must be compared to the total gross cost per control in order to determine the
government's net investment per experimental and, in the benefit-cost analysis, the net payoff of that
investment.
A. Non-GAIN Cost per Exoerimental (Firmre 3.1, Box 4)
To estimate the average non-GAIN cost per experimental for employment-related activities in
each county, the analysis followed the same principles that were used to estimate GAIN-related
expenditures by non-welfare agencies: The provider unit cost for the specified activity was multiplied
by experimentals' average length of stay in the activity. The results are presented in column C of Table
3.4. For all six counties, the average cost of all non-GAIN activities was estimated as $480 per
experimental, as shown in the last panel of the table. Column D indicates that most (87 percent) of
these costs were for vocational training or post-secondary education. Overall, the average cost for
non-GAIN activities varied only modestly across the counties, from $355 per experimental in Alameda
to $689 in San Diego.

B. Total Gross Cost oer Exoerimental (Figure 3.1. Box 5)
The total gross cost per experimental of all employment-related activities (Column E of Table
3.4) was determined by adding the non-GAIN cost per experimental (column C) to the total GAIN cost
per experimental (column A). The six-county average, as shown in the last panel of the table, was
thus $4,895, of which $4,415 (90 percent) were GAIN-related expenditures.
The top graph in Figure 3.3 illustrates the proportion of each county's total gross cost per
experimental (represented by the full bar) that was accounted for by the welfare department's GAINrelated expenditures (the shaded segment), non-welfare agencies' GAIN-related costs (the cross-hatched
segment), and non-welfare agencies' non-GAIN costs (the white segment). The bottom graph presents
the same information, but in percentage terms. In every county, the combined GAIN-related
expenditures by the welfare department and non-welfare agencies accounted for most of the total gross
cost per experimental. Non-GAIN costs comprised a larger share of that total (10 to 18 percent) in

TABLE 3.4
ESTIMATED GAIN. NON-GAIN. AND TOTAL GROSS COST PER AFDC-FG EXPERIMENTAL
WITHIN FIVE YEARS AFTER ORIENTATION. BY SERVICE COMPONENT

County and Component

Total GAIN Cost
(County Webare Department
and Non-Welfare Agencies)
Average per
Percentage
Distribution
Ex~erimental($1
(B)

Non-GAIN Cost
(Non-Welfare Agencies)
Average per
Percentage
Experimental ($)
Distribution
(D)

Total Gross Cost ($)
(GAINand
.. -Non-GAIN
- - -Average per
Percentage
Experlmental (A+C) ($)
Distribution

~a.
--

--El

I

F

Alarneda
Orientation, appraisal, and assessment
Job search activities
ABEIGED
ESL
Vocational training or
post-secondary education
Unpaid work experience
OJT assignment
Subtotal (operating cosk)

I

Child care (a)
Other support services
Total

m

7.4
17.0
24.4
2.1
32.2
0.4
0.0
83.4
6.3
10.2
100.0
~-

I

Orientation, appraisal, and assessment
Job search activities
ABEIGED
ESL
Vocational training or
post-secondary education
Unpaid work experience
OJT assignment
Subtotal (operatingcosts)
Child care
Other support services
Total

14.2
12.9
12.6
6.5
39.3
1.6
0.1
67.3
3.5
9.1
100.0

~

~
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TABLE 3.4 (continued)
-

Total GAIN Cost
(County Welfare Departnent
and Non-Welfare Agencies) -

County and Component

Average per
Experimental ($)

0

Percentage
Distribution

Non-GAIN Cost
(Non-Welfare A g m
Average per
Experimental ($)

--a

-

Total Gross Cost ($)
(GAIN and Non-GAIN

Percentage
Distribution

0)

Average per
Experimental (A+C) ($)

Percentage
Distribution

(Q

(FL-

--

.

-

Los Angeles
Orientation, appraisal, and assessment
Job search a c t ~ t i e s
ABUGED
ESL
Vocational training or
post-secondary education
Unpaid work experience
OJT assignment
Subtotal (operating costs)
Child care
Other support services
Total

8.7
9.8
34.5
17.0

0.0
0.0
4.1
4.1

8.1
9.2
32.5
16.1

17.8
0.0
0.0
87.9

91.9
0.0
0.0
100.0

22.7
0.0
0.0
88.6

5.2
6.9
100.0

0.0
0.0
100.0

4.9
6.5
100.0

18.9
28.9
14.6
5.3

0.0
2.2
6.4
3.0

16.1
25.0
13.4
5.0

26.2
0.3
0.1
94.3

88.4
0.0
0.0
100.0

35.3
0.2
0.1
95.2

1.9
3.7
100.0

0.0
0.0
--100.0

1.6
3.2
100.0
~.-

10.1
21.3
17.7
5.4

0.0
1.5
6.6
3.1

8.3
17.8
15.8
5.0

30.8
2.4
0.5
88.1

88.8
0.0
0.0
100.0

41 .O
2.0
0.4
90.2

7.0
4.9
100.0

0.0
0.0
100.0

..

Riverside
Orientation, appraisal, and assessment
Job search activnies
ABEIGED
ESL
Vocational training or
post-secondary education
Unpaid work experience
OJT assignment
Subtotal (operating costs)
Child care
Other support
services
..
Total

~

San Dieqo
Orientation, appraisal, and assessment
Job search activities
ABUGED
ESL
Vocational training or
post-secondary education
Unpaid work experience
OJT assignment
Subtotal (operating costs)
Child care (b)
Other support services
.Total

~~~~~~

5.7
4.0
100.0
~~~

(continued)

TABLE 3.4 (continued)

County and Component

Total GAlN Cost
(County Welfare Deparbnent
and Non-Welfare Agencies) Average per
Percentage
Experimental ($)
Distribution

(4

EL

Non-GAIN Cost
(Non-Welfare AgencieQ----~
Average per
Experimental ($)
.(C)

Percentage
Distribution
(D)

Total Gross Cost ($)

~

F!AIN~andNon-GA!N)~-~-

~~.

~

p

-

Average per
Experimental (A+C) ($)
(E)
~

Percentage
Distribution
(F)
~

Orientation, ~ppraisal,and assessment
Job search a&vaies
ABUGED
ESL
Vocational training or
post-secondary education
Unpaid work experience
OJT assignment
Subtotal (operating costs)
Child care
Other support services
Total
All counties&
I
I

Orientation, appraisal, and assessment
Job search activities
ABEIGED
ESL
Vocational training or
post-secondary education
Unpaid work experience
OJT assignment
Subtotal (operating cosb)
Child care
Other support sewlces
Total
SOURCE: See Table 3.1
NOTES: The estimated unit cost of unpaid work experience per participant-month ranged from $80 in Alameda to $955 in Tulare, and the OJT unit cost, which was
estinated on a cost per participant basis, ranged f r m $6 in Alameda to $1.852 in Tulare. However, these estinates are less reliable than those for the other activities
owtng to the very low Lse of unpa d work experience and OJT asslgnments At the same tme, the low use of these act VRleS by exper mentals and controk means tnat
even wtth very ntgn Jntt cost estmates (as n T~lare)m p a ~ d
work exper.ence and OJT asslgnments account for very ltttle of the total aross cost Der exoerlmental and
the total gross cost per control. The same estinates were assumed to apply to controls pariicipating in similar activiiies.
Distributions may not sum to 100.0 percent because of rounding.
The automated support service expenditure data that were available for Alameda and Los Angeles were not processed by MDRC in a way that would
permit an average cost per monthly payment to be estinated
(a) This f~guremcludes a very small amount of transitional child care provided by GAlN under the three-month rule that applied prior to April 1990.
(b) In San D~ego,a very small amount of unl~censedin-home child care expenditures was included in the average cost per experinental estimate but
excluded from the estknated average cost per monthly payment and average cost per person who received the sewice, owing to data limitations.
(c) In the all-county averages, the results for each county are weighted equalb.
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FIGURE 3.3
DISTRIBUTION OF ESTIMATED FIVE-YEAR TOTAL GROSS COST
PER AFDC-FG EXPERIMENTAL, BY AGENCY

A. Distribution of Estimated Total Gross Cost
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Butte. Riverside, San Diego, and Tulare than in Alameda and Los Angeles (5 to 6 percent), the two
counties where participation in GAIN education and training activities lasted the longest.

VI.

Total Gross Cost per AFDC-FG Control (Fimre 3.1. Box 7)

Members of the control group did not have access to GAIN services but were free to enroll in
community-provided education and training programs on their own initiative. Therefore, the cost per
control includes expenditures by non-welfare agencies for these types of activities (Figure 3.1, box
6).30 The average cost of all such activities used by controls makes up the total gross cost per
control. As previously mentioned, it is that cost that serves as the benchmark against which the total
gross cost per experimental must be compared in order to determine the net cost per experimental i.e., the increment in government dollars spent on employment-related activities per experimental, over
and above what would have been spent on them in the absence of GAIN.
Chapter 2 showed that many controls did, indeed, use non-GAIN employment-related services
(see Table 2.4) and that their participation was concentrated in vocational training and post-secondary
education program^.^' Because those activities were relatively expensive, the estimated total gross
cost per control was s u b s t a n t i a ~ .As
~ ~shown in Table 3.5 (column B), it averaged $1,472 per control
for the six counties combined (last panel), and only in Los Angeles was it less than $1,300. In the
other five counties, the cost per control was quite consistent, varying at most by a few hundred dollars.
Interestingly, vocational training or post-secondary education accounted for almost all of those costs.

3 0 ~data
o were collected on the receipt of support services by members of the control group in the course
of their participation in employment-related activities. (Similarly, no data were collected on the use of such
services by experimentals whiie participating in non-GAIN education and training activities.) While control
group costs may have been underestimated because of the absence of data on their receipt of support services,
the amount of that underestimation would probably be small. Although some public subsidies are available.
many education and training providers do not offer support service payments. In addition, any underestimate
of child care costs is likely to have been contained by the fact that most sample members had children no
younger than age 6.
3'It should be noted that the costs incurred by the county welfare departments to process controls through
orientation and random assignment were considered to be costs that were incurred only for research purposes
and thus were not counted as part of the cost of employment-related services received by controls. Hence.
a zero is included in the category of "orientation, appraisal, and assessment" in Table 3.5.
"Because the specific schools and agencies where controls took part in employment-related activities could
not be determined in this analysis, unit costs for these activities were estimated in the following ways. For
job search services, the cost of job search program operations (i.e., excluding case management) for the
experimental group in each county was also used as the job search unit cost for controls. This seems
reasonable, especially since, in some counties, GAIN job search was provided by the community agency
(EDD) that provides job search services for Unemployment Insurance (UI) recipients, who could have
included controls. The welfare departments' unit costs for PREP and OJT were taken as the unit costs for
unpaid work experience and OJT assignments (which were infrequently used activities) for controls. Finally,
for ABEIGED, ESL, and vocational training and post-secondary education, the same community college, adult
school, and ROClP expenditure data that were used for computing unit costs for experimentals were used for
computing them for controls as well, but adjusted to reflect controls' relative frequency of using adult schools
versus community colleges for basic education and for vocational training.

TABLE 3.5
FOR AFDC-FG REGISTRANTS: ESTIMATED TOTAL GROSS COST PER EXPERIMENTAL. TOTAL
GROSS COST PER CONTROL. AND NET COST PER EXPERIMENTAL WITHIN FIVE YEARS
AFTER ORIENTATION, BY SERVICE COMPONENT

County and
Component

Total Gross Cost
per Experimental (5)
(A)

Total Gross Cost
per Control ($)
(B)

Net Cost per
Experimental (A-B) (5)
(C)

Alameda
Orientation, appraisal.
and assessment
Job search activities
ABEIGED
ESL
Vocational training or postsecondary education
Unpaid work experience
OJT assignment
Support services (a)
Total

515
1183
1699
149
2250
25
0
1156
6977

&!&
Orientation, appraisal.
and assessment
Job search-activites
ABEIGED
ESL
Vocational training or postsecondary education
Unpaid work experience
OJT assignment
Support services
Total
Los Anaeles
Orientation, appraisal.
and assessment
Job search activaies
ABVGED

ESL
Vocational training or postsecondary education
Unpaid work experience
OJT assignment
Support services
Total

1033
1450
0
0

727
6402

Riverside
Orientation, appraisal.
and assessment
Job search actrvities
ABVGED
ESL
Vocational training or postsecondary educat~on
Unpaid work experience
OJT assignment
Support services
Total

174
1223
9
3
168
3469
(continued)

TABLE 3.5 (continued)

County and
Component

Total Gross Cost
per Experimental (5)
(A)

Total Gross Cost
per Control (5)

326
698
617
195

0
76
99
30

326
622
518
165

1605
78
17
383
3918

1792
5
4
2007

-188
72
14
383
1912

383
484
979
406

0
10
62
69

383
474
917
337

1411
19
6
502
4189

1233
61
20
0
1455

178
-42
-15
502
2734

488
732
1067
374

0
52
01
29

488
680
985
345

1612
33
5
583
4895

1292
13
6
0
1472

321
20
-1
583
3422

(8)

Net Cost per
Experimental (A-B) (5)
(c)

San Dieqo
Orientation, appraisal,
and assessment
Job search activities
ABEIGED
ESL
Vocational training or postsecondary education
Unpaid work experience
OJT assianment
support Services (b)
Total

o

*T
Orientation, appraisal,

and assessment
Job search activities
ABEIGED
ESL
Vocational training or postsecondary education
Unpaid work experknce
OJT assignment
Support services
Total
All counties ( c l
Orientation, appraisal.
and assessment
Job search activities
ABEIGED
ESL
Vocational training or postsecondary education
Unpaid work experience
OJT assignment
Support services
Total
SOURCE: See Table 3.1.

NOTES: The estimated unit cost of unpad work expehence per participant-month ranged from 580 in Alameda to 5955
in Tulare, and the OJT unit cost, which was estimated on a cost per participant basis, ranged from 56 in Alameda to 51,852
in Tulare. However, these estimates are less reliable than those for the other activities owing to the very low use of unpaid
work experience and OJT assignments. At the same time, the low use of these activities by experimentals and controls
means that, even with very high unit cost estimates (as in Tulare), unpaid work experience and OJT assignments account
for very lntle of the total gross cost per experimental and the total gross cost per control. The same estimates were
assumed to apply to controls participating in similar activities.
Data on controls' use of support services were not collected. Although those costs are almost certain to be
lower than the cost of GAlN support services for experimentals, they are probably not zero (as was assumed for this
evaluation). Similarly, data on experimentals' receipt of non-GAIN support services while participating in non-GAIN
activities (after leaving GAIN) were not collected and are probably not zero.
The automated support service expenditure data that were available for Alameda and Los Angeles were not
processed by MDRC in a way that would permit an average cost per monthly payment to be estimated.
Rounding may cause slight discrepancies in calculating sums, averages, and differences.
(a) This figure includes a very small amount of transitional child care provided by GAlN under the three-month
rule that applied prior to April 1990.
(b) In San Diego, a very small amount of unlicensed in-home child care expenditures was included in the
average cost per experimental estimate but excluded from the estimated average cost per monthly payment and average
cost per person who received the service, owing to data limitations.
(c) In the all-county averages, the results for each county are weighted equally.
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VII.

Net Cost aer AFDC-FG Exoerirnental (Firmre 3.1. Box 5 Minus Box 7)

Each county's net cost was calculated by subtracting the total gross cost per control from the
total gross cost per experimental (or column B from column A in Table 3.5). These results, by type
of activity and overall, are presented in column C of Table 3.5. As the last panel of that table shows,
the estimated net cost per AFDC-FG experimental for all six counties was $3,422 (i.e., $4,895 minus
$1,472). (Rounding accounts for the numbers not adding up exactly.) As was found for total GAIN
costs, Alameda and Los Angeles had the highest net cost per experimental - $5,597 and $5,789,
respectively. Of the other four counties, Riverside had the lowest net cost ($1,597). followed closely
by San Diego ($1,912), and then by Butte ($2,904) and Tulare ($2,734).
Figure 3.4 presents these net cost estimates graphically by comparing the total gross cost per
experimental and per control in each county using side-by-side bars for the two groups. It also
distinguishes GAIN from non-GAIN costs for the experimental group and thereby helps to illustrate
several important conclusions about the county variation in net costs. First, it can be seen from the
small size of the shaded segment of each county's bar for experimentals that non-GAIN costs varied
little across the six counties and, consequently, explain little of the variation in net costs. Rather, most
of the variation in net costs was due to county differences in the total cost of GAIN per experimental
(the white segment of the bar for experimentals) and the total gross cost per control. As previously
noted, net costs were largest where GAIN costs were highest - in Los Angeles and Alameda. Also
contributing to Los Angeles's high net cost was the relatively low cost per control in that county.
Among the other counties, control group costs did vary by several hundred dollars, and so had some
effect on the differences in net costs across those counties as well. Overall, net costs were lower to
the extent that a lower GAIN cost per experimental was combined with a relatively high control group
cost, as in Riverside and San Diego to a greater extent than in the other counties.
Figure 3.5 presents a summary of the net cost estimate for each county, and shows the
contribution of four broad categories of expenditures: (1) orientation, appraisal, and assessment, (2)
job search, (3) all basic education (ABEIGED and ESL) and other post-secondary and vocational
education and training (along with the very small amount of net costs for work experience and OJT
costs), and (4) support services. The graph helps to illustrate that in Alameda and Los Angeles, the
incremental investment of government dollars (i.e., the net cost) per experimental was allocated to
education and training activities to a greater extent than in the other counties. At the opposite end of
the spectrum, the graph illustrates that in Riverside there was almost no net government expenditure
on education and training activities. In fact, Riverside produced a net increase in the use of basic
education activities, but a reduction in expenditures for vocational training or post-secondary education
(compared to what would have happened in the absence of GAIN, as measured by the control group's
experience).

VIII. Summarv of Cost Estimates for AFDC-FG Reeistrants Determined Not to Need or to Need
Basic Education
Table 3.6 summarizes the cost findings for the AFDC-FG basic education subgroups. In most
counties (all except Alameda and Butte), the net cost per experimental was higher for the subgroup
determined to need basic education than for the subgroup determiwd not to need it. This difference
was driven, of course, primarily by the experimental-control differences in the average number of

FIGURE 3.4

,

ESTIMATED TOTAL GROSS COST PER EXPERIMENTAL. TOTAL GROSS COST PER CONTROL,
AND NET COST PER EXPERIMENTAL FOR AFDC-FG REGISTRANTS
WITHIN FIVE YEARS AFTER GAIN ORIENTATION
Experimentals (El:
Controls ICI:

GAlN~Related
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Net Cost (ExperimentalControl Difference):

Butte

Los Angeles

Riverside
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SOURCE AND NOTES: See Tables 3.4 and 3.5.

San Diego
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All Counties

FIGURE 3.5
AVERAGE FIVE-YEAR NET COST OF GAIN AND NON-GAIN EMPLOYMENT-RELATED SERVICES
PER AFDC-FG EXPERIMENTAL, BY SERVICE COMPONENT

Alameda

Butte
Orientation, appraisal
and assessment

Los Angeles
Job search
actlvlttes

Riverside

San Diego

All bas(c educaion, other
educat~on,tralnlng, and
work assignments'

Tulare

All Counties

Support services

SOURCE: Table 3.5.
NOTE: 'Work assignments include unpaid work experience and OJT. These activities contributed very little to the overall net cost estimates.

TABLE 3.6
SUMMARY OF COST ESTlMATES FOR AFDC-FG WERIMENTALS AND CONTROLS
BY BASIC EDUCATION SUBGROUP. WITHIN FIVE YEARS AFTER ORIENTATION (IN 1993 DOLLARS)

Total GAIN Cost
Operating C o s u
Subgroup
and county

Average per
Experimental 6)

-

/.--I-.

Non-GAIN Cost

Total Gross Cost per
Experimental (A+B+C)

Total Gross Cost
--_ee&oArqlp

Average per
Experimental ($)
_- -. . (Dl

Average per
Control ($)

Net Cost

--(D--E)

Support Services
Average per
Experimental ($)
(6)

Average per
Experimental ($)
-

A..
.
--

.~.~~

(0

Average per
Experimental ($)
( F)

AFDC-FG registrants determined
not to needLasic education
Alameda (b)
Butte
Los Angeles
Riverside
San Diego (c)
Tulare
ycounties (d)

6700
3747
2843
3100
2519
3482
3732

AFDC-FG registrants determined
I
a to need basic education
m
I
Alameda (b)
Butte
Los Angeles
Riverside
San Diego (c)
Tulare
All counties (d)

~

.

4891
3058
5682
2592
3129
3094
3741

-

~

SOURCE: See Table 3.1.
NOTES: The estimated unit cost of unpaid work experience per participant-month ranged frcm $80 in Alameda to $955 in Tulare, and theOJT unit cost, which was
estinated on a cost per participant basis, ranged from $6 in Alameda to $1.852 in Tulare. However, these estinates are less reliable than those for the other activities
owing to the very low use of unpaid work experience and OJT assignments. At the same tine, the low use of these activities by experimentalsand controk meam that,
even with verv hiah unit cost estinates (as in Tulare).
. . unoaid
. work experience and OJT assignments account for verv little of the total gross cost per experimental and
the total grosi cost per control. The same estimates were assumed to apply to controls ~ a r t ; c i ~ a tini nsimilar
~
activiies.
The automated s u ~ w rservice
t
exoenditure data that were available for Alameda and Los Anaeles were not orocessed bv MDRC in a wav that would ~ermit
an average cost per monthly 'payment to be estinated.
(a) These figures include county welfare department and non-welfare agency operating expenditures.
(b) Support services costs for Alameda expermentals include a very small amount of transitional child care provided by GAIN under the three-month rule
that applied prior to April 1990.
(c) In San Diego, a very small amount of unlicensed in-home child care expenditures was included in the average support services cost per experinental
estimate but was excluded from the estimated average cost per monthly payment and average cost per person who received the service, owing to data linitations.
(d) In the all-county averages, the results for each county are weighted equally. It should be noted that the all-county results for the two
basic education subgroups, which make up varying proportiins of each county's full sample, will not necessarily bracket the all-county results for the full sample
for each category of costs when subgroup results for each county are equally weighted.

-

-

months spent participating in ABEIGED and ESL courses, and in job search activities. In Alameda,
however, the net cost ($7,161) was more than $2,000 higher per experimental determined not to need
basic education - and much higher than the net cost of serving that subgroup in any other county.
The reason for that unusually high cost can be traced largely to Alameda's substantial impact on the
rate and average duration of participation in GAIN vocational training and post-secondary education,
in conjunction with its substantial impact on participation in job search activities. Among the other
counties, Riverside and San Diego had the lowest net cost per experimental for those determined not
to need basic education. These two counties had net costs that were at least $1,000 lower than the
next lowest county (Tulare).

IX. Summary of Cost Estimates for AFDC-U Re&trants
Gross and net costs were also estimated for AFDC-U registrants. Table 3.7 presents the
findings on the total cost of GAIN per AFDC-U experimental (which can be compared with Table 3.2
for AFDC-FGs). Table 3.8 presents the total gross cost per experimental, the total gross cost per
control,33 and the net cost per experimental (which can be compared to Table 3.5 for AFDC-FGs).
Costs were not estimated for AFDC-Us in Alameda owing to the small size of the AFDC-U sample
in that county. Across the other counties, the net cost per experimental ranged from $2,050 in San
Diego to $4,449 in Los Angeles. In each county, with the exception of Los Angeles, the net cost per
AFDC-U experimental was quite similar to the net cost per AFDC-FG experimental, with the
difference being less than $600. In Los Angeles, the net cost per AFDC-U was $1,340 less than the
net cost per AFDC-FG largely because of the much lower gross and net costs of ABEIGED instruction
per AFDC-U compared to the corresponding costs for AFDC-FGs.

3 3 ~isstrue for AFDC-FGs, the total cost of GAIN per experimental accounted for most of the total gross
cost per experimental: about 92 percent for the AFDC-U sample across the five counties combined. This
can be seen by dividing the last entry in column E of Table 3.7 by the last entry in column A of Table 3.8.

TABLE 3.7
ESTIMATED GAlN COST PER AFDC-U EXPERIMENTAL
WITHIN FIVE YEARS AFTER ORIENTATION, BY SERVICE COMPONENT AND AGENCY
- .... ..-

p~

County Welfare DepatIment GAIN Cost
Average per
Experimental ($)
County and Component

l!!l

Orientation, appraisal, and assessment
Job search activities
ABUGED
ESL
Vocational training or postsecondary education
Unpaid work experience
OJT assignment
Subtotal (operating costs)

I
+

0

o
I

Child care
Other support services
Total
__

Percentage
Distribution

Non-Welfare Agencies' GAIN Cost
Average per
Experimental ($)

B 0

-

.
.

Total GAIN Cost

Percentage
Average per
Distribution Experimental (A+C) ($)
(D).L
(El

-- ..

-

-

~

Percentage
Distribution

(F)

25.9
25.1
9.1
9.3

17.0
16.4
15.3
14.0

15.4
3.6
0.0
88.5

27.5
2.4
0.0
92.5

2.6
8.9
100.0

1.7
5.8
100.0
--

16.9
16.6
12.9
35.3

11.4
11.3
14.6
39.4

6.4
0.0
0.0
88.2

15.3
0.0
0.0
92.0

1.6
10.3
100.0

1 .I
7.0

Los Angeles
Orientation, a ~ ~ r a i s a
and
l . assessment
ESL
Vocational training or postsecondary education
Unpaid work experience
OJT assignment
Subtotal
Child care
Other support services
Total

48
316
3073

I oog
(continued)

TABLE 3.7 (continued)
.

~.~

-..-ppp.---p

~

County Welfare Departnent GAIN Cost
-- Non-Welfare Agencies' GAIN Cost

County and Component

~.

Average per
Experimental ($)
(A)

Percentage
Distribution

Average per
Experimental ($)

(0)

.

~

~

Total GAIN Cost
~

Percentage
Average per
Distribution Experimental (A+C) ($)
..(D).__~~
_
(El-

-19

Percentage
Dlstnbution
.

Riverside

I

I

Orientation, appraisal, and assessment
Job search activities
ABEIGED
ESL
Vocational training or postsecondary education
Unpaid work experience
OJT assignment
Subtotal

560
1062
153
165

25.3
48.0
6.9
7.5

0
0
171
173

0.0
00
26.8
27.2

560
1062
323
338

19.7
37.3
11.3
11.9

98
19
0
2057

4.4
0.9
0.0
92.9

292
0
0
636

46.0
0.0
0.0
100.0

390
19
0
2692

13.7
0.7
00
94.5

Child care
Other support services
Total

13
144
2214

0.6
6.5
100.0

0.0
0.0
100.0

13
144
2849

0.5
5.1
100.0

0
0
636
.-

-

.

~

-

~

p

Sari Diego

Orientation, appraisal, and assessment
Job search activities
ABEIGED
ESL
Vocational training or postsecondary education
Unpaid work experience
OJT assignment
Subtotal

326
580
367
197

16.9
30.1
19.1
10.2

0
0
297
125

0.0
0.0
36.9
15.5

326
580
664
322

11.9
21.2
24.3
11.8

108
94
4
1676

5.6
4.9
0.2
87.1

384
0
0
806

47.6
0.0
0.0
100.0

492
94
4
2482

18.0
3.5
0.2
90.9

Child care (a)
Other support services
Total

97
151
1924

5.0
7.8
100.0

0
0
806

0.0
0.0
- 1m.o

97
151
2730

3.6
5.5
100.0
.-

383

20.4

O

0.0

383

10.9

.

_ -

-T
Orientation, a ~ ~ r a i s aand
l , assessment
J O searchactivities
~

ABEIGED
ESL
Vocational training or postsecondary education
Unpaid work experience
OJT assignment
Subtotal

238

12.7

477

29.1

715

20.4

166
19
4
1558

8.9
1.O
0.2
83.2

665
0
0
1642

40.5
0.0
0.0
100.0

831
19
4
3200

23.7
0.5
0.1
91.1

Child care
Other support services
Total

37
277
1872
-

2.0
14.8
- 100.0
-

0
0
p 1642
p

0.0
0.0
100.0

37
277
3514
_

1.I
7.9
_100.0
---

-

.-

_

.

_

-

(continued)

TABLE 3.7 (continued)
County Welfare Department GAIN Cost
Average per
Experimental (5)
County and Component

2

_

Non-Welfare Agencies' GAIN Cost

Percentage
Distribution

(

B

)

Average per
Experimental (5)

.

.

.

.

Percentage
Distribution
.

- -

Total GAIN Cost
Average per
Experimental (A+C) ($)

2 .
-

.

-a

,~

Percentage
Distribution
.

3

All counties (bl
Oriintation, appraisal, and assessment
Job search activities
ABEIGED
ESL
Vocational training or postsecondaly education
Unpaid work experience
OJT assignment
Subtotal

483
637
291
382

21 .O
27.7
12.7
16.6

0
0
316
354

0.0
0.0
27.1
30.4

483
637
607
736

13.9
18.4
17.5
21.2

188
44
2
2028

8.2
1.9
0.1
88.2

497
0
0
1 167

42.6
0.0
0.0
100.0

685
44
2
3194

19.8
1.3
0.0
92.1

Child care
Other support services
Total
--- - .
-

52
221
2300

2.2
9.6
100.0

0
0
1167
.

0.0
0.0
100.0

_.
,-

.

_

..

-

52
221
3 4 6 7-

1.5
6.4
100.0

SOURCE: See Table 3.1

I

NOTES: . The estinated unit cost of unpaid work experience per participant-month ranged from $80 in Alameda to 5955 in Tulare, and the OJT unit cost, which was
estinated on a cost per participant basis, ranged from 56 in Alameda to 51,852in Tulare. However, these estimates are less reliable than those for the other activities
owing to the very low use of unpaid work experience and OJT assignments. At the same tine, the low use of these activities by experimentals and controls means that.
even with very high unit cost estinates (as in Tulare), unpaid work experience and OJT assignments account for very little of the total gross cost per experimental and
the total gross cost per control. The same estinates were assumed to apply to controls participating in similar activities.
Distributions may not sum to 100.0percent because of rounding.
The automated support service expenditure data that were available for Los Angeles were not processed by MDRC in a way that would permit an average
cost per monthly payment to be estinated.
The AFDC-U cost analysis does not include Alameda because of the small number of people in that county's AFDC-U sample.
(a) In San Diego, a very small amount of unlicensed in-home child care expenditures was included in the average cost per experinental estimate but
excluded from the estinated average cost per monthly payment and average cost per person who received the service, owing to data limitations.
(b) In the all-county averages, the results for each county are weighted equally.

TABLE 3.8
FOR AFDC-U REGISTRANTS: ESTIMATED TOTAL GROSS COST PER EXPERIMENTAL. TOTAL
GROSS COST PER CONTROL. AND NET COST PER EXPERIMENTAL WITHIN
FIVE YEARS AFTER ORIENTATION. BY SERVICE COMPONENT

County and
Component

Total Gross Cost
per Experimental ($)
(A)

Total Gross Cost
per Control ($)
(B)

Net Cost per
Experimental (A-0) ($)
(C)

627
612
598
529

0
48
73
115

627
564
525
414

1312
88
0
278
4043

562
9
9
0
816

750
79
-9
278
3227

520

0
12
23
49

520
499
645
1774

0
364
4785

252
0
0
0
336

647
0
0
364
4449

560
1076

0
25

560
1051

612
19
0
157
3146

872
5
3
0
996

Butte
Orientation, appraisal,
and assessment
Job search activities
ABEIGED
ESL
Vocational training or postsecondary education
Unpaid work experience
OJT assignment
Support services
Total
Los Anaeles
Orientation, appraisal.
and assessment
Job search activities
ABEIGED
ESL
Vocational training or postsecondary education
Unpaid workexperience
OJT assignment
Support services
Total

511

668
1823
899
0

Riverside
Orientation, appraisal.
and assessment
Job search activities
ABUGED
ESL
Vocational training or postsecondary education
Unpaid work experience
OJT assignment
Support services
Total
San Dieqo
Orientation, appraisal,
and assessment
Job search actlvaies
ABEIGED
ESL
Vocational trainlng or postsecondary education
Unpaid work experience
OJT assignment
Support services (a)
Total

367
768
94
4

248
3110
(continued)

TABLE 3.8 (continued)

County and
Component

Total Gross Cost
per Experimental ($)
(A)

Total Gross Cost
per Control ($)
(6)

Net Cost per
Experimental (A-B) ($)
(C)

Orientation, appraisal,
and assessment
Job search activities
ABUGED
ESL
Vocational training or postsecondary education
Unpaid work experience
OJT assignment
Support services
Total
All counties (b)
Orientation, appraisal,
and assessment
Job search activities
ABUGED

ESL
Vocational training or postsecondary education
Unpaid work experience
OJT assignment
Support services
Total
SOURCE: See Table 3.1
NOTES: The estimated unit cost of unpaid work experience per participant-month ranged from $80 in Alameda to 5955
in Tulare, and the OJT unit cost, which was estimated on a cost per participant basis, ranged from $6 in Alameda to $1.852
in Tulare. However, these estimates are less reliable than those for the other activities owing to the very low use of unpaid
work experience and OJT assignments. At the same time, the low use of these activities bv experimentals and controls
means ihat, even with very high unit cost esbmates (as m Tulare). unpald work exper~ence'andOJT assignments accobnt
for very lmk of the total gross cost per expenmental and tne tota gross
cost per control Tne same estimates were
assumed to apply to cor%rols participating in similar activities.
Data on controls' use of support services were not collected. Although those costs are almost certain to be
lower than the cost of GAIN support services for experimentals, they are probably not zero (as was assumed for this
evaluation). Similarly, data on experimentals' receipt of non-GAIN support services while participating in non-GAIN
activities (after leaving GAIN) were not collected and are probably not zero.
The automated support service expenditure data that were available for Alameda and Los Angeles were not
processed by MDRC in a way that would permit an average cost per monthly payment to be estimated.
The AFDC-U cost analysis does not include Alameda because of the small number of people in that county's
AFDC-U sample.
(a) In San Diego, a very small amount of unlicensed in-home child care expenditures was included in the
average cost per experimental estimate but excluded from the estimated average cost per monthly payment and average
cost per person who received the service, owing to data limitations.
(b) In the all-county averages, the results for each county are weighted equally.

CHAPTER 4
THREE-YEAR IMPACTS FOR SINGLE-PARENT (AFDC-FG) REGISTRANTS

The next three chapters present the effects, or impacts, of GAIN on employment and earnings,
AFDC receipt and payments, Food Stamp receipt and payments, and various measures of job quality,
family well-being, and other outcomes. Chapter 4 presents impacts for AFDC-FGs based on
Unemployment Insurance (UI) records, AFDC payment records, and Food Stamp records. The
research sample consists of AFDC-FG case heads who were classified as mandatory under pre-JOBS
rules (i.e., with some exceptions, did not have a child under age 6).' The analysis covers the first
three years after each registrant attended a GAIN orientation. It includes summary measures for the
entire three-year follow-up period; separate estimates for years 1, 2, and 3; and quarter-by-quarter
estimates. Results are presented for the full sample, individual counties, and selected subgroups.
Additional results are shown in Appendix D. Quarter-by-quarter impact estimates through the end of
year 3 and through later quarters for early cohorts of program registrants are provided to indicate how
large the impacts of GAIN are likely to be in future years. The final section of the chapter presents
three-year impacts for AFDC-FGs who were newly mandatory under JOBS (i.e., had a child under
age 6). This analysis was based on a supplementary research sample, as described in Chapter 1.
Chapter 5 analyzes outcomes based on survey data for AFDC-FGs. Chapter 6 gives impacts for
AFDC-Us based on U1, AFDC, and Food Stamp records.

I.

A Summary of the Findines on Earnings and Welfare Savings for AFDC-FGs

GAIN's impacts on the earnings of AFDC-FGs continued to grow in the third year of follow-up.
Averaged across the six counties, with each county given equal weight, the earnings impact was $266
per experimental during year 1.' The impact nearly doubled, to $512, the following year, and then
grew to $636 in year 3, for a three-year total of $1,414 per experimental group member.3 Average
welfare savings leveled off in year 3. After having grown from $283 to $347 between years 1 and
2, they were $331 in year 3, for a three-year total of $961 per experimental. The magnitude of
GAIN's earnings impacts compares favorably with the three-year results for a group of previously

'In Alameda, as discussed in Chapter 1, a substantial number of sample members had a child under age
6. Many of these may not have been mandatory under the pre-JOBS rules but were mandatory under JOBS.
However, the data available in this study do not classify people into these two categories with sufficient
accuracy to allow the analysis to remove them from the research sample without removing pre-JOBS
mandatories who had a child under age 6. Prior to JOBS, AFDC-FGs with a child under age 6 could be
classified as mandatory under certain circumstances, and a small proportion of the samples in each county did
have pre-schoolage children.
%pact estimates for years 1 and 2 may differ slightly from those presented in the two-year (1993) impact
report owing tdupdating of some earnings and AFDC records data.
3Throughout the impact analysis, rounding may cause slight discrepancies in calculating sums and
differences.

studied demonstration programs, and the AFDC impacts compare very f a v o r a b ~ y .All
~ of these GAIN
impacts were statistically significant.'
Earnings impacts grew in four of the six counties from year 2 to year 3. The largest impacts
were in Riverside: $3.1 13 per experimental ($920 in year 1, $1,183 in year 2, and $1,010 in year 3),
or 49 percent above the control group average. This dollar figure is about twice the size of the largest
three-year impact previously estimated in an experimental evaluation of a broadly targeted welfare-towork program. One reason the three-year earnings impact in Riverside was so large is that the
experimental-control difference persisted through year 3 of follow-up. Another reason is that earnings
gains in Riverside were produced consistently across subgroups. Alameda, Butte, and San Diego had
middle-level three-year earnings impacts: $1,474 to $1,772 per experimental, or 21 to 30 percent
above the control group average. Also of note was the $513 increase from year 2 to year 3 in the
earnings impact for Tulare, where positive and statistically significant effects were observed for the
first time. This result may have been a delayed effect of the heavy emphasis on GED preparation in
Tulare. The part of the sample that had been deemed to need basic education showed an earnings
impact of nearly $700 in Tulare in year 3, an amount that is in the middle range for year 3 for the inneed-of-basic-education group across counties. Finally, in Los Angeles, earnings impacts continued
to grow slightly more positive over time - from a small loss in year 1 to small gains in years 2 and
3 - but for the entire three-year period they remained small and not statistically ~ i ~ ~ f i c a n t .
The pattern of welfare savings was somewhat different. As was true of earlier results, the
largest three-year impacts were in Riverside: a $1,983 reduction in AFDC payments (15 percent of
the control group average payment), split about equally among the three years. These dollar savings
were greater than the largest three-year AFDC impacts previously found in MDRC's experimental
evaluations of broadly targeted welfare-to-work programs. Alameda, Butte, Los Angeles, and San
Diego form a middle tier, with total AFDC savings over the three years ranging from $782 to $1,136,

4Evaluations of five welfare-to-work demonstration programs that, like GAIN, aimed for broad coverage
of the eligible caseload all showed increased earnings impacts from year 1 to year 2. and two showed further
increases in earnings impacts for year 3. Three of the five programs showed increased welfare savings from
year 1 to year 2, and two showed increases from year 2 to year 3. Earnings impacts tended to peak in year
3, while welfare savings tended to peak in year 2. For a summary of these earlier results, see Friedlander
and Burtless (forthcoming) and Gueron and Pauly (1991). Section 111 of this chapter expands upon this
comparison.
The term broad-coverage denotes a program that aims to reach everyone in a particular target group (e.g..
all single parents with children older than a specified age). Broad-coverage programs contrast with approaches
that select out from the target group only certain individuals to work with, with selection criteria usually based
on subjective assessments of ability and motivation. Broad-coverage programs have. in the past, been largescale or suitable for large-scale implementation, have mostly been mandatory, and have combined several
activities and administrative procedures in a complete welfare-to-work "system." Selective or. more formally.
"selective-voluntary" programs have been tested experimentally only as single activities that are pieces of
larger systems, only at small scale, and, as the name implies, only with voluntary participation. Comparisons
of impact results across the two categories are hazardous, and this report's contextual frame for GAIN
includes previous findings for broad-coverage programs only. See Gueron and Pauly (1991) for a fuller
discussion of the distinction between broad-coverage and selective-voluntary programs.
'Statistical tests were applied to estimates of program impacts to assess the likelihood that these estimates
could, by chance, show an impact when there really was none. An estimate that is "statistically significant"
implies a high degree of confidence that the impact is a real program effect and not the result of chance.

or 4 to 8 percent of the control group average. Welfare savings grew larger in year 3 in Alameda,
but declined somewhat in Butte, Los Angeles, and San Diego. Small welfare savings were found for
the first time in Tulare in year 3, but these were not statistically significant.
In Los Angeles, the magnitude of employment impacts would lead one to expect larger earnings
impacts than were actually observed. In addition, AFDC savings were larger than earnings impacts.
This pattern of results suggests that the GAIN program in Los Angeles helped some sample members
find jobs, but that much of this measured employment was short-term or intermittent, part-time, or at
hourly wages lower than those obtained by employed controls. That is, the measured employment
obtained by some experimentals with the help of GAIN paid less than employment obtained by
controls, and this reduced total earnings gains. The initial employment, however, was enough to close
AFDC cases or to reduce grants. In addition, it appears that some sample members either left AFDC
without getting a job or got a job, left it, but did not return to AFDC. Thus, there was a small
increase (relative to the control group) in the percentage of experimentals in Los Angeles who had
neither earnings nor AFDC payments, which also contributed to the high ratio of AFDC impacts to
earnings impacts.
This chapter also addresses the question of whether there were earnings gains and welfare
savings for certain subgroups. One subgroup of particular interest is registrants who were determined
by GAIN to need basic education, since providing basic education to this group is an important aspect
of GAIN and accounts for a large
of
expenditures. he a&ilysis found three-year
impacts on earnings and AFDC payments for both the "in need" and "not in need" subgroups. In three
counties - Alameda, Riverside, and San Diego - three-year earnings gains were larger for those not
in need, whereas the opposite was true for Butte and Tulare. In Los Angeles, three-year earnings
impacts were larger for those not in need, although neither subgroup showed statistically significant
effects. Across the six counties, the differences between the two education subgroups in terms of
welfare savings did not follow a consistent pattern.
Longer-term AFDC recipients, another key subgroup, experienced both earnings gains and
welfare savings. No definite pattern was found of these impacts being larger or smaller than those for
welfare applicants or short-term recipients. Across racial and ethnic groups, the largest impacts were
found among whites and blacks. The relatively large earnings impact for black sample members in
Alameda is especially significant because that sample was drawn from a long-term AFDC population
in a major inner-city area (Oakland). The least evidence of impacts from GAIN was found for the
Asianlother subgroup.
Another important subgroup consists of "new JOBS mandatories," i.e., AFDC-FG case heads
who, when GAIN became JOBS, were newly classified as mandatory because they had a child under
age 6. Prior to JOBS, such persons were exempted from GAIN'S participation mandate. A sample
of new JOBS mandatories was available in three c o u n t i e ~ . ~Analysis of this sample suggests that
program strategies that produce impacts for other groups can also produce impacts for the new JOBS
mandatory group.

61n Alameda, the sample was a subsample of the research sample and did not distinguish between preJOBS mandatories with a child under age 6 and new JOBS mandatories with a child under age 6. (See Chapter
1 .)
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An important question is whether the variation in GAIN's impacts across counties is simply a
by-product of the different mix of demographic characteristics in each county, or persist when these
factors are held constant. This issue is explored in Chapter 8. However, in advance of that chapter,
it should he noted that the overall pattern of county differences in impacts appears not to be explained
simply by differences in the background characteristics of their GAIN research samples. County
differences are more likely to reflect such factors as the effects of different strategies for implementing
GAIN and the influence of different local environments.
The three-year impact estimates presented in this chapter do not capture all the impacts of
GAIN. Patterns for the first three years indicate that experimental-control differences in earnings and
AFDC payments may be expected to continue into year 4 and perhaps beyond. Indeed, analysis of
extended follow-up data available for a group of early GAIN sample entrants suggests that impacts
will, by and large, continue.
11.

Methodoloeical Issues

The GAIN impact analysis asks two fundamental questions. First, "What were the rates of
employment, AFDC receipt, and Food Stamp receipt and the average earnings, AFDC payments, and
Food Stamp payments for individuals registered in GAIN?" This question is readily answered by
observing the behavior of any representative sample of individuals eligible for GAIN's services and
subject to GAIN's participation requirements. In this study, the experimental group provides estimates
of outcomes for individuals in GAIN. The second question is, "How different would the outcomes
have been if there had been no GAIN program?" This question is much more difficult to answer
because the behavior of GAIN registrants cannot be observed in the absence of GAIN.
It is possible, however, to observe the behavior of control groups that did not differ
systematically from experimentals except that they were not eligible for GAIN. For each GAIN
county, the differences between average outcomes for the experimental group and average outcomes
for the control group provide estimates of GAIN's impacts for the county. For, as long as the controls
remain ineligible for GAIN, the experimental-control comparison yields a valid estimate of the
program's impact. In the GAIN evaluation, controls were not eligible for GAIN for three years,
beginning with the date of an individual's random assignment to the experimental or control group;
in the subsequent two years, the counties were not to recruit or give special preference to serving
controls. The three-year follow-up analyzed in this report falls within this five-year period.
The calculated differences in average outcomes between experimentals and controls may be
subject to some uncertainty because various random factors might make those differences slightly
positive or slightly negative even if there were no real differences caused by the program. To rule
out the effect of chance, outcome differences between experimentals and controls were tested statistically. In the present analysis, outcome differences were considered statistically significant if there
were no more than a 10 percent probability that the measured differences could have been produced
by chance and not as a result of GAIN.
The random assignment research design constitutes a simple yet powerful solution to the
problem of estimating program impacts in an unbiased manner. To follow the experimental design
faithfully, however, requires that comparisons between experimentals and controls closely adhere to

certain protocols. In particular, all persons randomly assigned must be included in the impact
calculations in order for the resulting impact estimates to be unbiased. This means, first, that all
controls must be compared with all experimentals. Both GAIN nonparticipants and participants must
be retained in the experimental samples. This, in turn, implies that impact estimates must be reported
as impacts "per experimental" and not, as is often the case with other kinds of evaluations, as impacts
"per participant. " The "per-experimental" basis is especially suited for studying mandatory programs
such as GAIN. The very existence of a requirement to participate may itself produce effects, perhaps
prompting some program registrants to avoid having to participate by finding a job on their own or
by leaving welfare. In addition, those nonparticipants who did not comply with program requirements
may have been sanctioned with an AFDC grant reduction, which represents a real reduction in AFDC
payments. Such effects, which would be pan of the true impact of the program, would not be
captured by impact estimates calculated for participants only. They can be counted correctly only if
nonparticipants are included in the calculations along with GAIN participants.
Including all research sample members in the impact calculations means that estimates of
average earnings and average AFDC and Food Stamp payments must be interpreted carefully. It
means, for example, that estimates of average earnings per experimental necessarily will include zero
dollar amounts for sample members who were not employed during the period involved. Similarly,
estimates of average AFDC and Food Stamp payments will include zero dollar amounts for sample
members who did not receive benefits during the period in question. To the extent that the program
converts nonearners to earners, or encourages welfare recipients to leave welfare, excluding sample
members with zero dollar values from the experimental and control averages would obviously lead to
a serious underestimation of program impacts.
The experimental group includes only those persons who attended a GAIN orientation and were
randomly assigned. The per-experimental basis for impacts therefore does not capture possible impacts
on individuals who were referred to GAIN but never showed up for an orientation. Some of these
individuals may have been sanctioned, while others may have left welfare or found a job specifically
to avoid GAIN. Because these individuals were not included in the research samples for the current
study, any impacts they might have felt will not be counted. The three-year impact estimates presented
in this report may therefore slightly underestimate the full impact of GAIN.
The discussion of impacts in the various sections of this chapter will often begin with mention
of the outcome levels for controls rather than experimentals. The behavior of controls indicates what
would have happened without GAIN. Their behavior indicates whether the sample GAIN worked with
would have performed well or poorly in the absence of GAIN. Control group outcomes can also be
compared across counties. Such comparisons can tell whether certain counties worked with registrants
that were or were not relatively "job-ready" or "dependent." Similar comparisons across subgroups
can identify particular subgroups that are likely to exhibit one or another kind of behavior in the
absence of GAIN.
Random assignment at GAIN orientation presents difficulties for comparing impact estimates
for GAIN with those for other program evaluations where the point of random assignment was located
at a different stage of the intake process. In particular, for evaluations in which random assignment
was performed at the point where individuals were first referred to the welfare-to-work program, the
research sample may represent a larger share of the eligible caseload than in studies that place it at the
later stage, which some referred individuals do not reach (e.g., because they leave welfare in the

meantime). In addition, certain aspects of random assignment at referral may tend to raise, and others
to reduce, the amount of program impact accruing to the research sample. On the one hand, the
impact estimates in such designs will capture any effects - e.g., from sanctions - occurring between
referral and orientation. On the other hand, impact estimates will be diluted by the presence in the
sample of some welfare applicants who turn out to be ineligible for AFDC, whose applications are
never approved, and who therefore are not obliged to show up at orientation. These applicants
experience no impact from the welfare-to-work program, since they would have been ineligible for
AFDC even without the program.
Within GAIN, differences in targeting complicate comparisons across counties. Targeting
differences create differences in the characteristics of sample members across counties. In addition,
in counties with narrow targeting plans, GAIN registrants (and the research samples) will represent
a smaller share of the overall AFDC caseload than in counties that target more broadly. For example,
in Alameda and Los Angeles, which served only long-term AFDC recipients, the research samples will
include, on average, individuals with greater skills deficits and employment barriers than elsewhere.
The impact estimates in these two counties may not apply to other portions of their caseload.
Six main kinds of outcomes are examined in this chapter: employment, earnings, receipt of
AFDC (e.g., percentage receiving any AFDC in a quarter), amount of AFDC payments, receipt of
Food Stamps, and amount of Food Stamp payments. Earnings have greater variability across sample
members than do the other outcomes. Impact estimates for earnings will therefore generally be less
precise than impact estimates for the other measures. This means, e.g., that a given estimate of an
employment impact may be statistically significant, while its associated estimate of earnings impact is
not. In such cases, the employment result increases confidence that there is, in fact, an earnings
impact.
Sample sizes available for subgroup analysis pose another problem. Subgroups are, by
definition, smaller than the full research sample. Reduced sample sizes decrease the precision of an
impact estimate. This means that a particular impact value that was statistically significant in a fullcounty sample may no longer be statistically significant if it appears as the impact estimate for only
a subgroup of the county sample. By the same token, a particular numerical impact estimate for a
subgroup generally has a wider range of uncertainty around it than a full-sample estimate. Thus, the
magnitude of the subgroup estimates should be interpreted with particular caution. In the subgroup
tables, impact estimates derived from very small samples are flagged to indicate low reliability.' It
should be added, however, that comparisons of means (averages) across subgroups or across counties
are less affected by sample size and can often provide useful information when samples are too small
to permit reliable estimation of impacts.

'As it relates to statistical precision, the effective "size" of an impact sample depends in a complex way
on the number of experimentals and controls and variation in the outcome measure. In classifying subgroups
by sample size, the sue of an "equivalent control group sue for balanced designs" was calculated, which lies
between the sizes of the experimental and control groups but is generally less than the average of the sizes
of both. Then the standard errors for the summary earnings gains and welfare reductions were examined to
determine which equivalent control group sues yielded quite imprecise estimates. As a result of this
examination, subsamples with an equivalent control group size of 100 or less were designated "unreliable";
from 101 up to 250, the subsamples were singled out as being of reduced reliability relative to the other estimates.

An additional set of analysis issues concerns the organization of the follow-up data on earnings,
AFDC, and Food Stamps and the length of the follow-up period. UI earnings data are maintained by
calendar quarter periods: January through March, April through June, etc. But sample members were
randomly assigned daily. Consequently, the earnings reported for any sample member's "quarter 1,"
which includes the date of random assignment, will often include some earnings that preceded that
person's random assignment. Such pre-program earnings cannot logically be part of the GAIN
program's impact. For that reason, quarter 1 is not counted in the summary measures of program
impacts presented in this chapter and the next. Thus, for example, follow-up "year 1" will be defined
as quarters 2 through 5.
AFDC payments data were available monthly. In order to exactly match the intervals covered
by earnings data, AFDC payments were regrouped. This means that for someone randomly assigned
in February, quarter 2 is April through June for both earnings and welfare. It also means that year
1 of welfare follow-up is composed of the 12 months from April through March of the subsequent
year. This convention implies that any impact on employment or earnings in, say, quarter 3 pertains
to exactly the same time period as an impact on welfare in quarter 3. As with earnings, the quarter
of random assignment is dropped from summary welfare measures. Food Stamp data were available
monthly and are organized the same way as AFDC data are organized for this report.

UI earnings data are maintained by the State of California statewide. AFDC and Food Stamp
payments are maintained separately by each county. If a sample member moves out of a county,
AFDC and Food Stamp payments will appear to go to zero in the evaluation data file, even if the
individual returns to welfare in a different county in the state. Earnings data will continue, however,
unless the individual leaves the state. For cross-state migrants, earnings, AFDC, and Food Stamps
will all appear to go to zero in the evaluation data. There is, however, no expectation that such effects
should differ systematically between experimental and control groups. Thus, even though average
earnings and average AFDC and Food Stamp payments may be somewhat underestimated for
experimental and control groups, the differences between those averages should not be much affected.
Any biases in impacts should be small.'
Earnings, AFDC, and Food Stamp payments data are available in all counties at least through
quarter 13. This is the "common" period of follow-up. In Butte, Los Angeles, and Riverside, one
additional quarter is available for earnings and two for AFDC and Food Stamps; in San Diego, data
on earnings and AFDC and Food Stamps are available through quarter 16. For the full sample in each
county, quarterly earnings and AFDC payments have been computed and are shown (in Appendix D)
for as many quarters as are available. The discussion in this chapter will, however, focus on the
common follow-up: "year 1," "year 2," and "year 3" (quarters 2 through 5, 6 through 9. and 10
through 13, respectively).
Finally, some discussion of the expected mechanism of program impact is in order. As typically
portrayed, welfare-to-work programs have their initial impacts on employment and earnings, and those
impacts lead in turn to reductions in welfare. In practice, the relationship between earnings gains and
welfare reductions is far from clear-cut. In some past programs, large earnings gains have been found
without welfare reductions. This may come about for several reasons. There may be errors in reports

'Earnings not covered by or not reported to the UI system may also result in minor biases of earnings
impacts toward zero.
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of earnings or administrative lags in AFDC case closure following the start of employment. Earnings
gains may accrue mostly to short-term welfare recipients who would have been off public assistance
quickly anyway. Or earnings gains may be concentrated among individuals for whom the gains are
larger than the amounts needed to close welfare cases. In addition, work expense and child care
allowances provided for AFDC recipients may offset any increase in earnings, thus allowing those
recipients to remain on welfare while working.
Conversely, some welfare reductions have been observed without corresponding earnings gains.
Again there may be several contributing factors. Sanctions may produce some welfare impacts without
any effect on employment. Contact between welfare-to-work program staff and program registrants
may speed the process of case closure for individuals who find work, even if they would have found
those same jobs without the program's help. There may also be "deterrent effects" for individuals who
leave AFDC to avoid having to participate in the welfare-to-work program but who do not take jobs,
or who may he working at "under the table" jobs not captured by the administrative records data. In
some programs, there may be a real increase in job-finding that leads to an increase in case closure,
but the jobs may not last vely long and individuals may not return to AFDC right away.

111.

A Context for Understanding GAIN'S Three-Year AFDC-FG Imvacts

For analytical purposes, GAIN may be seen as two programs in one, corresponding to the two
tracks for GAIN registrants: one for registrants determined not to need basic education and one for
those deemed to need it. From this perspective, it becomes natural to seek to compare the impact
findings for AFDC-FGs in the two GAIN tracks with findings for single-parent registrants in two kinds
of broad-coverage welfare-to-work programs evaluated with experimental designs during the 1980s.
The first kind comprises low-cost programs consisting primarily of job search activities but often
including a work experience activity as well. A second kind of program used job search and work
experience but also incorporated some education and training and operated at higher cost. MDRC
conducted seven experimental studies of the first kind of program and two of the second kind (see
Appendix Table D . I ) . ~Comparisons across these earlier programs - and between GAIN and these
programs - must be made and interpreted with caution because the programs differed in goals,
services, degree of enforcement, and local conditions.1°
Among the low-cost programs, the median three-year earnings impact was about $700 per
experimental sample member during the rnid-1980~.'~The median three-year AFDC reduction was
about $200 per sample member. These programs were generally found to be cost-effective. However,

PThe seven low-cost programs were the two Louisville WIN Laboratory Experiments, the Arkansas
WORK Program, the Cook County (Chicago) WIN Demonstration program, the West Virginia Community
Work Experience Program (CWEP), the Virginia Employment Services Program (ESP), and the San Diego
Employment Preparation ProgramlExperimental Work Experience Program (EPPIEWEP). The two programs
with some education and training were Baltimore Options and the San Diego Saturation Work Initiative Model
(SWIM). The experimentally evaluated small-scale programs, such as those in Maine and New Jersey, are
not directly comparable to broad-coverage programs such as the nine listed and GAIN. Not only were they
small, but they were also voluntary and registered individuals selectively. See Gueron and Pauly. 1991.
'See Friedlander and Gueron, 1992; Gueron and Pauly, 1991.
"Impact estimates for earlier programs are not inflated to current dollars.

although the programs increased employment and earnings, the pay rates of employed members of the
experimental group were typically no greater than those for employed control group sample members
and were not sufficient by themselves to lift many families out of poverty. Moreover, earnings gains
were not found consistently for the most disadvantaged groups, including long-term AFDC recipients.
The SWIM demonstration in San Diego in the late 1980s illustrates another kind of program,

a moderate-cost intervention that, again, began with job search followed by work experience. But
SWIM assigned other activities, including education and training, to registrants who did not obtain
employment during their initial activities. In addition, registrants could find and enroll in education
and training on their own and, if SWIM approved, could participate in those activities as substitutes
for the regular SWIM activities. During the first three years of follow-up, San Diego SWIM produced
total earnings gains of $1,551 per experimental sample member, $352 in year 1, $644 in year 2, and
$555 in year 3. It should be noted that San Diego SWIM, which was among the most mandatory and
heavily sanctioning of the nine comparison programs, achieved the largest welfare savings among
them, a three-year total savings of $1,462 ($419 per experimental in year 1, $560 in year 2, and $483
in year 3).12
In its emphasis on upfront job search, each of these programs bears some similarity to the jobsearch-first track of GAIN, which is intended for individuals determined not to need basic education.
For the education-first track in GAIN, there are no completed experimental studies of similar
programs. The moderate-cost Baltimore Options program, however, differed from the others in
providing some education or training as an alternative first assignment to job search and work
experience. Although GAIN does not permit the same degree of choice, its basic education track has
in common with the Baltimore program a significant emphasis on human capital development, which
may be expected to take longer to show impacts but which, it is hoped, may produce larger impacts
in the long run. Baltimore produced an earnings impact of $140 per experimental sample member in
year 1. This gain nearly tripled, to $401, in year 2. It further increased to $511 in year 3, held up
at about that level through year 5, and appeared likely to persist even beyond that point.I3 However,
Baltimore, which permitted some registrant choice of activity and did not sanction much, achieved no
welfare reductions.

N. Three-Year Imoacts for the Pooled (Six-County) Samole and the Individual Counties
Figure 4.1 presents the trends in average quarterly earnings and average quarterly AFDC
payments for the experimental and control group samples in each of the six GAIN study counties.
These quarterly estimates and other impact estimates for the counties' AFDC-FG samples are shown
in detail in Appendix Tables D.2 through D.7. It will be noted that some counties have more than the
basic 13 quarters of follow-up: Butte, Los Angeles, and Riverside have 14 quarters of earnings and
15 quarters of AFDC payments, and San Diego has 16 quarters of earnings and AFDC payments.

A. The Behavior of Controls
The control groups provide benchmarks for the earnings and welfare receipt the research sample
would have experienced without GAIN. It is clear from Figure 4.1 that, even without the assistance

"See Friedlander and Hamilton, 1993.
l3Gueron and Pauly, 1991; Friedlander and Burtless, forthcoming
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of GAIN, many controls were active in the labor force. Average earnings for controls increased
steadily after the point of random assignment, indicating an increase in job-holding over time, although
in three counties average earnings declined slightly at the end of year 3.
A comparison of employment rates for controls in the individual counties illustrates their labor
market activity and the differences in the make-up of program samples from county to county. Control
group employment rates at the end of year 3 (i.e., in quarter 13) were as follows:
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

18.8 percent employed
"
29.6
16.8
"
24.6
"
28.0
"
26.6
"

These rates are somewhat below those found in some other studies.14 About one-quarter of the
controls in Butte, Riverside, San Diego, and Tulare were employed at the end of year 3. Controls in
Alameda and Los Angeles worked at about two-thirds the rate of those in the other four counties.
Although control employment rates are partly influenced by labor market conditions, the much lower
rates in Alameda and Los Angeles compared to the other four counties reflect important differences
in the types of people in the counties' samples. As noted in Chapter 1, Alameda and Los Angeles
worked only with long-term AFDC recipients, a group characterized not only by a long history of
reliance on AFDC but also by lower rates of recent work experience and lower high school completion
rates. Consequently, the control samples in Alameda and Los Angeles quite naturally evidenced lower
rates of employment during the follow-up period.
Analogous patterns can be seen for controls with regard to AFDC receipt. The figures show
declining AFDC payments after random assignment as more and more controls left welfare. These
case closures illustrate the normal process of welfare dynamics, with individuals leaving AFDC
because they become married or reconciled, find jobs on their own (perhaps by participating in nonGAIN programs), or lose eligibility because their children "age out" of AFDC. Welfare receipt rates
for controls show patterns mirroring the employment patterns in the six counties. In quarter 1 of
follow-up, almost all controls received AFDC. By quarter 13, control group AFDC receipt rates had
declined to the following levels:
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

70.6 percent received AFDC
"
41.0
67.5
"
45.8
"
51.9
"
56.2
"

'4Employment rates for quaner 13 are not available in many other studies. In San Diego SWIM, quarter
13 employment among AFDC-FG control group sample members was 28.6 percent; in Baltimore Options,
quarter 12 employment was 40.3 percent; in Arkansas WORK, quarter 12 employment was 18.3 percent; and
in Virginia ESP, quarter 10 employment was 34.1 percent.

Fairly rapid departure from welfare is common in the AFDC population, and has been noted for
samples in other studies of welfare-to-work programs.15 Less than half of the control groups in Butte
and Riverside and less than 60 percent of controls in San Diego and Tulare were on AFDC at the end
of year 3. In Alameda and Los Angeles, however, approximately 7 of 10 controls were still on
welfare at that point. Again, these differences reflect the longer welfare histories of the Alameda and
Los Angeles samples.

B. Impacts on Emolovment, Earnin~s.AFDC Receiot. and AFDC P a m e n t s
The differences between experimentals and controls presented in Figure 4.1 are the estimates
of GAIN'S impacts on earnings and AFDC payments. These and other numerical estimates of program
impacts are also shown in Table 4.1 (and Appendix Tables D.2 through D.7). This table shows yearby-year and summary estimates for the first three years of follow-up (quarters 2 through 13).16
Estimates for the third year can indicate whether any impacts should be expected from later follow-up.
In prior experimental studies, however, eamings impacts in year 3 were not always good predictors
of impacts in later years.17 Estimates of employment rates for the last quarter of year 3 (i.e., quarter
13) are presented to indicate how much lower employment is at a point in time compared to any
employment over the whole year. Estimates of AFDC receipt rates are shown for the end of each year
(i.e., quarters 5, 9, and 13) because these point-in-time rates are more indicative of behavior and
impacts than are measures of ever receiving any AFDC over a whole year.
The largest impacts were found in Riverside, and all the impacts for that county were
statistically significant.'* In Riverside, 53.4 percent of controls'worked at some time during the first
three follow-up years compared to 67.1 percent of experimentals, for a difference, or impact, of 13.6
percentage points. The year 1 impact was 18.0 percentage points, declining in year 2 to 14.0
percentage points, and further declining to 9.3 percentage points in year 3. The employment rate
impact was still strong at the end of year 3: In quarter 13, 31.2 percent of experimentals were
employed compared to 24.6 percent of controls, a gain of 6.6 percentage points. The three-year
earnings gains totaled $3,113 ($920 in year 1, $1,183 in year 2, and $1,010 in year 3).
AFDC impacts in Riverside were correspondingly large. The average number of months on
AFDC during the first three years was 20.66 for controls and 18.54 for experimentals (see Appendix
Table D.5). Reductions in welfare receipt of about 4 percentage points occurred as early as quarter
3 and were sustained above that level during each succeeding quarter. AFDC payments during the

151nSan Diego SWIM, 48.3 percent of the AFDC-FG controls were on AFDC in quarter 13; in Baltimore
Options, 48.4 percent in quarter 12; in Arkansas WORK, 40.1 percent in quarter 12; and in Virginia ESP,
39.3 percent in quarter 11.
1 6 ~noted
s
earlier, quarter 1 (the quarter of random assignment) is omitted in the summary measures
because, for some sample members, that quarter may have included earnings and AFDC payments that
preceded the day on which random assignment took place.
"The importance of having actual data beyond year 3 is illustrated by comparing San Diego SWIM and
Baltimore Options. Both had relatively large earnings impacts in year 3. In San Diego SWIM. earnings
impacts declined after year 3. In contrast, in Baltimore Options, earnings impacts in year 5 were almost as
large as the pea% in year 3. See Friedlander and Burtless, forthcoming.
"Variation in impacts across counties for AFDC-FGs was statistically significant at the 1 percent level
for total three-year earnings and total three-year AFDC payments.

TABLE 4.1
GAIN'S THREE-YEAR IMPACTS ON EMPLOYMENT. EARNINGS.
AFDC RECEIPT. AND AFDC PAYMENTS FOR AFDC-FG REGISTRANTS
Percentage
County and Outcome

-- Controls

Difference

Alameda
Ever employed (%)
Year 1
Year 2
Year 3
Last quarter of year 3
Total (years 1-3)
Average total earnings (5)
Year 1
Year 2
Year 3
Total (years 1-3)
Ever received any AFDC payments (%)
Last quarter of year 1
Last quarter of year 2
Last quarter of year 3
Average total AFDC payments received ($)
Year 1
Year 2
Year 3
Total (years 1-3)
Sample size (total = 1205)

Butte
Ever employed (%)
Year 1
Year 2
Year 3
Last quarter of year 3
Total (years 1-3)
Average total earnings ($)
Year I
Year 2
Year 3
Total (years 1-3)
Ever received any AFDC payments (%)
Last quarter of year 1
Last quarter of year 2
Last quarter of year 3
Average total AFDC payments received (5)
Year 1
Year 2
Year 3
I
Total (years 1-3)
Sample size (total = 1229)

986

243
(continued)
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TABLE 4.1 (continued)
County and Outcome

Ever employed (%)
Year 1
Year 2
Year 3
Last quarter of year 3
Total (years 1-3)
Average total earnings ($)
Year 1
Year 2
Year 3
Total (years 1-3)
Ever received any AFDC payments (%)
Last quarter of year 1
Last quarter of year 2
Last quarter of year 3
Average total AFDC payments received (S)
Year 1
Year 2
Year 3
Total (years 1-3)
Sample size (total = 4396)
Riverside
Ever employed (%)
Year 1
Year 2
Year 3
Last quarter of year 3
Total (years 1-3)
Average total earnings ($)
Year 1
Year 2
Year 3
Total (years 1-3)
Ever received any AFDC payments (%)
Cast quarter of year 1
Last quarter of year 2
Last quarter of year 3
Average total AFDC payments received ($)
Year 1
Year 2
Year 3
Total (years 1-3)
Sample size (total = 5506)

Experimentals

Controls

Difference

Percentage
Change

TABLE 4.1 (continued)
~ercentaae
County and Outcome

Experimentals

Controls

1588

646

Difference

San Dieao
Ever employed (%)
Year 1
Year 2
Year 3
Last quarter of year 3
Total (years 1-3)
Average total earnings ($)
Year 1
Year 2
Year 3
Total (years 1-3)
Ever received any AFDC payments (%)
Last quarter of year 1
Last quarter of year 2
Last quarter of year 3
Average total AFDC payments received ($)
Year 1
Year 2
Year 3
Total (years 1-3)
Sample size (total = 8219)

Ever employed (%)
Year 1
Year 2
Year 3
Last quarter of year 3
Total (years I-3)
Average total earnings ($)
Year 1
Year 2
Year 3
Total (years 1-3)
Ever received any AFDC payments (%)
Last quarter of year t
Last quarter of year 2
Last quarter of year 3
Average total AFDC payments received ($)
Year 1
Year 2
Year 3
Total (years 1-3)
Sample size (total

= 2234)

(continued)

TABLE 4.1 (continued)

County and Outcome

Experimentals

Controls

Average total AFDC payments received ($)
Year 1
Year 2
Year 3
Total (years 1-3)

5963
4669
3832
14464

6246
5017
4163
15426

Sample size (total = 22791)

17677

5114

Percentage
Change

Drfference

All counties (a)
Ever employed (%)
Year I
Year 2
Year 3
Last quarter of year 3
Total (years 1-3)
Average total earnings ($)
Year I
Year 2
Year 3
Total (years 1-3)
Ever received any AFDC payments (%)
Last quarter of year 1
Last quarter of year 2
Last quarter of year 3

-283
-347
-331
-961

'*'
***
"*
***

-4.5%
-6.9%
-8.0%
-6.2%

SOURCE: MDRC calculations from California Unemployment Insurance (UI) earnings records and from county
AFDC records.
NOTES:

The sample for this table consists of individuals who were randomly assigned as follows:
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

July 1989-May 1990
March 1988-March 1990
July 1989-March 1990
August 1988-March 1990
August 1988-September 1989
January 1989-June 1990

The sample used to analyze GAIN'S impacts is slightly smallerthan the full research sample.
Dollar averages include zero values for s a m ~ l emembers not emDloved
. . or not receivina welfare
Estimates are regression-adjusted using ordinary least squares, controlling for pre-random assignment
characteristics of sample members. Rounding may cause slight discrepancies in calculating sums and
differences.
For all measures, year 1 refers to follow-up quarters 2-5; year 2, to quarters 6-9; and year 3, to quarters
10-13. Quarter 1 refers to the calendar quarter in which random assignment occurred. Because quarter 1
may contain some earnings and AFDC payments from the period prior to random assignment, it is excluded
from the summary measures of follow-up.
A two-tailed t-test was applied to differences between experimental and control groups. Statistical significance levels are indicated as *'+ = Ipercent; " = 5 percent; = 10 percent.
(a) In the all-county averages, the resulb for each county are weighted equally.
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first three years dropped from $13,267 to $11,284, for a savings of $1,983 per experimental ($695
in year I , $703 in year 2, and $584 in year 3), or 14.9 percent of the average payments to controls.
Three-year earnings impacts in Alameda, Butte, and San Diego fell in a middle range: between
$1,474 and $1,772. The impact in Butte was not statistically significant, possibly owing to the smaller
control sample size there. In all three counties, earnings impacts grew by about $300 from year 1 to
year 2, a trend that can be seen in Figure 4.1. Growth from year 2 to year 3 continued at that rate
only for Alameda, and the trend there suggests that earnings impacts may be even higher in year 4.
There was also a growth in earnings impacts from year 2 to year 3 in Butte, although not as large an
increase as in Alameda, and some of that growth may continue into year 4. In San Diego, the graphs
indicate that earnings impacts should continue into year 4 but are not likely to grow much more.
Total AFDC savings over the three-year period ranged from $782 per experimental in Alameda
(statistically significant) to $976 in Butte (not statistically significant) and $1,136 in San Diego
(statistically significant). As a percentage of payments to controls, the savings were 4.3 percent for
Alameda, 7.7 percent for Butte, and 7.9 percent for San Diego. As shown in Figure 4.1, welfare
savings appear to have peaked in Butte and San Diego during year 2 and then to have declined, a trend
that continued through year 3. Welfare savings may not have reached a peak in Alameda, where they
were still climbing through year 3.
Experimentals in Los Angeles achieved a maximum employment gain of 4.0 percentage points
during year 2, which declined only slightly to 3.6 percentage points in year 3. However, these gains
were accompanied by only a small and not statistically significant increase in average earnings of about
$260 over the three years of follow-up. This earnings impact was smaller than might have been
expected,19 given the employment impact, suggesting that a significant share of the jobs found with
the help of GAIN in Los Angeles led to short-term or intermittent employment or employment that was
part-time or for lower hourly wages than typical for employed controls. The program in Los Angeles
did, however, obtain reductions in AFDC receipt and AFDC payments over the follow-up period. By
quarter 13, 3.7 percentage points fewer experimentals than controls were still on AFDC. The savings
of $1,005 per experimental over three years amounted to a decrease of 5.5 percent of the average
payment per control. The GAIN program achieved a larger reduction in AFDC during year 2 ($401)
than during year 3 ($277). and future savings will probably be smaller also. Welfare reductions were
larger in magnitude than earnings gains in every year, suggesting two possibilities: (1) that even
employment at earnings levels too low to compensate for the loss of AFDC was enough to induce some
sample members to leave AFDC or (2) that some sample members remained off AFDC without
ongoing employment (as measured by administrative records data). Additional information concerning
these possibilities will be adduced later in this chapter.
The program in Tulare produced neither earnings gains nor AFDC savings in the first two years
but began to show effects in year 3. Employment of controls in Tulare fell substantially between year
2 and year 3, from 42.3 percent to 38.0 percent. In contrast, experimentals were able to show an

'vhe average earnings per control ever employed during the three-year follow-up was $4,683 1 0.349 =
$13,418. Multiplying this amount by the 0.045 impact on the fraction ever employed during the three-year
follow-up yields $604, which is the amount the earnings impact would have been had the newly employed
experimentals earned as much, on average, as employed controls. This amount is more than double the $260
actually estimated for the three-year earnings impact.

increase over the same period, leading to an experimental-control difference of 5.8 percentage points
in employment in year 3. Earnings impacts also appeared for the first time in year 3. The third year
impact of $518 produced the largest one-year increase in earnings impacts in any county. No peak
is evident in the earnings impact estimates, and gains may continue to grow into year 4 or beyond.
Reductions in AFDC receipt and AFDC payments also began to appear in year 3 in Tulare, although
these were not yet statistically significant. AFDC impacts did not reach a clear peak in year 3 and
may grow in year 4. It should be recalled that Tulare was the most rural of the counties, had the
highest proportion employed in agriculture, and had the highest unemployment rate. More recently,
however, labor market conditions have improved considerably. Tulare also produced the largest
impact on GED receipt, which may have produced an increase in earnings with some lag behind
counties, such as Riverside, that emphasized rapid job entry.20
The three-year earnings gains for Riverside and San Diego are associated largely with an
increase in employment rather than an increase in earnings per quarter of employment. In other
words, experimentals worked more as a result of the program, but the jobs they held paid about as
much, on average, as the jobs held by controls, indicating that hourly wages and weekly hours were
similar. In Alameda and Butte, approximately half the earnings gains were associated with increased
earnings per quarter of employment for experimenta~s.~'In the nine studies of welfare-to-work
programs cited previously, usually only a small proportion of earnings gains was associated with higher
pay rates for experimental group members.
Analogous calculations for AFDC payments indicate that about two-thirds of the three-year
welfare savings in Alameda, Los Angeles, Riverside, and San Diego came from fewer months on
AFDC. The remainder is associated with reduced average grant amounts per month of welfare receipt
for experimentals, possibly the effect of sanctions or an increase in employment while on AFDC."
Similar patterns were found in those of the nine comparison studies that obtained welfare reductions.
In Butte, for reasons that are not clear, the contribution of reduced months was much smaller.

'%artinson and Friedlander, 1994.
" ~ i v i d i nmean
~
(average) earnings for controls by the mean number of quarters employed (not shown
in Table 4.1) gives average earnings per quarter employed for controls. Multiplying this figure by the impact
on number of quarters of employment (also not shown in the table) tells what the impact on earnings would
have been if employed experimentals had earned, on average, the same as employed controls. In Alameda,
this figure is 52 percent of the estimated impact on three-year earnings; in Butte, 52 percent; in Riverside,
94 percent; in San Diego, 78 percent; and in Tulare (for year 3 rather than all three years), 84 percent. (Year
3 is used for Tulare because that is the only year with a significant earnings impact.) Earnings impacts in
Los Angeles were too small to warrant making this calculation. These calculations offer some basis for
inferring that greater earnings for employed experimentals played a larger role in the earnings impacts of
Alameda and Butte than in the other counties, but they are not conclusive evidence.
"The average monthly payment amount for controls is obtained by dividing the average total dollar
amount by the average number of months in which AFDC payments were received. Multiplying this figure
by the reduction in months indicates what the total reduction in AFDC payments would have been had average
monthly payment amounts been the same for experimentals and controls who remained on welfare. In
Alameda, this makes up 57 percent of the estimated three-year reduction in AFDC payments; in Butte, 25
percent; in Los Angeles, 68 percent; in Riverside, 68 percent; in San Diego, 76 percent; and in Tulare (for
year 3 only), 89 percent. The remainder of the impact on three-year AFDC payments may have come from
partial grant reductions imposed by sanctions or from part-time employment. Alternatively, the overall reduction in months of receipt may have fallen primarily on cases with above-average monthly grant amounts.

As shown in Table 4.1, the three-year earnings gains in the six counties ranged from $260 to
$3,113. There is no one best way to average the results across the six counties. Table 4.2 presents
the results of three weighting methods. The first method weights each county's impacts equally and
was used in previous (1992 and 1993) reports on GAIN'S impacts and participation patterns. It yields
an average earnings increase of $1,414 and an average AFDC decrease of $961 over the three-year
follow-up period. The second method weights the impacts according to the size of each county's
GAIN caseload, providing an estimate representing the average impacts of GAIN in the six counties.
This method yields an average earnings increase of $1,333 and an average AFDC decrease of $1,087
over the three years of follow-up. The third method weights each county's impacts by the number of
sample members in the county, which is comparable to pooling all individual observations from all six
counties. This method produces slightly higher three-year impact estimates: a gain of $1,636 in
earnings and a savings of $1,166 in AFDC. As can be seen, the three sets of estimates are quite
similar. The present analysis, like that in the previous report, uses the first method because it is
simple and does not emphasize the strong or weak results of any one county. The final page of Table
4.1 shows all-county average estimates, using this equal-weight method.

V.

I m ~ a c t on
s Earnings Levels

Impacts on dollar averages can obscure some of the details of program effects. In this section,
impacts on average earnings are broken down into their effects on different levels of earnings. Table
4.3 gives the percentage of experimentals and controls whose earnings for year 3 were in specified
brackets. (See also Appendix Table D.8 for a breakdown of earnings keyed to selected hourly wage
rates.) Year 3 was selected because impacts in that year occurred well after the initial-job-entry effect
and were most likely to represent the longer-term effects of GAIN. One important bracket divider (or
"cut point") is $10,000, which is approximately the earnings from a full year's employment at $5 per
hour for 40 hours per week. This amount is also roughly in the range of the poverty line.z3
Employment may have produced relatively high earnings during the year because the sample member
had high hourly wages, worked long weekly hours, and/or worked continuously during the year.
Conversely, employment may have produced low levels of earnings during the year because the sample
member worked at a low hourly wage, was employed part-time, or was jobless for part of the year.
The left panel of Table 4.3 shows experimental-control differences in the percentage in each
earnings bracket. These differences represent unbiased, experimental estimates of the effect of GAIN
on the distribution of earnings. The right panel gives the percentage in each earnings bracket, counting
only sample members who had earnings during the year. Thus, the "none" category (i.e., no earnings)
is blank in the right panel. The "differences" presented in this right panel are not true experimental
differences because some members of the experimental and control groups were excluded from the
calculations. They therefore are shown in italics, and no statistical tests were applied. These rightpanel differences are useful in determining whether GAIN changed the distribution of earnings among
employed sample members. The following discussion, however, concerns the full-sample results (the
left panel of the table).

23Thepoverty line is dependent on family size. For a mother with one child, the poverty line during the

GAIN evaluation was $9,190; for a mother with two children, $1 1,570; and for a mother with three children,
$13,950.

TABLE 4.2
GAIN'S POOLED IMPACTS ON EARNINGS AND AFDC PAYMENTS FOR
AFDC-FG REGISTRANTS, BY ALTERNATIVE WEIGHTING METHODS

Earnings Impacts ($)
Weighting Method

Year 1

Year 2

-

Year 3

Total

...

-

Year 1

.

AFDC Payments Impacts (9 ~~-~
Year 2

Year 3

.

266

"*

512

*'*

636

***

1414

*'*

-283

***

-347

***

-331

***

-961

***

By county's GAIN caseload
in December 1991

265

***

510

***

558

***

1333

'**

-327

***

-422

"*

-338

***

-1087

***

EJI county's sample size

359

***

620

'**

658

***

1636

'**

-354

y*

-443

'**

-368

***

-1 166

"*

SOURCE: See Tables 1.1 and 4.1.
NOTES:

I

Total

Equal weighting

~

I
c

.

See Table 4.1.
The pooled impacts were computed in the following way. The impact of each county was first multiplied by that county's
respective weight. Therefore, each county's impact was multiplied by one for the equal weighting method; by the county's GAIN caseload for the caseload method: and by the county's sample size for the sample size method. For each method, the six products were
then summed and divided by the sum of the weights. The significance levek were obtained from t-values calculated by dividing the
pooled impact by the pooled standard ermr. The pooled standard errorwas calculated by first squaring the standard errors of the
individual county impacts multiplied by the county weight. These squares were then summed and the total was divided by the square
of the sum of the weights. The square root of this sum yielded the pooled standard ermr.

TABLE 4.3
GAIN'S IMPACTS ON THE DISTRIBUTION OF EARNINGS I N YEAR 3 FOR AFDC-FGs
Percent in Annual Earnings Bracket
County and Outcome

Experimentals

Controls

Difference

Percent in Annual Earnings Bracket (a)
Employed
Experimentals

Employed
Controk Diiference

Alameda
None
$1 -81.999
$2.000-$4.999
$5,000-$9.999
$10,000-$19.999
$20,003 or more
Sample size (total=1205)

&
None
$5,000-$9,999
$10,000-$19,999
$20,000 or more
Sample size (total=1229)
Los Angeles
None
$1 -$1.999
$2,000-$4.999
$5,000-$9.999
$10,000-$19.999
$20.000 or more
Sample size (total=4396)
Riverside
None
$1 -$1,999
$2,000-$4,999
$5,000-$9.999
$10,000-$19,999
$20,000 or more
Sample size (total=5508)
San Dieqo
None
$1 -$I ,999
$2,000-$4.999
$5,000-$9.999
$10,000-$19.999
$20.000 or more
Sample size (totak8219)

Tulare
None
$1 -$1,999
$2,000-$4.999
$5,000-$9,999
$lO.OW-$19.999
$20.000 or mAre
Sample size (totak2234)
SOURCE:

See Table 4.1

NOTES:

See Table 4.1.
wheredata are not applicable, dashes are used.
(a) Estimates in italics were based only on persons with earnings. Statistical tests were not applied
to the differences.
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A number of important patterns may be detected in Table 4.3. It is clear that the GAIN
counties increased employment partly above and partly below the $10,000 annual earnings level. For
example, Riverside increased earnings that were under $10,000 by 5.1 percentage points (a figure
arrived at by adding the percentage point differences for the three lower earnings brackets) and
increased earnings of $10,000 or more by 4.2 percentage points (adding the two higher earnings
brackets). Similarly, San Diego and Tulare both had roughly half their increases in employment below
$10,000 and half at $10,000 or above. Thus, the effect of GAIN was to increase employment in both
higher and lower earnings brackets.
The array of GAIN impacts across counties suggests that employment in the lower earnings
brackets did not contribute much to the total impacts on earnings in year 3. Four of the five counties
with earnings impacts over $500 in year 3 (Butte, Riverside, San Diego, and Tulare) had at least a 3.0
percentage point impact on the percentage of sample members earning at least $10,000. The fifth such
county, Alameda, had a 1.2 percentage point impact in the top bracket ($20,000 or more), and even
this small (and not statistically significant) effect may have accounted for as much as half the total
earnings impact for year 3 in that county.24
Employment impacts in the lower brackets contributed much less to overall earnings impacts,
and that is why Los Angeles achieved small total earnings impacts (see Table 4.1). The total increase
in employment in year 3 in t o s Angeles was the smallest of the six counties, and most of it was in
the lower earnings brackets. This lower-bracket employment may have represented short-term or
intermittent employment that ended during the year. There was only a 1.0 percentage point impact
at $10,000 or more, the smallest among the six counties, and none of that fell in the $20,000-or-more
bracket.

VI.

I m ~ a c t After
s
the Third Follow-UD Year

Figure 4.2 presents experimentd-control differences in earnings and AFDC payments in each
quarter of follow-up. The impacts are shown separately for the full sample in each county and for its
sample members who were randomly assigned relatively early in each county, i.e., the county's "early
cohort." The graphs in Figure 4.2 extend the three-year time frame of Table 4.1 in several ways.
First, as in Figure 4.1, for Butte, Los Angeles, and Riverside, one additional quarter (quarter 14) of
follow-up for earnings and two additional quarters (quarters 14 and 15) for AFDC payments are
available for the full samples and are shown in the graphs; for San Diego, three additional quarters
(quarters 14 through 16) are shown for both earnings and AFDC payments. Second, the graphs
include up to 19 quarters of follow-up data for the early cohorts, thereby showing impact estimates

2 4 ~ h iproportion
s
was arrived at as follows: An earnings variable was defined as "amount of year 3
earnings if that amount was $20,000 or more and zero otherwise." This variable was then used as a dependent
variable in an impact regression. The coefficient of the experimental status dummy gives the amount of earnings impact attributable to effects in this earnings bracket. The coefficient was $419, 54 percent of the total
impact of $774 in year 3. Part of this came from additional experimentals having entered the bracket; part
may have come from higher earnings for experimentals who would have been in the bracket anyway. The
estimate is an upper bound of the actual contribution of employment in this category, since it is not known
what the earnings of the affected experimentals would have been in the absence of GAIN. Many of them
could have been employed, but in lower earnings brackets.

FIGURE 4.2 (continued)
SOURCE AND NOTES: See Table 4.1 and Appendix D. The early cohort in this figure consist of individuals who were
randomly assigned as follows:
Alameda
Bune
Los Angeles
Riverside
San Diego
Tulare

July 1989-December 1989
March 1988-March 1989
July 1989-September 1989
August 1988- March 1989
August 1988-March 1989
January 1989-September 1989

for year 4 (quarters 14 through 17) and part of year 5 (quarters 18 through 21) for a portion of the
impact sample in some counties. Third, the graphs illustrate the movement of impacts over time i.e., increasing, decreasing, or remaining the same - and can thereby aid in the task of projecting
impacts into the future. These projections, however, cannot provide the accuracy of actual data for
the full sample for all of year 4 and beyond.
Sample sizes for the full samples and early cohorts are shown in Figure 4.2, along with the
random assignment dates that define the cohorts. Because samples are smaller for the cohorts than for
the full samples, the precision of the cohort impact estimates is less. The early cohorts in Alameda
and Butte are the smallest, and the impact estimates in those counties should be considered of
somewhat lower reliability relative to the others."
To summarize, the graphs in Figure 4.2 suggest that earnings impacts for the full sample will
in all likelihood continue after year 3. If so, then the total earnings impact of GAIN will continue to
improve relative to its own three-year earnings impacts. For AFDC impacts, the graphs suggest some
tapering off from about the middle of year 2 onward for counties with the largest AFDC impacts.
This decline continues in year 3 and the observable part of year 4. The decrease is not sharp,
however, and the trends suggest that cumulative AFDC savings for AFDC-FGs appear likely to
increase significantly with additional follow-up.
Both Alameda and Butte show growth in earnings impacts over time for their full samples. The
impacts for their early cohorts look quite similar to those for their full samples through the end of year
3 and may continue growing beyond that point. If so, these counties (especially Butte) could, by year
4, approach the $1,000 annual impact level estimated for Riverside in year 3. In Riverside, however,
earnings impacts appear to have leveled off by year 3. The early cohort earnings impacts grow from
quarters 10 through 18, but the full sample shows a slight decline after quarter 10. Los Angeles does
not show any movement toward significant earnings impacts, in either the full sample or the early
cohort. As already indicated, earnings impacts in Tulare show a sudden increase beginning in quarter
9. Both the full sample and the early cohort show similar, steady movement upward through year 3,
and the result for the extra quarters of the early cohort suggest that this movement may continue in
year 4.
San Diego did not show growth in earnings impacts in year 3 or year 4, in the full sample or
the early cohort. Earnings impacts for the full sample held steady at about $200 per quarter ($800 per
year) in year 3, but dropped by almost half in year 4. Interestingly, the early cohort impacts on
earnings and AFDC payments in San Diego are about as large as Riverside's full sample and early
cohort impacts, as shown in Figure 4.2. In addition, the early cohort earnings impact in San Diego
does not drop from year 3 to year 4. Impacts for the later cohort were much weaker than those for
the early cohort. Thus, in Figure 4.2, the full sample curves for San Diego are much closer to zero
than the early cohort curves. The reason for this difference in impacts across cohorts in San Diego

25The date dividing an early cohort from a late cohort within a county is arbitrary, selected for this
analysis without regard to any changes in the program over time. The object in defining cohorts in each
county was to maximize the length of follow-up for the early cohort without leaving only a few sample
members in it. #Cohort dates differ across counties. Early and late cohorts may differ in demographic
characteristics or in the labor markets they faced after random assignment. Both of these differencesmay have
contributed to differences in impacts.

is not clear. One possibility is that it represents chance variation. A second possibility is that it is the
product of a change over time in the operation of the program (e.g., an increase in the availability of
basic education slots over time) or a change in local economic conditions. The difference does not
appear to arise from a change in the types of people entering the sample in San Diego, since both
cohorts had quite similar characteristics. Some further results pertaining to early cohorts in San Diego
and Riverside are presented in the next section.
AFDC impact curves show similar shapes in Butte, Los Angeles, and San Diego. Experimentalcontrol differences peak in year 2 (in quarter 4 in Riverside) and then decline gradually. Riverside's
AFDC impacts still appear to continue as the largest, even at quarter 14, since neither the full sample
nor the early cohort shows a sharp decrease after the peak. The early cohort in Riverside does not
differ much from the full sample and is still at about $150 in savings per quarter ($600 per year) in
year 4. In contrast, Butte, Los Angeles, and San Diego are all in the $50 to $100 per quarter range
($300 to $400 per year) in year 4. Alameda, unlike the other counties, does not show a clear peak
for the full sample, and the early cohort does not suggest a peak in year 4. AFDC impacts in Tulare
did not emerge in year 3 when earnings impacts started, but the curves for the full sample and early
cohort do not definitely rule out such impacts showing up later.

VII.

Three-Year Imoacts for Suhmoups

It is possible that only certain types of GAIN registrants may be influenced by the various
services they are offered by GAIN and the program's participation requirement, thus affecting the
magnitude of the program's impacts. This section begins with an examination of GAIN'S impacts on
sample members determined @ the program to need or not need basic education - the two major
subgroups of the research sample. The section then presents the impacts for subgroups defined by
AFDC history, employment records, ethnicity, and other characteristics. Subgroups are identified
using information collected for each sample member before the individual was randomly assigned,
making it possible to create subgroups for both experimentals and controls in the same fashion. For
this reason, the impacts computed for these subgroups are unbiased, true experimental estimates.
To summarize, the results of the subgroup analysis indicate that the impacts of GAIN for
AFDC-FGs were not limited by any particular subgroup or subgroups. In four counties, earnings
impacts were larger for GAIN registrants deemed not to need basic education than for those deemed
to need it, while the opposite pattern was found in two others. There was no consistent tendency
across the counties for AFDC impacts to be larger for one group than for the other. In addition, the
cross-county distribution of subgroups did not account for county differences in impacts. In particular.
the small earnings impacts for Los Angeles were not associated with the high proportion of blacks and
Hispanics, the presence of a refugee minority, or the sizable minority with limited English proficiency.
The large impacts in Riverside were associated with that county's ability to obtain impacts without
regard to background characteristics.
Barriers to employment did not make it impossible for GAIN to achieve impacts on certain
subgroups. Impacts were found for subgroups with long welfare histories, weak prior employment,
or larger numbers of children. At the same time, however, earnings impacts were relatively poor for
a "more disadvantaged" subgroup, defined as sample members with more than two years' previous
receipt of AFDC, no employment in the year preceding random assignment, and no high school

diploma. Larger earnings impacts for this group may be problematic owing to severe skills deficits
and multiple barriers to employment. It should be noted, however, that Riverside was able to achieve
large impacts on earnings and AFDC payments for this subgroup, which contributed to that county's
overall large impact.
Some individual subgroup results are worthy of mention. The relatively large earnings impacts
for blacks in Alameda are significant because that sample was drawn from a long-term AFDC
population in a major inner-city area. In fact, blacks, along with whites, had some of the largest
impacts generally. On the other hand, it is not clear that the Asianlother category experienced much
lasting impact from GAIN.
In judging the magnitude of subgroup impacts, the estimates will sometimes be compared to the
full sample mean (average) impact for all counties combined, with all counties weighted equally. For
earnings impacts in year 3, this amount was approximately $600; for AFDC impacts, approximately
$300 (see Table 4.1).
Two kinds of statistical tests were applied to subgroup impact estimates. The first was the usual
test for the statistical significance of the experimental-control difference (i.e., the impact); the results
are shown in the tables. The second was a test of the variation in impacts across subgroups in a
county. Where there were two subgroups (e.g., sample members deemed not to need or to need basic
education), this second test determined whether the amount of difference in the two impact estimates
was likely to have occurred by chance. In categories with three or more subgroups (e.g., the "level
of disadvantage" category, which includes four subgroups), the second test did not look at differences
between pairs of subgroups, but did determine whether the variation in the set of impacts for all of
the subgroups in that category was likely to have arisen by chance. This second test is discussed in
notes where appropriate.
The number of experimentals and controls in each subgroup is smaller than the number in the
full county sample. As with the cohort analysis, this reduction in sample size makes the impact
estimates for subgroups less reliable than impact estimates for the full sample. At times, impact
amounts that were statistically significant for the full sample will not be statistically significant for a
subgroup. In some cases, which are flagged in the tables, the reliability of an estimate for a small
subgroup should be considered very low, even though some of these subgroups may be mentioned in
the discussion.
A. Assessed Need for Basic Education
GAIN registrants vary substantially in their educational attainment and work skills, and the
GAIN program model explicitly recognizes that different kinds of services might be appropriate for
individuals depending on these differences. As previously discussed, one of the most innovative
features of GAIN is the allocation of substantial rescurces to provide basic education to registrants who
are judged to need it. An earlier report examined educational impacts for the group judged in need
of basic education in five of the six GAIN research counties (excluding ~ u t t e ) . ' ~That report found
impacts on GED attainment that were very large in Tulare, large in Alameda, modest in San Diego,

and Friedlander, 1994.
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and small in Los Angeles and Riverside. It found large gains in achievement test scores in San Diego,
but no measurable test score gains in any of the other four counties.
Because GAIN placed so much emphasis on basic education, it is important to determine
whether the subgroups of GAIN registrants who were deemed to need basic education experienced
impacts on employment and welfare receipt. Earlier impact reports had too little follow-up data to
provide a complete picture of the effects of education, the impacts of which, if any, are expected to
build up slowly but may last a long time. The three years of data now available may still be too short,
as suggested by the recent appearance of earnings impacts in Tulare and by results from five-year
follow-up in other eva~uations.~' More than three years' follow-up will be needed for a full
assessment of GAIN'S effect on those deemed to need basic education and for a comparison of results
for them with results for those deemed not to need basic education.
Tables 4.4 and 4.5 present the impacts of GAIN for AFDC-FGs by county, separately for the
portions of the samples determined by GAIN not to need and to need basic education. GAIN
registrants were determined to need basic education if they (1) did not have a high school diploma or
GED or (2) scored low on either the reading or mathematics pan of the CASAS test or (3) were not
proficient in English.
The mix of subgroups differed substantially across counties. Less than half of the AFDC-FG
sample in Butte were judged to need basic education. The typical figure in other counties was close
to two-thirds; in Los Angeles, it was over 80 percent. For the counties as a group, the preponderance
of the in-need subgroup, combined with their somewhat higher average AFDC payments, means that
this subgroup accounted for the bulk of all AFDC expenditures that would have been incurred for the
GAIN research samples in the absence of GAIN.
Subgroup sample sizes for Tables 4.4 and 4.5 were at times small and yield less precise dollar
values for impact estimates in some counties. The least precise dollar amounts are those for both
subgroups in Butte and for the not-in-need subgroup in Alameda.
Impacts on earnings and AFDC payments were found for both education subgroups. Earnings
impacts over three years appeared larger for sample members judged not to need basic education than
for those judged to need it. In four counties - Alameda, Los Angeles, Riverside, and San Diego the dollar amounts of the three-year earnings impacts were larger for the not-in-need subgroup; but
in Butte and T i .re, the in-need subgroup obtained the larger earnings impacts. By year 3, the growth
in earnings impacts began to level off or reached a peak for both subgroups in most of the counties.
In Tulare, sharp increases in earnings impacts from year 2 to year 3 were observed for both the not-inneed and the in-need subgroups. It was only for the in-need subgroup that the earnings impacts
attained a moderate level and became statistically significant."

"In particular, in the evaluation of the Baltimore Options program, which offered some education and
training, it was not until follow-up year 5 that earnings impacts substantially exceeded those of some other,
less intensive programs. See Friedlander and Burtless, forthcoming.
he difference in three-year earnings gains across the education subgroups was statistically significant
at the 5 percent level in Alameda, Los Angeles. San Diego, and Tulare; the differences in Bune and Riverside
were not statistically significant.

TABLE 4.4
GAIN'S THREE-YEAR IMPACTS ON EARNINGS AND AFDC PAYMENTS FOR
AFDC-FG REGISTRANTS DETERMINED NOT TO NEED BASIC EDUCATION

County and Year

Experirnentals ($)

Average Total Earnings
Controls($)

Difference ($)

Perentage
Change

-614
-233
212
-635

-20%
-5%
4%
-5%

Alameda
Year I
Year 2
Year 3
Total
Sample size (total = 417)
Butte
Year1
Year 2
Year 3
~otal
Sample size (total = 629)
Los Angeles
Year I
Year 2

Riverside

Year-

Year 2
Year 3
Total
Sample size (total = 2194)

San Diego
Year I
Year 2
Year 3
Total
Sample size (total = 3612)
Year 1
Year 2
Year 3
Total
sample size (total = 7 8 0 ) .
SOURCE AND NOTES: See Table 4.1

2521
4002
4967
11510
~

3136
4235
4774
12145
~.

.~~

~..
Experimentals ($)

Average Total AFDC Payments
Controls ($)

Difference ($)

PE7ca-53
.

,

Change

TABLE 4.5
GAIN'S THREE-YEAR IMPACTS ON EARNINGS AND AFDC PAYMENTS FOR
AFDC-FG REGISTRANTS DEERMINED TO NEED BASIC EDUCATION
-

County and Year,-

Experimentals ($)
-

Alameda
Year I
Year 2
Year 3
Total
Sample size (total = 788)
Butte
Year1
Year 2
Year 3
Total
Sample size (total = 600)

w

Los Angeles
Year I
Year 2
Year3
Total
Sample size (total = 3543)

1031
1327
1557
3916

Riverside
Year 1
Year 2
Year 3
Total
Sample size (total = 3314)

1919
2551
2533
7003

San Dieqo
Year 1
Year 2
Year 3
Total
Sample size (total = 4607)
Tulare

m

Year 2
Year 3
Total
Sample size (total = .14%
SOURCE AND NOTES: See Table 4.1

2107
5274

Average Total Earnings
Controls ( $ ) Difference ($)

Percentage
Change

Average Total AFDC Payments

_-

PercentCh-e

There was no clear tendency for AFDC impacts to be larger for one group than the other.
Numerically, AFDC reductions were larger for the not-in-need subgroup in Los Angeles, but for the
in-need subgroup in Alameda and Butte. AFDC impacts were similar for both subgroups in Riverside
and San Diego. In these five counties, AFDC impacts did not increase from year 1 to year 2 for either
subgroup as much as did earnings impacts, and by year 3 the AFDC impacts were beginning to show
some decline in most cases. Tulare produced AFDC impacts for neither subgroup.29
The finding that San Diego's in-need subgroup had smaller impacts than did the in-need
subgroup in Riverside is especially notable given the fact that two counties had early cohort earnings
effects for AFDC-FGs that were quite similar when both education subgroups were combined, as
discussed in the previous section. Yet, even when the comparison is limited to the in-need subgroup
of each county's early cohort, Riverside's earnings effects remain larger. For example, the three-year
earnings impacts were $1,074 in San Diego and $2,347 in Riverside, both statistically significant (not
shown in tables). It appears, therefore, that despite the similarity of the overall earnings impacts for
the early cohorts in San Diego and Riverside, the GAIN programs in the two counties may have
affected their two basic education subgroups in different ways.
It is of interest to see whether impacts on earnings and AFDC payments for the in-need
subgroup were linked to education impacts (i.e., impacts on receipt of a GED and on TALS scores).
Did the in-need subgroup obtain large education effects and large impacts on earnings and AFDC
payments in the same counties? The answer to this question appears to be no, although there is
considerable uncertainty surrounding it. In Riverside, the in-need subgroup had among the smallest
education impacts, but had large impacts on earnings and AFDC payments. Conversely, in Alameda,
San Diego, and Tulare, the in-need subgroup had relatively large education impacts, but had much
smaller impacts on earnings and AFDC payments than did the same subgroup in Riverside.
Unfortunately, there are no data on education outcomes for Butte, where the in-need subgroup obtained
large impacts on earnings and AFDC payments. If the in-need subgroup in Butte had been found to
have achieved large education impacts, that would affect conclusions about the link between education
impacts and impacts on earnings and AFDC payments.30 Nevertheless, the results in Riverside do
suggest that large impacts on earnings and AFDC payments can be obtained for the in-need subgroup,
under certain conditions, without impacts on GED or TALS scores. (See Chapter 8 for further
discussion of this issue.)

B. Past Welfare Receipt and Prior Earnines
One of the most important ways in which GAIN registrants differ from one another is in
whether, and for how long, they have previously received AFDC. Evidence from past research
indicates that such differences are strongly associated with future AFDC receipt: Individuals with
several years of previous AFDC receipt are more likely to be on AFDC in the future than are

'with regard to three-year AFDC savings, the differences across the two education subgroups in Butte
and Los Angeles were both statistically significant at the 5 percent level, but these differences were not
statistically significant in the other counties.
3%ere are other uncertainties as well. It is possible that the particular education outcomes measured receipt of a GED and scores on the TALS literacy test - may not reflect the aspects of GAIN basic education
most relevant to success in the labor market. It is also possible that the full impact of education may show
up only with longer follow-up.

individuals who have just started receiving AFDC. The former group - long-term recipients - may
have greater potential to be a source of welfare savings simply because they are likely to remain on
welfare longer in the absence of special services. However, long-term recipients often have severe
skills deficits and other barriers to employment that the welfare-to-work program might not be able
to overcome. Their greater potential for welfare savings may therefore not be realized in practice.
For this reason, it is of considerable interest to calculate actual impacts for subgroups with short and
long welfare histories. Impacts for long-term recipients are also of interest because that subgroup is
specifically targeted for priority attention by GAIN and JOBS.
There is another reason for a subgroup analysis by length of welfare history. The counties
studied for this report differed greatly in the manner in which they targeted GAIN services. Alameda
and Los Angeles worked exclusively with long-term AFDC recipients during the period of sample
intake: in Alameda, individuals who had been receiving AFDC continuourly for more than two years;
in Los Angeles, for three years or more. Also, Alameda called into the program first those who had
been on welfare the longest. The other counties worked with a mix of short- and long-termers. These
cross-county differences may have contributed to differences in impacts, and separate impact estimates
for long-term recipients may reveal similarities across counties that were not apparent earlier.
Three subgroups were defined for this analysis. The first consists of sample members who were
applying for AFDC at the time they were referred to GAIN. This group will be called "applicants,"
even though most of its members became AFDC recipients during the follow-up period. The applicant
group contains some individuals who had never been on AFDC before and some who were returning
to AFDC after a period off the rolls. On average, however, this group had the shortest AFDC
histories. The second group consists of sample members who were receiving AFDC at the time they
were referred to GAIN but had a total AFDC history of two years or less (i.e., during their whole
lives, they had been on AFDC, on their own or their spouse's case, for a total of two years or less).
This group will be called "short-term recipients." The third group were also receiving AFDC at the
time they were referred to GAIN, but they'had more than two years of lifetime AFDC receipt (on their
own or their spouse's case). This third group will be referred to as "long-term recipients."
The first panel of Table 4.6 presents results for welfare history subgroups for each county.
Because Alameda and Los Angeles worked only with long-term recipients, the table shows results only
for that subgroup, and these estimates are identical to those shown in Table 4.1 for the full samples
in those two counties. In the other counties, splitting the samples into three parts reduces the number
of experimentals and controls available for each subgroup impact estimate. The sample is particularly
small and yields unreliable estimates for the middle subgroup (i.e., short-term recipients) in Butte.
Also of below-average reliability are the dollar amounts of estimates for the top and bottom groups
in Butte and the top group in Tulare. As in other subgroup impact tables in this report, impacts for
very small samples are flagged with the symbol "u" to indicate that these estimates are of low
reliability. 3 1
Because applicants who were not approved for AFDC were generally not randomly assigned
and did not enter the research samples, there were relatively few applicants in the GAIN samples
compared to some earlier studies. Butte had the highest percentage of applicants, 60 percent of its
sample. Riverside and San Diego had much lower percentages (31 and 28 percent, respectively),

31Seethe discussion in Section I1 of this chapter.
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TABLE 4.6
GAIN'S THIRD-YEAR IMPACTS ON EARNINGS AND AFDC PAYMENTS FOR SELECTED SUBGROUPS OF AFDC-FG REGISTRANTS
--

...

-

Subgroup and Counx

.

~p~

Total
Average Total Earnings. Year 3
Sample
Size Experimentals (5)
Controls (5) Difference ($)

~~

~

Average Total AFDC Payments,Year 3
Exp:rirnentals

($)

Controu$)

.-~

Diffe~nreQ

~

-

.

Welfare h i g o c
Applicant
Butte
Riverside
San Diego
Tulare

739
1687
2301
309

4128
3829
4598
4085

Short-term recipient
Butte
Riverside
San Diego
Tulare

142
1638
2532
630

Long-term recipient
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

1205
348
4396
2183
3386
1295

3677
2588
3436
4161

451
1241 *"
1162 **
-77

2407
2329
2786
2960

2609
2708
2918
2974

-202
-379
-132
-14

3531
3678
4225
3713

2088
2761
3144
3572

1442 u
917 **
1082 "*
141

2799
2705
3191
3600

3428
3459
3589
3496

-629 u
-754 "'
-398 "
104

2880
2683
1939
3299
3002
2582

2105
1828
1786
2242
2844
1739

774 "
855
153
1056 "*
158
844 ***

4861
3672
4729
3395
4347
4732

5232
3986
5006
4030
4841
4996

-371
-313
-277
-635
-495
-264

'

**

'+

"*

***

Received AFDC continuously
for at least 6 years
prior to GAIN orientation (b)
No
Alameda
Butte
Riverside
San Diego
Tulare
Yes
Alameda
Butte
R~erSide
San D~ego
Tulare

--

(continued)

p

-

-

TABLE 4.6 (continued)
----

-

Subgroup and County
Employed in year prior to
GAIN orientation
Yes
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare
No
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

,

r

c
I

Level of d i s a d v a n t a
First-time applicant
Butte
Riverside
San Diego
Tulare
Returning applicant
Butte
Riverside
San Diego
Tulare
Less disadvantaged recipient
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare
More disadvantaged recipient
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare
-

~

Total
Average Total Earnings, Year 3
Sample -~
Size Experimentals ($1
Controls ($) Difference ($)

-

~

----.
~~

~~~

~.

Average Total AEDC P a y r n e n t s , Y K

-

.-

Controls ($1 Difference ($1

TABLE 4.6 (continued)
----

-

~~

.P
W

I

..

~

-~

Total
Average Total Earnings. Year 3
Sam~le
Size Experirnentals ($)
Controkx I

Subgroup and County
-

I

~

~

---.
~.

~

-

-

Year 3

.

~p~

White, non-Hispanic
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

-261
- 97
-441
-809 *"
-344 '*
-130

Black, non-Hispanic
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

-311
-2754 u'*
-408 **'
-624 '*
-536 **
-725 U

Hispanic
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare
Asian and other
Alarneda
Butte
Los Angeles
Riverside
San Diego
Tulare - ..

- I428 U*'
-603
-162
-322
-120
-70

-

U

24 u
-2335 U*
91
385 u
-533
145 U
(continued)

TABLE 4.6 (continued)
-

Subgroup and2unty

.

Total
Average Total Earnings Year 3
Sample
Size Experimentals ($J
Controh ($) Difference($)

~

-~

Average Total AFDC Payments, Year 3
e r i m e n t a l s ($)

-

Controls ($)

difference^$^--

Limited Enqlish proficiency

I

r

I

No
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

1188
1194
3248
5201
7590
2066

2928
3723
2231
3657
4007
3242

21 29
3064
2099
2603
3269
2722

799 *'
659
132
1054 *"
738 **'
520 '

4870
2810
4678
2819
3441
4095

5238
3035
4957
3496
3821
4162

Yes
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

17
35
1148
307
629
168

9
792
1112
1962
1575
1506

228
447
903
1689
1168
1012

-218 u
346 u
210
273 u
407
494

4232
2883
4874
3638
4926
5104

4878
5674
51 44
2622
4945
5760

-646 u
-2791 u'
-270
1016 u+'
-19
-656 u

No
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

1 166
1061
3897
5364
7817
2144

2937
371 5
2057
3613
391 5
3195

2177
3187
1948
2549
3185
2664

760 +'
528
108
1064 "*
730 *"
531 **

4870
2670
4706
2870
3465
4162

5225
2889
5015
3490
3778
4235

-355 *
-219
-309 *+'
-620 ***
-313 ***
-73

Yes
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

39
168
499
144
402
90
-

1162
3147
1026
1649
1994
1211

34
1639
499
2919
1706
718

4642
3691
4902
2638
5290
4461

5357
4607
4944
1788
6718
5448

-714 u
-915 u
-42
850 u
-1428 u**'
-987 u .

-368 '+
-226
-278 *'
-677 '**
-380 ***
-68

Refuqee

1129 u
1508 u
527
-1270 u
289 u
494 U

~

~

(continued)
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Subgroup and Couny

-

TABLE 4.6 (continued)
~-----

Total _
Average Total Earnings, Year 3
Sample
Size Experimentals ($)
Controls ($) Difference ($)

--

~

~

-~Average Total AFDC Payments,Year 3

Experlmentals ($)
-

Controls
($)
.
-

Difference0

Participating in education or
training program at time of
GAlN orientation
Yes
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare
No
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

+

r-

Number of children at
time of GAlN o r i e n t a t i o n 3
One
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare
Two
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare
Three or more
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

-

(continued)

TABLE 4.6 (continued)
SOURCE: See Table 4.1
NOTES:

See Table 4.1
The symbol "u" indicates that, because of very small sample sizes, the impact estinate shown is unreliable: asterisks following the symbol
indicate that therewas a statistically significant effect, though its magnitude could not be reliably measured.
(a) Alameda and Los Angeles did not serve applicants or short-term reci~ientsdurina
- the.~ e r i o dof samDle intake.
(b) Information necessary for classifying ~ ~ ~ ~ ' r e c i ~
into
i ethese
n t s two categories was not available from the baseline form used in Los Angeles.
(c) This section excludes sample members who reported having no children.
Variation in impacts across subgroups was statistically significant as follows:
Subqroup

I

+J
C
m
I

Welfare history
Received AFDC continuously for at least
6 years prior to GAIN orientation.
Employed in year prior to GAIN orientation
Level of disadvantage
Ethnicity
Limited English proficiency
Refugee
Participating in education or training
program at time of GAIN orientation
Number of children at time of
GAIN orientation

Butte. San Diego

none

none
Butte. Los Angeles
none
none
none
Riverside

none
none
Los Angeles
Butte, Riverside
Butte, Riverside
Riverside. San Diego

none

Alameda

Los Angeles, Riverside. San Diego

none

Tulare had very few (14 percent), and Alameda and Los Angeles had none. Across counties, there
were large differences in the share of long-term recipients, ranging from a little over one-quarter (28
percent) in Butte, to about 40 percent in Riverside and San Diego, nearly 60 percent in Tulare, and
the entire samples in Alameda and Los Angeles.
Welfare history subgroups defined by these objective characteristics do not necessarily behave
the same across counties. Of particular interest in this connection are Alameda and Los Angeles,
which, as noted above, focused exclusively on long-term recipients. The behavior of controls can
reveal what effect this targeting had on the nature of the GAIN caseload in these two counties. As
shown in Table 4.6, by year 3, control group average earnings and AFDC payments were similar for
the samples in Alameda and Los Angeles. At the same time, controls in these two counties received
more AFDC payments in year 3, on average, than did long-term recipient controls in Butte and
Riverside, but about as much as those in San Diego and Tulare. Their average earnings in year 3
were similar to those of any long-term recipients in all other counties except San Diego. Consequently, the target groups for Alameda and Los Angeles may have been slightly more attached to AFDC
than were the long-term recipients in some other counties, but it is not clear that they were less
employable.
The impact estimates shown in Table 4.6 indicate that groups with a long history of welfare
receipt can, in fact, experience earnings and AFDC impacts from GAIN. GAIN'S impacts on earnings
for this group, even though not uniformly strong across all six counties, are of special interest because
studies of past welfare-to-work programs, particularly those emphasizing job search and work
experience, have not consistently found improved earnings for long-term recipients. In Alameda, year
3 impacts on earnings and AFDC payments for the long-term recipients were in the middle range.32
For the long-term recipients in Los Angeles, earnings impacts were small, but AFDC impacts were
in the middle range. In Riverside, large earnings gains and welfare reductions were obtained for all
three welfare history subgroups. In San Diego, earnings impacts were relatively small for the longterm recipients, but AFDC impacts were relatively large. In Butte, the earnings gains and welfare
reductions appear to have been concentrated in the two recipient subgroups. In Tulare, the applicant
subgroup was small. The earnings impacts in year 3 in Tulare are attributable almost entirely to longterm recipients, who also obtained modest and not statistically significant AFDC reductions.
Table 4.6 next shows impacts for sample members who received AFDC continuously, on their
own or their spouse's case, for less than six years and for six years or more at any time prior to GAIN
orientation (i.e., the point of random assignment). Los Angeles is not represented in this panel
because information about length of prior AFDC receipt was not recorded in that county. Throughout,
Table 4.6 displays subgroups that were likely to have the shortest future AFDC spells near the top,
and those more likely to receive AFDC for a long time near the bottom.
Sample members with six years or more of continuous AFDC receipt made up about two-thirds
of the sample in Alameda (and probably constituted the bulk of the sample in Los Angeles as well).
In the other counties, they were a minority, but an important one. The earnings levels of controls in
this group were substantially lower than the earnings of controls with less than six years' prior receipt,
and their AFDC levels were higher. Both subgroups - sample members with and without six years

3 Z ~ eAppendix
e
Table D.9 for impacts on selected subgroups covering the entire three-year follow-up
period.

or more of prior receipt - appear to have obtained impacts on both earnings and AFDC, although
most effects were not statistically significant, given the reduced sample sizes available for subgroups.
Employment in the year prior to GAIN orientation (random assignment) defined the next set of
subgroups in Table 4.6. Sample members with employment in the preceding year were a small
minority in Alameda and Los Angeles, but elsewhere those with and without prior employment were
more evenly represented. Among controls, earnings levels were substantially lower for those without
prior employment. Typically, earnings for controls without recent employment were less than half
those of the remainder of the sample. Their AFDC payments were higher, although without such a
wide disparity. As was the case for the welfare history subgroups, the prior-year-employment
subgroups did not show a clear pattern of impacts favoring one subgroup or the other, for either
earnings or AFDC payments.
The level-of-disadvantage subgroup part of Table 4.6 combines data on AFDC history and prior
employment and also uses information about completed years of schooling. Applicants are separated
into those who were first-time applicants and those who were reapplying to AFDC after a period off
the rolls. Recipients are separated into "less disadvantaged" and "more disadvantaged." The "more
disadvantaged" category includes recipients who were on AFDC for more than two years, were not
employed in the year prior to random assignment, and did not have a high school diploma or GED.
The "less disadvantaged" recipient group comprises all other recipients.
First-time applicants are of interest because unlike returning applicants and recipients, members
of this group are at the start of their AFDC careers. Lasting effects could, therefore, affect these
individuals for a long period of their lives that might otherwise be spent on AFDC. First-time
applicants, because they have never been on welfare, are also a group new to welfare-to-work
programs, and so may tell us something about the effects of GAIN on sample members who have
never before received employment services through the welfare agency. Finally, first-time applicants
are a group that would always be found in a GAIN program, even after many years of successful
operation. Other groups, such as long-term recipients, could eventually all become participants and
in subsequent years would not contribute any new participants to GAIN.^^ Impacts on first-time
applicants are therefore an indicator of what the impacts of GAIN might be like after a number of
years of operation.
First-time applicants, however, are one of the smallest subgroups, which decreases the precision
of the impact estimates. The Alameda and Los Angeles samples included no first-time applicants.
This subgroup in Tulare was too small for analysis, and in Butte and San Diego the samples were of
a size to produce "unreliable" estimates. Nevertheless, it is interesting to note that year 3 earnings
impacts were large for this group in Riverside and San Diego and were about average in Butte,
although the estimates were not statistically significant in San Diego or Butte. AFDC impacts were
also statistically significant only in Riverside, where they were large. AFDC impacts in Butte were
also relatively large, but were not statistically significant. As a percentage of the control group
payments, AFDC impacts were 34.2 percent in Riverside and 26.3 percent in Butte. In San Diego,
the AFDC impacts were smaller but still represented a 7.7 percent reduction relative to the control

"~irst-timeapplicants are not the only subgroup that would be new to GAIN in the long run. Recipients
whose youngest child had just aged into the category that determines mandatory status would, in most cases,
also be new to GAIN in the long run.

group average. These results suggest that GAIN could be an effective intervention even after several
years, when a much larger share of new GAIN registrants would be first-time applicants. This
conclusion is qualified by the small samples involved, however. It is worth noting that first-time
applicants have not generally shown impacts in other program eva~uations.~~
At the other end of the spectrum are the more disadvantaged recipients. As shown by the
outcomes for controls, in the absence of GAIN, this group had quite low earnings and relatively high
AFDC receipt. Earnings impacts for this group were relatively poor, with only one county (Riverside)
obtaining an impact greater than $600 in third-year earnings. AFDC impacts were not particularly
poor, however. Four of the six counties obtained AFDC reductions of $300 or more for this
subgroup. Thus, the ratio of AFDC impacts to earnings impacts was relatively high for the more
disadvantaged, a result that is expected on the basis of the prior research cited above. In three of the
six counties, the dollar amount of the AFDC impact was larger than the corresponding earnings
impact.
Finally, in the same previous research, the "returning applicant" group evidenced relatively
large earnings impacts. This was not the case in GAIN. Earnings impacts for this subgroup were
relatively large in Riverside and San Diego, but were small in Butte and Tulare. Welfare reductions
were smallest for returning applicants.
The foregoing analysis of subgroups defined by AFDC history and prior-year employment
supports GAIN'S broad, inclusive targeting policy. Impacts were found for a variety of subgroups and
were not concentrated in one narrowly defined segment of the research sample. This is true for both
earnings and AFDC impacts and is consistent with earlier research. The earnings impacts for the more
disadvantaged were relatively weak. In the face of possibly severe skills deficits and multiple barriers
to employment, it may be quite difficult to increase the earning power of the more disadvantaged
enough for significant numbers of them to shift from welfare to work. It should be noted, however,
that Riverside was able to achieve large impacts on earnings and AFDC payments for this subgroup,
which contributed to that county's overall large impact.

C . Other Sub~zrou~s
Table 4.6 shows impacts for a number of other subgroups.
1. Ethnicity. Four ethnic categories were used: white, non-Hispanic; black, non-Hispanic;
Hispanic; and an "Asian and other" category consisting largely of Southeast Asians. Table 4.6 breaks
out impacts in year 3 for these subgroups.

The county GAIN samples were quite varied in ethnic composition. Alameda (70 percent black)
and Butte (almost entirely white) were the most homogeneous. Whites were in the majority in Riverside and were the largest group in San Diego, but samples for both those counties were approximately
one-fifth black and one-quarter Hispanic. Los Angeles was roughly split between large black and
Hispanic minorities, but also had the largest percentage Asianlother (I 1 percent), which approximately
matched the number of whites. Tulare was split between white (52 percent) and Hispanic (39 percent).

34Friedlander, 1988; Friedlander, 1993.
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There is some evidence that GAIN produced impacts on third-year earnings or AFDC payments
for all ethnic subgroups except, possibly, the Asiadother category. None of the third-year earnings
impacts for the Asiadother subgroup were statistically significant, and none reached the $600 mark.
Among the counties with more than 100 sample members in this subgroup, only San Diego had thirdyear AFDC impacts for the subgroup exceeding $300, and these were not statistically significant.
Findings presented in an MDRC Working papeS5 indicate that the Asiadother subgroup had
relatively low rates of participation in GAIN activities. Thus, low impacts for that group may have
resulted from their failure to obtain as much GAIN services as other groups. Hispanics also had
relatively weak results. Among counties with Hispanic samples of more than 100, only Riverside
achieved earnings impacts over $600 and AFDC impacts of $300. Participation rates for Hispanics
were not found to be especially low in the earlier paper. A potential cause of the results for Hispanics
is not evident in the data.36
Blacks and whites appeared to show the largest impacts. Blacks obtained large earnings impacts
in Alameda. They also obtained earnings impacts at about the $600 all-county average in two of the
other three counties where the black subgroup estimates are not marked "unreliable," although these
estimates were not statistically significant. AFDC impacts of $300 or more were found in all four of
these counties, and were statistically significant in three of them. In fact, AFDC reductions exceeded
earnings gains in two of the four counties, and the ratio of AFDC reductions to earnings gains
appeared to be highest for blacks.
Whites had samples larger than the "unreliable" cutoff in all six counties. Their earnings
impacts were greater than $600 in three counties and greater than $1,200 in two of those three,
representing the largest earnings gains for any ethnic group with more than 100 sample members in
any county. AFDC impacts for whites were close to or over $300 in four of the six counties. Unlike
blacks, whites had AFDC reductions that were greater than earnings gains in only a minority of
counties (two of the six).
The relatively low earnings impacts in Los Angeles were not associated with the high proportion
of minorities in that sample. Both blacks and Hispanics obtained earnings impacts in some other
counties, and blacks obtained large earnings impacts in Alameda, which was similar to Los Angeles
in focusing on long-term AFDC recipients. Furthermore, Hispanics in Los Angeles had earnings
impacts that were as high as the earnings impacts for whites in that county. Finally, the Asiadother
category had earnings impacts that were the largest among the ethnic subgroups in Los Angeles. (See
also the refugee subgroup impacts below.)
2. Limited Enelish ~roficiencv. Los Angeles was the only county whose sample included
a sizable minority classified as limited in their English proficiency. Sample members so classified in
Los Angeles did not have impacts on earnings or AFDC that were any lower than the rest of the
sample. The presence of this group therefore did not reduce total impacts in that county.

3. Refugee. More than 10 percent of the AFDC-FG research samples in Butte and Los
Angeles were refugees. Their presence did not, however, reduce impacts. Earnings gains for them

35Friedlander, 1994.
361tshould be noted that variation in earnings impacts across ethnic subgroups is not statistically significant
in any county (see Table 4.6).

were no smaller than earnings gains for the rest of the sample. AFDC reductions were smaller for
refugees in Los Angeles but not in Butte. The Butte estimates are marked "unreliable."
4. Already oartici~atingin an education or training oromam. In most of the counties,
about 15 to 20 percent of GAIN sample members were participating in an education or training
program at the time they attended a GAIN orientation. In general, these individuals were more
motivated or equipped to work than were the rest of the sample as evidenced by the fact that controls
in this subgroup, in every one of the six counties, had higher average earnings in year 3 than did
controls who were not already in such a program. This "job-readiness," however, did not necessarily
make for larger impacts from GAIN. In none of the six counties were earnings impacts for those who
were already in a program much greater than earnings impacts for those who were not, and AFDC
impacts were larger in only two of the six counties. This is not to say that there were no subgroup
impacts from GAIN. Earnings impacts for this group were at or above $600 in four counties; AFDC
impacts were at or above $300 in three counties. Only one of the impact estimates was statistically
significant, but the small sample sizes make it difficult to rule out impacts for this subgroup on the
basis of statistical tests.
5. Number of children. In all but one county (Los Angeles), sample members with one
child were the largest category, although that category was never in the majority. AFDC payments
for controls were substantially higher for sample members with more children. In all counties, average
AFDC payments were larger for sample members with two children than for those with one, and were
larger for those with three or more children than for those with two. Average AFDC payments in year
3 for sample members with one child were only half to two-thirds the payments to sample members
with three or more children. Average earnings did not &ffer markedly across subgroups based on
number of children.
The subgroup consisting of those with one child was less likely to show impacts on earnings and
AFDC payments than were the other two subgroups. In only two of six counties were their earnings
gains at or over $600, and in only one county were their AFDC reductions more than $300. Thus,
the fact that this group normally received less in AFDC in the absence of GAIN (as gauged by the
control group) did not make them more apt to experience impacts from the program. The subgroups
with two children and with three or more children obtained earnings impacts and AFDC impacts above
the $600/$300 average impact in the majority of the six counties.
VIII. Other Outcomes
This section examines program impacts on Food Stamp receipt and Food Stamp payments; on
combined total earnings, AFDC, and income from Food Stamps; on income sources for sample
members with no recorded earnings or AFDC receipt.
A. Food Stamps
Table 4.7 presents estimates of Food Stamp receipt and Food Stamp payments for GAIN sample
members in the six research counties. The table shows experimental and control group averages and
the difference between the two, which is the estimate of GAIN'S impact. The GAIN research data

TABLE 4.7
GAIN'S THREE-YEAR IMPACTS ON FOOD STAMP RECEIPT BY AFDC-FG REGISTRANTS
County and Outcome

Experimentals

Controk

602

603

2995

1401

4457

1051

Difference

Percentage
Change

Alameda
Ever received any Food Stamps (%)
Any quarter, years 1-3
Last quarter of year 1
Last quarter of year 2
Last quarter of year 3
Average value of Food Stamps ($)
Year 1
Year 2
Year 3
Total (years 1-3)
Sample size (totak1205)

Ever received any Food Stamps (%)
Any quarter, years 1-3
Last auarter of vear 1
Last quarter of year 2
Last quarter of year 3
Average value of Food Stamps ($)
Year 1
Year 2
Year 3
Total (years 1-3)
Sample size (total=1229)

Los Anaeles
Ever received any Food Stamps (%)
Any quarter, years 1-3
Last quarter of year 1
Last quarter of year 2
Last quarter of year 3
Average value of Food Stamps ($)
Year I
Year 2
Year 3
Total (years 1-3)
Sample size (totak4396)
Riverside
Ever received any Food Stamps (%)
Any quarter. vears 1-3
a s 1 quarter of year 1
a s 1 qJarter of vear 2
Last quarter of year 3
Average value of Food Stamps ($)
Year 1
Year 2
Year 3
Total (years 1-3)
Sample size (totak5508)

(continued)

TABLE 4.7 (continued)
County and Outcome

Experimentals

Controls

1588

646

89.1
66.7
58.0
52.0

89.0
69.2
59.4
53.8

17677

51 14

Percentage
Change

Difference

San Dieao
Ever received any Food Stamps (%)
Any quarter, years 1-3
Last quarter of year I
Last quarter of year 2
Last quarter of year 3
Average value of Food Stamps ($)
Year 1
Year 2
Year 3
Total (years 1-3)
Sample size (total=8219)

Ever received any Food Stamps (%)
Any quarter, years 1-3
Last quarter of year 1
d s t quarter of Gear 2
Last quarter of year 3
Average value of Food Stamps ($)
Year I
Year 2
Year 3
Total (years 1-3)
Sample size (total=2234)
All counties (a)
Ever received any Food Stamps (%)
Any quarter, years 1-3
Last quarter of year 1
Last quarter of year 2
Last quarter of year 3
Average value of Food Stamps ($)
Year 1
Year 2
Year 3
Total (years 1-3)
Sample size (toTal=22791)

SOURCE: MDRC calculations are from county Food Stamp records.
NOTES:

See Table 4.1
(a) In the all-county averages, the results for each county are weighted equally.

0.1
-2.6
-1.4
-1.8

"'
**

01%
-3.7%
-2.3%
-3.4%

record the dollar value of Food Stamps given to the household of which the research sample member
and her family are a part.37 Food Stamp estimates were based on the full sample in each county.
Average Food Stamp payments to controls over the three-year follow-up period were about onefifth of AFDC payments for the same period. The ratio of Food Stamps to AFDC for controls was
similar across counties. Food Stamp amounts for controls were higher in Alameda and Los Angeles
than in the other counties, which would be expected, since those counties focus on long-term AFDC
recipients. 38
The percentage of controls receiving Food Stamps declined over time, as did the percentage
receiving AFDC payments. Interestingly, however, the average Food Stamp amounts received by
controls did not decline over time. To explain this, an average was calculated for Food Stamp dollars
in quarters when Food Stamps were received. It was found that average Food Stamp amounts per
quarter received were larger for sample members who were still receiving Food Stamps at the end of
follow-up. In addition, Food Stamp amounts per quarter received increased for sample members who
were still receiving them at the end of f o ~ l o w - u p .Thus,
~ ~ sample members who eventually went off
Food Stamps had lower quarterly Food Stamp amounts, and those who remained on had not only
higher quarterly Food Stamp amounts but also Food Stamp amounts that increased over time. Why
this should be is unclear, but it accounts for the fact that the average Food Stamp amount for all
sample members did not decline over time even as the percentage receiving Food Stamps did.
Impacts on Food Stamps were found for several counties but were not produced as consistently
as impacts on AFDC. As shown in Table 4.7, statistically significant impacts on Food Stamps were
found in Los Angeles, Riverside, and San Diego. Smaller and not statistically significant impacts were
found in Butte. Los Angeles and Riverside had the largest reductions in percentage receiving Food
Stamps. Los Angeles had the largest dollar savings, $240 per sample member over three years
(statistically significant). Riverside was a close second, however, and that county had the largest
reduction as a percentage of the control group average: The reduction in Food Stamp payments over
three years amounted to 8.7 percent of the amounts paid to controls. Dollar reductions in San Diego
were in the same range but, unlike those in Los Angeles and Riverside, were beginning the fade by
year 3.
The magnitude of savings in public assistance associated with Food Stamps was less than for
AFDC. Impacts on Food Stamp payments in the three counties that had them were about 10 to 20

37The Food Stamp household and the AFDC family are not necessarily identical. In some Food Stamp
cases, individuals not on the AFDC case (e.g., a grandmother living with her daughter, who is the AFDC case
head) will receive Food Stamps. It is not possible to separate out the amount of Food Stamps going just to
those persons who are on the AFDC case of sample members. For this reason, the amounts of Food Stamps
going to experimentals and controls are overestimated in this report. Estimates of the differences in Food
Stamp amounts between experimentals and controls (i.e., program impacts on Food Stamps) will not be biased
unless GAIN had an effect on the rate of breakup of Food Stamp households.
he he ratio of Food Stamp payments to AFDC payments was also slightly higher in Alameda and Los
Angeles than in the other counties. The lowest ratio was found in Riverside.
39Forexample, in quarter 9, Food Stamp amounts were 22 percent larger for sample members who would
still be receiving them in quarter 13 than for those who would not. Moreover, Food Stamp amounts during
quarters when they were received grew 44 percent from quarter 2 through quarter 13 for those who were
receiving them in quarter 13.

percent of the corresponding AFDC impacts over the three-year follow-up. Savings in Food Stamps
in two of these three counties and in Butte do not evidence any decline over time, and total savings
should grow with additional years of follow-up. For all six counties, the three-year reduction in Food
Stamps was $87, a statistically significant impact, amounting to 3.0 percent of average payments to
controls. The dollar amount was about one-tenth of the all-county impact on AFDC payments; the
percentage change was about half the percentage change in AFDC payments.

B. Combined Income from Earnin~s,AFDC, and Food Stamos
The sum of earnings, AFDC, and Food Stamps is a partial measure of family income. The
earnings of a sample member, her AFDC benefits, and the Food Stamps going to her household are
not the only sources of income. Contributions may also come from the noncustodial parent and from
other family members. Some sample members also receive Unemployment Insurance (UI) benefits
and other transfer payments. Nevertheless, these three income sources are the ones that GAIN is
primarily intended to affect. Table 4.8 gives impacts on combined income from earnings, AFDC, and
Food Stamps in the last quarter of follow-up (quarter 13).
Impacts on the average total value of earnings, AFDC, and Food Stamps were modest. As
shown in Table 4.8, the largest effect was in Tulare - an increase of $149 (statistically significant),
or 8.0 percent of the earningslAFDCIFood Stamp income of controls in the same quarter. In other
counties, AFDC reductions offset more of the earnings gains. A 5.4 percent increase in earnings1
AFDCIFood Stamp income (relative to controls) was realized in Alameda and a 4.7 percent increase
in Riverside, but neither of these effects was statistically significant. For the pooled sample of all
counties (weighted equally), the average impact was a 3.1 percent increase in earningslAFDC1Food
Stamp income (relative to controls), which was statistically significant.
Table 4.8 also shows the percentage of experimentals and controls receiving income from
combinations of the three sources. GAIN reduced the incidence of "welfare without work," moving
some people into jobs and off AFDC completely and others into jobs at which they worked while they
remained on AFDC. All six counties showed a decrease in the percentage of experimentals who were
on AFDC and had no earnings at the end of the third follow-up year. This decrease ranged between
four and seven percentage points and was statistically significant in five of the six counties: not all of
the experimentals who left this status were off AFDC and also had earnings. Increases in the share
of experimentals who had earnings but no AFDC ranged from less than 1 percentage point to a
maximum of 4.6 percentage points. In some counties, there was an increase in the percentage
receiving both earnings and AFDC in the last quarter, but the largest of these effects was an increase
of 2.5 percentage points.
Many experimentals went off AFDC without having earnings. So did many controls. In Table
4.8, these sample members are in the category "no AFDC or earnings." The absence of recorded

earnings or AFDC does not mean that a sample member had no income. A large number of AFDC
case heads who leave AFDC do so because they get married or become reconciled with an absent
spouse, or they may receive contributions from other family members. Zero earnings and AFDC
amounts will also be recorded for individuals who leave the state or county.
GAIN appeared to have had no overall effect in getting people off welfare if they could not find
or keep a job. Across counties, between one-fifth and one-third of controls had no earnings or AFDC
at the end of year 3. In no county, however, was there a statistically significant increase in the per-

TABLE 4.8
GAIN'S IMPACTS ON TOTAL EARNINGS1AFDCI FOOD STAMP INCOME AND INCOME SOURCES
IN M E LAST QUARTER OF YEAR 3 FOR AFDC-FG REGISTRANTS
Experimentals

Controls

Difference

Percentage
Change

Average total value of AFDC. Food Stamps,
and earnings in quarter 13 (5)

2221

2108

113

5.456

income sources (%)
Earnings without AFDC
Earnings and AFDC
AFDC without earnings
No AFDC and no earnings
Total

14.2
10.6
56.9
18.3
100.0

10.0
8.8
61.8
19.4
100.0

4.2
I.8
-4.9
-1.1

4.6
13.6

5.3
14.1

-0.7
-0.4

602

603

1738

1708

29

22.8
10.1
29.6

22.0
7.6
33.4

0.8
2.5
-3.8

3.7
33.9

3.2
33.8

0.5
0.1

986

243

Average total value of AFDC. Food Stamps.
and earnings in quarter 13 ($)

1872

1932

-60

lncome sources (%)
Earnings without AFDC
Earnings and AFDC
AFDC without earnings
No AFDC and no earnings
Total

11.2
8.1
55.7
25.0
100.0

9.1
7.7
59.8
23.4
100.0

2.1
0.3
-4.1
1.6

1.6
23.5

1.5
21.9

0.1
1.5

2995

1401

Average total value of AFDC. Food Stamps,
and earnings in quarter 13 ($)

1722

1645

77

lncome sources (%)
Earnings without AFDC
Earnings and AFDC
AFDC without earnings
No AFDC and no earnings
Total

23.0
8.2
32.4
36.4
100.0

18.4
6.2
39.6
35.8
100.0

4.6
2.0
-7.2
0.7

2.5
33.9

1.4
34.4

4457

1051

County and Outcome
Alameda

Food Stamps without AFDC or earnings
No Food Stamps, AFDC, or earnings
Sample size (total= 1205)

Average total value of AFDC. Food Stamps.
and earnings in quarter 13 ($)
lncome sources (%)
Earnings without AFDC
Earnings and AFDC
AFDC without earninas
No AFDC and no eariings
Total
Food Stamps without AFDC or earnings
No Food Stamps. AFDC, or earnings
Sample size (total=1229)

'+
+

1.7%

Los Anqeles

Food Stamps without AFDC or earnings
No Food Stamps. AFDC, or earnings
Sample size (total=4396)

-3.1%

**

**

Riverside

Food Stamps without AFDC or earnings
No Food Stamps, AFDC, or earnings
Sample size (totak5508)

4.736

***

**
***

1.1 **
-0.5

(continued)

TABLE 4.8 (continued)
County and Outcome

Experimentals

Controls

Average total value of AFDC, Food Stamps,
and earnings in quarter 13 ($)

2002

1964

lncome sources (74)
Earnings without AFDC
Earnings and AFDC
AFDC without earnlngs
No AFDC and no earnings
Total

21.4
10.3
38.7
29.6
100.0

18.8
9.1
42.8
29.2
100.0

2.1
27.6

1.9
27.3

7049

1170

Average total value of AFDC, Food Stamps,
and earnings in quarter 13 ($)

2014

1865

Income sources (%)
Earnings without AFDC
Earnings and AFDC
AFDC without earnings
No AFDC and no earnings
Total

19.9
11.5
43.0
25.7
100.0

17.6
9.0
47.1
26.3
100.0

2.5
23.1

3.7
22.5

1588

646

Average total value of AFDC. Food Stamps.
and earnings in quarter 13 ($)

1928

1870

lncome sources (%)
Earnings without AFDC
Earnings and AFDC
AFDC without earnings
No AFDC and no earnings
Total

18.8
9.8
42.7
28.8
100.0

16.0
8.1
47.4
28.5
100.0

2.8
25.9

2.8
25.7

17677

5114

Difference

San Diego

Food Stamps without AFDC or earnings
No Food Stamps. AFDC, or earnings
Sample size (total=8219)

+

Food Stamps without AFDC or earnings
No Food Stamps. AFDC, or earnings
Sample size (totak2234)
All counties (a)

Food Stamps without AFDC or earnings
No Food Stamps. AFDC, or earnings
Sample size (total=22791)
SOURCE: See Tables 4.1 and 4.10.

NOTES: See Table 4.1.
(a) In the all-county averages, the results for each county are weighted equally.

Percentage
Change

centage of experimentals off welfare and without work. The all-county impact estimate was only a
0.3 percentage point increase in this category, which was not statistically significant. Nevertheless,
it is of interest to note that Los Angeles, which was the only county with a negative effect on earnings1
AFDClFood Stamp income, also had the largest shift into the no-AFDCIno-earnings category (1.6
percentage points). Pan of the small reduction in earningslAFDC1Food Stamp income in Los Angeles
is undoubtedly associated with the small increase in the share of experimentals who were off AFDC
but did not work. Those experimentals may have left AFDC without having a job or may have had
a job and lost it and not returned to AFDC. The increase in the no-earningstno-AFDC category,
although small, increased the ratio of impacts on AFDC payments to impacts on earnings and is one
of the reasons why Los Angeles obtained moderately large AFDC impacts with only small earnings
impacts. It should be added that neither the reduction in earningslAFDC1Food Stamp income nor the
shift into the no-AFDCIno-earnings category in Los Angeles was statistically significant.
The last two rows of Table 4.8 indicate that Food Stamp receipt does not alter the picture just
described. The table shows that very few experimentals or controls received Food Stamps in quarter
13 without receiving AFDC or earnings. There were no important impacts on the percentage receiving
"Food Stamps without AFDC or earnings." Finally, the table shows that between one-seventh and
one-third of sample members had no earningslAFDC1Food Stamp income at the end of the year 3.
This group makes up almost all of the group with no earnings and no AFDC, and there were no
impacts on this status, either.

C. Income for Samole Members Without Earnines or AFDC
Almost all sample members who did not have earnings or AFDC income did have other possible
sources of income. Table 4.9 provides information on the possible sources of income for the
subsample of GAIN survey respondents who reported no earnings of their own and no AFDC
payments of their own in the month prior to the interview. About a quarter of the experimentals in
that group were married and living with a spouse. Nearly half the group reported that they received
or were living with someone who received non-employment income from a source other than AFDC
or Food Stamps. Only about a quarter of the group said that they did not receive or live with anyone
who received income from any source.

D. Family Poverty
To estimate the effects of GAIN on poverty, the total of third-year earnings, AFDC payments,
and Food Stamp payments, referred to here as "earningslAFDCIFood Stamps income," was estimated
for experimentals and controls and compared to the government's official poverty line, which varies
by family size. However, this combined income differs from the government's official poverty
measure in that it counts the value of Food Stamps as income, but does not include income of other
family members (e.g., other family members' earnings) that are normally counted in estimating poverty
rates. Furthermore, the GAIN evaluation data on family size used in this pan of the analysis only
cover family size at the time of random assignment; changes in family size (e.g., through the birth of
another child or marriage), which would affect official poverty levels, are not considered. Thus, the
analysis can provide only an approximation of GAIN'S impact on poverty.
Table 4.10 gives the percentage of experimentals and controls with earningslAFDClFood
Stamps income for year 3 above the poverty line. Estimates are also shown for families of different
sizes (as observed at the time of random assignment). In every county, GAIN increased the percentage

TABLE 4.9
MARITAL STATUS AND ALTERNATIVE SOURCES OF INCOME
FOR AFDC-FG SURVEY RESPONDENTS IN FOUR COUNTIES
WHO REPORTED NO EARNINGS OF THEIR OWN AND NO AFDC PAYMENTS OF THEIR OWN
IN THE MONTH PRIOR TO INTERVIEW. BY RESEARCH GROUP

.

Outcome Measure
Married and living with spouse

Res~ondents
with No Reoorted Earninos or AFDC Pavments
in the ~ o n t Prior
h
to lnierview
Controls (%)
Experimentals (%)
29.1

25.9

292

220

Living with a panner without
being married
Living with someone who received
income from the following sources
in the prior month:
Employmentfrom regular or
irregular job
AFDC or Food Stamps
At least one of these sources
Received or living with someone who
received money from the following
sources in the prior month:
Child support
Alimony
SSI
Social Security
Unemployment Insurance
Worker's compensation
General Assistance
Family or friends outside the
household
At least one of these sources
Any other source
Reported not to have received or
lived with anyone who receked
income from any source (a)
Sample slze

SOURCE: MDRC calculations using data from the GAIN registrant survey.
NOTES:

The sample covers four counties: Alameda. Riverside. San Diego, and Tulare.
Estimates are not regression-adjusted. Comparisons between experiment& and controls are not true
experimental comparisons. Statisticaltests for such comparisons were not performed.
(a) Experimentals in this category constitute 4.2 percent of all AFDC-FG experimental group survey
respondents in the four counties; controls in this category constitute 4.0 percent of all AFDC-FG control group
survey respondents in the four counties.

TABLE 4.10
APPROXIMATION OF GAIN'S IMPACT ON POVERTY IN YEAR 3 FOR AFDC-FG REGISTRANTS
Percent with Measured Income
(Earnings, AFDC Payments, and Food Stamps)
Above 1992 Poverty Line in Year 3 (a)

Sample Size
Subsample and County
All registrants
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare
All counties (b)
Registrants with one
child at orientation (c)
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare
Registrants with two
children at orientation
Alameda
Butte
Los Angeles
RNerside
San Diego
Tulare
Registrants with three or
more children at orientation
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

Experimentals

Controls

602
986
2995
4457
7049
1588
17677

603
243
1401
1051
1170
646
5114

Experimentals (%)

22.4
19.8
13.7
19.4
23.1
22.9
20.2

Controls (%) Difference (%)

19.8
15.0
11.6
15.7
20.9
18.4
16.9

26
4.8
2.0 '
3.7 "'
2.2
4.5 '+
3.3 ***

Total measured income exceeds $9.190 (d)

266
473
994
1828
3332
621

252
129
464
463
548
236

25.2
23.3
18.4
22.3
27.0
28.3

24.6
13.7
16.9
20.3
25.5
20.9

0.5
9.6*'+
1.4
2.1
1.5
7.4 '*

Total measured income exceeds $ 11.570 (e)

189
348
957
1498
2233
532

195
64
439
328
386
207

26.6
18.6
15.8
21.1
23.3
22.0

19.4
22.0
10.0
12.6
19.5
16.8

7.2 *
-3.4
5.8*"+
8.6 *'*
3.8
5.3

Total measured income exceeds $13.950 (f)

147
165
1044
1131
1484
435

156
50
498
260
236
203

12.4
12.4
7.4
12.2
14.2
11.9

12.0
9.0
8.0
12.1
12.8
11.5

0.3
3.4 u
-0.6
0.1
1.4
0.3

SOURCE: See Table 4.1
NOTES:

See Table 4.1.
The symbol "u" indicates that, because of very small sample sizes, the impact estimate shown is unreliable:
asterisks following the symbol indicate that there was a statistically significant effect, though its magnitude could not be
reliably measured.
(a) This estimate assumes that registrants' family size and composition did not change between orientation and
the end of follow-up.
(b) The six counties are weighted equally.
(c) This sample includes those reporting zero children at orientation.
(d) This dollar amount is the 1992 poverty line for a two-person family.
(e) This dollar amount is the 1992 poverty line for a three-person family.
(9 This dollar amount is the 1992 poverty line for a four-person family.

of families with total earningslAFDCIFood Stamps income above the poverty line. These effects were
statistically significant in five of the six counties. The all-county average was positive and statistically
significant: 20.2 percent of experimentals were above the poverty line in year 3 compared to 16.9
percent of controls, for a difference of 3.3 percentage points.
These effects occurred almost exclusively among smaller families, those with one or two
children. The most consistent gains were for families with two children. For that group, impacts
were found in every county but Butte, where the sample for that subgroup was small and the precision
of the estimate therefore reduced. For families with one child, large effects were found in Butte and
Tulare. Among sample members with three or more children, effects were close to zero everywhere
except in Butte, where the very small subgroup sample makes the estimate unreliable.
This distribution of effects - larger reductions in poverty for smaller families - is influenced
by the relationship of the poverty line to family size. The higher poverty line for larger families
implies that an earnings gain large enough to push a smaller family's income above the poverty line
may not be large enough to push a larger family's income above it.40

IX. The Riverside Case Management Ex~eriment
As discussed in Chapter 1, an additional feature of the GAIN evaluation is a special study
conducted in Riverside County on the effects of assigning GAIN registrants to case managers with
different-size caseloads. Case managers in one group (the "enhanced" group) were assigned half as
many registrants as case managers in the other group (the "regular" group). Although the actual
average ratio of registrants to case managers fluctuated over time, the 2-to-1 difference was maintained
throughout the random assignment period and for approximately a year thereafter. Furthermore, all
case managers, as well as registrants in the experimental group, were randomly assigned to either the
higher- or lower-caseload group.
This special experiment was designed to test whether assigning registrants to staff with smaller
caseloads, and allowing staff to monitor them more closely and work with them more intensively,
would produce larger impacts on earnings and AFDC. This did not occur, however. Both the
enhanced and regular experimental groups obtained large gains in earnings and large reductions in

40The impacts on poverty estimated in Table 4.10 do not necessarily parallel the impacts on total earnings/
AFDCIFood Stamps income discussed earlier. In Los Angeles, the small increase in the percentage of
families above the poverty line shown in Table 4.10 appears not to accord with the negative effect in quarter
13 on total eamingslAFDCIFood Stamps income shown in Table 4.8. The poverty estimate is based on the
same income measure, so how can there be apparently opposite effects? In actuality, the poverty impact for
Los Angeles is a combination of two opposing effects: an increase in earnings/AFDCIFood Stamps income
for some experimentals as a result of GAIN and a decrease for others. Some experimentals whose combined
income would have been between half the poverty line and the poverty line saw their income rise above the
poverty line, and the result of that movement is captured in Table 4.10. Some experimentals whose combined
income would have been between half the poverty line and the poverty line saw their income fall below half
the poverty line or to zero measured eamingslAFDCIFood Stamps income. That movement is not captured
in Table 4.10, hut it does offset the positive movement and accounts for the overall small negative income
effect shown in Table 4.8. These effects occur in Los Angeles in the subgroup of program registrants with
two children.

AFDC. But these impacts were not greater for the enhanced group. In fact, earnings impacts were
somewhat larger for the regular group than for the enhanced group. AFDC reductions started out
larger for the enhanced group in the first follow-up year, but this difference did not continue into later
years. It appears, therefore, that the size of a case manager's caseload did not affect the success of
the GAIN participant, except for a possible small initial increase in AFDC savings.
Results of the Riverside case management experiment for AFDC-FGs are shown in Table 4.11.
The average total three-year earnings for the enhanced group were $8,957 compared to $6,337 for the
control group, for an impact of $2,620. The average three-year total earnings for the regular group
were $9,604, for an impact of $3,267. Thus, earnings impacts were slightly larger for the regular
group. The difference of $646 was not statistically significant over the whole three-year period. The
difference in earnings impacts was statistically significant in year 3.
The average total three-year AFDC payments for the enhanced group were $11,194 compared
to $13,267 for controls, for an impact of $2,074. The average total three-year AFDC payments for
the regular group were $11,313, for an impact of $1,954. The difference in AFDC impacts between
the enhanced group and regular group was $120 in additional savings for the enhanced group. This
difference was not statistically significant.
One possible explanation for the absence of additional impacts from reduced caseloads may be
that the Riverside sample was less likely than the samples in other counties to stay on AFDC a long
time. Riverside controls had the second-lowest percentage still on AFDC at the end of the three-year
follow-up period (see Table 4.1); only Butte had a lower percentage. It may be that the additional case
management services went to sample members who would have left AFDC soon anyway. Enhanced
case management services might produce additional impacts if they could be targeted to program
registrants who were likely to still be on AFDC and not working after having received the standard
level of services.

X.

Imoacts on AFDC-FGs with Children Under Aee 6

The JOBS legislation broadened the definition of "mandatory" for welfare-to-work programs
by including single parents with a child aged 3 to 5 (and allowing states to lower that to age 1 if they
wished). Rules in effect prior to JOBS allowed programs to classify single mothers with a child under
age 6 as mandatory only under special circumstances, and only a small fraction of program enrollees
were so classified. The "new JOBS mandatories" make up a large fraction of JOBS program enrollees. It is therefore an important question whether welfare-to-work programs can produce impacts on
this group. Little evidence is available from the program evaluations of the 1980s. The GAIN
evaluation can provide some information, since it includes a supplementary sample of individuals who
became mandatory for GAIN after the transition to JOBS took effect.
Table 4.12 presents impact estimates for a three-county supplementary sample of GAIN
registrants who had a child under age 6. The counties were Alameda, Riverside, and T ~ l a r e . ~In
'
Riverside and Tulare, the intake process identified new JOBS mandatories at the time of random
assignment, and it was therefore possible to separate this supplementary sample from the research
~ - -

4'Bune worked with some new JOBS mandatories also, but the subsample there was too small to analyze.

TABLE 4.1 1
COMPARISON OF GAIN'S THREE-YEAR IMPACTS ON EMPLOYMENT. EARNINGS. AFDC RECEIPT. AND AFDC PAYMENTS
FOR AFDC-FG REGISTRANTS ASSIGNED TO RIVERSIDE'S 'ENHANCED' AND 'REGULAR' CASE MANAGEMENT GROUPS

--

Cctn parisonA
Experimentals
Enhanced
Reaular

-Group_--

Outcome

&.

Controk

Ever employed (96)
Year I
Year 2
Year 3
Last quarter of year 3
Total (years 1-3)

~

Comparison&

Regular Group
minus
Control Group _

Enhanced Group
minus

34.0
35.4
35.2
24.6
53.4

Average total earnings (5)
Year I
Year 2
Year 3
Last quarter of year 3
Total (years 1-3)

2428
3294
3235
791
8957

2483
3454
3666
913
9604

Ever received any AFDC
payments (36)
Last quarter of year 1
Last quarter of year 2
Last quarter of year 3

1550
2234
2553
671
6337

65.9
52.0
45.8

Average total AFDC
payments received (5)
Year 1
Year 2
Year 3
Last quarter of year 3
Total (years 1-3)
Sample size (total= 5508)

Enhanced Group
minus
Control Group

Cctnparison 0

5658
4161
3448
793
13267
--

1080

3377

1051

SOURCE: See Table 4.1
NOTES: See Table 4.1.
A two-tailed t-test was aDDlied
to differences in imDacts between the enhanced and reaular ex~erinentalarouDs.
,
- . Statistical sianaicance
levels are indicated as: w = l percent; xx=5 percent; x=10 percent.

.

-

-

TABLE 4.12
GAIN'S THREE-YEAR IMPACTS ON EMPLOYMENT. EARNINGS. AFDC RECEIPT, AND AFDC PAYMENTS
FOR AFDC-FG MANDATORY GAIN REGISTRANTS WlTn CHILDREN UNDER AGE 6.
IN ALAMEDA. HIVERSIDE. AND TULARE COUNTIES
County and Outcome

Experimentals

Controls

1449

37 1

Difference

Percentage
Change

Alameda
(sample includes children
of any aqe under 6)
Ever employed (%)
Year 1
Year 2
Year 3
Last quarter of year 3
Total (years 1-3)
Average total earnings (5)
Year 1
Year 2
Year 3
Total (years 1-3)
Ever received any AFDC payments (%)
Last quarter of year 1
Last quarter of year 2
Last quarter of year 3
Average total AFDC payments received ($)
Year 1
Year 2
Year 3
Total (years 1-3)
Sample size (total = 367)
Riverside
(sample includes children'
3 to 5 years old)
Ever employed (%)
Year 1
Year 2
Year 3
Last quarter of year 3
Total (years 1-3)
Average total earnings (5)
Year 1
Year 2
Year 3
Total (years 1-3)
Ever received any AFDC payments (%)
Last quarter of year 1
Last quarter of year 2
Last quarter of year 3
Average total AFDC payments received (5)
Year 1
Year 2
I
Year 3
Total (years 1-3)
Sample size (total = 1820)

(continued)

TABLE 4.12 (continued)
County and Outcome

Experimentals

Tulare
(sample includes children
3 to 5 years old)
Ever employed (%)
Year I
Year 2
Year 3
Last quarter of year 3
Total (years 1-3)
Average total earnings ($)
Year 1
year 2
Year 3
Total (years 1-3)
Ever received any AFDC payments (%)
Last quarter of year I
Last quarter of year 2
Last quarter of year 3
Average total AFDC payments received ($)
Year 1
Year 2
Year 3
Total (years 1-3)
Sample size (total = 493)
SOURCE AND NOTES: See Table 4.1 and Appendix D.

7602
6465
541 2
19479

288

Controls

Difference

Percentage
Change

sample analyzed in the rest of this chapter. In Alameda, new JOBS mandatories were not clearly
distinguished in the intake process from other sample members with children under 6. All AFDC case
heads with children under age 6 (both new JOBS mandatories and pre-JOBS mandatories) were therefore treated as part of the main Alameda sample analyzed up to this point. In this respect, the main
analysis sample in Alameda differed from those of the other five counties, which did not include new
JOBS mandatories and for that reason had fewer people with children under age 6. Conversely, the
subsample from Alameda analyzed in this section was composed only partly of new JOBS mandatories;
unlike the supplementary samples from Riverside and Tulare, the Alameda subsample analyzed in this
section also contained pre-JOBS mandatories who had children under age 6. In other words, for
Alameda only, the "supplementary" sample was actually part of the "main" sample. (See Chapter 1.)
The few prior random assignment studies including samples of single parents with preschool
children showed mixed results." The results for GAIN suggest that local operators who can run programs that achieve impacts for other groups can also run programs that achieve impacts for the new
JOBS mandatory group. Large and statistically significant impacts on earnings and AFDC were found
in Riverside, which also had large impacts for its main sample. Alameda showed somewhat lower
earnings impacts, which were not statistically significant, and also showed AFDC impacts that were
below the GAIN average. Tulare did not produce earnings impacts or AFDC impacts for this group
in the first two years and, unlike the main Tulare sample, did not show impacts emerging in year 3,
either. In fact, AFDC impacts in Tulare were in the wrong direction, with a higher percentage of
experimentals than controls receiving AFDC (statistically significant in year 1) and higher average
AFDC payments for experimentals as well (also statistically significant in year 1).43

4ZOnesuch study was the experimental evaluation of the Arkansas WORK program. That program
operated prior to JOBS but had obtained a federal waiver to classify mothers with children aged 3 to 5 as
mandatory. Impact results for that subgroup may be found in Friedlander et al., 1985. More recently, the
evaluation of Florida's Project Independence provided impact estimates for a large sample of new JOBS
mandatories. See Kemple and Haimson, 1994.
43Theim~actsfor Alameda in Table 4.12 were tested against those of the balance of the samole for that
county. None of the differences in impacts between the two groups was statistically significant. The impacts
for Riverside and Tulare were tested against those of the main analysis samples for those counties. Only two
of the outcomes showed statistically significant differences (at the 1 0 percent level or better): "total
employment" over three years for Riverside, and "ever received any AFDC payments" in the last quarter of
year 1 for Tulare.

-
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CHAPTER 5
GAIN'S EFFECTS ON JOB OUALITY. OUALITY OF LIFE. AND
EMPLOYMENT DYNAMICS

The previous chapter presented findings on the impacts of GAIN on AFDC-FG registrants'
employment, earnings, and welfare receipt. One finding was the fact that, in Riverside and San
Diego, experimentals were more likely to work as a result of the GAIN program but that the jobs they
held paid about as much, on average, as the jobs held by controls; in Alameda and Butte, on the other
hand, a greater pan of the earnings gains was due to experimentals who entered better-paying jobs
rather than large effects on the rate of employment. These data suggest that different GAIN programs
can produce earnings impacts through different processes.
However, because the analysis in Chapter 4 was based on quarterly Unemployment Insurance
(UI) earnings data, it could not identify the actual number of hours worked per week or the actual
weekly (or hourly) wage rates which, when combined, produced the earnings gains in different
communities. Consequently, Chapter 4 could not answer such questions as: Did GAIN increase the
likelihood that experimentals would find part-time jobs or full-time jobs? Better-paying jobs? Jobs
that provided health and other fringe benefits? This chapter will use data from the registrant survey
to address these kinds of questions. In doing so, it will help to explicate some of the processes
through which GAIN programs in different counties produced the impacts on earnings that were
discussed in Chapter 4.
This chapter also examines measures of quality of life such as physical health and standard of
living, which broaden the examination of GAIN'S impacts. Finally, the chapter will examine
incentives to work that may affect the employment behavior of welfare recipients.
The analysis focuses on AFDC-FG registrants in four counties: Alameda, Riverside, San Diego
and Tulare. As was discussed in Chapter 1, because of a response bias problem, survey data from Los
Angeles are presented only for experimentals (and are not included in the all-county averages). It
should also be remembered that the follow-up period for the registrant survey spanned only two to
three years after orientation, so that the reported results may not fully capture longer-term
consequences.

I.

Job Characteristics Among Emploved Experimentals and Emploved Controls

Tables 5.1 and 5.2 use survey data to examine the most recent jobs of AFDC-FG experimentals
and controls who were employed. Since all experimentals are not being compared to all controls, these
tables cannot provide a true measure of the "impact" of GAIN. This is because the personal
characteristics of employed experimentals (or controls) were not necessarily the same as those of the
experimental (or control) group as a whole. In other words, the similarity of the experimental and
control groups (assured by the random assignment process that created them), which is essential to
reliably determining impacts, cannot be assured when one is examining just those in each group who
were employed. While Tables 5.1 and 5.2 therefore need to be interpreted cautiously, they can

TABLE 5.1
AVERAGE HOURS AND WAGES OF MOST RECENT JOB AMONG AFDC-FG REGISTRANTS WHO
REPORTED BEING EMPLOYED WITHIN TWO TO THREE YEARS AFTER ORIENTATION
-

Outcome and
Research Group

Alameda

Los
Angeles (a)

Riverside

San Diego

Average number of hours
usually worked per week
Employed experimentais
Employed controls

33.0
31 .O

Percentage distribution of number
of hours worked per week among
employed experimentals (%)
Less than 10 hours
10-19 hours
20-29 hours
30-39 hours
40 hours or more

3.8
9.0
21.7
17.9
47.6

Percentage distribution of number
of hours worked per week among
employed controls (%)
Less than 10 hours
10-19 hours
20-29 hours
30-39 hours
40 hours or more

9.0
13.0
18.1
13.0
46.9

Average earnings per week (c) ($)
Employed experimentals
Employed controls

223
188

Percentage distribution of average
earnlngs per week among
employed experimentals (c) (%)
$100 or less
$101 -5200
$201 -SO0
$301 -$400
$401 -$SO0
More than $500

Percentage distribution of average
earnings per week among
employed controls (c) (%)
$100 or less
$101 4 2 0 0
$201 -$300
$301 -$400
$401 -SO0
More than $500

Tulare

All
Counties (b)

23.9
31.9
18.3
13.1
5.2

7.5

28.8
29.4
22.6
10.2
4.0
5.1

(continued)

TABLE 5.1 (continued)
Outcome and
Research Group

Alameda

LOS
Angeles (a)

114
110

--

Riverside

San Diego

Tulare

All
Counties (b)

478
165

214
178

199
195

1076
648

Average earnings per hour (c) ($)
Employed experimentals
Employed controls
Percentage distribution of average
earnlngs per hour among
employed experimentals (c) (%)
$4.25 or less
$4.26-$5.00
$5.01 -$6.00
$6.01 -$7.00
$7.01 -$10.00
More than $10.00
Percentage distribution of average
earnmgs per hour among
employed controls (c) (%)
$4.25 or less
$4.26-$5.00
$5.01 -$6.00
$6.01 -$7.00
$7.01 -$10.00
More than $10.00
Sample size
Employed experimentals
Employed controls

71

SOURCE: MDRC calculations using data from the GAIN registrant survey.
NOTES:

Rounding may cause slight discrepancies in calculating sums, averages, and differences.
Tests of statistical significance of the differences between employed experimentals and employed controls were
not performed, because such comparisons are non-experimental.
The follow-up period for the survey ranged from 26 to 37 months, on average, across the f ~ counties
e
where the
registrant survey was conducted. Butte County was not included in the survey.
(a) An analysis of response patterns to the survey in Los Angeles revealed that the earnings and AFDC payments
during the follow-up period of controls who responded to the survey differed markedly from those of controls who did not
respond to the survey. For this reason, no estimates for controls are presented in this table for Los Angeles.
(b) In the all-countyaverages, the results of each county (excluding Los Angeles) are weighted equally.
(c) Most respondents reported gross (i.e., pre-tax) earnings. However, a sizable minority (roughly 20 percent)
reported net (i.e.. post-tax) earnings. No adjustment was made for those repoldng post-tax earnings. Therefore, the results
presented in this table somewhat underestimate the percentage of respondents with gross weekly earnings in excess of a
g ~ e level.
n

TABLE 5.2
NON-WAGE CHARACTERISTICS OF MOST RECENT JOB AMONG AFDC-FG REGISTRANTS
WHO REPORTED EVER BEING EMPLOYED WITHIN TWO TO THREE YEARS
AFTER GAIN ORIENTATION
Outcome and
Research Group

--I oc

Alameda

Angeles (a)

.,.

,AII

Riverside

San Dieqo

Tulare

Counties (b)

Number of hours worked
per week changed "a lor'
or "a fair amounr'
Employed experimentals (%)
Employed controls (%)
Employed expenmentals (%)
Job provided:
Paid sick days
Paid vacation days
Health benefts
Dental benefts
Tuition assistance or
paid training classes
Employed controls (%)
Job provided:
Paid sick days
Paid vacation days
Health benefits
Dental benefits
Tuition assistance or
paid training classes
Federal, state, or local
government job
Employed experimentals (%)
Employed controls (%)
Seasonal job
Employed experimentals (%)
Employed controls (%)
Percent who strongly agreed
(answered 7-10 on a 0-10 scale)
with the following statements:
'7he job security was good"
Employed expenmentals (%)
Employed controls (%)
"The job had good opportunities
for promotion or advancemenr'
Employed experimentals (%)
Employed controls (%)
"The people there taught you new
things that would be valuable for
doing your job better
Employed expenmentals (%)
Employed controls (%)
(continued)

TABLE 5.2 (continued)
Outcome and
Research Group

Alameda

Los
Angeles (a)

Riverside

San Diego

Tulare

All
Counties (b)

"The skills you were learning
would be valuable for aenina
a better job"
Employed expenmentals (56)
Employed controls (%)

66.4
53.2

53.5

52.9
47.9

58.7
56.0

52.8
49.7

57.7
51 7

Percent who reported high job
satisfaction (answered 7-10 on a
0-1 0 scale)
Employed experimentals (%)
Employed controls (%)

65.2
55.1

56.3

--

57.4
52.8

58.2
62.7

61 .I
61.5

60.5
58.0

71

478
165

214
178

199
195

1076
648

- -

Sample size
Employed experimentals
Employed controls

114
110

--

--

SOURCE: MDRC calculations using data from the GAIN registrant survey
NOTES:

Rounding may cause slight discrepancies in calculating sums and averages.
Tests of s t a t i c a l signaicance of the Merences between employed experimentals and employed controls were not
pelfoned, because such comparisons are non-experimental.
The follow-up period for the survey ranged from 26 to 37 months, on average, across the five counties where
the reaistmnt survev was conducted. Butte Countv was not included in the survev.
(a) An aialysls of response patternsto {he survey in Los Angeles reveiled that the earnlngs and AFDC payments
dur~nathe follow-uo Derlod of controls who reswnded to the survevdtfferedmarkedlvfrom those of controls who dld not
respoUndto the survey: For this reason, no estimates for controls argpresented in this k b l e for Los Angeles.
(b) In the all-county averages, the results for each county (excluding Los Angeles) are weighted equally
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describe the kinds of jobs registrants were getting and whether experimentals who worked were getting
the same, better, or worse jobs than controls who worked.
Looking first at Riverside, Table 5.1 presents data on respondents' hours of employment.
Employed experimentals worked an average of 32 hours at their most recent job, while employed
controls worked an average of 32 hours; the distribution of hours of work was nearly identical for the
two groups. In terms of income, Table 5.1 shows that employed experimentals actually earned less
per hour at their most recent job than employed controls. The difference was 36 cents an hour, a 6
percent reduction in hourly wages compared to the employed controls ($5.78 versus $6.14). (In both
Alameda and San Diego, there were small wage differences in the opposite direction.) The
distributions of hourly and weekly wages presented in Table 5.1 show that a lower percentage of
Riverside's employed experimentals, compared to employed controls, held recent jobs paying more
than $7 an hour or more than $400 a week.
This pattern in Riverside may have occurred because, when many more welfare recipients are
going to work, people with more marginal job skills and credentials may be entering the labor market,
and because of these characteristics they can be expected to command lower wages. Thus, Riverside's
very success in increasing the proportion of experimentals who ever worked (which was documented
in Chapter 4) may have lowered the wage levels of its employed experimentals compared to employed
controls - although, as Table 5.1 indicates, the effect was not dramatic.
Finally, the differences between employed experimentals and controls in Riverside on the five
types of job benefits presented in Table 5.2 were generally small. For example, 28 percent of workers
in the experimental group and 27 percent of workers in the control group received health benefits on
their most recent job. Nor were there substantial differences when registrants rated their most recent
jobs on five characteristics such as job security and advancement opportunities.
In sum, on measures that can be construed as indicating the "quality" or the "desirability" of
the respondent's most recent job - including the number of hours of employment, the earnings per
hour and per week, the reported employee benefits, and the respondent's opinion of her job - there
appears to have been little difference between the jobs secured by Riverside experimentals and those
secured by workers in the control group, except for the somewhat lower wage levels among
experimentals.
A different pattern was found for Alarneda. Table 5.1 shows that employed experimentals
worked an average of about 30 hours per week on their most recent job (an increase of 3 hours, or
12 percent, in working time). Fewer employed experimentals worked less than 10 hours a week and
more experimentals worked 40 hours a week or more. Employed experimentals also had higher weekly
earnings than controls - an average of $209 versus $167, or $42 more a week (an increase of 25
percent compared to the weekly earnings of controls). While 21 percent of Alameda's employed
experimentals earned more than $300 a week and 37 percent earned more than $7 an hour, among the
controls these figures were 10 percent and 28 percent, respectively. Moreover, the difference in the
proportion of employed experimentals and employed controls earning $400 per week or more was
particularly large in Alameda (13 percent versus 4 percent). Finally, Table 5.2 shows that Alameda's
employed experimentals were more likely to have received four of the five types of employee benefits,
and there were differences of 10 percentage points or more on each of the five items that asked

respondents to rate their jobs. There was not a single difference of comparable magnitude on these
items in any of the other counties.
Since a relatively small proportion of respondents in Alameda ever worked, the sample sizes
are low when just those recipients who got jobs are examined. Nevertheless, there were consistent
differences on nearly all of the measures of job characteristics. It appears that Alameda experimentals
were able to secure more desirable jobs when they entered the labor market than controls who worked.
However, it is important to remember that Alameda produced a relatively modest effect on
experimentals' rate of employment (as documented in Chapter 4). Therefore, as the next section will
illustrate, Alameda's impacts on the overall likelihood of experimentals' obtaining more desirable jobs
were not substantial, and, in fact, were lower than Riverside's.
In San Diego, there were some differences between employed experimentals and employed
controls in average hours worked, hourly and weekly wages, and the receipt of health benefits. There
were smaller differences between employed experimentals and employed controls in Tulare.
To summarize: In Riverside, San Diego and Tulare, experimentals who worked were generally
getting the same kinds of jobs as controls, with some small differences. In contrast, in Alameda, nearly
all of the measures of the desirability of jobs show that experimentals who worked were getting
somewhat "better" jobs than controls who worked.

11.

GAIN'S Imuact on Job Ouality

Whereas Tables 5.1 and 5.2 presented the characteristics of the most recent job held by
experimentals and controls who said that they had worked during the survey follow-up period, Table
5.3 focuses on all experimentals and all controls. It shows the percentage of experimentals and
controls who worked at a job of a specified type (based on the characteristics of the most recent job).
This makes it possible determine GAIN'S impact on experimental's likelihood of getting a job of a
certain type, compared to what their chances of obtaining such a job would have been in the absence
of the program. Three summary measures of respondents' most recent job are used: whether the job
was full time (i.e., at least 30 hours a week) or part time, whether the respondent earned more or less
than $200 a week, and whether or not the job provided health benefits. The table also presents
differences in the rates of employment. Appendix Table F. 1 presents a variety of other measures of
job quality for the two research groups.
Looking at Riverside, GAIN had a large effect on self-reported employment, with 71 percent
of the experimentals and 48 percent of the controls saying that they had ever been employed during
the survey follow-up period, a difference of 23 percentage points.' Table 5.3 also shows that GAIN

'This impact differs from the estimate presented in Chapter 4, which showed that, according to the
Unemployment Insurance earnings records, Riverside's three-year impact on the rate of employment was 14
percentage points. An earlier report showed that, over a two-year follow-up period (which more closely
paralleled the survey period in Riverside), the impact on employment was 17 percentage points. For a variety
of reasons, it is not unusual for survey data and administrative records to produce different findings on
employment effects. For example, some jobs are not covered by the Unemployment Insurance system. For
further discussion of this issue, see Orr et al., 1994.

TABLE 5.3
GAIN'S IMPACTS ON THE PERCENTAGE OF AFDC-FG REGISTRANTS WHO REPORTED BEING EMPLOYED
WITHIN TWO TO THREE YEARS AFTER ORIENTATION AND THE PERCENTAGE MOST RECENTLY
EMPLOYED AT A JOB WITH SELECTED CHARACTERISTICS
Outcome and
Research Group

-Alameda

Los
Angeles (a)

Riverside

San Diego

Tulare

All
Counties (b)

Impact o n the rate of employment
Ever employed during the
follow-up period, self-reported
Experimentals (%)
Controls (%)
Difference

33.5 (c)
32.1
1.4

31.8

Ever employed during the follow-up
period and most recent job provided
at least 30 hours of work per week
Experimentals (%)
Controk (%)
Difference

19.2
17.8
1.4

15.7

Ever employed during the follow-up
period and most recent job provided
less than 30 hours of work per week
Experimentals (%)
Controk (%)
Difference

13.9
14.3
-0.4

16.1

Ever employed during the follow-up
period and most recent job paid
more than $200 per week (e)
Experimentals (%)
Controls (%)
Difference

16.4
13.0
3.4

10.6

Ever employed during the follow-up
period and most recent job paid
less than $200 per week (e)
Experimentals (%)
Controls (%)
Difference

16.7
19.1
-2.4

21 .I

---

70.9
48.3
22.7

*'*

64.1
52.3
1I.6

***

55.2
54.5
0.7

55.9
46.8
9.1 (d)

**'

41.4
31.8
9.5

*"

39.4
38.8
0.6

36.3
29.8
6.5 (d)

*"

22.6
20.4
2.2

15.6
15.4
0.1

19.4
16.9
2.5 (d)

"*

31.5
23.7
7.8

24.7
27.7
-3.0

25.5
21.2
4.2 (d)

***

32.6
28.6
4.0

30.4
26.8
3.6

30.3
25.5
4.8 (d)

Impact o n the number of hours
worked per week at most recent job

---

---

45.4
30.8
14.6

25.4
17.4
8.0

Impact o n weekly earninqs

---

---

29.2
20.5
8.7

41.6
27.6
14.0

*'

TABLE 5.3 (continued)
.-

Outcome and
Research Group

Aiameda

LO~
Angeles (a)

Riverside

San Diego

Tulare

All Counties

Impact on provision
of health benefits
Ever employed during the follow-up
period and most recent job provided
health benefits
Experirnentais (%)
Controls (%)
Difference

8.9
7.9
I.O

Ever employed during the follow-up
period and most recent job did not
provide health benefas
Experimentals (%)
Controls (%)
Difference

24.1
24.1
0.1

23.8

Sample slze
Experimentals
Controls

335
348

223

8.1

---

----

50.6
34.2
16.4

674
342

*"

43.2
38.6
4.5

42.7
41.9
0.9

40.2
34.7
5.5 (d)

337
336

356
363

1925
1389

SOURCE: MDRC calculations using data from the GAIN registrant survey.
NOTES:

Rounding may cause slight discrepancies in calculating sums, averages, and diiferences.
A two-tailed t-test was applied to the differences between the experimental and control groups in each county.
Statistical significance levels are indicated as *** = 1 percent; *' = 5 percent; = 10 percent.
The follow-up period for the survey ranged from 26 to 37 months, on average, across the five counties where
the registrant survey was conducted. Butte County was not included in the survey.
(a) An analysis of response patterns to the survey in Los Angeles revealed that the earnings and AFDC payments during
the follow-up period of controls who responded to the survey differed markedly from those of controls who did not respond to the
survey. For this reason, no estimates for controls and no impacts are presented in this table for Los Angeles.
(b) In the all-county averages, the results of each county (excluding Los Angeles) are weighted equally.
(c) In Aiameda, employment rates were substantially underreportedon the registrant survey, according to a comparison
with the "ever employed" rate indicated by automated records data through quarter 9 for the same sample of survey respondents.
Those records data show that 42 percent of experimentalsand 36 percent of controls had been employed, for an impact of
6 percentage points.
(d) Tests of statistical significance of the experimental-control difference for all counties combined were not performed.
(e) Most respondents repolted gross (i.e.. pre-tax) earnings. However, a sizable minority (roughly 20 percent) reported
net (i.e., post-tax) earnings. No adjustment was made for those reporting post-tax earnings. Therefore, the estimates presented
in this table somewhat underestimate the percentage of respondents with gross weekly earnings in excess of a given level.

--

had statistically significant effects on obtaining both full-time and part-time jobs, as indicated by the
characteristics of the most recent job obtained. In other words, experimentals had a higher probability
of working at a full-time job than they would have had in the absence of GAIN; however, they also
had a higher probability of working at a part-time job. The observed effect of GAIN on obtaining a
full-time job (an experimental-control difference of 15 percentage points)' was somewhat larger than
its effect on obtaining a pan-time job (an experimental-control difference of 8 percentage points).3
Similar comparisons can be made for the other job characteristics listed in Table 5.3. The effect of
GAIN in Riverside was greater on getting a lower-paying job (a 14 percentage point difference) than
on getting one that paid more than $200 a week (an 8.7 percentage point difference), and GAIN had
a substantially greater effect on securing a job that did not provide health benefits (a 16 percentage
point difference) than on securing one that did (a 6.7 percentage point difference). These patterns
simply reflect the fact that in Riverside experimentals and controls who were employed got jobs that,
more often than not, paid less than $200 a week and offered no health benefits; however, more of the
experimentals got jobs.
In San Diego, there was a 12 percentage point difference in self-reponed employment between
experimentals and controls over the follow-up period. This difference was greater for full-time rather
than pan-time jobs, for higher-paying rather than lower-paying jobs, and for jobs that provided health
benefits. Thus, while GAIN produced a smaller increase in the rate of employment in San Diego than
in Riverside, more of this employment was in jobs that had desirable characteristics.
Table 5.3 shows that, in Alameda and Tulare, there were no statistically significant differences
in ever being employed during the follow-up period (based, like all the survey data, on self-report).
In Tulare, a longer follow-up period would probably have shown a different result because, as Chapter
4 indicated, Tulare began to produce significant effects on employment and earnings for AFDC-FGs
only in the third year after orientation.
In Alameda, the results presented in Chapter 4 showed an increase in the experimental group's
rate of employment of 8 percentage points over the three-year follow-up period. It is likely that
employment in Alameda was under-reported by experimentals on the survey.4 Another problem in
*Appendix Table F. 1 shows that, for a 40-hour-a-week job, the effect of GAIN is only diminished to 12
percentage points. Appendix Table F. 1 also presents a different type of variable pertaining to part-time work.
It divides respondents into three groups, based on their work patterns: those whose jobs during the follow-up
period were all full time (more than 30 hours a week), those whose jobs were all part time, and those who
had been employed at both full-time and part-time jobs. Experimentals in both Riverside and San Diego were
significantly more likely than controls to have had full-time or a combination of full-time and part-time jobs;
they were no more likely than controls to have worked just part time. This suggests that, in those counties,
GAIN may have had its impact on employment and earnings by increasing experimentals' chances of obtaining
full-time work. However, evidence is not yet available on the sequence of jobs or on how long respondents
spent in different types of jobs, so this evidence should not be viewed as conclusive.
'A test of the statistical significance of the difference between the impact on obtaining a full-time versus
the impact on obtaining a part-time job was not computed.
4The Unemployment Insurance employment records used in Chapter 4 show that 49 percent of Alameda's
experimentals and 41 percent of its controls had worked over the three-year follow-up period, producing the
impact of 8 percentage points. An earlier report showed that, over two years of follow-up (which more
closely paralleled the survey period in Alameda), 42 percent of experimentals had worked compared to 35
percent of controls, yielding an impact of 7 percentage points (Friedlander, Riccio, and Freedman, 1993).

Alameda is that the rate of employment for all recipients was low compared to that of other counties
(except Los Angeles). This makes it more difficult to detect, for the full sample, the differences in
job quality that were noted above among the relatively few recipients who worked. While Table 5.3
showed no statistically significant differences for Alameda, Appendix Table F. 1 does show two such
differences: Fewer Alameda experimentals were working at their most recent job for less than 10 hours
a week (0.8 percent versus 4.7 percent for controls), and more experimentals were earning above $300
a week (7.6 percent versus 4.7 percent for controls).
It is difficult to connect specific characteristics of a county's GAIN program with its impacts
Nevertheless, a comparison of the findings from Riverside and Alameda
is suggestive. The strategy of encouraging quick entry into the labor market in Riverside (discussed
in Chapter 2) appears to have been associated with high rates of employment but no differences in the
types of jobs obtained by experimentals and controls who worked. At the other end of the spectrum.
the data show that, on a variety of measures, employed experimentals entered higher-quality jobs than
employed controls in Alameda. In addition, at least some experimental-control comparisons particularly the percentage of registrants earning above $300 - support this finding, as does the
analysis in Chapter 4. The GAIN strategy in Alameda emphasized occupational skills training. While
this may have produced only small effects on rates of employment, it also seems to have enabled at
least some Alameda experimentals to enter jobs with more desirable characteristics.
on employment and earnings.

111.

GAIN'S Imvact on Oualitv of Life Measures

A second focus of this chapter is the larger effects of GAIN on survey respondents' quality of
life. In counties where GAIN helped registrants enter the job market, did the chance to work affect
their lives positively? Or did the strains of working affect them negatively? The following analysis
shows that, even in counties where GAIN was having its greatest effect on employment, there was
scant evidence of any effect on other aspects of these recipients' lives.
Table 5.4 shows that, across all four counties, about 16 percent of AFDC-FG experimentals
were currently married and living with their husbands at the time of the survey and about 10 percent
had given birth during the follow-up period. There were no statistically significant differences between
experimentals and controls on these variables in any of the counties.
In Riverside, 27 percent of experimentals but only 18 percent of controls reported not having
had public or private health insurance in the month prior to the survey. Although Table 5.2 showed
that Riverside experimentals were slightly more likely than controls to have received health benefits
on their most recent job, by the end of the survey follow-up period, fewer experimentals had access
to health care.
In Riverside, 3 percent of experimentals but only 1.2 percent of controls received Supplemental
Security Income (SSI). There were also statistically significant differences in both Alameda and San
Diego, but these differences were in the opposite direction, with fewer experimentals receiving SSI.
Across all four counties, about 27 percent of experimentals lived in public housing or received
government rent subsidies; 14 percent received assistance for heating or cooling costs in the month
before the survey. The rates on these variables were almost exactly the same for controls.

TABLE 5.4
GAIN'S IMPACTS ON SELECTED NON-MONETARY OUTCOMES FOR AFDC-FG REGISTRANTS
WITHIN TWO TO THREE YEARS AFTER ORIENTATION
Outcome and
Research Group

Aiameda

Los
Angeles (a)

Ail
Counties (b)

Riverside

San Diego

Tulare

16.5
17.4
-0.9

14.0
15.8
-1.7

24.7
22.3
2.4

15.5
15.2
0.4 (c)

5.6

9.2
9.7
-0.5

9.6
7.4
2.1

9.2
8.2
0.9

9.9
8.5
1.3 (c)

83.8

64.3
69.9
-5.6

71 .O
79.1
-8.1 "

77.9
72.6
5.3

74.6
77.1
-2.5 (C)

Family status
Currently married and living
with spouse
Experirnentals (%)
Controls (%)
Difference
Respondents who had given birth
during the follow-up period
Experimentals (%)
Controls (%)
Difference

6.9
5.3
1.6

11.4
8.6
2.8

13.5

---

---

Medical coverage and disability
income in the month prior to the
month of the survey intewiew
Covered by (or with a spouse or
child covered by) Medicaid
Experimentals (%)
Controls (%)
Difference

---

Not personally covered by
Medicaid or other health
insurance
Experimentals (%)
Controk (%)
Difference

18.4
15.7
2.6 (c)

A child living w l h the respondent
not covered by Medicaid or other
health insurance
Experimentals (%)
Controk (56)
Difference

15.1
14.4
0.7(c)

Received supplemental
Security Income (SSI)
Experirnentals (%)
Controls (%)
Difference

2.5
3.1
-0.6 (c)
(continued)

TABLE 5.4 (continued)
Outcome and
Research Group

Alameda

Los
Angeles (a)

All
Counties (b)

Riverside

San Diego

Tulare

10.8
11.4
-0.6

10.0
13.6
-3.6

14.8
12.8
1.9

13.7
14.0
-0.2 (c)

2.1
2.0
0.1

1.7
1.9
-0.2

2.2
2.2
0.0

2.0
2.0
-0.0 (C)

Government housing
and energy assistance (dl
Currently living in public housing
or receiving government rent
subsidy (e.g., "Section 8" housing
assistance)
Experimentals (%)
Controls (%)
Difference
Household received government
assistance with heating or
cooling costs in the month prior
to the survey interview
Experimentals (%)
Controls (%)
Difference
Sample size
Experimentals
Controls

Rated current physical health as
'Very good" or "excellenr'
compared to people of
similar age
Experimentals (%)
Controls (%)
Difference
Overall material hardship
Average number of material
hardships reported on an index
covering 8 hardships (0
Experimentals
Controls
Difference
Sample size
Experimentals
Controls

223
228

146

-(continued)

TABLE 5.4 (continued)
Outcome and
Research Group

Alameda

Los
Angeles (a)

Riverside

San Diego

Tulare

All
Countles (b)

Perceptions of
overall quality of life (d)
Currently unhappy, sad, or
depressed 'Very often" or 'Yairly
often"
Experimentals (%)
Controk (%)
Difference

40.3
38.6
1.7

40.0

37.5
32.9
4.6

36.8
37.8
-1.0

35.6
34.1
1.7

37.6
35.6
I.8 (C)

Currently "satisfied" or 'Very
satisfied" with overall standard
of living
Experimentals (%)
Controls (n)
Difference

44.5
40.6
3.9

51.7

52.3
52.3
-0.0

56.5
55.1
1.4

57.9
81.2
-3.3

52.6
52.3
0.5 (c)

---

---

CurrentlySSatisfied"or 'Very
satisfied with life as a whole
Experimentals (%)
Controls (%)
Difference

56.9
56.7
0.2 (c)

Rate life as a whole "a little
better or "much better" than
was 2 years earlier
Experimentals (%)
Controk (%)
Difference

67.0
64.8
2.2 (c)

Sample size
Experimentals
Controls

1302
940

SOURCE: MDRC calculations using data from the GAIN registrant survey.
NOTES:

Rounding may cause slight discrepancies in calculating sums, averages, and dflerences.
Atwo-tailed t-test was applied to the differences between the experimental and control groups in each county.
Statistical significance levels are indicated as '** = Ipercent; ** = 5 percent; = I 0 percent.
The follow-up period for the survey ranged from 26 to 37 months, on average, across the five countles where
the registrant survey was conducted. Bme County was not included in the survey.
(a) An analysis of response patterns to the survey in Los Angeles revealed that the earnings and AFDC payments
during the follow-up period of controls who responded to the survey differed markedly from those of controls who did no!
respond to the survey. For this reason, no estimates for controls and no impacts are presented in this table for Los Angeles
(b) In the all-county averages, the results for each county (excluding Los Angeles) are weighted equally.
(c) Tests of statistical significance of the experimental-control difference for all counties combined were not
performed.
(d) Less than 1 percent of survey respondents (experimentals and controls combined) did not respond to the
specific items in this panel across the four counties. Nonresponders were not included in calculating the results presented
(e) Less than 3 percent of survey respondents (experimentals and controlscombined) did not respond to the
specific items in this panel across the four counties. Nonrespondetswere not included in calculating the results presented.
(0 Using an index presented in Mayer and Jencks (1988), respondents were asked if they were experiencing
any of eight specific types of material hardships relating to inadequate food, shelter, and medical coverage.

Only one-third of respondents rated their physical health as "very good" or "excellent" when
compared to people their own age; these ratings did not vary significantly by research group in any
of the counties.
The survey collected data on eight indicators of material hardship including whether respondents
had enough food, adequate housing, and access to health care. Respondents reported an average of
two problems in these eight areas, with no significant differences by research group.5
Finally, respondents were asked to rate the quality of their lives. For example, were they
"satisfied" or "very satisfied" with their overall standard of living? About 38 percent of experimentals
saw themselves as currently unhappy, sad, or depressed, while between 53 and 67 percent answered
each of the other items in a direction that indicated general satisfaction. In Riverside, more
experimentals than controls saw their lives as better than two years earlier (70 percent versus 63
percent). In Alameda, more experimentals were satisfied with "life as a whole now." Apan from these
two statistically significant findings, there was no noteworthy pattern of experimental-control group
differences in any of the counties by the end of the survey follow-up period.
In sum, Table 5.4 examined 14 non-monetary outcomes concerning living conditions and
perceived quality of life. There were statistically significant differences on only 8 of 56 comparisons
(4 of these 8 differences were in Riverside). Of course, a much wider range of indicators could be
developed. At least for this selection of indicators, however, the evidence suggests that GAIN, no
matter what its effect on employment, neither improved nor diminished the living conditions or quality
of life of these respondents by the end of the two- to three-year survey follow-up period.
Finally, Table 5.5 presents some preliminary evidence that the way a GAIN program is
conducted may affect the attitudes of recipients. The table examines three items about the preference
for work or welfare: "Unless a job offers me medical benefits and more money than AFDC, I'd rather
be on AFDC," "I would only take a full-time job if it paid more than $6 an hour and provided medical
benefits," and "Even a low-paying job is better than being on welfare."
In Riverside, there were statistically significant differences on the first and third items.
Compared to the controls, experimentals less often "strongly agreed" with the first item and more often
"strongly agreed" with the third item. In both cases, they were saying that it is better to work than to
be on welfare. In contrast, in Alameda, there was a significant difference on the first item only, but
it was in the opposite direction: More experimentals preferred to be on welfare unless they could get
a job that paid more than $6 an hour and provided medical benefits. The differences on the second
item were not statistically significant but were consistent with the overall patterns for Alameda and
Riverside.
While based on responses to only a few questions, the attitude changes in Riverside and
Alameda parallel the emphases in their GAIN programs. Riverside's program strongly emphasized
moving registrants quickly into jobs and encouraging them not to be very selective about the quality
of their first job (see Chapter 2); its registrants moved in the direction of preferring work to welfare.
In contrast, Alameda more strongly encouraged job skills training in the hope that registrants would

'These items were taken from a scale used by researchers at Northwestern University to measure material
hardship. See Mayer and Jencks, 1989.

TABLE 5.5
GAIN'S IMPACTS ON AFDC-FG REGISTRANTS' ATTITUDES TOWARD WORK AND WELFARE
AT THE TIME OF M E TWO- TO THREE-YEAR SURVEY INTERVIEW
Outcome and
Research Group
Strongly agreed (answered 7-10 on a 0-10
scale) that "Unless a job offers me medical
benefits and more money than AFDC,
I'd rather be on AFDC"
Experimentals (%)
Controls (%)
Difference

Alameda

46.6
38.9
7.7 **

Los
Angeles (a)

40.6

---

Rivers~de

26.6
39.0
-12.4

***

San Diego

Tulare

All
Countles (b)

35.7
34.9
0.6

30.8
31.6
-0.6

34.9
36.1
-1.2

56.3
58.6
-2.3

48.1
50.9
-2.9

56.3
57.2
-0.9 (C)

5.7
5.7
0.0

6.2
6.3
-0.1 (C)

363

1389

(C)

Average score (on a 0-10 scale) for
" Unless a job offers me medical benefm
and more money than AFDC,
I'd rather be on AFDC"
Experimentals (%)
Controk (%)
Difference
Strongly agreed (answered 7-10 on a 0-10
scale) that "I would only take a full-time job
if it paid more than $6 an hour and provided
medical benefm"
Experimentals (%)
Controk (%)
Difference
Average score (on a 0-10 scale) tor
"I would only take a full-time job if it
paid more than $6 an hour and
provided medical benefits"
Experimentals (%)
Controk (%)
Difference
Strongly agreed (answered 7-10 on a 0-10
scale) that "Even a low-paying job is better
than being on welfare"
Experimentals (%)
Controk (%)
Difference
Average score (on a 0-10 scale) for
"Even a low-paying job is better
than being on welfare"
Experimentals (%)
Controk (%)
Difference
Sample size
Experimentals
Controls

335
348

223

--

674
342

337
336

(continued)

TABLE 5.5 (continued)
SOURCE: MDRC calculations using data from the GAIN registrant survey.
NOTES:

Rounding may cause slight discrepancies in calculating sums, averages, and differences.
Atwo-tailed t-test was applied to the differences between the experimental and control groups in each county.
Statistical slgnificance levels are indicated as *" = 1 percent: +'
= 5 percent: * = 10 percent.
Estimates are regression-adjusted using ordinary least squares, controlling for pre-random assignment background
characteristics of the sample members.
The follow-up period for the survey ranged from 26 to 37 months, on average, across the five counties where the
registrant survey was conducted. Butte County was not included in the survey.
Ninety-six percent of survey respondents (experimentals and controls combined) responded to the specific ltems in this
table across the four counties. Nonresponders are not included in calculating the results presented.
(a) An analysis of response patterns to the survey in Los Angeles revealed that the earnings and AFDC payments during
the follow-up period of controls who responded to the survey differed markedly from those of controls who did not respond to the
survey. For this reason, no estimates for controls and no impacts are presented in this table for Los Angeles.
(b) In the all-county averages, the results of each county (excluding Los Angeles) are weighted equally.
(c) Tests of statistical significance of the experimental-control difference for all counties combined were not performed.

get "better" jobs; its registrants moved in the direction of preferring welfare unless they could secure
a "better" job. Thus, welfare programs with strong and consistent messages may have the potential,
as illustrated by these patterns of response, to affect recipients' perceptions about work and welfare.

N.

Emalovment Behavior

The analysis in this and previous chapters has focused on comparing experimentals and controls.
In contrast, this section explores some of the general processes that may affect the labor market
behavior of all welfare recipients. It uses both quantitative data from the registrant survey and a
qualitative analysis of open-ended responses on the survey to address three issues: (1) Why did a
substantial group of respondents who found work quit their jobs? (2) Why were a substantial group
of respondents at the time of the two- to three-year survey neither working nor looking for work? (3)
What were the incentives for working, and were these incentives understood?

A. Leavinp Jobs
Table 5.6 gives data for AFDC-FG employed experimentals and employed controls in all four
counties combined. It shows that 43 percent of employed experimentals had left a job during the twoto three-year follow-up period. Asked why they had left their most recent job, 25 percent of those who
left a job said that they had been laid off; 13 percent, that they had been fired; 21 percent, that the job
had ended; and 41 percent, that they had quit. Table 5.6 also shows that there were generally similar
experiences among employed controls. Why had such a substantial proportion of registrants quit jobs?
Respondents were asked to specify the "main reason" they quit, and interviewers were asked
to record their responses verbatim. In total, 223 responses were given to this open-ended item. These
included responses from registrants who had quit either their most recent job or the job they held when
they left welfare. Moreover, they included responses from experimentals and controls, AFDC-FGs
and AFDC-Us, and respondents in Los Angeles. In order to work with a sizable sample, and because
not all those who quit jobs responded to the open-ended item, all responses available from the survey
are included in the following analysis. Therefore, the reasons for quitting reported below are not
necessarily representative of the groups of AFDC-FG experimentals and controls that are the focus of
other sections of this chapter.
The most frequent reason for quitting was that the respondent had found better (usually higherpaying) work, which was true for 22 percent of the 223 respondents. Other respondents said that their
job had been a poor one with low pay and no opportunities for advancement (8 percent), or involved
unacceptable working hours or working conditions (4 percent). For example, one respondent talked
of night work as "not being suitable for my family," while another felt that "graveyard hours" were
jeopardizing her "rehabilitation." One worker left for a "job with benefits"; another said that "work
had slowed down, I was not satisfied to be working just a few hours a week, and I quit to look for
better w o r k ; a third "couldn't carry all the plates on my arm"; and a store clerk who had been robbed
at gunpoint at work was afraid to return.
An additional 18 percent of respondents reported that they had quit jobs because of an
interpersonal problem, usually with a boss or supervisor. For example,

TABLE 5.6
REPORTED REASONS FOR LEAVING A JOB AMONG AFDC-FG REGISTRANTS WHO LEFT A JOB
WITHIN TWO TO THREE YEARS AFTER GAlN ORIENTATION IN FOUR COUNTIES
COMBINED. BY RESEARCH GROUP
Sample and

Employed

Employed

1005

648

430

273

All e m p l o ~ e drespondents
Percent who lefta job during the
follow-up period
Sample size
All employed respondents who left
a iob durinq the follow-up period (a)
Most recent reason for leaving a job (%)
Laid off
Fired
Job ended
QUlt
Sample size

SOURCE: MDRC calculations using data from the GAlN registrant survey.
NOTES:

Rounding may cause slight discrepancies in calculating sums and averages.
The results in the table are based on data from Alameda, Riverside, San Diego, and Tulare Counties only.
Butte County was not included in the survey. Furthermore, results from Los Angeles are excluded because an
analysis of response panems to the survey in Los Angeles revealed that the earnings and AFDC payments during
the follow-up period of controls who responded to the survey differed markedly from those of controls who did not
respond to the survey.
The follow-up period for the survey ranged from 26 to 37 months, on average, across the five counties
where the registrant survey was conducted.
Tests of statistical significance of the differences in outcomes between the subsets of experimentals and
controls included in this table were not performed, because such comparisons are non-experimental.
(a) Response rates for this panel were 97.4 percent and 96.3 percent for experimentals and controls,
respectively. Nonresponderswere not included in calculating the results presented.

"The manager was very lousy.
individuals. "

They were rude and did not know how to treat

"I had a big disagreement with the persons at the bingo place."
"Management was abusing me. I was pregnant, and when I told them I could not lift
heavy things, they yelled at me."
"Sexual harassment. "
Included in this category are some who felt they had been cheated:
"They were not paying me all my money. They were cheating me."
"I left because they cheated me out of my vacation pay."
Most of the remaining responses fell into two categories: 12 percent quit jobs because they had
medical problems, and 19 percent quit because of transportation problems. In most instances,
transportation problems did not occur because respondents had taken jobs so far away from their
homes that they could not get to them, or because their means of transportation was unreliable.
Usually such problems arose because the respondent had to move, owing to a changing family situation
or a sick relative.
Finally, a number of explanations for quitting work were noteworthy because of their very
infrequency. These included: a desire not to work anymore (.004 percent of the open-ended
responses), wanting to return to welfare to receive medical benefits (.004 percent), becoming pregnant
(1 percent), planning to go to school (2 percent), having disagreements with spouses or mates because
of work (3 percent), or having child care problems (4 percent).
Thus, the reasons respondents gave for quitting jobs revolved around their seeking more suitable
and better-paying employment, tensions they experienced at the workplace, changes in their family
situations, and illnesses. An open-ended question tries to elicit the frame of reference of respondents.
What is perhaps most notable about these answers is the absence of any questioning of the value of
work or any endorsement of the view that welfare provides a better option than work.

B. Remaining Out of the Labor Market
Figure 5.1 gives the self-reported employment status of all AFDC-FG experimental group
survey respondents in the four survey counties at the time they were interviewed. The figure shows
that, for each 100 experimentals, 25 were working more than 20 hours a week, 8 were working less
than 20 hours a week, and 27 were not working but were looking for work. Thus, two to three years
after random assignment, more than half the registrants were in the labor market. However, a
substantial group of respondents - 40 - said that they were neither working nor looking for work.
How did these individuals account for their labor market inactivity?
Figure 5.1 presents the "most important reason" given by experimentals for not looking for
work. In 28 percent of the cases, it was the respondent's own ill health or disability; in 2 percent,
pregnancy; in 4 percent, a child's ill health or disability; and in 6 percent, other family responsibilities
(often, the ill health or disability of a parent or partner). These categories account for 40 percent of

FIGURE 5.1
SELF-REPORTED EMPLOYMENT STATUS AND REASONS FOR
NOT LOOKING FOR WORK AMONG AFDC-FG EXPERIMENTAL SURVEY RESPONDENTS
IN FOUR COUNTIES AT THE TIME OF THE TWO- TO THREE-YEAR INTERVIEW

All Experimentals

100

I

I

Working more than 20
hours per week:
25
Not working, but looking
for a job:

I

Lookina for a Darttime job:
Looking for a fulltime job:

Working 20 hours per
week or less:
Looking for a fulltime iob:
Not looking for a fulltime job:

I

Not working and not looking for a part-time or full-time job:

Most important reason for not looking for a job:

Percentage of those
not looking

Wants to stay home with child
Can't afford child care
Can't arrange child care
Child's ill health, disability
Family responsibilities, other than personal child care
Own ill health, disability
Pregnancy
In school or training
Does not want to work now
Couldn't find work or believes no suitable work is available
Lacks necessary experience
Transportation problems
Other
Total

40

70
2
2
4
6

28
2
22
7
7
5
4
74

700

SOURCE AND NOTES: See Table 5.6.
The results in this figure are based on data from Alameda, Riverside, San
Diego, and Tulare.
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the inactive recipients. Another 22 percent were attending school or training programs. A third
category involves childrearing. Only 2 percent said that they were not looking for work because they
could not afford child care, and only 2 percent cited the difficulty of arranging for child care.
However, 10 percent said that they wanted to stay home with their children. Together, these responses
account for 14 percent of those who were inactive in the labor market. Figure 5.2 presents similar data
for controls.
The only additional large category of responses in Figures 5.1 and 5.2 is represented by the
group labeled "other." Their responses covered a wide range of life situations: Some were planning
to enter school; some were in the process of moving; some were seasonal workers; some were
homeless; and so forth. Very few indicated that they viewed welfare as a better option than work.

C. Monetaw Incentives to Work
Respondents rarely indicated that it is not worthwhile for them to work, or that the pay they
could command in the workplace was not a substantial enough inducement to work. However, this
raises the question of whether there really were sufficient monetaly incentives for participants in the
GAIN evaluation to work or whether, as is frequently alleged, there was little or no incentive to work.
In other words, did work pay?
Table 5.7 gives examples of how much a California welfare recipient would have received in
monthly income under the rules that were in effect in 1993. The table is based on four factors:
earnings, AFDC grant levels, Food Stamp allotments, and the Earned Income Tax Credit (EITC). It
does not include the value of Medi-Cal (Medicaid) eligibility, public housing, govenunent housing
subsidies, assistance for heating and cooling, or other entitlements. Nor does it take into account any
of the costs of working such as the costs of transportation, child care, and additional clothing and food.
The table assumes that the recipient was a single mother with two children, had a monthly rent
of $500, and, if employed, had monthly child care expenses of $200. If she was unemployed, her
gross family income from AFDC and Food Stamps would have been $826 per month.
If this recipient had been employed for 20 hours a week at $4.25 an hour, her income would
have risen to $1,240 during the first 12 months of working and continued at that level. To put this
differently, assuming 80 hours of work a month, each hour of work would have increased the family's
income above what they would have received from AFDC and Food Stamps by $5.18.
If the recipient had been employed for 35 hours a week at $5 an hour, her income would have
increased to $1,465 during the first four months of employment, $1,339 during months 5 through 12,
and $1,318 after one year of work. It would have been primarily the earnings disregard that would
have changed over these time periods. Assuming 140 hours of work per month, each hour of work
would have increased the family's income above what it would have received from AFDC and Food
Stamps by $4.56, $3.66, or $3.51, depending on the time period.
In comparing this second hypothetical worker to the first, it is important to note that moving
from a part-time, low-paying job to a full-time, low-paying job would have increased family income.
However, this pertains primarily to months 1 through 4. After working for one year, the full-time
worker would have been spending 60 more hours a month at work, but her total earnings would have

FIGURE 5.2
SELF-REPORTED EMPLOYMENT STATUS AND REASONS FOR
NOT LOOKING FOR WORK AMONG AFDC-FG CONTROL SURVEY RESPONDENTS
IN FOUR COUNTIES AT THE TIME OF THE TWO- TO THREE-YEAR INTERVIEW

Not working, but looking
for a job:
26
Looking for a parttime job:
Looking for a fulltime job:

3
23

1
I

Working more than 20
hours per week:

20

Working 20 hours per
week or less:

8

Looking for a full-

time job:
Not looking for a fulltime job:

Not working and not looking for a part-time or full-time job:

Most important reason for not looking for a job:

Percentage of those
not looking

Wants to stay home with child
Can't afford child care
Can't arrange child care
Child's ill health, disability
Family responsibilities, other than personal child care
Own ill health, disability
Pregnancy
In school or training
Does not want to work now
Couldn't find work or believes no suitable work is available
Lacks necessary experience
Transportation problems
Other
Total

46

73
4
3
2
6
30

7
74
7
3
8

7
70
700

SOURCE AND NOTES: See Table 5.6.
The results in this figure are based on data from Alarnada, Riverside, San
Diego, and Tulare.
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TABLE 5.7
HYPOTHETICAL EXAMPLES OF GROSS FAMILY INCOME PER MONTH FOR A SINGLE PARENT WITH
N O CHILDREN AT DIFFERENT LEVELS OF EARNINGS. UNDER WELFARE AND FEDERAL
EARNED INCOME TAX CREDIT (EITC) RULES IN EFFECT IN EARLY 1993
---

Hours Em~loved
~ eWeek
r
and ~ o u r lwage'
i

Earnings ($)

AFDC
Grant ($)

Monthly Income
Food
Stamps ($)

ElTC ($) (a)

Total ($)

0

624

202

0

826

o

624

202

o

826

First through fourth month
of employment
Not employed
Employed 20 hours per week
at $4.25 per hour
Employed 35 hours per week
at $5.00 per hour
Employed 40 hours per week
at $7.00 per hour

Fifth through twelfth month
of employment
Not employed
Employed 20 hours per week
at $4.25 per hour
Employed 35 hours per week
at $5.00 per hour
Employed 40 hours per week
at 57.00 per hour

After the twelfth month
of employment
Not employed
Employed 20 hours per week
at $4.25 per hour
Employed 35 hours per week
at $5.00 per hour
Employed 40 hours per week
at $7.00 per hour

SOURCE: MDRC calculations using data from U.S. Congress. House Committee on Ways and Means, 1993, and U.S.Department
of Treasury. Office of Tax Analysis, 1993.
NOTES:

Calculations assume monthly rent of 5500 and monthly child care expenses of $200 for employed household heads.
(a) Monthly income from ElTC is based on the estimated annual ElTC amount, divided by 12, for a family with a given
level of earnings.

been only $78 a month more than those of the part-time worker. This suggests that a welfare recipient
in this study who could find only a low-paying job had less economic incentive to work full-time than
to work part-time after one year of work.6
Finally, assume that a recipient was employed for 40 hours a week at a job that paid $7 an
hour. Her income would have been $1,562 during the first four months of working, $1,468 during
months 5 through 12, and $1,468 after one year of work. Assuming 160 hours of work per month,
each hour of work would have increased the family's income above AFDC and Food Stamps by $4.60
in the first four months of work and $4.01 thereafter. Even though she was earning at a level that
Table 5.1 showed few welfare recipients achieve, this full-time worker would have been spending 80
hours a month more at her job than the part-time worker and would have been earning $228 more after
four months, an increase in earnings (compared to the earnings of the part-time worker) of 18 percent.
Given the additional expenses required in order to work, it is not clear how much of an incentive there
was to take these jobs rather than to work part-time.
In sum, the monetary incentives to work, particularly to work full-time, were very mixed for
the welfare recipients in this study. Therefore, it is notable that Table 5.1 showed that 65 percent of
experimentals and 62 percent of controls who were working were doing so for 30 hours or more per
week, and most of them for at least 40 hours a week. It is also notable that Figures 5.1 and 5.2
showed that the vast majority of job-seekers (e.g., 24 out of the 27 experimentals who were not
working but were looking for work) said that they were seeking full-time jobs. Given the limited
incentives for full-time work, these high rates of full-time work and work-seeking suggest that
registrants may have been responding to strong noneconomic incentives to work, to high expectations
about the future payoff of work, or to other factors. It is also possible that they did not fully
understand the financial implications of working full-time, particularly because of the more generous
incentives during the first four months of employment. Finally, despite the view of recipients that
their employment behavior was being shaped by a set of situational contingencies, it may be that, over
time, economic incentives to work full-time diminish in value, thereby increasing the probability that
the recipient will retum to welfare.
Finally, Table 5.8 provides information on the Earned Income Tax Credit. For all counties
combined, only 45 percent of experimentals and 41 percent of controls had ever heard of this
incentive. Only one-third of those who had never worked during the survey follow-up period had
heard of it. This table illustrates the fact that many welfare recipients may not understand the complex
set of incentives summarized above. It also suggests that changing elements of this incentive system
will have only limited effects unless programs can more effectively communicate these incentives to
recipients.

61n 1993, Wifomia took steps to strengthen the financial incentive to work, including the elimination of
the time limitation on the 30 113 earnings disregard, increasing the resource allowance, and, for the heads of
two-parent families, elimination of the " 100-hour rule."
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TABLE 5.8
GAIN'S IMPACT ON AFDC-FG REGISTRANTS' REPORTED AWARENESS AND USE OF THE
FEDERAL EARNED INCOME TAX CREDIT (EITC)
Outcome and
Research Group

Alarneda

Los
Angeles (a)

Riverside

All
Counties (b)

San Diego

Tulare

38.8
6.9 **

47.4
1 .O

42.1
3.9

41.2
4.1 (d)

All respondents
Had heard of the ElTC (c)
Exoerimentals 1%)
controls (%)
Difference

36.6
4.6

Sample size
Experimentals
Controls

335
348

223

674
342

337
336

356
363

1925
1389

57.1
58.7

28.2

--

52.7
49.7

54.3
55.7

53.5
51.3

54.4
53.8

71

478
165

21 4
178

199
195

1076
648

32.4
26.9

18.1

27.9
29.5

38.3
37.7

36.5
30.9

33.8
31.2

221
238

152

196
177

123
158

157
168

849
741

----

Respondents who worked
within two t o three years
after orientation
Had heard of the ElTC
Experimentals (56)
Controls (%)
Sam~lesize
~xbrimentals
Controls

114
110

--

Respondents who never
worked within two t o three
years after orientation
Had heard of the ElTC
Experimentals (%)
Controls (%)
Sarnole size
~xbrimentals
Controls

--

--

SOURCE: MDRC calculations using data from the GAIN registrant survey.
NOTES:

Rounding may cause slight discrepancies in calculating sums, averages, and differences.
A two-tailed t-test was applied to the diiferences between the expermental and control groups in each county.
Statistical significance levels are indicated as *'* = I percent; ** = 5 percent: = 10 percent.
Tests of statistical significance of the differences between experimentals and controls who worked during the
follow-up period and between experimentalsand controls who did not work during the follow-up period were not
performed because these comparisons are non-experimental.
The folbw-up period for the survey ranged from 26 to 37 months, on average, across the five counties where
the registrant survey was conducted. Butte County was not included in the survey.
From 97.3percent to 99.2percent of survey respondents (experimentals and controls combined) responded to
the s p e c k items in this table across all subgroups. Nonrespondents were not included in calculating the resuns presented.
(a) An analysis of response patterns to the survey in Los Angeles revealed that the earnings and AFDC payments
during the follow-up period of those controls who responded to the survey differed markedly from those of controls who
did not respond to the survey. For this reason, no estimates for controls and no impacts are presented in this table for
Los Angeles.
(b) In the all-county averages, the results of each county (excluding Los Angeles) are weighted equally.
(c) Estimates presented in this panel are regression-adjusted using ordinary least squares, controlling for prerandom assignment background characteristics of the sample members.
(d) Tests of statistical significance of the experimental-control difference for all counties combined were not
performed.

,
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CHAPTER 6
THREE-YEAR IMPACTS FOR REGISTRANTS WHO WERE HEADS OF
TWO-PARENT FAMILIES (AFDC-US)

Using Unemployment Insurance (UI), AFDC, and Food Stamp records in a manner parallel to
Chapter 4's discussion of single-parent (AFDC-FG) registrants, this chapter presents the three-year
impacts of GAIN on the employment and earnings, AFDC receipt and payments, and Food Stamp
receipt and payments for heads of two-parent (AFDC-U) households. Its purpose is two-fold: first,
to determine the size of GAIN'S impacts for the AFDC-U cases and, second, to see how the counties
ranked in the magnitude of their impacts for AFDC-Us compared to those for AFDC-FGs.
The discussion of methodological issues in Chapter 4 is not repeated here. It bears
emphasizing, however, that impact estimates for very small samples have low reliability and will be
flagged with the symbol "u" (for "unreliable") in the subgroup tables. Sample size considerations
apply not only to subgroups but also to the full AFDC-U sample for Alameda, which was quite small
.and should not be weighted at all heavily in any assessment of the overall impacts of GAIN for
AFDC-Us. Estimates for the full AFDC-U sample for Alameda are not included in the all-county
average impact estimates.
1.

A Sumrnarv of the Findines on Earnines and Welfare Savings for AFDC-Us

Averaging across five counties (omitting Alameda), and giving each county equal weight, yields
three-year earnings gains of $1,111 per experimental group member and three-year AFDC impacts of
$1,168 (a saving of 6.0 percent relative to the average AFDC payments to controls). These results
are important because they show earnings effects for AFDC-Us, a group that has not been studied
widely in evaluations of welfare-to-work programs.' Consistent with the limited prior research,
however, AFDC-Us showed a pattern of earnings impacts different from that for AFDC-FGs: The
five-county average of earnings impacts for AFDC-Us did not increase from year 1 to year 2 or from
year 2 to year 3. Experimentals in two-parent families earned, on average, $384 more than controls
in year 1, $372 in year 2, and $355 in year 3.2 AFDC savings increased from $422 in year 1 to $469
in year 2, but then declined to $277 in year 3. By year 3, the all-county average impacts on earnings
and AFDC payments were larger for AFDC-FGs than for AFDC-Us. Thus, although the three-year
total earnings and AFDC impacts were similar for AFDC-FGs and AFDC-Us, future additional
impacts are likely to be larger for AFDC-FGs. For AFDC-Us, reductions in Food Stamp benefits over
the three-year follow-up totaled $222 for the five-county average (a 4.8 percent saving relative to the
average amount for controls) - about one-fifth the size of impacts on AFDC payments and larger than
the Food Stamp impact for AFDC-FGs. The five-county average impact estimates were all statistically
significant for earnings and for AFDC and Food Stamp payments.
As was the case for AFDC-FGs, impacts for AFDC-Us varied considerably by county. GAIN
increased earnings in the three-year follow-up period in four of the six research counties - Alameda.
'For earlier results on AFDC-Us, see Gueron and Pauly, 1991.
'Impact estimates for years 1 and 2 may differ slightly from those presented in the two-year impact repon
(1993) because some earnings and AFDC records data were updated.

Butte, Los Angeles, and Riverside - although impacts for the small Alameda sample were not statistically significant. Butte produced the largest earnings impact for AFDC-Us, an increase of $3,295 per
e ~ ~ e r i m e n t a l . ~Riverside had a substantial three-year impact on earnings: $1,506 per sample
member. Impacts in Los Angeles ($887) and Alameda ($782) were smaller, although the sample size
in Alameda was too small to allow confidence in the result. Relative to control group average earnings
during the three-year follow-up period, the dollar impacts in these four counties represented increases
of 15 to 39 percent. San Diego produced quite small gains ($134) over the three years, and Tulare
showed no evidence of earnings impacts during the three-year observation period common to samples
in all counties, or thereafter.
Counties also differed in how the experimental-control earnings differential changed over time.
In Butte, the county with the largest three-year earnings impacts for AFDC-Us, earnings impacts increased from year 1 to year 2 and then held sready from year 2 to year 3, although there was some
evidence that these impacts might begin to fall in year 4. In Riverside, which had the largest initial
earnings impact, the earnings impact had fallen by year 3 to less than half the first-year earnings
impact. Only Alameda, with its small sample of AFDC-Us, showed a large increase in earnings
impacts between years 2 and 3. Some additions to impacts may still occur in the future in Alameda,
Butte, Los Angeles, and Riverside.
Reductions in AFDC payments were found in four counties - Butte, Los Angeles, Riverside,
and San Diego - although they were not statistically significant in Butte. In Los Angeles, Riverside,
and San Diego, three-year welfare savings were larger than earnings gains. Riverside's welfare
impacts were the largest: a saving of $2,064 per sample member over the three years, or 14 percent
of the average payments to controls. Butte, Los Angeles, and San Diego were in the middle range at
$1,271 (7 percent), $1,246 (5 percent), and $1,327 (7 percent), respectively. Tulare produced no
AFDC impacts. Alameda showed AFDC savings for the first time in year 3 ($447, or 6 percent for
the year), but the sample was too small to permit confidence in this result.
By year 3, AFDC impacts were declining in Los Angeles, Riverside, and San Diego, although
possibly not in Butte. It was not clear that there would be much addition to total AFDC impacts after
year 3 except in Alameda and Butte. The time pattern for Tulare does not suggest the appearance of
significant AFDC impacts there in the future.
For subgroups, both earnings gains and welfare savings were generally larger for the group
assessed as not in need of basic education, a pattern that, at least for earnings gains, was similar to
the one found for AFDC-FG registrants. Impact estimates for a variety of subgroups defined by
welfare history and recent prior employment, ethnicity, number of children, and other characteristics
turned up no clear evidence that any particular subgroup or subgroups reduced the overall impacts of
GAIN for AFDC-Us. Subgroup analysis also revealed that the large earnings impacts in Butte came
partly from that county's large number of first-time AFDC-U applicants, who also had large earnings
impacts in certain other counties, and partly because Butte achieved larger earnings impacts than the
other counties for some subgroups. Bringing the impacts for those subgroups up to the level achieved
in Butte would raise earnings impacts for AFDC-Us.

3 ~noted
s in Chapter 4, throughout the impact analysis, rounding may cause slight discrepancies in calculating sums and differences.
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11.

A Context for Understanding GAIN'S Three-Year AFDC-U Imoacts

In this report, the FG and U assistance categories are treated separately because they are subject
to different program rules and labor market and welfare constraints. As discussed in Chapter 1, rules
defining mandatoriness for GAIN prior to the transition to JOBS exempted AFDC-FG case heads with
a child under age 6. For this reason, nearly two-thirds of the AFDC-FG caseload at that time was not
in the intended target group for the GAIN participation requirement. No such exemption existed for
AFDC-U case heads. Thus, except in'Alameda and Los Angeles, which worked exclusively with longterm recipients, GAIN targeted virtually the whole of the able-bodied AFDC-U caseload. Impacts
reported in this chapter may therefore be more readily translated into impacts on the full AFDC-U
caseload (of orientation attenders) than is possible for AFDC-FGs.
The limited number of experimental studies performed for the AFDC-U assistance category
makes it difficult to establish a relevant context for understanding the three-year impacts of GAIN on
AFDC-Us. Of the nine broad-coverage studies discussed in Chapter 4, only two offered reliable
results for AFDC-Us: the San Diego EPPIEWEP evaluation and the San Diego SWIM demonstration4 The impact estimates from these experiments will be discussed below, but it is worth
considering first some reasons why impacts for AFDC-Us might be different from impacts for
AFDC-FGs.
Certain differences between AFDC-FG and AFDC-U registrants may lead to differences in
impacts on earnings. Case heads in AFDC-U cases are almost always male and, on average, have
greater work experience than AFDC-FG case heads (see Table 1.2). In addition, because there is a
second parent present in the household, the need to care for children does not generally interfere with
AFDC-U employment, as it can for AFDC-FGs.
Other differences between AFDC-FGs and AFDC-Us may tend to produce differences in welfare impacts. AFDC-U cases generally receive larger monthly AFDC payments than AFDC-FG cases
because two parents rather than one are figured into the grant amount. AFDC-Us are, however,
subject to tighter AFDC eligibility requirements and, for part of the follow-up period, faced more
stringent penalties for noncooperation with GAIN. According to regulations in effect during the
research period, eligibility for AFDC-U terminated when the case head worked more than 100 hours
in a month, regardless of the amount of earnings.' Also, in GAIN prior to JOBS, a sanction closed
the AFDC-U case entirely and terminated payments completely, whereas it reduced the monthly grant
for AFDC-FG registrants. Under JOBS (as of July 1989). sanction penalties for AFDC-U registrants
became the same as they are for AFDC-FG registrants. Reductions in AFDC payments were found
for AFDC-Us in both the San Diego EPPIEWEP and SWIM programs, which operated under the
tighter, pre-JOBS eligibility and sanctioning rules.
In the evaluation of the San Diego EPPIEWEP program, which consisted of job search and
work experience, follow-up lasted through quarter 6 only. First-year earnings gains were about $150

4The Baltimore Options program worked with AFDC-Us, but the AFDC-U sample there was only large
enough to give estimates of employment and welfare receipt rates. It was not large enough to provide reliable
estimates of the differences in rates between experimentals and controls, which constitute estimates of program
impacts.
'In Riverside, the 100-hour rule was suspended beginning January 1, 1991. Whether this change
influenced the trend in Riverside's impacts on AFDC-Us is uncertain.

per experimenta~.~
First-year welfare savings were $375. The experimental-control differential for
both earnings gains and, to a lesser extent, welfare savings showed substantial decrease by the middle
of year 2, however. It should be noted that the ratio of welfare savings to earnings gains in this study
was higher for AFDC-Us than for AFDC-FGs.~
More recently, the San Diego SWIM demonstration yielded first-year earnings gains and welfare
savings of $500 and $400, respectively. Earnings effects appear to have persisted at this level through
year 2, and welfare impacts appear to have grown to $550 in year 2. In year 3 and afterwards, both
earnings impacts and welfare impacts declined, possibly because controls as well as experimentals got
into GAIN.' As indicated in Chapter 4, the San Diego SWIM program model was somewhat similar
to the GAIN job-search-first track. Again, the ratio of welfare savings to earnings gains was higher
for AFDC-Us than for AFDC-FGS.~
For AFDC-Us, there are no prior experimental studies of broad-coverage programs incorporating education and training as possible initial assigned activities. Thus, past experimental experience does not provide much guidance on what to expect from the education track in GAIN.
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Three-Year Impacts for the Pooled (Six-Countv) Sample and the Individual Counties

Figure 6.1 presents average quarterly earnings and average quarterly AFDC payments for the
experimental and control group samples in the six c ~ u n t i e s . ' ~These quarterly estimates and other
impact estimates for the AFDC-U samples are shown in detail in Appendix Tables G. 1 through G.6.

A. The Behavior of Controls
The AFDC-U program is often thought of as a program mainly of short-term assistance.
Eligibility for AFDC-U requires that the primary earner in a family must have had some recent labor
force attachment. In comparison to AFDC-FG controls, AFDC-U controls often did find jobs more
readily during the follow-up period (except in Alameda and Butte), but the differences were not as
large as might have been expected. Control group employment rates for AFDC-U samples at the end
of year 3 (i.e., in quarter 13) were as follows:
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

12.3 percent employed
27.6
19.5
28.5
34.0
32.6

"
"
"
"
"

'hpact estimates for earlier programs have not been inflated to current dollars.
'This San Diego experiment had a second experimental group, which received only job search. For this
group, first-year earnings gains were $400 and welfare savings were $300, and both impacts showed the same
pattern of sharp decline going into year 2.
'For estimates and a discussion of GAIN participation among SWIM experimentals and controls after the
end of the SWIM demonstration, see Friedlander and Hamilton, 1993.
'See Friedlander and Hamilton, 1993.
'As in Chapter 4, the full sample in some counties has more than 13 quarters of follow-up.
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There was greater cross-county variation in these employment rates than there was for AFDC-FGs.
Except for San Diego and Tulare, these rates were lower than those found in prior research, especially
for Alameda and Los ~ngeles." As with AFDC-FG controls, the lower rates in Alameda and Los
Angeles reflected those two counties' policy of working with long-term recipients, and probably owed
much less to labor market conditions than did the rates in other counties.
Rates of welfare receipt among AFDC-U controls showed the typical pattern of departure from
AFDC, but a substantial number remained on public assistance at the end of the third follow-up year
(quarter 13). At that point, AFDC receipt rates were as follows:
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

79.7 percent received AFDC
52.7
77.9
40.9
57.2
59.9

As was the case for employment, there was considerable variation across counties. Surprisingly, with
only one exception (Riverside), the rate of AFDC receipt in each county exceeded the corresponding
rate for that county's AFDC-FG sample. These rates were generally higher than those found in
previous research.I2 Again, rates for Alameda and Los Angeles were higher than elsewhere, owing
to the fact that these counties worked exclusively with long-term recipients. It should also be noted
that the rate for Riverside was substantially lower than in any of the other five counties.

B. Im~actson Em~lovment.Earnings, AFDC Reeeid. and AFDC Pavments
The difference between experimentals and controls presented in Figure 6.1 is the estimate of
GAIN'S impacts on earnings and AFDC payments. These and other numerical estimates of program
impacts are shown in Table 6.1 (and in Appendix Tables G. 1 through G.6). This table shows year-byyear and summary estimates for the first three years (i.e., quarters 2 through 13),13 estimates of
employment at the end of year 3, and estimates of welfare receipt at the end of each of the three years
of follow-up. Estimates for year 3 are particularly important for the AFDC-U samples because some
prior experimental research on AFDC-Us has shown substantial narrowing of any experimental-control
difference in earnings by that time. l4

"The most relevant comparison is with AFDC-Us in the San Diego SWIM demonstration sample, where
the employed rate for controls at quarter 13 was 36.0 percent.
"The AFDC receipt rate for AFDC-Us in the SWIM study - the most relevant comparison available was 44.6 percent in quarter 13.
13Again, quarter 1 (the quarter of random assignment) is omitted in the summary measures because, for
some sample members, that quarter may have included earnings and AFDC payments that preceded random
assignment.
141nthe San Diego EPPlEWEP study, the quarterly impact on earnings for AFDC-Us declined during the
first follow-up year from a peak in quarter 2 in the range of $125 to $150 per experimental to around $10 in
quarter 6. In San Diego SWIM, earnings impacts held up through year 2, then began to decrease in year 3
and by year 4 were down to zero. See Friedlander and Hamilton, 1993.

TABLE 6.1
GAIN'S THREE-YEAR IMPACTS ON EMPLOYMENT. EARNINGS,
AFDC RECEIPT. AND AFDC PAYMENTS FOR AFDC-U REGISTRANTS
County and Outcome

Experimentals

Controls

Difference

Percentage
Change

Alameda
Ever employed (%)
Year 1
Year 2
Year 3
Last quarter of year 3
Total (years 1-3)
Average total earnings ($)
Year 1
Year 2
Year 3
Total (years 1-3)
Ever received any AFDC payments (%)
Last quarter of year 1
Last quarter of year 2
Last quarter of year 3
Average total AFDC payments received ($)
Year 1
Year 2
Year 3
Total (years I-3)
Sample size (total = 182)

-

Ever employed (%)
Year I
Year 2
Year 3
Last quarter of year 3
Total (years 1-3)
Average total earnings ($)
Year 1
Year 2
Year 3
Total (years 1-3)
Ever received any AFDC payments (%)
Last quarter of year 1
Last quarter of year 2
Last quarter of year 3
Average total AFDC payments received ($)
Year 1
Year 2
Year 3
Total (years 1-3)
Sample size (total = 1006)

780

226
(continued)

TABLE 6.1 (continued)
County and Outcome

Experirnentals

Controk

Difference

Percentage
Change

Los Anqeles
Ever employed (%)
Year 1
Year 2
Year 3
Last quarter of year 3
Total (years 1-3)
Average total earnings ($)
Year 1
Year 2
Year 3
Total (years 1-3)
Ever received any AFDC payments (%)
Last quarter of year 1
Last quarter of year 2
Last quarter of year 3
Average total AFDC payments received ($)
Year 1
Year 2
Year 3
Total (years 1-3)
Sample size (total = 1458)
Riverside
Ever employed (%)
Year 1
Year 2
Year 3
Last quarter of year 3
Total (years 1-3)
Average total earnings ($)
Year I
Year 2
Year 3
Total (years 1-3)
Ever received any AFDC payments (%)
Last quarter of year 1
Last quarter of year 2
Last quarter of year 3
Average total AFDC payments r e ~ e ~ ($)
ed
Year 1
Year 2
Year 3
Total (years 1-3)
Sample size (total = 2323)
(continued)

TABLE 6.1 (continued)

San Diego
Ever employed (%)
Year I
Year 2
Year 3
Last quarter of year 3
Total (years 1-3)
Average total earnings (5)
Year 1
Year 2
Year 3
Total (years 1-3)
Ever received any AFDC payments (Z)
Last quarter of year 1
Last quarter of year 2
Last quarter of year 3
Average total AFDC payments received (5)
Year I
Year 2
Year 3
Total (years 1-3)
Sample size (total

= 3272)

Ever employed (%)
Year I
Year 2
Year 3
Last quarter of year 3
Total (years 1-3)
Average total earnings ($)
Year 1
Year 2
Year 3
Total (years 1-3)
Ever recelved any AFDC payments (%)
Last auarter of vear 1
Last q~arterof year 2
-ask quarter 01 year 3
Average total AFDC payments received (5)
Year I
Year 2
Year 3
Total (years 1-3)
Sample size (total

= 1901)

1319

582
(continued)

TABLE 6.1 (continued)

All counties (a)
Ever employed (%)
Year I
Year 2
Year 3
Last quarter of year 3
Total (years 1-3)
Average total earnings ($)
Year 1
Year 2
Year 3
Total (years 1-3)

i%)
Ever received anv AFDC oavrnents
. .
Last quarter of year 1
Last quarter of year 2
Last quarter of year 3
Average total AFDC payments received ($)
Year I
Year 2
Year 3
Total (years I-3)
Sample size (total = 9960)

7028
5871
5266
18164

7450
6340
5543
19332

6851

3109

-422 *"
-469 ***
-277 "'
-1168 ***

SOURCE: MDRC calculations from California Unemployment Insurance (UI) earnings records and from county
AFDC records.
NOTES:

The sample for this table consists of individuals who were randomly assigned as follows:
Alameda
BuRe
Los Angeles
Riverside
San Diego
Tulare

July 1989-May 1990
March 1988-March 1990
July 1989-March 1990
August 1988-March 1990
August 1988-September 1989
January 1989-June 1990

~le
The sample used to analvze GAIN'Simpacts is sliahtlvsmaller than the full research s a m,~
Dollar averages include zero values fo;sample m&nt;ers not employed or not receiving welfare.
Estimates are regression-adiusted usinq ordinary least squares, controllina for re-random assianment
characteristics oisample members. ~ o i n d i n g
may cause'slight'discrepan~ies
i;l calculating sums and
differences.
For all measures, year 1 refers to follow-up quarters 2-5: year 2, to quarters 6-9: and year 3, to quarters
10-13. Quarter 1 refers to the calendar quarter in which random assignment occurred. Because auarter 1
may contam some earnmgs and AFDC payments from the perloa pr~o;to ranoom assignment. ~tIS kxcl~aed
from the summary measLres of follow-up
A two-tailed t-test was applied to differences between experimental and control groups. Statistical signaicance levek are indicated as *" = 1 percent: " = 5 percent; = 10 percent.
(a) In the all-county averages, the results for each county, except Alameda, are weighted equally. Alarneda
is excluded because its AFDC-U impacts are based on a very small sample.
~

~~~

~

-5.7%
-7.4%
-5.0%
-6.0%

As was the case for AFDC-FGs, large impacts were found in Riverside.15 In that county,
69.1 percent of experimentals worked at some time during the first three years. The corresponding
rate for controls was 61.3 percent, for a difference, or impact, of 7.8 percentage points. By year 2,
however, the employment impact had declined somewhat, and it declined further in year 3.
Employment rates for both experimentals and controls were lower in year 2 than in year 1, and lower
in year 3 than in year 2, but the decline was greater for experimentals. Consequently, the experimental-control differential in percentage employed also declined, from 8.6 percentage points in year
1 to 6.6 percentage points in year 2 and 4.6 percentage points in year 3.
Earnings gains, like employment impacts, decreased over time: from a statistically significant
$761 in year 1 to a not stati~ticallysignificant $411 the following year, and a not statistically significant $334 in the final year. As may be seen in Figure 6.1, control group earnings increased
substantially in year 1, narrowing the gap between experimentals and controls. Over the full threeyear period, there was a significant degree of convergence between experimentals and controls, and
by quarter 13, experimentals were earning, on average, just $26 more than controls (not shown in the
table). Total earnings for the three years were higher by $1,506.
Riverside's welfare impacts also declined over time, decreasing by more than half between year
2 and year 3 after a smaller decline from year 1 to year 2. Welfare impacts for Riverside AFDC-Us
were larger than for AFDC-FGs in that county up until year 3, but the third-year impact was larger
for AFDC-FGs. The three-year impact on total AFDC payments, $2,064, was only slightly larger for
AFDC-Us than the three-year savings for AFDC-FGs, although both figures were the largest among
the counties. Nevertheless, AFDC outcomes for AFDC-U experimentals and controls increasingly
converged throughout most of the follow-up period. The average difference in AFDC receipt peaked
in quarter 3, when 59.3 percent of experimentals received an AFDC payment compared to 68.6
percent of controls and AFDC payments for experimentals averaged $296 less. By quarter 9, the
experimental-control difference in AFDC receipt had dropped to 2.6 percentage points, and the savings
had fallen to $144; by quarter 13, impacts were around zero. The cumulative three-year impacts on
AFDC savings were larger than the three-year earnings impacts.
The largest three-year earnings gains, $3,295, were found in Butte. Unlike the results for
Riverside, earnings impacts in Butte grew substantially from year 1 to year 2, approximately doubling
(from $633 to $1,257), and then grew again from year 2 to year 3 (from $1,257 to $1,406). In addition, the experimental-control difference in average earnings appears not to have peaked until year 3,
suggesting that, at least for a while, experimentals will continue to record higher earnings than
controls. Earnings gains exceeded welfare savings by a considerable margin, another difference
between Butte and Riverside. Welfare savings in Butte grew from $226 in year 1 to $529 in year 2
and remained at close to that amount in year 3, making a three-year total of $1,271. Cumulative
three-year welfare impacts in Butte were not statistically significant, but quarterly welfare impacts kept
increasing until year 3, reaching a peak saving of 14.3 percent of control payments (statistically significant) in quarter 13.
Los Angeles was the only other county to record statistically significant earnings gains during
the three-year follow-up period, although the three-year impact of $887 was much smaller than Butte's

15Variationin impacts across counties for AFDC-Us was statistically significant at the 1 percent level for
total three-year earnings and at the 10 percent level for total three-year AFDC payments.
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or Riverside's. In Los Angeles, as in Butte, the experimental-control difference in average earnings
grew larger from year 1 to year 2, but it did not increase from year 2 to year 3. Welfare savings
exceeded earnings gains by about $170 during each of the first two years and then fell to match
earnings gains in year 3, a pattern more like Riverside's. Employment impacts in Los Angeles were
large relative to earnings impacts there, just as they were for AFDC-FGs.
In San Diego, AFDC reductions outpaced earnings gains by an even wider margin than in Los
Angeles. GAIN achieved only a small and not statistically significant increase of $134 in total earnings
during the three-year follow-up period, and the experimental-control difference had all but disappeared
as early as quarter 9. At the same time, San Diego's GAIN program continued to produce statistically
significant AFDC reductions, although impacts diminished substantially (i.e., by more than two-thirds)
between year 2 and year 3. In all, experimentals averaged $1,327 less in AFDC payments than
controls during the three-year follow-up period.
In Tulare, experimentals earned about the same amount as controls in year 1, slightly less in
year 2 (not a statistically significant difference), and about the same amount again in year 3. The
overall three-year earnings impact was slightly negative, but it was not statistically significant and
should be interpreted as no earnings impact. GAIN produced no welfare savings in Tulare at any time
in the follow-up.
AFDC-U samples in Alameda were too small to yield reliable estimates of differences between
experimentals and controls. Nonetheless, the results there, despite their imprecision, were similar to
the finding in Los Angeles that impacts on employment can exceed impacts on earnings for AFDC-Us.
This same pattern was found in San Diego, too, during the first two years, when that county had
employment impacts. This suggests that the new jobs found by experimentals in those counties paid
less than the jobs typically held by controls, either because hourly wage rates were lower or weekly
hours were shorter or turnover was more frequent. In Riverside, and even more so in Butte, earnings
impacts were relatively large compared to employment impacts, suggesting that experimentals found
"better" - i.e., higher-paying or more stable - jobs than control^.'^ Finding better jobs may
therefore be an important element of achieving larger earnings impacts."
Analysis of AFDC impacts reveals differences across counties. In Butte, Riverside, and San
Diego, more than half the three-year welfare savings came from fewer months on AFDC. (See
Appendix Tables G.l through G.6 for impacts on months receiving AFDC.) The remainder was

160neapproach to comparing the magnitudes of employment and eamings impacts is to divide each impact
estimate by the corresponding control group mean (average) to estimate the relative gain or "impact relative
to the control group mean. " If jobs of experimentals and controls paid about the same per quarter of employment, then it follows that the relative gain in the number of quarters employed and average total earnings must
have been quite similar. That is, if the time worked increased by a given percentage, then total earnings will
increase by the same percentage if earnings per time period do not change. Although not shown in Table 6.1,
impacts on number of quarters of employment during the three-year follow-up were calculated for all counties,
along with gains relative to the control group means. In Alameda, Los Angeles, and San Diego, these
measures showed that the relative gain in employment was much larger than the relative gain in earnings.
In Riverside, d e two relative gains were similar. In Bune, the relative gain in employment was about 55
percent of the relative gain in eamings.
"~dditional support for this hypothesis may be found in Friedlander and Bunless, forthcoming.

associated with reduced average grant amounts per month of receipt for experimentals, possibly the
effect of sanctions or an increase in experimentals' employment while they were on AFDC. This
pattern could also have resulted if the overall reduction in months of receipt fell primarily on cases
with above-average monthly grant amounts. Another contributing factor could have been the switching
of some cases from AFDC-U to AFDC-FG status: when the father stops being pan of an AFDC-U
family (and the mother becomes an AFDC-FG case head), the monthly payment amount to the case
is lower because there is one fewer family member.I8 For Los Angeles, there was no impact on the
number of months of AFDC receipt over the follow-up period, despite the moderately large dollar
amount of AFDC savings.19
As was the case for AFDC-FGs, measures summarizing results for AFDC-Us across all counties
are of some interest. Averaging across five counties (omitting Alameda because the sample there was
small), and giving each county equal weight, yields three-year earnings gains for AFDC-Us of $1,111
per experimental group member and three-year welfare savings of $1,168, both statistically significant.
As discussed in Chapter 4, and as shown in Table 6.2, slightly different impact estimates are obtained
from weighting by the size of each county's GAIN caseload. This second method yields an average
earnings gain of $853 and an average welfare saving of $1,251.20 According to a third way of
estimating GAIN's effects - weighting by county sample sizes - experimentals averaged $807 more
in earnings during the three-year follow-up and received $1,216 less in AFDC payments.

IV.

Im~actson Earnines Levels

As for AFDC-FGs, impacts on the distribution of earnings for AFDC-Us suggests that obtaining
"better" jobs was important in producing relatively large earnings impacts. Again, the implication is
that the estimated average earnings impact obscures a substantial variation in GAIN's effects across
sample members.
Table 6.3 gives the percentage of experimentals and controls whose earnings for year 3 were
in each of several brackets, laid out in the same format as in Chapter 4. Across counties, having a
larger earnings impact is associated with having an impact in higher earnings brackets. Butte, the
county with the largest third-year earnings impact (see Table 6.1), was the only county to show an

"Cases that entered the research sample as AFDC-U cases were kept in the AFDC-U sample even if that
case subsequently became an AFDC-FG case. Welfare payments to the case continued to be entered into the
research data, even though the original case head stopped being the case head. In an unpublished MDRC
study on the San Diego SWIM data, it was found that about half of the AFDC-U cases in the control group
converted to AFDC-FG status sometime during the five-year follow-up. SWIM increased this rate by about
five percentage points for experimentals.
'gThe average monthly payment for controls is obtained by dividing the average total dollar amount by
the average number of months during which AFDC payments were received. Multiplying this figure by the
reduction in months indicates what the total reduction in AFDC payments would have been had average
monthly payment amounts been the same for experimentals and controls who remained on welfare. In Riverside and San Diego, the figure is about 60 percent. In Butte, it is about one-half. In Los Angeles, there was
no overall reduction in months on AFDC.
20~ncludingAlameda in the averages gives summary estimates of earnings gains of $1,056 (equal
weighting), $852 (weighting by GAIN caseload size), and $806 (weighting by county sample size). The
corresponding averages for AFDC savings are: $991, $1,234, and $1,196.

TABLE 6.2
GAIN'S POOLED IMPACTS ON EARNINGS AND AFDC PAYMENTS FOR
AFDC-U REGISTRANTS. BY ALTERNATIVE WEIGHTING METHODS

Weighting Method

AFDC Payments Impacts ($)~

Earnings impacts [$)

-.

Year 1

Y

c

Year 3

Total

Year 1

year 2

Year 3

Total

Equal weighting (a)

By county's GAIN caseload
in December 1991 (a)

By county's sample size (a)
.-

I

N

0

342 *"
346 "'

313 "
315 "

198
193

852 "*
853 "*

-454
-464

"*

358 ***
364 +"

265 *
266 '

183
-177
-

806 **
807 .-*'

-463
-475

'+'

"'
"*

-515
-525

"'
**'

-485 ***
-497 *"

SOURCE: See Tables 1 .I and 6.1

m

'

NOTES:

See Table 6.1.
The pooled impacts were computed in the following way. The impact of each county was first multiplied by that county's
respective weight. Therefore, each county's impact was multiplied by one for the equal weighting method; by the county's GAIN caseload for the caseload method; and by the county's sample size for the sample size method. For each method, the six products were
then summed and divided by the sum of the weights. The significance levels were obtained f r m t-values calculated by dividing the
pooled impact by the pooled standard ermr. The pooled standard error was calculated by first squaring the standard errors of the
individual county impacts multiplied by the county weight. These squares were then summed and the total was divided by the square
of the sum of the weights. The square root of this sum yielded the pooled standard ermr.
(a) For each weighting method, the first row includes Alameda's impact, which was based on a very small sample. The
second row excludes Alameda's impacts.

-264 *'*
-262 ***

-1 234
-1251

'**
"*

-247 *'*
-244 **

-1196
-1216

'**
"*

TABLE 6.3
GAIN'S IMPACTS ON THE DlSmlBUTlON OF EARNINGS IN YEAR 3 FOR AFDC-Us
Percent in Annual Earnings Bracket
County and Outcome

Experimentals

Controls

Difference

Percenl in Annual Earn~ngsBracket (a)
Employed Employed
Experimentals
Controls Difference

Alameda
None
$1 -$I ,999
$2.000-$4,999
$5.000-$9,999
$10.000-$19,999
$20,000 or more
Sample size (total=l82)
None
$1 -$I ,999
$2,000-$4.999
$5.000-$9.999
$10.000-$19,999
$20,000 or more
Sample size (total = 1006)
Los Anaeles
None
$1 -$1.999
$2.000-$4,999
$5.000-$9.999
$10.000-$19.999
$20.000 or more
Sample size (total= 1458)
Riverside
None
$1 -$1.999
$2,000-$4.999
$5,000-$9,999
$10.000-$19.999
$20,000 or more
Sample size (total=2323)
San Dieqo
None
$1 -$I ,999
$2.000-$4.999
$5,000-$9.999
$10,000-$19.999
$20,000 or more
Sample size (total=3272)
None
$1 -$I ,999
$2.000-$4.999
$5.000-$9.999
$10.000-$19.999
$ 2 0 . 0 or
~ more
~at+le size (total=1901)
SOURCE: See Table 6.1.
See Table 6.1.
Where data are not applicable, dashes are used.
(a) Estimates in italics were based only on persons with earnings. Statistical tests were not
-209applied to the differences.
NOTES:

increase in employment in the upper earnings bracket ($20,000 or more)," which accounted for
possibly as much as two-thirds of its total earnings impact.22 Butte did not show increases in the
lower earnings brackets (below $10,000). In contrast, Los Angeles showed a larger total increase in
employment than Butte, but that increase was concentrated in the lower earnings brackets, which
produced only a moderate total earnings impact for year 3. Riverside had less of an employment
impact than Los Angeles, but some of it accmed in the next-to-highest bracket, giving that county a
moderate total earnings gain for year 3. Finally, Tulare, with about a zero earnings impact for year
3, showed no effect on employment in any bracket, and San Diego, with a slightly negative earnings
impact for year 3, showed a negative effect on the highest earnings bracket.

V.

Countv Comoarisons Using AFDC-FG and AFDC-U Results

The magnitude of impacts for AFDC-FGs and AFDC-Us was correlated across counties.
Counties with impacts for AFDC-FGs that were large or small compared to impacts for AFDC-FGs
in other counties tended to obtain impacts for AFDC-Us that were also large or small compared to
impacts on AFDC-Us elsewhere. This relationship was substantially stronger for welfare savings than
for earnings gains. Omitting Alameda and weighting the remaining counties equally, the simple
correlation between earnings gains for AFDC-FGs and AFDC-Us across counties is +0.33 (of a
maximum of +1.00);for welfare savings, the correlation coefficient is + 0 . 9 9 . ~ ~The high degree
of correlation for welfare savings across counties stems from the strong showing for both target groups
in Riverside and the weak showing for both in Tulare. The much lower correlation of earnings gains
for AFDC-FGs and AFDC-Us across counties is, in part, attributable to the large increase in earnings
impacts for AFDC-Us in Butte from year 1 to year 2 and its persistence in year 3.
There was also a strong relationship between earnings gains and welfare savings across counties,
particularly for AFDC-FGs. Relatively large earnings gains were associated with relatively large
AFDC payment reductions. The simple correlation coefficient between earnings gains and welfare sav~ strong
ings for AFDC-FGs (six counties) is +0.81; for AFDC-Us (five counties), it is + 0 . 4 9 . ~The
relationship between earnings gains and welfare savings for AFDC-FGs depends in large part on the
results for Riverside and Tulare. The same relationship for AFDC-Us is weaker because the large
earnings impact in Butte was not accompanied by a correspondingly large welfare impact. In addition,
from year 1 to year 2, Riverside's AFDC-U earnings impacts fell out of first place among the
counties, while the AFDC-U welfare savings for that county remained the largest.

VI.

Imoacts After the Third Follow-Uo Year

Figure 6.2 presents experimental-control differences in earnings and AFDC payments separately
for early cohorts and full county samples, along with the dates that define the cohorts and their sample

"Alameda had a small increase in the top bracket, but that was offset by a decrease of the same size in
the next-lower bracket.
'See Chapter 4 for the derivation of this estimate.
23~o~elations
that also include Alameda are similar: +0.32 for earnings gains and +0.90 for welfare
savings.
Z41ncludingAlameda in the AFDC-U correlation makes it +0.47, quite close to the five-county number.

I

tz
F'
t?

z
k l

12

+ :3

F;
Lm$
E*
I

z2
0

I

c w o

L

CN

1-

FIGURE 6.2 (continued)
SOURCE AND NOTES: See Table 6.1 and Appendix G. The early cohort in this figure consist of individuals who were
randomly assigned as follows:
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

July 1989-December 1989
March 1988-March 1989
July 1989-September 1989
August 1988-March 1989
August 1988- March 1989
January 1989-September 1989

sizes. The early cohort sample for Alameda was too small for meaningful analysis. The early cohort
in Butte was also relatively small, and the impact estimates there should be considered of belowaverage reliability.
Information from this cohort analysis changes the picture of AFDC-U impacts very little.
Impact estimates for the full AFDC-U samples and the early cohorts indicate that, for the most part,
earnings impacts may have reached a peak as early as year 1 or the first part of year 2, with relatively
modest or declining effects after that point. Welfare reductions, when they occurred, showed a similar
pattern. The one possible exception to this pattern was Butte, where the experimental-control differential in earnings grew through the middle of year 3.
Riverside's results for both the full sample and the early cohort indicate a sharp decline in year
1 followed by a slower tapering off over the next two years, although some experimental-control difference in earnings may persist beyond year 3. Earnings impacts had fallen to approximately zero by
the beginning of year 2 for the early cohort, as shown in the Riverside earnings graph. For the full
sample as well, earnings gains were well below their peak by year 2. The late cohort does show an
up-tick from quarter 14 to quarter 15, which may cany full sample earnings gains at a level of about
$100 per quarter ($400 annualized), or slightly higher, in year 4. But the late cohort falls off again
in quarters 17 and 18. Insufficient information is available at this time to predict the, precise course
of earnings gains for Riverside's AFDC-Us with any confidence after about the middle of year 4.
Regarding AFDC payments, the experimental-control differential for both the full sample and the early
cohort began to taper off in year 1. The full sample curve looks more favorable than that for the early
cohort, but does not alter the expectation that almost all of the AFDC impact for AFDC-Us in
Riverside occurred within three years after program entry.
In San Diego, earnings impacts for the full sample and the early cohort were in the vicinity of
zero by year 3 and support the conclusion that overall earnings impacts for AFDC-Us reached their
maximum in year 1. In Los Angeles, the full sample earnings impact appeared to be holding steady
at a low level, while the early cohon impacts declined and became negative. It is difficult to judge
what the combined effect will be for year 4 and beyond. Both Los Angeles and San Diego showed
greater welfare savings in year 2 than in year 1, but much less in year 3, with a possible peak in the
experimental-control welfare differential around the beginning of year 2.
Butte is the only county where the full AFDC-U sample showed earnings gains that increased
quarter by quarter, although impacts appear to have leveled off by year 3. The early cohort results
in Butte are of particular interest, since they suggest that year 4 may show a decline in earnings
impacts rather than a steady effect. The experimental-control differentials in AFDC payments for the
full sample and the early cohort in Butte did not show the decline found in Riverside and other
counties: Savings were larger in year 2 than in year 1, persisted in year 3, and may hold up for some
time beyond that point.
Neither the full sample nor the early cohort in Tulare gives evidence that impacts on earnings
or AFDC payments are likely to appear over time in that county.

VII. Three-Year Impacts for Sub~roups
The subgroup analysis for AFDC-U registrants parallels that for AFDC-FG registrants.
Subgroups are defined the same way, and the analysis methods are the same. In each county, sub-

group samples were smaller than the full samples, with the associated decrease in precision and statistical significance. As indicated earlier, impact estimates for very small samples will be flagged in the
subgroup tables with the symbol "u" (for "unreliable") to indicate low reliability.
A. Assessed Need for Basic Education

Tables 6.4 and 6.5 present the impacts of GAIN for AFDC-Us by county, separately for
portions of the samples determined by GAIN not to need or to need basic education. Because of the
very small not-in-need and in-need subgroups in Alameda, that county's impact estimates are flagged
in these tables. The not-in-need subgroup in Los Angeles was quite small, too, and the dollar amounts
of its impact estimates have low reliability. Of below-average precision are the dollar amount
estimates for impacts for both subgroups in Butte and the not-in-need subgroup in Tulare.
As was the case for AFDC-FG registrants, the mix of AFDC-U subgroups differed across
counties. Los Angeles again had the highest proportion determined to need basic education (92.2
percent); Butte again had the lowest (57.7 percent). In every county, the percentage in need was
larger in the AFDC-U sample than in the AFDC-FG sample. In some counties, the AFDC-U samples
included a particularly large proportion of refugees and others who were not proficient in English and
whom GAIN slated for the ESL component of basic education.
The three-year impact estimates presented in Tables 6.4 and 6.5 show that both earnings gains
and welfare savings were generally larger for the not-in-need subgroup, a pattern that, at least for
earnings gains, was similar to the one found for AFDC-FG registrants. Earnings impacts were larger
for the not-in-need subgroup in Butte, Riverside, and San Diego; and, in those counties, there were
statistically significant earnings impacts only for the not-in-need subgroup (first-year impacts were statistically significant in San Diego, but second- and third-year impacts and the cumulative total were
not). Only in Los Angeles was the pattern reversed, with earnings impacts being larger for the in-need
subgroup and statistically significant only for that subgroup. The not-in-need subgroup in Los Angeles
was quite small, however. Statistically significant three-year AFDC reductions were found only in
Butte and Riverside for the not-in-need subgroup, although AFDC reductions for year 1 were
statistically significant in Los Angeles and San Diego. In three of those four counties (all but Butte),
statistically significant three-year AFDC savings were found for the in-need subgroup. In Butte, Los
Angeles, and Riverside, however, the dollar savings were larger for the not-in-need subgroup; in San
Diego, the savings were larger for the in-need subgroup.25
In Tulare, neither subgroup had statistically significant impacts on earnings or AFDC payments.
The earnings impacts that appeared in year 3 for the not-in-need subgroup were not statistically
significant and were offset by negative effects on the in-need subgroup. Differences between educational need subgroups do not account for the absence of overall program impacts for AFDC-Us in that
county.

B. Other Subgrouas
Table 6.6 presents third-year impacts on eamings and AFDC payments by county for a number
of other subgroups. These subgroups were defined the same way for AFDC-Us as they were for
~p

25Differences in earnings gains between educational need subgroups were statistically significant in all
counties except Tulare. Differences in AFDC savings were statistically significant in Alameda and Bune.

TABLE 6.4
GAIN'S THREE-YEAR IMPACTS ON EARNINGS AND AFDC PAYMENTS FOR
AFDC-U REGISTRANTS DETERMINED NOT TO NEED BASIC EDUCAllON
Average Total Earnings
g n t y n d Year

Exgerimentals (5)

Controls (5)

Difference (5)

Percentage
Change

Average Total AFDC Paymen!?

-

~p

&erimentals&

Controls&

~

~

~

VeETiiZtJe

w~

Difference 6)

Alarneda
Year I
Year 2

Butte
Yearl
Year 2
Year 3
Total
Sample size (total = 426)

I

*I

Los Angeles
Year 1
Year 2
Year3
Total
Sample size (total = 113)
Riverside
Year I
Year 2
Year 3
Total
Sample size (total = 774)

4718
5284
4732
14734

3143
4244
3886
11273

1575 "'
1040
846
3461 **

50%
24%
22%
31%

San Dieqo
Year 1
Year 2
Year 3
Total
Sample size (total = 1214)

4562
5491
5604
15657

3531
4929
5744
14203

1032 "
562
-140
1453

29%
11%
-2%
10%

5852
4588
4193
14633

6610
4920
3950
15479

-758 **'
-331
243
-846

4322
5802
6986
17111

4069
6731
5835
16635

253
-928
1151
477

6%
-14%
20%
3%

6295
4991
4281
15567

6410
4535
3879
14825

-115
456
40 I
742

-11%
-7%
6%

-5%

Tulare

Yearl
Year 2
Year 3
Total
SamAe size (total = 495)
-

-

-~

~~

- 2%

10%
10%
5%
~

~

~

SOURCE AND NOTES: See Table 6.1
The symbol "u" indicates that, because of very small sample sizes, the impact estinate shown is unreliable; asterisks following the symbol
indicate that there was a statisticalk significant effect, though As magnitude could not be reliably measured.

TABLE 6.5
GAIN'S YEAR 3 IMPACTS ON EARNINGS AND AFDC PAYMENTS FOR
AFDC-U REGISTRANTS DETERMINED TO NEED BASIC EDUCATION
--

County and Year

Experimentals ($)

Average Total Earnings
Controls ($)

Difference ($)

Average Total A F E Payments
Percentage
Change

__ Experimentals ($)

Controls ($)

Difference ($)

Percentage
Change-

- - - p ~ ~

Butte
Year1
Year 2
Year 3
Total
Sample size (total = 580)
Los Anqeles
Year 1
Year 2
Year 3
Total
Sample size (total = 1345)
Riverside
Year 1
Year 2
Year 3
Total
Sample size (total = 1549)
San Dieqo
Year 1
Year 2
Year 3
Total
Sample size (total = 2058)
Tulare

Yearl
Year 2
Year 3
Total
Sample size (total = 1406)~
SOURCE AND NOTES: See Table 6.1
The symbol "u" indicates that, because of very small sample Sizes, the impact estimate shown is unreliable: asterisks following the symbol
indicate that there was a statistically significant effect,though its magnitude could not be reliably measured.

AFDC-FGs. Sample size limitations, discussed in Chapter 4, should be kept in mind. They are
generally even more severe than for AFDC-FGs. Notably, none of the subgroup impacts estimated
for Alameda should be considered reliable. Some of the discussion around other counties is also based
on unreliable estimates. Third-year impacts were chosen because they make a substantial contribution
to cumulative three-year impacts and are the most important indicators of the likely path of future
impacts.
Two questions are addressed in examining year 3 results for these subgroups. Were the overall
results for AFDC-Us limited by GAIN's not having produced impacts for any particular subgroup or
subgroups? Does the subgroup composition of the county caseloads explain why Butte, the county with
the largest three-year earnings impacts for AFDC-Us, performed as well as it did? In analyzing the
results, estimated subgroup impacts in year 3 will frequently be compared to the all-county average
impact estimates for year 3: approximately $350 in earnings gains and $300 in AFDC savings (see
Table 6.1).
To preview the findings: No clear evidence was found that any particular subgroup or subgroups
limited the impacts of GAIN for AFDC-Us. Almost all of the subgroups examined had statistically
significant year 3 impacts on earnings or AFDC payments in at least one county, or had impacts in
at least one county that, while not statistically significant, were larger than the year 3 all-county
average impact. At the same time, subgroups that showed large impacts in one county generally did
not show large impacts in all of them. The evidence indicates, therefore, that the magnitude of
impacts for AFDC-Us in year 3 did not result from the performance of different AFDC-U subgroups
but, rather, from the characteristics of AFDC-Us in general or from aspects of GAIN that were present
in most of the county programs.
As to the second question, the relatively large earnings impacts for Butte appear to have resulted
in pan from the subgroup composition of its caseload, but also from the county's superior performance
with some, though not all, of its subgroups. Butte's AFDC impacts were also the largest among the
counties in year 3 (although they were not statistically significant). This, again, appears to have
resulted from Butte's having produced, for a sizable share of its research sample, impacts that were
larger than those produced for the same subgroups by the other counties.
Each of the two questions central to this section will now be addressed in more detail,
First, was GAIN's performance for AFDC-Us limited by particular subgroups? Most sections
of Table 6.6 are arranged so that subgroups for whom it might be suspected it would be difficult to
achieve impacts are listed toward the bottom. (The ethnic subgroups, however, are simply listed in
the order in which they appear in tables summarizing the characteristics of the research sample.)
Among these are subgroups with longer AFDC histories or less recent employment; subgroups with
potential language or cultural barriers; subgroups who were already participating in an education or
training program at the time they were randomly assigned; and subgroups with larger families (and,
hence, a higher ratio of AFDC benefits to potential earnings).
Subgroups with a long welfare history or without recent employment did not necessarily have
the smallest impacts, however. For example, "long-term recipients" had AFDC reductions exceeding
$300 in every county except Tulare, and these impacts were statistically significant in two counties.
Sample members without recent employment and sample members classified as "more disadvantaged

TABLE 6.6
GAIN'S THIRD-YEAR IMPACTS ON EARNINGS AND AFDC PAYMENTS FOR SELECTED SUBGROUPS OF AFDC-U REGISTRANTS
~

Total
Sample
- Size

Experimentals @

Controls ($)

Applicant
Butte
Riverside
San Diego
Tulare

763
983
1077
421

5116
4804
4970
5866

3613
4581
5493
5985

1503 *'
223
-523
-119

4210
3182
4102
4089

4701
3460
4660
4769

-492
-279
-557
-680

Short-term recipient
Butte
Riverside
San Diego
Tulare

120
867
1231
802

3810
3482
4537
4735

3944
3136
5131
4824

-134 u
346
-594
-89

4296
3487
4907
4881

5096
3949
4540
4356

-800 u
-462
367
526

Long-term recipient
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

182
123
1458
473
964
678

1600
3243
1726
2274
2665
2274

1072
1945
1417
1989
2403
2264

528 u
1298 u
309
285
262
10

7506
6730
7417
4705
6668
7385

7952
8062
7739
5131
7197
7618

-447 u
-1332 u
-323
-426
-529
-234

Subgroup and County

Average Total Earnings. Year 3,-

~-

~

Average Total AFDC Payments, Year 3

Dtfference ($)

Experimentals ($)

Controls.($l

.-

Differenca

~~

-~

Welfare his-

I
N

O
I

*

Received AFDC continuously
for at least 6 years
prior to GAIN orientation (b)
No
Alameda
Butte
Riverside
San Diego
Tulare
Yes
Alameda
Butte
Riverside
San Diego
-Tulare

-616 u
-523
-248
-99
-23

.-

-378 U
-616 U
-1480 U"
-787
-11 U
~

p~

(continued)

TABLE 6.6 (continued)
~

Total

---

~

Average Total Earnings. Y e a ~ 3 ~

~

~

~

~

~

.

-~---

Avera~Total
AFDC Payments. Year 3
~

~

-~

Samnle

Subgroup and County

-Size

Experimentals ($) -1

Control-

-

difference^($)_^-_

Employed in year prior to
GAIN orientation

I

r
I

Yes
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

286 u
-925 "
-109
10
- 80
-75

No
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

-571 u
30
-408 *'
-806 '**
-322
71

Level of disadvantaqe
First-time applicant
Butte
Riverside
San Diego
Tulare

-380
-534
-132 u
-206 U

Returningapplicant
Bune
Riverside
San Diego
Tulare

-572
-153
-535
-1161 u*

Less disadvantaged recipient
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare
More disadvantaged recipient
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare
~

~

-161 U
-687 u
-205
-217
-111
-53
-743 u
-507 u
-409
-1072
I48
-~
- 951
+

(continued)

-

TABLE 6.6 (continued)
~

Subgroup and County

Total __
Average Total Earnings. Year 3
Sample
Controk ($)
Difference ($)
Size
eperimentals ($)

~~

Average Total AFDC .~
Payments. Year
3
-.
Experimentals ($)

Controls ($)

6546
3895
5930
3251
4197
4219

8535
4763
5577
3390
4522
4239

-1989 u
-868 **
353 u
-139
-325
-19

6702
2864
8577
5456
4509
7040

1594 u
565 u
-208 u
-974 u
434
-2015 u

5927
1710
7090
4114
5036
5206

~-

~

-

Difference

Ethnicity

I

N

N
N
I

White, non-Hispanic
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

29
763
163
1005
1207
693

2853
5076
1930
3730
4609
4728

437
3526
2608
3439
4083
4803

Black, non-Hispanic
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

30
25
61
191
314
43

777
5473
1506
3922
4132
6013

310
8791
1281
3298
4390
1570

468
-3318
225
625
-259
4443

U"

8296
3429
8369
4482
4943
5025

Hispanic
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

17
78
328
730
883
792

762
6914
1387
4777
4793
4897

3195
4753
879
4212
5537
4662

-2433 u
2161 u
508
566
-744
235

5040
4446
6547
4098
5114
5228

2416 u'
1550 "
-677 u
29 1
526
-75
u
u
u
u

-887 u
2737 u*+
-544
-16
78
22

Asian and other
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare
(continued)

TABLE 6.6 (continued)
-

Subgroup and County

Total
Sam~le
Size

~-

p
p
p
p
p

Average Total Earnings~Year3
Experimentais (5)

Controk (5)

Difference
-

-p
-.-

~

-. --

~-

~

Average Total AFDC Payments,Year
3
-

Experimentals ($)

~~~

controk

($1 Difference

~~

a

Limited English proficieng

,
N

N

NO
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

-467 u
-772 *'
-479
-270
-163
-154

Yes
Alameda
Butte
Los Angeles
RNerSide
San Diego
Tulare

-357 u
2055 uk
-268
-880
-204
568

Refuqee
NO
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

-481 u
-716 **
-288
-267
-139
-19

Yes
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

-748 U
636 u
-333
-950 *
-444
16 - -

(continued)

-

-

-.-

Subgroup and County
Participating in education or
training program at time of
GAlN orientation
NO
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare
Yes
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

---.

-.

TABLE 6.6 (continued)
--.--

Total
Sample
Size

Experimentals (5)

Controk (5)

167
862
1380
2109
2869
1567

1639
4464
1709
3812
4077
431 1

1200
3397
1275
3503
4356
4510

15
144
78
214
403
334

1129
6400
1991
3805
4597
3234

-322 (d)
2977
3565
3238
4790
2400

-

Average Total Earnings, Year 3

.-~~
~

...~~

Difference ($)

439 u
1067
434 +'
310
-278
-199
1450 u
3423 u**
-1574 u'
567 u
-193
834

~

-

-

~

Average Total AFDC Payments, Year 3
Experimentals@_1__Controls (5) Difference@)- -

7546
4453
7329
3659
5193
5229

7853
5021
7720
4016
5304
5077

-307 u
-568
-392 '*
-357 *
-111
153

71 17
5184
9158
3177
4888
7277

9016
5258
8157
3439
5604
8027

-1899 u
-74 u
1002 u
-262 u
-716
-749

Number of children at time
of GAlN orientation (c)
l

one
Alameda
Bune
Los Angeles
Riverside
San Diego
Tulare
Two
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare
Three or more
Alameda
Butte
Los Angeles
Riverside
San Diego
Tuiare

~~

~

(continued)

-

TABLE 6.6 (continued)
SOURCE:

See Table 6.1

NOTES:

See Table 6.1
The svmbol "u" indicates that. because of vew small samole sizes, the im~act
estimate shown is unreliable: asterisks followina the svmbol
indicate that therewas a statistically signiicant effect, thoGgh its magr;itude could not'be reliably measured.
(a) Alameda and Los Angeles did not serveapplicants or short-ten recipients during the period of sample intake.
(b) Information necessary for classifying GAlN recipients into these two categories was not available from the baseline form used in Los Angeles
(c) This section excludes sample members who reported having no children.
(d) Regression-adjusted means may be negative for very small samples.

-

Variation in impacts across subgroups was statistically significant as follows:
Subgroup

Earninns

AFDC Payments

Welfare history
Received AFDC continuously for at least
6 years prior to GAIN orientation
Employed in year prior to GAIN orientation
Level of disadvantage
Ethnicity
Limited English proficiency
Refugee
Participation in education or training
program at time of GAIN orientation
Number of children at time of
GAIN orientation

none

San Diego. Tulare

none
none
Los Angeles
none
Los Angeles
none

Riverside
Riverside
Tulare
Butte
Bune
none

Los Angeles

Los Angeles

Alameda

recipients" had statistically significant earnings gains and AFDC reductions in some counties, and their
impacts were greater than the all-county average in several counties.
Among AFDC-U ethnic subgroups, sample sizes for blacks were too small to yield generally
reliable results. Some above-average or statistically significant impacts were found for both Hispanics
and those in the Asianlother category. Sample members with limited English proficiency and refugees
obtained statistically significant earnings impacts in Los Angeles, where they were most numerous and
constituted two-thirds of the research sample. These subgroups had large and statistically significant
AFDC impacts in Riverside, although they made up only about one-eighth of the sample there.
Sample members who were participating in an education or training program at the time of
GAIN orientation (i.e., at the time of random assignment) were few in number - under one-fifth of
the sample in all counties. Thus, their contribution to the overall county impact would be small, in
proportion to their numbers. Nevertheless, this subgroup obtained statistically significant earnings
impacts in Butte and above-average earnings (not statistically significant) impacts in one of the other
counties (Tulare) that did not have very small samples for this subgroup. This subgroup also showed
above-average, though not statistically significant, AFDC impacts in San Diego and Tulare.
AFDC-U sample members with three or more children made up the largest subgroup based on
number of children in every county, accounting for about two-thirds of the samples in Alameda and
Los Angeles; half of the samples in Riverside, San Diego, and Tulare; and about 40 percent of the
sample in Butte. In comparison, this group never made up more than about a third of any county
sample among AFDC-FGs. Impacts on this subgroup could therefore have exerted considerable
influence on the magnitude of impacts for the full AFDC-U sample. This subgroup did not have
consistently lower impacts than the other subgroups defined by number of children. In Butte, the
subgroup had larger earnings impacts than the subgroup with one child, although the estimate was not
statistically significant. In Los Angeles, the subgroup with three or more children had statistically
significant earnings impacts, exceeding both the all-county average and the other two subgroups in that
county based on number of children. The subgroup with three or more children obtained statistically
significant AFDC impacts in Los Angeles and above-average AFDC impacts in San Diego.
The second key question for this section is: Did Butte obtain large impacts owing to the
subgroups with which that county worked? In analyzing the AFDC-U impacts in Butte, the most
interesting subgroup breakdown is by "level of disadvantage." The Butte sample had a much higher
proportion of first-time and returning applicants than did any other county: 42 and 34 percent of the
Butte sample, respectively, and together constituting 76 percent of that sample. In no other county
was there more than a 15 percent share of first-time applicants, and in no other county did the two
applicant subgroups combined exceed 42 percent. Butte also had a much lower percentage of "more
disadvantaged recipients" than any other county: about 6 percent of its sample.
As shown in Table 6.6, among "level of disadvantaged" subgroups, Butte's largest year 3
earnings impact was for first-time applicants: $1,763 (statistically significant). For this subgroup,
Riverside had an earnings impact close to Butte's and also statistically significant; and San Diego had
an earnings impact of over $1,000, although the estimate was "unreliable" and was also not statistically
significant. In Tulare, this was the only subgroup that exceeded the all-county average earnings
impact, although Tulare's impact was also "unreliable" and not statistically significant. This array of

results suggests that pan of the reason Butte obtained large earnings impacts was that it had a large
number of first-time applicants.
Butte also had large earnings impacts for its other big "level of disadvantage" subgroup:
returning applicants. Those gains in year 3 were $1,365, although the effect was not statistically
significant. This impact was much larger than the earnings impacts for the other counties. Butte also
had earnings gains of more than $1,000 for "less disadvantaged recipients," again more than twice the
impacts achieved for this group by the next nearest county (Riverside), although the Butte estimate
should be considered unreliable owing to sample size. Butte did not obtain earnings impacts for the
"more disadvantaged recipients," but the small size of this subgroup prevented it from having much
effect on the overall Butte impact.
As shown in Table 6.1, Butte was the county with the largest AFDC impact in year 3, although
that result was not statistically significant, and the county did not have the largest AFDC impact for
the three-year follow-up as a whole. None of the "level of disadvantage" subgroups obtained
statistically significant AFDC impacts in Butte, but all of them produced effects exceeding the allcounty average. For the "less disadvantaged recipients," who were the largest subgroup in Riverside
and San Diego and were also large in Los Angeles, Butte obtained AFDC impacts that were more than
three times the size of any achieved elsewhere, although the size of the impact in Butte is based on
a small sample. Thus, the magnitude of the year 3 AFDC impact in Butte was associated with the
consistency of that county's AFDC impacts across the four "level of disadvantage" subgroups and also
with its larger impacts for the one subgroup among the four that was particularly important elsewhere.

VIII. Other Outcomes
This section examines program impacts on Food Stamp receipt and Food Stamp payments, and
on combined income from earnings, AFDC payments, and Food Stamp payments. Methodological
issues related to these outcomes are discussed in Chapter 4, and that discussion is not repeated here.
A. Food S t a m ~ s
Table 6.7 shows estimates of Food Stamp receipt and Food Stamp payments for AFDC-U
sample members in the six GAIN research counties. A discussion of the Food Stamp data and analysis
issues may be found in Chapter 4. As was the case for AFDC-FGs, a decreasing percentage of
controls received Food Stamps over time, but the average dollar amounts of Food Stamps received
increased over time. (See Chapter 4, Section VIIIA for a note on this issue.) Food Stamp payments
for AFDC-U controls were slightly larger relative to their AFDC payments than they were for
AFDC-FG controls, amounting to just under a quarter of the AFDC payments.
Impacts on Food Stamps for AFDC-Us were larger than for AFDC-FGs. As shown in Table
6.7, cumulative three-year Food Stamp reductions of more than $250 per sample member were
obtained in four counties, and the effects were statistically significant in two. Los Angeles and
Riverside had the largest dollar impacts, about $350 per sample member. The largest percentage
change in Food Stamps, relative to control group Food Stamp payments, was in Riverside: a 9.7
percent reduction. The all-county average Food Stamp impact over the three years was $222, which
was statistically significant and totaled more than twice the all-county average for AFDC-FGs. This

TABLE 6.7
GAIN'S THREE-YEAR IMPACTS ON FOOD STAMP RECEIPT BY AFDC-U REGISTRANTS
County and Outcome

Percentage
Change

Experimentals

Controls

Difference

97.6
94.5
88.7
71.7

96.9
93.3
90.5
85.0

0.7
1.2
-1.8
-13.3 '*

0.7%
1.3%
-2.0%
-15.6%

Ever received any Food Stamps (%)
Any quarter, years 1-3
Last quarter of year 1
Last quarter of year 2
Last quarter of year 3

89.1
64.6
55.0
51.O

87.6
68.0
59.0
56.3

1.5
-3.4
-4.0
-5.3

1.7%
-5.0%
-6.9%
-9.4%

Average value of Food Stamps ($)
Year I
Year 2
Year 3
Total (years 1-3)

1184
1150
1213
3547

1256
1226
1338
3820

-72
-76
-125
-273

-5.7%
-6.2%
-9.4%
-7.2%

Ever received any Food Stamps (%)
Any quarter, years 1-3
Last quarter of year 1
Last quarter of year 2
Last quarter of year 3

94.0
86.0
83.0
77.6

97.0
91.1
84.5
78.7

-3.0
-5.1
-1.5
-1.1

***
"*

-3.1%
-5.6%
-1.8%
-1.4%

Average value of Food Stamps ($)
Year 1
Year 2
Year 3
Total (years 1-3)

2017
2186
2307
6510

2159
2300
2403
6862

-143
-114
-95
-352

"*

-6.6%
-5.0%
-4.0%
-5.1%

88.6
56.0
51.6
47.0

91.O
59.2
50.3
47.6

1125
1074
1139
3338

1261
1174
1260
3695

Alameda
Ever received any Food Stamps (%)
Any quarter, years 1-3
Last quarter of year 1
Last quarter of year 2
Last quarter of year 3
Average value of Food Stamps ($)
Year 1
Year 2
Year 3
Total (years 1-3)
Sample size (total= 182)

Sample size (total=1006)
Los Angeles

+'
*"

Sample size (total=l458)
Riverside
Ever received any Food Stamps (%)
Any quarter, years 1-3
Last quarter of year 1
Last quarter of year 2
Last quarter of year 3
Average value of Food Stamps ($)
Year I
Year 2
Year 3
Total (years 1-3)

-2.5
-3.1
1.2
-0.6
-136
-100
-121
-357

-2.756
-5.3%
2.4%
-1.356

*"
**
**

*"

-10.8%
-8.6%
-9.6%
-9.7%

Sample size (total=2323)
(continued)

TABLE 6.7 (continued)
County and Outcome

Experirnentals

Controls

92.1
69.5
63.8
59.4

92.6
72.6
64.7
60.9

Percentage
Change

Difference

San Dieqo
Ever received any Food Stamps (%)
Any quarter, years 1-3
Last quarter of year 1
Last quarter of year 2
Last quarter of year 3
Average value of Food Stamps ($)
Year I
Year 2
Year 3
Total (years 1-3)
Sample size (total=3272)

Ever received any Food Stamps (%)
Any quarter. years 1-3
Last quarter of year 1
Last quarter of year 2
Last quarter of year 3
Average value of Food Stamps ($)
Year I
Year 2
Year 3
Total (years I-3)
Sample size (total=1901)
All counties (a1
Ever received any Food Stamps (%)
Any quarter, years 1-3
Last quarter of year 1
Last quarter of year 2
Last quarter of year 3

-0.6
-3.0
-0.9
-1.4

***

Average value of Food Stamps ($)
Year 1
Year 2
Year 3
Total (years 1-3)
Sample size (total=9960)
SOURCE: MDRC calculations from county Food Stamp records.
NOTES:

See Table 6.1
(a) In the all-county averages, the results for each county except Alarneda. are welgnted equally
Aameoa 1s excluded wcadse lls AFDC-U Impacts are oased on a very small sampe.

-0.6%
-4.2%
-1.5%
-2.4%

effect was about one-fifth of the three-year impact on AFDC payments, a higher ratio than for
AFDC-FGs. The impact amounted to a 4.8 percent saving relative to the control group average, and
this percentage saving was about four-fifths the percentage saving in AFDC payments.
It is not clear how long the experimental-control difference in Food Stamps will persist.
Impacts in Los Angeles and San Diego that were statistically significant at the beginning of the followup period were no longer statistically significant, and were much smaller, by year 3. In Riverside,
the dollar effects held up in year 3, but reductions in the percentage receiving Food Stamps fell over
the three-year period to about zero in year 3, suggesting that dollar impacts may decline after year 3.
On the other hand, dollar impacts appeared to be rising in Butte and for the small sample in Alameda.

B. Combined Income from E a r n i n s AFDC Pavments. and Food Stama Pavments
Table 6.8 presents impacts on earningslAFDClFood Stamp income and its components for the
six GAIN research counties in the last quarter of follow-up (quarter 13). There was little impact on
earningslAFDCIFood Stamp income for AFDC-Us. As shown in Table 6.8, only Butte showed a
positive effect: a $153 gain, not statistically significant, but amounting to a 6.4 percentage change
relative to the control group average. All the other counties showed zero or slightly negative effects,
none of them statistically significant. For the pooled sample of five counties (weighted equally), the
average impact was only a 0.2 percent gain in earningslAFDClFood Stamp income (relative to
controls), which was not statistically significant, either.
Table 6.8 also shows the percentage of experimentals and controls receiving income from the
three sources. There was no clear pattern of effects. In Butte, there was a shift from welfare to work:
from the category "AFDC without earnings" to "earnings without AFDC." In Los Angeles, however,
there was an increase in the percentage of experimentals who found jobs and remained on AFDC. The
decrease of 8.3 percentage points in the category "AFDC without earnings" was offset by an 8.8
percentage point increase in the category "earnings and AFDC. " This suggests an increase in pan-time
employment, which explains why employment impacts in Los Angeles were larger than earnings
impacts and why there were AFDC savings without a reduction in the percentage receiving AFDC.
The measured increase in the category "earnings and AFDC" is, however, also consistent with employment at low earnings levels for some AFDC-U sample members or with a switch from AFDC-U to
AFDC-FG status for their welfare cases. In Riverside, there was also an increase in the category
"earnings and AFDC," which again corresponds to the finding that impacts on AFDC payments (i.e.,
AFDC savings) exceeded impacts on AFDC receipt (i.e., decrease in the percentage of people
receiving AFDC).

IX. The Riverside Case Mana~ementEmeriment
Table 6.9 presents the results for AFDC-Us in the Riverside case management experiment.
These results parallel those for the AFDC-FGs, which were discussed in Chapter 4. They show no
additional impact on earnings from enhanced case management services, but a possible small initial
increase in AFDC reductions, which faded over time.
Both "enhanced" and "regular" experimental group members experienced large impacts on
employment in follow-up years 1 and 2, with the effect tapering off in year 3. There was virtually

TABLE 6.8
GAIN'S IMPACTS ON TOTAL EARNINGS1AFDCl FOOD STAMP INCOME AND INCOME SOURCES
IN M E LAST QUARTER OF YEAR 3 FOR AFDC-U REGISTRANTS
County and Outcome

Expsrirnentals

Controts

Average total value of AFDC. Food Stamps.
and earnings in quarter 13 ($)

2543

2793

-250

lncome sources (%)
Earnings without AFDC
Earnings and AFDC
AFDC without earnings
No AFDC and no earnings
Total

7.9
12.3
54.8
25.0
100.0

7.5
4.8
74.9
12.8
100.0

0.4
7.5
-20.1
12.2

5.8
19.2

2.8
10.0

3.0
9.2

96

86

Average total value of AFDC. Food Stamps.
and earnings in quarter 13 ($)

2538

2385

153

lncome sources (%)
Earnings without AFDC
Earnings and AFDC
AFDC without earnings
No AFDC and no earnings
Total

20.9
11.3
36.7
31.2
100.0

16.9
10.7
42.0
30.4
100.0

4.0
0.6
-5.3
0.8

2.5
28.7

2.0
28.4

0.4
0.3

780

226

Average total value of AFDC. Food Stamps.
and earnings in quarter 13 ($)

2765

2758

7

lncome sources (%)
Earnings without AFDC
Earnings and AFDC
AFDC without earnings
No AFDC and no earnings
Total

5.9
23.6
54.7
15.7
100.0

4.7
14.9
63.0
17.5
100.0

1.3
8.8
-8.3
-1.7

1.O
14.7

1.3
16.2

-0.2
-1.5

735

723

Average total value of AFDC, Food Stamps.
and earnings in quarter 13 ($)

2063

2091

-28

lncome sources (%)
Earnings without AFDC
Earnings and AFDC
AFDC without earnings
No AFDC and no earnings
Total

19.6
11.5
31 .I
37.8
100.0

20.6
7.9
33.0
38.5
100.0

-0.9
3.6
-1.9
-0.7

6.0
31.8

6.7
31.8

-0.7
-0.0

1590

733

Percentage
Change

Difference

Alameda

Food Stamps without AFDC or earnings
No Food Stamps. AFDC, or earnings
Sample size (total= 182)

Food Stamps without AFDC or earnings
No Food Stamps, AFDC, or earnings
Sample size (total = 1006)

-9.0%

'

**'
**

'

6.4%

Los Anqeles

Food Stamps without AFDC or earnings
No Food Stamps. AFDC, or earnings
Sample size (total=1458)

0.3%

**'
***

Rierside

Food Stamps without AFDC or earnings
No Food Stamps, AFDC, or earnings
Sample size (totak2323)

-1.4%

**

(continued)

TABLE 6.8 (continued)
County and Outcome

Experimentals

Controls

6851

3109

Difference

Percentage
Change

San Diego
Average total value of AFDC, Food Stamps,
and earnlngs in quarter 13 ($)
Income sources (%)
Earnlngs without AFDC
Earnings and AFDC
AFDC without earnings
No AFDC and no earnings
Total
Food Stamps without AFDC or earnings
No Food Stamps. AFDC, or earnings
Sample size (total=3272)

Average total value of AFDC. Food Stamps,
and earnings in quarter 13 ($)
Income sources (%)
Earnings without AFDC
Earnings and AFDC
AFDC without earnings
No AFDC and no earnings
Total
Food Stamps without AFDC or earnings
No Food Stamps. AFDC, or earnings
Sample size (total= I901)

All counties (a)
Average total value of AFDC. Food Stamps.
and earnings in quarter 13 ($)
Income sources (%)
Earnings without AFDC
Earnings and AFDC
AFDC without earnings
No AFDC and no earnings
Total
Food Stamps without AFDC or earnings
No Food Stamps, AFDC, or earnings
Sample size (total=9960)
SOURCE: See Tables 6.1 and 6.7.
NOTES:

See Table 6.1
(a) In the all-county averages, the results for each county, except Alameda, are weighted equally.
Alameda is excluded because its AFDC-U impacts are based on a very small sample.

TABLE 8.9
COMPARISON OF GAIN'S THREE-YEAR IMPACTS ON EMPLOYMENT. EARNINGS, AFDC RECEIPT, AND AFDC PAYMENTS
FOR AFDC-U REGISTRANTS ASSIGNED TO RIVERSIDE'S 'ENHANCED' AND 'REGULAR' CASE MANAGEMENT GROUPS
-

Outcome

Experimentals
Enhanced
Regular
Group

--

Ever employed (%)
Year I
Year 2
Year 3
Last quarter of year 3
Total (years 1-3)

57.3
51.6
44.2
32.2
71 .O

48.6
44.7
40.2
28.5
61.3

Year 3
Last quarter of year 3
Total (years I-3)

3461
4019
3346
77 1
10827

2930
3628
3477
875
I0035

Ever received any AFDC
payments (%)
Last quarter of year 1
Last quarter of year 2
Last quarter of year 3

49.5
48.5
44.7

56.9
49.5
40.9

Average total AFDC
payments received ($)
Year I
Year 2
Year 3
Last quarter of year 3
Total (years 1-3)

4678
3797
3579
875
12055

5806
4640
3964
891
14410

370

733

Average total earnings ($)
Year 1
Year 2
I
h,

w
W

I

Controls

Sample size (total:=

~

~

Comparison A:

Comparison B:

Enhanced Group
minus
Control Group

Regular Group
minus
Control Group

Enhanced Group
manus
Regular
--- Grouq

SOURCE: See Table 6.1
NOTES:

See Table 6.1
A two-tailed t-test was applied to differences in impacts between the enhanced and regular exper'inental groups. Statistical significance
levels are indicated as: xxx=l percent; xx=5 percent; x=10 percent.

no difference in employment impacts between the two experimental groups at any point. Also, the
enhanced case management group did not show larger earnings impacts. In fact, the dollar amount
of the three-year impact was larger for the experimental group that received regular case management
services, although the difference between the two experimental groups was not statistically significant.
Both experimental groups showed impacts on the percentage receiving AFDC and on AFDC
payments in year 1. The effects were somewhat larger for the enhanced case management group, but
the differences were not statistically significant, and they narrowed in year 2 and almost entirely
disappeared by year 3. The cumulative three-year AFDC impact for the enhanced case management
group was about 20 percent larger than for the regular case management group, but that difference was
not statistically significant.
The explanation for the absence of additional impacts from reduced caseloads that was suggested
for AFDC-FGs applies to AFDC-Us as well: The Riverside sample was less likely to stay on AFDC
a longer time than samples in other counties. AFDC-U controls in Riverside had a much lower
percentage on AFDC at the end of year 3 than controls in any other county (see Table 6.1). The
additional case management services for the enhanced case management group in Riverside may have
gone to sample members who would have been off AFDC in the short run even without GAIN. It is
possible that extra staff attention might increase impacts if it could be targeted to program registrants
who are likely to still be on AFDC and unemployed after having received the standard level of case
management services.

CHAPTER 7
BENEFIT-COST ANALYSIS

This chapter provides a comprehensive benefit-cost analysis of the GAIN program in the six
counties studied. Drawing on the analysis of net costs presented in Chapter 3 and the analysis of
GAIN's impacts presented in Chapters 4 and 6, it provides an overall accounting of the financial gains
and losses produced by the program from the perspectives of GAIN sample members, government
budgets, taxpayers, and society as a whole. The analysis of benefits, like the study of impacts,
includes experimental-control differences in the value of earnings, AFDC, and Food Stamps.
However, the analysis goes beyond these basic impact measures to consider GAIN's effects on fringe
benefits from employment, the value of output produced in unpaid work experience jobs, taxes,
Unemployment Insurance (UI) benefits, Medi-Cal (California's Medicaid program), and the cost of
administering transfer programs. Cost estimates include the net costs of providing GAIN and nonGAIN employment-related services to experimentals. As in Chapter 3, net costs were estimated by
subtracting the average value of resources used by controls from the corresponding average for
experimentals. The chapter presents separate benefit-cost estimates for each county as well as a single
estimate for the program as a whole.
The chapter begins by describing the scope of the analysis and the framework used. The next
sections examine GAIN's effects on earnings, fringe benefits, taxes, and transfer payments for the full
AFDC-FG sample. These effects are then added together to produce a single measure of GAIN's
benefit-cost results for each of the perspectives listed above. The chapter concludes with a brief
discussion of the results for the two basic education subgroups within the AFDC-FG sample and for
the AFDC-U sample.

I.

Analvtical A ~ ~ r o a c h

This assessment uses an analytical approach similar to that used in MDRC's previous
evaluations of welfare-to-work employment programs,' although it introduces additional distinctions
because of the complexity of the GAIN program. The analysis places dollar values on the program's
effects and its use of resources. It includes both measured effects on earnings, AFDC payments, Food
Stamps, and Unemployment Insurance benefits and imputed effects on fringe benefits, state and federal
taxes, Medi-Cal payments, and the costs of administering transfer programs. The analysis uses
earnings and transfer payment records in combination with transfer payment eligibility rules, tax
regulations, published data from state and federal agencies, and other sources to calculate imputed
values.
The primary benefit-cost estimates presented in this chapter cover a five-year time horizon
starting with the first quarter after the quarter of random assignment (quarter 2), a time frame similar

'Many of the techniques were developed for the evaluations of state programs in MDRC's Demonstration
of State WorkANelfare Initiatives. See Long and Knox, 1985, for additional information.

to the one used in most previous MDRC evaluations of welfare-to-work programs.2 It should be
noted, however, that five years may not be long enough to capture the total effects of GAIN. In
several counties, experimentals continued to show earnings gains and welfare savings at the end of the
three-year follow-up - as did members of the early cohort at the end of year 4. Therefore, it is
reasonable to expect that benefits will accrue beyond five years. In fact, in some counties and for some
measures, GAIN's effects may grow larger over time. Further, it may be particularly useful to
estimate GAIN's effects over a longer time frame in counties that made heavy upfront investments in
basic education, such as Alameda and Tulare, or, in the case of Tulare, where earnings gains first
appeared late in the follow-up. The chapter addresses this issue by briefly considering GAIN's
benefits and costs over a 10-year time frame (see Section IV). However, these estimates are much
more tentative than the five-year results and should be treated only as reasonable guesses about the
course of future effects.
The five-year time horizon includes an observation period and a projection period. The
observation period for each sample member encompassed the portion of follow-up when benefits were
estimated (or imputed) directly from "observed" - i.e., recorded - earnings and transfer payments
data. It extended from quarter 2 through the last month of available data (June 1993) and covered
three to five years, depending on the sample member's date of random assignment. (It should be noted
that 54 percent of AFDC-FGs and 58 percent of AFDC-Us had at least four years of follow-up in the
observation period.) Gains and losses observed at the end of this period were then projected to the
end of year 5. using several assumptions about the size of future effects. This projection period ranges
from zero to two years, although, as suggested above, most sample members have only a year or less
of projected data. In general, benefit-cost estimates based primarily on observed data, such as the ones
presented in this chapter, are more reliable (i.e., less affected by assumptions) than estimates involving
a longer projection period.
The main findings of the analysis are expressed in terms of net present values per experimental
sample member. "Net" means that the amounts represent differences between experimentals and
controls, just as impacts do. "Present value" is an accounting method for estimating the worth today
of dollar effects that occur in the future.
In a welfare-to-work program such as GAIN, most costs are incurred early on, particularly in
the first two years, when service use is heaviest, while many benefits (e.g., earnings gains and welfare
savings) are realized in later years. However, simply comparing the nominal dollar value of program
costs and benefits would be problematic. The value of a dollar is greater in the present than in the
future: a dollar available today (either to experimentals or to the government) can be invested and
produce income over time, making it worth more than a dollar available in the future. Thus, to make
a fair comparison between costs and benefits, it is essential to focus on their value at a common point
in time - i.e., in the present.
The benefit-cost analysis addresses this issue by discounting, i.e., by adjusting the value of
benefits accruing after the program "investment period" to reflect their lower value in terms of the time

'The five-year time frame was originally chosen for estimating the costs and effects of short-term, jobsearch-oriented programs, where effects were expected to occur quickly and then decrease over time.

when program costs were incurred. In effect, an estimated amount of interest income foregone must
be subtracted from the nominal value of the benefits occurring after the investment p e r i ~ d . ~
This report uses the end of quarter 5 as the comparison point for the investment period, since
it is about mid-way in the period in which most program costs were incurred. (See Chapter 3.) Thus,
gains accrued later were discounted to reflect their value at the end of quarter 5. In calculating these
discounted values, it was assumed that a dollar invested at the end of quarter 5 would earn a real rate
~
all benefits and costs are expressed in 1993 dollars,
of return of 5 percent a n n ~ a l l y .Furthermore,
eliminating the effects of inflation.
Once estimated, particular net benefits and net costs will constitute gains or losses, or be
irrelevant, depending on which of the analytical perspectives - the welfare sample, the government
budget, taxpayers, or society - is considered.' The welfare sample perspective identifies net gains
or losses for members of the experimental group, indicating how they fared as a result of the
program6 As illustrated by the in-text box that follows shortly, earnings impacts represent gains for
the welfare sample, while reductions in AFDC (and other transfers) represent losses.' Higher taxes
paid by experimentals compared to controls also constitute losses to the welfare sample. In essence,
a program produces a net gain from the standpoint of the welfare sample if experimentals' earnings
gains exceed the value of reductions in transfer payments and higher taxes.' The net costs of
providing employment-related services to experimentals have no direct effect on their income and are
not considered as net gains or losses from the perspective of the welfare sample. Similarly, any
budgetary savings in administering transfer programs have no direct effect on the welfare sample.

3Put differently, a benefit occurring at time 2 has the same value as a smaller benefit occurring at time
1 plus interest; thus, subtracting the interest income from the time 2 benefit yields its value at time 1.
4 ~ oexample,
r
if a welfare-to-work program increased revenues to the government budget by an average
of $1,221 per experimental in the last quarter of year 5, its net present value would be $1,000 from the
standpoint of the investment period. That is because $1,000 invested at the end of quarter 5 at a 5 percent
annual rate of interest (compounded continuously) equals $1,221 at the end of year 5.
'See Friedlander and Gueron, 1991, and Friedlander and Hamilton, 1993, for other examples of these
analyses.
.% is important to note that the analysis does not take into consideration any effect GAIN may have had
on any "under the table" earnings of experimentals. It also does not distinguish (or make any value judgments
about) reductions in AFDC payments resulting from sanctions for noncompliance versus reductions owing to
increased earnings or to case closures without earnings or sanctions; it counts all reductions in AFDC
payments as losses to the welfare sample and savings for government budgets.
7 ~ this
n analysis, net increases in support service payments to experimentals are not considered to be gains
from the perspective of the welfare sample. These payments for chid care, transportation, and ancillary
expenses simply offset additional costs to experimentals resulting from GAIN'S participation requirements.
However, the analysis does include these payments as costs incurred from the government budget and taxpayer
perspectives.
*1t follows that one program may produce higher earnings gains than another, but that the second may still
show more positive benefit-cost results from the standpoint of the welfare sample. This result will occur if
the second program produces smaller welfare reductions and increases in tax payments than the first. See,
e.g.. the comparison of earnings gains and AFDC reductions recorded by the San Diego SWIM and Baltimore
Options programs in Friedlander and Gueron, 1991, pp. 24-33. Put differently, a program produces a net
gain from the standpoint of the welfare sample if experimentals' total estimated income (the sum of earnings
and transfer payments, plus the Earned Income Tax Credit, minus taxes) exceeds that of controls.

The government budget perspective identifies net gains and losses incurred by federal, state, and
local governments combined. Net gains to the government budget occur through savings in transfer
payments and their related administrative costs and through higher taxes paid by experimentals
compared to controls. The government budget comes out ahead to the extent that tax increases
(resulting from earnings gains) and savings in transfer payments and administrative costs exceed the
net cost of providing employment-related services to experimentals. In and of themselves,
experimentals' earnings gains do not affect the calculations of net gains or losses from the standpoint
of the government budget.
The tarpayer perspective identifies benefits and costs from the standpoint of everyone in society
other than individuals in the AFDC sample.' Estimates of net gains and losses from the taxpayer
perspective closely resemble those of the government budget perspective. The two perspectives differ
only in the treatment of Social Security and Medicare taxes and net gains from output that
experimentals produce in unpaid work experience (PREP) assignment^.'^ Specifically, the
government budget gains from both the welfare sample's and their employers' contributions to the two
payroll taxes (i.e., Social Security and Medicare), while taxpayers (who include employers) gain only
from employee contributions. Also, only taxpayers gain from experimentals' output from unpaid work
experience jobs. However, this effect was extremely small in GAIN because few experimentals
participated in PREP and some controls also worked at unpaid work experience jobs in other
programs.
It should be noted that this analysis assumes that no displacement occurred as a result of
employment gains by experimentals. Rather, because displacement could not be measured, it assumes
that employment gains for experimentals represented an increase in the total level of employment and
the value of output in each research county. Alternatively, one could assume that at least a portion
of experimentals' employment gains (and earnings increases) occurred because experimentals took jobs
that would have gone to other members of society, leaving those individuals unemployed and possibly
causing some of them to use government transfer programs. To the extent that this occurred, it would
reduce the program's overall return for government budgets and taxpayers.
As suggested by the above discussion, the results from the perspectives of the welfare sample,
taxpayers, and the government budget may be complementary, or they may conflict. One group's
gains may appear as another group's losses. The accompanying box helps to illustrate this point.
Here, a reduction in AFDC use would translate into a loss for the welfare sample and a corresponding
gain for the government budget and taxpayers. However, an increase in earnings would reflect a gain
to the welfare sample, but not to the government budget - although any taxes paid on those earnings
would be a gain for the government budget. The net cost of employment-related services (e.g.,
education and training), in contrast, would be a loss to the government budget while leaving the
welfare sample unaffected.

%e term rarpnyer is used for convenience and for the sake of consistency between this analysis and
previous benefit-cost analyses. It should be noted that all members of the experimental group pay sales taxes
and that many pay income and Social Security taxes as well.
'Qecause no wages or fringe benefits were provided in the PREP positions, the full value of that output
went to the public (and nonprofit) agencies that employed GAIN participants, and thus to taxpayers as well;
at the same time, this output is neither a gain nor a loss from the perspective of the government budget or the
welfare sample.

Effect
Increase in earnings

Government
Welfare
Budget and
Sample
Taxpayer
Pers~ective Persuectives

+

0

Societal
Pers~ective

+

Increase in income
tax payments
Reduction in AFDC
payments
Net cost of
employmentrelated services

A welfare-to-work program might also produce net gains from the welfare sample, government budget,
and taxpayer perspectives simultaneously, or net losses from all three perspectives." When the
results are mixed (i.e., positive from some perspectives but not from others), an overall assessment
of the program's merits depends upon one's willingness to value one perspective more highly than the
others. Some will consider a program that increases the income of welfare recipients to be successful,
even if taxpayers and the government budget realize some net loss. Others may judge a program as
successful only if it produces budgetary savings.

The final perspective, the perspective of society as a whole, combines the perspectives of the
welfare sample and taxpayers (and the government budget). For a given component in the analysis,
a net gain to society occurs only when a gain to one group is not at the expense of another group. For
example, earnings gains for experimentals represent a gain to the welfare sample without affecting
taxpayers; thus, they are counted as a net gain to society. Net losses to society occur when what is
a loss from one perspective is not a benefit from another. For example, the net costs of services
represent a loss to the taxpayers and government budget but do not affect welfare recipients. Program
effects that constitute a net gain from one perspective but a net loss from another (such as AFDC
savings) have no financial consequences from the social perspective - these effects, which represent
a transfer from one group in society to another, simply cancel each other out. Thus, 'from the
standpoint of society, a welfare-to-work program such as GAIN would be judged successful in benefitcost terms if it produced earnings gains for the welfare sample (these do not affect the government

"A welfare-to-work program will produce net gains from all three perspectives when earnings gains
exceed the reductions in transfer payments and increases in taxes (a net gain from the perspective of the
welfare sample), and the reductions in transfer payments and administrative costs, combined with increased
tax revenues, exceed the net cost of providing employment-related services (a net gain from the perspectives
of taxpayers and the government budget). It is also possible for a program to produce net losses from all three
perspectives (e.g., when welfare savings plus tax increases exceed earnings gains, but net costs are higher
still).

budget or taxpayers) and savings in transfer payment administrative costs (these do not affect welfare
recipients) that together exceed the net cost of services.12 It should be noted that, when adopting the
social perspective, one assumes that the "value," or importance, of a dollar lost by one group is
equivalent to that of a dollar gained by another group, which may or may not be a valid assumption.
Some limits on the comprehensiveness of the benefit-cost analysis should also be recognized.
In particular, the estimates below do not take into account possible displacement of other workers by
any increased employment of experimentals or the clear but difficult-to-monetize benefits associated
with society's preference for work over welfare. As is typical in benefit-cost analyses, certain effects
cannot be quantified, and long-run effects cannot be gauged precisely.

11.

Proeram Effects (Benefits) for the Full Samole of AFDC-FGs

A. Earnings
Chapter 4 showed that the GAIN program led to increased work and earnings by AFDC-FG
experimentals (compared to the control group) during a three-year follow-up period. The earnings
impacts ranged from small in Los Angeles to large in Riverside. Table 7.1 presents the net present
value of earnings gains over the entire observation period, which, as discussed above, included at least
a year of additional follow-up (beyond year 3) for most of the sample.I3 As the table shows, the
earnings gain was $2,161 per experimental (in 1993 dollars) for all six counties combined, ranging
from $388 in Los Angeles to $4,317 in Riverside.14
Fringe benefits - in the form of employer-paid health and life insurance, pension contributions,
and worker's compensation associated with these earnings - were part of sample members' total
compensation from working, and are included in the analysis. Using published data, these were
estimated at the rate of 14.8 percent of wages." Thus, for all six counties combined, the average

I2Society also benefits from increased output from employees in unpaid work experience jobs.
''~ables 7.1 through 7.4, like the cost and impact tables, show experimental-controldifferences as positive
when the mean value for experimentals exceeds the mean value for controls and as negative when the control
mean is higher. Tables 7.5 through 7.10, which incorporate the four analytical perspectives, use a different
format for displaying benefit-cost results. In these tables, an effect has a positive value if it represents a net
gain from the perspective in question and a negative value if it represents a net loss. Therefore, the same
effect will appear positive in some tables and negative in others.
''Earnings gains and reductions in AFDC and Food Stamps are discounted and expressed in 1993 dollars.
Although not shown in any table, experimental-control differences in these measures differ from the value of
impacts displayed in earlier chapters, even for the three-year follow-up, because of these transformations.
15U.S. Bureau of the Census, 1993, p. 430. The estimated value of fringe benefits was calculated as a
ratio of the combined costs of employer-provided life and health insurance, retirement and pension accounts,
and worker's compensation to the combined costs of regular wages, paid leave (e.g., vacation and sick days)
and other benefits, which include severance pay, and supplemental (employer-provided) unemployment
benefits. (Payments for leave time are captured directly by the earnings data and thus are not counted as a
fringe benefit in this analysis.) The numerator in this ratio represented 12.0 percent of employer costs in
1992, whiie the denominator represented 81.1 percent. Dividing the second term into the first yields the
fringe benefit rate of 14.8 percent used in this analysis. Legally mandated employer contributions for Social
Security and Medicare were treated as taxes and were included later in the analysis.

TABLE 7.1
ESTIMATED EXPERIMENTAL-CONTROL DIFFERENCES IN EARNINGS. FRINGE BENEFITS.
AND PERSONAL TAXES PER AFDC-FG EXPERIMENTAL FOR THE OBSERVATION PERIOD
(IN 1993 DOLLARS)
Component of Analysis

Alameda

Butte

Los Angeles

Riverside

- San Diego

Tulare

1863

2948

388

4317

2656

794

276

436

57

639

393

117

2139

3385

446

4956

3049

91 1

Personal taxes
Social Securii payroll tax (b)
Federal income tax
State income tax
State sales and excise tax

142
35
22
19

226
114
29
30

30
-45
-9
-16

330
-98
13
36

201
47
24
25

62
-0
-1
16

Total taxes

217

398

-40

282

296

77

1205

1229

4396

5508

8219

2234

Earnings
Fringe benefits (a)
Total earnings and fringe benefits

Sample slze

-

---

g277

SOURCE: MDRC calculations from the State of California Unemployment Insurance (UI) earnings and benefits records, and from published data on tax rates
and employee fringe benefits. The end of the observation period was June 1993 for all outcome measures.
NOTES:

Estimates reflect discounting and adjustment for inflation.
Differences are regression-adjusted using ordinary least squares, controlling for pre-random assignment characteristics of sample members
Tests of statistical significance were not performed.
Rounding may cause slight discrepancies in calculating sums and differences.
In the all-county averages, the results for each county are weighted equally.
(a) These include employer-paid health and life insurance, pension contributions, and workers' compensation.
(b) Employee portion only.

increase of $2,161 per experimental plus an additional $320 in fringe benefits yielded an average
increase in total work-related compensation of $2,481 per experimental during the observation period.

B. Tax Pavments
Since GAIN produced an increase in earnings, there were corresponding effects on federal and
state income taxes, payroll taxes, and state sales and excise taxes. Tax rates and rules for 1991,
including the Earned Income Tax Credit (EITC),'~were applied to an appropriate income base to
impute taxes from earnings and other income."
The estimated increases in taxes paid by
experimentals during the observation period are shown in Table 7.1. Total taxes increased by $205
per experimental for the six counties combined. Social Security and Medicare payroll taxes accounted
for most of the tax increase. Employers pay an "employer's share" of these payroll taxes, which
matches the rate paid by their employees. Therefore, the same increase in these payments by
employers ($165 per experimental for the six counties) was estimated for the analysis (but is not
included in Table 7. I).'* Interestingly, GAIN had practically no effect on the level of federal income
taxes paid by experimentals despite their earnings gains. That is because many experimentals and
controls owed no federal income taxes once the value of standard deductions and exemptions was
subtracted from their taxable income. Experimentals also received larger EITC tax subsidies than
controls, which further offset potential tax increases.19

C. Transfer Pavments
As described in Chapter 4, GAIN produced relatively large savings in AFDC and much smaller
savings in Food Stamps during the common three-year follow-up. The benefit-cost analysis estimates

16TheEarned Income Tax Credit (EITC) is a credit against federal income taxes for taxpayers with annual
earnings below a threshold level. As with other tax credits, each dollar of EITC reduces by a dollar the taxes
owed. Eligible persons can receive EITC as a payment from the government if they owe no federal income
taxes. Schedule Z EITC rates for 1991 were used in this analysis. For 1991, only taxpayers with dependent
children and whose earnings ranged from $1 to $21,250 were eligible for EITC. Taxpayers who had two or
more children and who earned between $7,140 and $11,250 received the maximum value of EITC, $1,235;
those with only one child received up to $1,192. Taxpayers eaming between $1 1,250 and $21,250 received
a progressively lower value of EITC. Not all eligible taxpayers receive EITC. The EITC "take-up" rate was
set at 70 percent based on findings from Scholz, 1994, and subsequent conversations with the author. The
rate was applied to all sample members. That is, each sample member's earnings were used to calculate the
value of EITC that she would have received; that amount was then multiplied by .7.
"~otal earnings were used in computing federal and state income taxes for every sample member.
Unemployment Insurance compensation was included in the base amount used in calculating federal but not
state income taxes (since those benefits are not counted as taxable income under California income tax rules).
The combined income from earnings, AFDC payments, and Unemployment Insurance compensation was used
in calculating sales and excise taxes.
The estimation of federal and state taxes used 1991 tax rates, exemption amounts, and Earned Income
Tax Credit rules, since that year was about midway in the 1988-1993 period of data collection for the earnings
and AFDC data analyzed in this report (see Table 1.1).
ls~mployercontributions do figure in the benefit-cost results from the perspective of the government
budget. See Table 7.6.
19GNN increased the amount of money received through the EITC by an estimated $1 18 per experimental
for all six counties combined. The range was from $35 in Los Angeles to $266 in Riverside.

the effects of GAIN on these two transfer payments over five years and also considers its effects on
Unemployment Insurance benefits, Medi-Cal payments, and the costs of administering these four
transfer programs. This section discusses benefit-cost results during the observation period. As
before, experimental-control differences are expressed in 1993 dollars and discounted to the end of
quarter 5 to reflect a forgone opportunity to invest.
As shown in Table 7.2, the GAIN program realized savings in AFDC in all counties except
Tulare during the observation period. AFDC savings averaged $1,264 in the six counties combined
and ranged from $946 in Alameda to $2,557 in Riverside, while Tulare produced a small net increase
($42) to experimentals. Observed savings in Food Stamps averaged $131 across the six counties. As
shown in Chapter 4, four counties realized savings - here, ranging from $182 in San Diego to $316
in Los Angeles. Compared to controls, experimentals averaged slightly higher levels of Food Stamp
receipt in Alameda and Tulare.
Differences in unemployment compensation were measured using Unemployment Insurance
records data. The overall experimental-control difference reported in Table 7.2 indicates that these
payments increased by a small amount ($17 per experimental for the six counties during the
observation period). Experimental-control differences in average Medi-Cal payments were imputed
on the basis of observed differences in AFDC receipt and earnings, rules goveniing Medi-Cal
eligibility, and published data on average Medi-Cal payments made to all eligible individuals. An
individual on AFDC is automatically entitled to receive Medi-Cal and, under certain circumstances,
is eligible to receive Transitional Medi-Cal for 12 months after leaving the AFDC rolls for
emp~oyment.~~
The analysis estimates experimental-control differences for AFDC-related and Transitional
Medi-Cal and then combines these effects into a single estimate of Medi-Cal savings. Imputing the
value of Medi-Cal payments for AFDC recipients involves several steps. First, one estimates the
average value of Medi-Cal dollars paid on behalf of the sample member's AFDC case during a typical
month of Medicaid eligibility. This average is calculated by multiplying the average Medi-Cal monthly
payment for a single adult or child on AFDC by the number of adults and children on the sample
member's case (as recorded at orientation). (The analysis used county-specific averages, which ranged
from $59.40 in Tulare to $73.71 in Los Angeles during 1992.)~' This average is then multiplied by
the total number of months of AFDC receipt for each sample member, resulting in an estimate of total
Medi-Cal expenditures for the observation period. Finally, the experimental-control difference in total
payments is calculated. A similar strategy was used to estimate GAIN'S effects on Transitional Medical payments.22

"Estimates of the value of Transitional Medi-Cal for the entire follow-up are based on eligibility rules
in effect since April 1990. Former AFDC recipients and their families can receive up to 12 months of
Transitional Medi-Cal if they lose AFDC eligibility because of increased earnings, increased hours of
employment, or loss of earnings disregards.
"These averages were calculated from data in California Department of Health Services, Ca1ifomia8s
Medical Assistance Program. Annual Statistical Report, Calendar Year 1992. Tables 21 and 23.
=.4mong the rules for determining eligibility for Transitional Medi-Cal is the basic requirement that a
person receive earnings high enough to terminate her AFDC eligibility. (At the same time, a person would
not be eligible for Transitional Medi-Cal if her gross monthly earnings less necessary child care costs
(continued.. .)

TABLE 7.2
ESTIMATED EXPERIMENTAL-CONTROL DIFFERENCES I N TRANSFER PAYMENTS
AND ADMINISTRATIVE COSTS PER AFDC-FG EXPERIMENTAL FOR M E OBSERVATION PERIOD
(IN 1993 DOLIARS)
-.

Type of Payment or Cost

Alameda

Butte

Los Angeles

Riverside

--

San Diego

-

.-

~

Tulare. A l l Counties-

Transfer payments
AFDC
UI compensation
Food Stamps
Medi-Cal (while on AFDC)
Transitional Medi-Cal
Total
Administrative costs
AFDC
UI compensation
Food Stamps
Medi-Cal (while on AFDC)
Transitional Medi-Cal
Total
Sample size
SOURCE: MDRC calculations from AFDC and Food Stamps payments records, the State of California Unemployment Insurance (Ub earnings and
benefits records, and published data on transfer payments and administrative costs. The end of the 0bSe~ationperiod was June 1993 for all outcome
measures.
NOTES:

Estinates reflect discounting and adjustment for inflation.
Differences are regression-adjusted using ordinary least squares, controlling for pre-random assignment characteristics of sample members
Tests of statistical;ignificancevdere not p&formed:
Roundina mav cause sliaht discre~anciesin calculatina sums and differences
In the alcco;nty averages, the resultsfor each county-are weighted equally.

As indicated in Table 7.2, the program achieved overall savings in Medi-Cal (regular and
Transitional) of $231 for the six counties combined. All counties except Tulare spent fewer Medi-Cal
dollars on experimentals during the observation period, with savings in the five counties ranging from
$171 in Butte to $442 in Riverside. As expected, experimentals received somewhat higher levels of
Transitional Medi-Cal on average, reflecting their gains in earnings as well as decreases in their AFDC
receipt.
Combining average savings in AFDC, Food Stamps, and Medi-Cal with the small increase in
average Unemployment Insurance benefits yielded an average savings in transfer payments of $1,610
for the six counties. Individual county averages ranged from a net increase of $180 in Tulare to a
savings of $3,217 in Riverside. The other four counties achieved savings in transfer payments of more
than $1,000 per experimental. These savings, in turn, decreased the costs of administering transfer
payments by an average of $139 per experimental. GAIN's effects on transfer program administrative
expenditures were estimated based on differences in use of the transfers and on information about state
and federal program costs.23 (See Table 7.2.)

D. Future Effects
Thus far, only program effects during the observation period have been considered. However,
as discussed above, these effects almost certainly will last beyond this period, an expectation that
should be taken into account in the analysis. Effects are consequently projected for each sample
member beyond what was actually observed, so that the measured and projected effects together cover
five years from the first quarter of the follow-up period (quarter 2). As discussed above, most sample
members have only a year or less of projected data, but the last cohort to enter the research has two
yeaxZ4
Projecting program effects entails calculating a base period estimate and then making an
assumption about how it will change in the future. This evaluation used data from each sample
member's last four quarters of available follow-up to estimate GAIN's base period effects.
Assumptions then had to be made about the future effect of the program through the end of the fiveyear period. The main assumption for this analysis was simply that GAIN's impacts on earnings will
neither increase nor decrease during the projection period. This is a reasonable assumption, first,
because it is the pattern suggested by the early cohort analysis presented in Chapter 4: In all counties,

22(...continued)
exceeded 185 percent of the federal poverty level. However, this requirement was not considered in the
analysis because most sample members earned less than that amount.) Because only quarterly earnings were
available for the analysis, it was assumed that a sample member had met the earnings requirement in all three
months of a calendar quarter if her earnings were at least three times the minimum level that, in a single
month, would close her AFDC case.
23Combinedfederal, state, and local administrative costs for each of the four transfer payments were
estimated as a percentage of the value of the payments, i.e., by dividing total administrative costs by total
payments. The estimated percentages were 8.4 (AFDC), 13.9 (Food Stamps), 11.2 (Unemployment Insurance
benefits), and 6.92 (Medi-Cal). Data for calculating these measures were obtained from tables in U.S.
Department of Health and Human Services, 1994, and U.S. Congress. House Committee on Way and Means,
1993, and communications with administrators in the U.S. Department of Labor, California Regional Office.
24Samplemembers randomly assigned prior to July 1988 had observed data through quarter 21.

the early cohort had quite similar or growing impacts on earnings in the quarters following the threeyear common follow-up period (see Figure 4.2). Furthermore, some earlier studies of employment
programs for welfare recipients have documented such a pattern and, in some cases, have indicated
that program effects can actually increase over time."
However, for AFDC payments, the analysis assumed that GAIN's impacts will decline in the
future by about 15 percent per year. This, too, was based on the patterns observed for early cohorts
in each county, as discussed in Chapter 4. For other outcomes, either no decay (i.e., diminution of
impacts) or a 15 percent decay rate was assumed, depending on whether the type of outcome is related
more to earnings or to AFDC payments. Thus, for Unemployment Insurance benefits and taxes, an
assumption of zero decay was made, while for F d Stamps and Medi-Cal, a 15 percent decay rate
was applied.
The resulting estimates are presented in Table 7.3. The values of all program effects - both
observed and projected - have been discounted at a 5 percent real annual rate and adjusted for
inflation to reflect 1993 dollars. For all six counties combined, the projected effects, compared to the
observed effects, represent a much smaller share of the five-year effects (e.g., about one-quarter for
earnings). However, projected earnings gains exert a bigger influence on the five-year totals in
Alameda and Tulare, primarily because earnings gains in these counties showed up late in the
observation period. Moreover, sample members in these counties averaged fewer quarters of observed
data.
The projected effects do, of course, add some uncertainty to the overall five-year estimates.
However, as Table 7.4 shows, making even more extreme assumptions about decay rates (e.g., up to
40 percent per year) would not change the five-year estimates by very much. Consequently, which
assumption is used would also not have much effect on the other outcomes (e.g., taxes and Medi-Cal)
that are linked to these measures.

111.

Conmarine Benefits and Costs for the Full AFDC-FG Samule

Tables 7.5, 7.6, and 7.7 and Figure 7.1 summarize GAIN's monetary effects from the welfare
sample and government budget perspectives. The analysis defines experimental-control differences
as gains (indicated by positive values) and losses (indicated by negative values). Results are then
added together to produce an estimate of net present value of the GAIN program from the perspective
in question. As indicated earlier, all estimates for society as a whole constitute the sum of the results
for the welfare sample and taxpayer perspectives (the latter includes the government budget
perspective). All results cover a five-year period, are discounted and expressed in 1993 dollars, and
reflect the assumption of no decay for earnings-related impacts and a 15 percent per year decay rate
for AFDC-related impacts during the projection period.

=For examples, see the evaluation of the National Supported Work Demonstration (Masters and Maynard,
1981); the evaluation of a WIN job search program in Louisville, Kentucky (Wolfhagen, 1983); the evaluation
of longer-tern impacts of Options, a welfare employment program in Baltimore, Maryland (Friedlander,
1987); and the evaluation of longer-term impacts of the Arkansas WORK Program (Friedlander and Goldman,
1988).

TABLE 7.3
GAIN'S ESTMATED EFFECTS O N BENEFIT VARIABLES DURING THE OBSERVATION PERIOD.
PROJECTION PERIOD. AND WITHIN FIVE YEARS AFTER ORIENTATION. PER AFDC-FG EXPERIMENTAL
(IN 1993 DOLLARS)
-.

.

4
I

-

....

Observation Period (a)

Earnings
Fringe benefits
Pa roll taxes
Zmp~oyeeportion
Employer portion
Incane and sales taxes
AFDC payments
Food Stamps
UI compensation
Total Medi-Cal
Transfer program
administratton
1

---

~

~~~

~

.

.
,

~

.

~

~

~

~

-

-

5-Year Total
(ObservedcP~~ted)

Projection Base
.
. (b)

Projected Amount

1863
276

195
29

990
147

2853
422

142
142
76
-946
58
15
-295

15
15
15
-105
2
4
-36

75
75
72
-504
-2
25
-172

217
217
148
- 1450
56
40
-467

-go

-11

-52

-142

2948

270

620

3568

_

_

_

~~

~

~~

Butte
Earnings
Fringebenefts
Pa rolltaxes
&ployee portion
Employer portion
lncme and sales taxes
AFDC payments
Food Stamps
UI compensation
Total Medi-Cal
Transfer program
administration

-

Los Angeles
Earnings
Fringe benefts
Pa roll taxes
Zmployee portion
Employer portion
lncme and sales taxes
AFDC payments
Food Stamps
Ul compensation
Total Medi-Cal
Transfer program
administration
-

-

Projection Period

County-~
and Benefit Variable
Alameda

--

-199
(continued)

~

p

TABLE 7.3 (continued)
--

--

-

ProjectionPeriod
County and Benefit Variable

--

Observation Period (a)

5-Year Total
(Obse~ed+Projected)
-.
- ..

- Projection Base (b)

Riverside
Earnings
Fringe b e n e k
Payrolltaxes
Employee portion
Employer portlon
Income and sales taxes
AFDC payments
Food Stamps
UI compensation
Total Medi-Cal
Transfer program
administration
San Dieqo

,
N

P

m
I

Earnings
Fringe benef'ns
Payroll taxes
Employee portlon
Employer portion
Income and sales taxes
AFDC payments
Food Stamps
UI compensation
Total Medi-Cal
Transfer program
administration

Earnings
Fringe benefits
Payroll taxes
Employee portion
Employer portion
lncane and sales taxes
AFDC payments
Food Stamps
UI compensation
Total Medi-Cal
Transfer program
administration
--

-163

.--

-171

-5

-8

794
117

190
28

868
128

1662
246

62
62
15
42
112
-36
61

15
15
-2
-58
-1
-6
-10

67
67
-3
-273
-13
-33
50

129
129
12
-231
99
-69
11

-6

-32

-13

19

-

.... -~

~~~

(continued)

TABLE 7.3 (continued)

SOURCE: See Tables 7.1 and 7.2.
NOTES:

Estimates reflect discounting and adjustment for inflation.
Estinates are regression-adjusted using ordinary least squares, controlling for pre-random assignment characteriitics of sample members
Tests of statistical significance were not performed.
Rounalng may cause sllght dlscrepanc~esIn calculat~ngsums and o~fferences
records. Unem~lovment
nsurance (U)
(a) The end of the ooservatlon per~odwas June 1993 for AFDC .Davments
.
,
.
. . benelts records. Unemplovrnent
. .
Insurance (UI) earnings records, ~ e d i - ~ aand
l , Food Stamps.
(b) For each sample member, the projection base period estimate for a given outcone measure is the quarterly average of the estinates for the last
four quarters of available follow-up. Program effects observed during this base period are multiplied by a projection factor to estimate benefits from the end of
the observation period to the end of year 5. The projectionfactor for earnings and related variables assumes that GAIN's effects observed in the base period
continue for the remainder of the five-year period without decaying. The projection factor for AFDC and related variables assumes that GAIN's effects decline by
15 percent per year after the end of the observation period.

TABLE 7.4
PROJECTED FIVE-YEAR IMPACTS OF GAIN ON SELECTED OUTCOME MEASURES FOR AFDC-FG REGISTRANTS.
ASSUMING ALTERNATlVE RATES OF DECAY (IN 1993 DOLLARS)
~~

Measure and County

I

N
VI

o
I

- -~~
~

~~

0% De-my Rate

15% Decay Rate

22% Decay Rate

Earninas
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

2853
3568
479
5008
2824
1662

n/a
nla
nla
nla
nla
nla

2704
3506
474
4939
2820
1537

2552
3438
466
4864
2815
1409

Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

-1516
-1624
-1476
-2807
-1552
-269

- 1452
-2788
1548
-231

-1429
-1602
-1444
-2782
- 1546
-219

- 1339
- 1579

55
-191
-432
-303
-186
96

56
-192
-421
-301
-186
99

56
-192
-417
-301
-187
100

58
-193
-401
-299
-187
703

- 1450
- 1607
-

40% DecayRate_

-1410
-2755
- 1539
-170

Food Stamps

Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

SOURCE: See Tables 7.1and 7.2.
NOTES:

Estinates refkct discounting and adjustment for inflation.
Impacts are regression-adjusted using ordinary least squares, controlling for pre-random assignment characteristics of sample members
Tests of statistical significance were not perfoned.
Base period estinates are projected from the end of the observation period through the end of year 5.

~

A. Results from the Perspective of the Welfare Sample
Table 7.5 and Figurz 7.1A present the benefit-cost results from the perspective of the welfare
sample. It should be remembered that these results represent experimental-control differences in
earnings and fringe benefits, taxes, and transfer payments. As discussed earlier, one estimates GAIN'S
net present value from the perspective of the welfare sample by subtracting the combined value of tax
increases and savings in transfer payments from the value of earnings gains and increased fringe
benefits. As Table 7.5 and Figure 7.1A show, GAIN experimentals - with the exception of those
in Los Angeles - experienced a net financial gain as a result of the program, averaging $923 per
experimental for the six counties combined over the five-year period (The average net gain equals
$1,420 when Los Angeles is excluded.) In Los Angeles, experimentals' losses in transfer payments
(especially in AFDC) exceeded their earnings increases and, as it turns out, a small decrease in taxes
compared to controls, producing an overall negative net present value of -$1,561.
In all other
counties, experimentals realized an average gain of between $948 in San Diego to $1,900 in Riverside.
It is noteworthy, however, that in Tulare, this positive result was achieved with a smaller earnings
increase and a smaller reduction in AFDC payments compared to the other counties. In contrast,
Riverside's results, compared to all of the other counties, reflect both a large increase in earnings and
a large reduction in welfare payments - in other words, a greater substitution of work for welfare.
One can also express these results in terms of the net gain or loss for experimentals for every
net public dollar invested to provide them with employment-related services. This is calculated by
dividing the net present value for the welfare sample by the government's net costs (see Table 7.6).
This measure, net gain or loss (net present value) per net dolhr invested, presented in Table 7.5,
indicates by how much experimentals were made financially better off (if at all) for every dollar
invested in services for them above and beyond the cost of services received by controls. At the fiveyear mark, Riverside's program produced $1.19 in net gains for experimentals for every dollar of net
public costs. Three other counties - Butte, San Diego, and Tulare - produced between $.SO and
$.58 in net gains for experimentals per dollar of net costs. Alameda's experimentals gained $.I9 per
net dollar invested. As noted above, experimentals in Los Angeles incurred a net loss. Across the six
counties, the GAIN program produced gains for experimentals averaging $.27 per net dollar invested.
It should be remembered that the GAIN program will likely produce earnings gains for experimentals
beyond year 5. Therefore, the ratio of net present value to net costs should become more positive.

B. Results from the Perswctive of the Government Budget
From the perspective of the government budget, the story is mixed, as Table 7.6 and Figure
7.1B
In Alameda, Los Angeles, and Tulare, net costs incurred by the government exceeded
savings in transfer payments and tax gains by a substantial amount, resulting in large net losses per
experimental. Average net present values in these counties ranged from -$3,442 to -$2,261. The
losses in Alameda and Los Angeles in particular reflect the comparatively high net expenditures on
employment-related services per experimental. (See Chapter 3 for a full discussion of costs.) On the
other hand, Riverside's GAIN program combined comparatively low net costs with relatively large
budgetary savings and tax gains, producing a substantial net gain for the government budget ($2,936).

26Theanalysis does not include the experimental-control difference in transitional child care payments.
However, the examination of available payments data suggests that very few experimentals or controls
received these payments.

TABLE 7.5
FROM THE PERSPECTIVE OF THE WELFARE SAMPLE:
ESTIMATED MONETARY GAINS AND LOSSES PER AFDC-FG WERIMENTAL
WITHIN FIVE YEARS AFTER GAlN ORIENTATION (IN 1993 DOLLARS)
-. ...

Component of Analygssi-

Alameda

Butte

Los Angeles

2853
422

3568
528

479
71

5008
74 1

1662
246

3275

4096

550

5749

1908

44
-1452
-421
16
-298

-356
-2788
-301
88
-492

-141
-231
99
-69
11

-2110

-3850

-331

Gains
Earnings
Fringe benefits (a)
Total
Losses
Tax payments
AFDC payments
Food Stamps
UI compensation
Total Medi-Cal
Total

-364
-1450
56
40
-467
-2185

-533

- 1607
-192
12
-192
-2512

Net gain or loss
(net present value)
Net gain or loss (net present
value) per net dollar invested
in GAlN and non-GAIN
activities and services (4

Riverside - - San Diego

1577

1900

0.19 per51

0.55 per $1

-0.27 per $1 -

1.19 per51

Tulare

_--

0.50 per $1

0.58 per $1

0.27 per $1

SOURCE: See Tables 7.1 and 7.2.
NOTES:

Estinates reflect discounting and adjustment for inflation.
Differences are regression-adjusted using ordinary least squares, controlling for pre-random assignment characteristics of sample members.
Tests of statistical significance were not perfoned.
Rounding may cause slight discrepancies in calculating sums and differences.
In the all-county averages,the results for each county are weighted equally.
ResulO; include estimates of projected program effects beyond the observation period (see Table 7.3)
(a) These include employer-paid health and life insurance, pension contributions, and workers' compensation. Paid leave is captured directly by the
earnings estimate. Employee-paid Social Security and Medicare taxes are included as tax payments.
(b) The net present value per net dollar invested in GAlN and non-GAIN activities and services is computed by dividing the net present value by the
net cost of GAlN and non-GAIN activities and services.

FIGURE 7.1
GAIN'S BENEFIT-COST RESULTS FROM THE WELFARE SAMPLE AND
GOVERNMENT BUDGET PERSPECTIVES FOR AFDC-FGs
WITHIN FIVE YEARS AFTER ORIENTATION (IN 1993 DOLLARS)

I

A. From the Welfare Sample Perspective
Net Gain,

Net Loss,
Alameda

I

Butte

Los Angeles Riverside San Diego

Tulare

All Counties

B. From the Government Budget Perspective
N e t Gain,

-4OW

I
Alameda

Butte

I

SOURCE AND NOTES: Table 7.7.

Los Angeles Riverside San Diego

Tulare

All Counties

TABLE 7.6
FROM THE GOVERNMENT BUDGET PERSPECTIVE:
ESTIMATED MONETARY GAINS AND LOSSES PER AFDC-FG EXPERIMENTAL
WITHIN FIVE YEARS AFTER GAlN ORIENTATION (IN 1993 DOLLARS)

Component of Analysis
Gains
Payroll taxes (a)
Income and sales tax
AFDC payments
Food Stamps
UI compensation
Total Medi-Cal
Transfer administration
Total

I

N
VI

Losses
Net cost of GAlN and nonGAIN activities and services

Alameda

Butte

433
I48
1450
-56
-40
467
142

546
260
1607
192
-12
192
174

2543

2958

-5597

Los Angeles

-,

-Riverside

Sari Diego

Tulare

All Counties

-2904
--

c.
I

Net gain or loss
(net present value)
-3054
Return to budget per net dollar
invested in &IN and non-GAIN
activiies and services (b)
0.45 per $1

54
1.02 per $1

0.41 per $1

2.84 per $1

1.40 per $1

0.17 per$l

SOURCE: See Tables 3.5,7.1. and 7.2
Estmates reflect discounting and adjustment for inflation.
Differences are regression-adjusted using ordinary least squares, controlling for pre-random assignment characteristics of sample members.
Tests of statistical significance were not performed.
Rounding may cause slight discrepancies in calculating sums and differences.
In the all-county averages, the results for each county are weighted equally.
Results include estimates of projected program effects beyond the observation period (see Table 7.3).
(a) Payroll taxes include employer- and employee-paid Social Security and Medicare taxes.
(b) The return to budget per net dollar invested in GAlN and non-GAIN activities and services is computed by dividing total savings
and tax increases by the net cost of GAlN and non-GAIN activities and services.
NOTES:

0 . 7 6 ~ e$1
r

San Diego achieved a modest net gain ($767), and Butte's GAIN program did slightly better than break
even. On average, across the six counties, the GAIN program incurred a net loss to the government
budget of $833.
One can also consider the cost-effectiveness of the GAIN program from the standpoint of the
government budget by estimating the value of budgetary savings and tax increases per dollar of
investment (i.e., per dollar of net costs). This measure is called return to budget per net dollar
invested and is presented in Table 7.6. One calculates GAIN'S renrrn to budget by adding together
gains in taxes and savings in transfer payments and associated administrative costs and then dividing
this total by total net costs of services (both GAIN and non-GAIN). According to this measure,
government budgets come out ahead if the program produces more than a dollar's worth of additional
revenues and savings for each additional dollar spent on employment-related services to experimentals
(compared to controls).
As seen in Table 7.6, Riverside's program produced $2.84 in increased revenues and savings
for every additional dollar spent on experimentals (beyond the control group average), a substantial
return to the budget.27 The GAIN program in San Diego ($1.40) also returned considerably more
than a dollar in revenues and savings, while Butte's program essentially caused the government to
break even ($1.02). On the other hand, Alameda, Los Angeles, and Tulare returned less than $SO
per dollar of net costs; and the six counties on average returned $.76. (It should be noted that a return
of less than one dollar per dollar invested is equivalent to a negative net present value from the
government budget perspe~tive.)'~
Once again, it should be noted that these benefit-cost results are estimated over a five-year
period. It is likely that the net present values will improve in future years, although, even using
relatively optimistic assumptions, the GAIN programs in Alameda, Los Angeles, and Tulare will
probably not break even. (See Section IV.) One should also remember that these estimates assume
that no displacement occurred as a result of employment gains for experimentals. As previously
discussed, including a displacement effect would lower the net present values from the government
budget perspective. (However, one would have to assume quite large displacement effects, and that
a large proportion of those displaced received AFDC and other government transfers, for the positive
government budget effects in Riverside and San Diego to become negative. In contrast, the "breakeven" result in Butte could become negative with relatively modest assumptions about displacement.
In the other three counties, displacement effects would not change the qualitative conclusions of this
analysis, i.e., that GAIN resulted in a net loss from the government budget perspective.)

"The ratio of $2.84 returned per net dollar invested is calculated by dividing the $4,533 in combined
savings in transfer payments and administrative costs plus tax increases by the $1,597 in net costs of GAIN
and non-GAIN services to experimentals. The SWIM program, by comparison, returned $2.34 per dollar
invested.
"When calculating net present value from the government budget perspective, net costs are subtracted
from combined revenue increases and savings in transfer payments and administration. In net return to budget
calculations, these gains are divided by net costs. Therefore, when net costs exceed gains, net present value
will be less than zero and net return to budget will less than $1. Net return to budget will be less than zero
dollars when impacts are negative: i.e., when experimentals earn less on average than controls (and pay less
in taxes) and receive more in AFDC and other transfer payments.

C. Results from the Perspective of Taxpavers and Societv as a Whole
The results from the taxpayer perspective are almost identical to those of the government
budget. As discussed earlier in the chapter, taxpayers (i.e., defined for this analysis as everyone else
in society other than the welfare sample), realized mostly the same benefits as the government budget.
However, they received an additional gain from increased output from experimentals employed in
unpaid work experience (PREP) jobs. On the other hand, they benefited less from increased payroll
taxes. Although a precise value of output from PREP could not be estimated with the data available
for this study, a reasonable approximation places it close to zero in Los Angeles, Riverside, and
Tulare, because of its very limited use by sample members in this study (see Chapter 2). The
experimental-control difference in value of output was somewhat larger in Alameda ($77), Butte ($86),
and San Diego ( $ 1 4 9 ) . ~The
~ smaller value of payroll tax increases offset these small gains, yielding
results similar to those from the government budget perspective. These results are shown in Table 7.7.
Table 7.7 also presents the final benefit-cost results from the societal perspective. Once again,
benefits accrued to society through earnings gains, savings in transfer program administration, and
increased output from PREP jobs. All other effects represent gains from one perspective and losses
from the other, resulting in no effect for society as a whole. Averaging the results across all six
counties, the net present value of the program to society as a whole (the sum of taxpayer and welfare
sample gains) was slightly below the break-even point. As previously discussed, this assumes that a
dollar lost by one group has the same value as a dollar gained by another group, and that GAIN caused
no displacement effects. Also, it should be remembered that, in the future, there should be a net gain
from the societal perspective because of continued earnings gains for experimentals.
Although the six-county average suggests that society neither gained nor lost as a result of the
GAIN program, results for individual counties differed dramatically. Riverside and San Diego posted
net gains for both the welfare sample and taxpayers. Combining these effects yields positive net
present values for society of $4,458 and $1,649, respectively. Butte also produced a net gain from
the societal perspective ($1,452), although a small loss for taxpayers. At the other end of the
spectrum, Los Angeles produced net losses from each perspective which, when combined, resulted in
a net loss from the societal perspective of $5,046. The other two counties - Alameda and Tulare achieved gains for the welfare samples but greater losses to taxpayers and the government budgets.
These effects partially offset each other, resulting in an overall loss from the societal perspective of
$819 in Tulare and $2,103 in Alameda.

D. Results for AFDC-FG Registrants Determined Not to Need Basic Education
In general, the GAIN program produced larger gains for experimentals determined not to need
basic education than for those determined to need basic education (see Table 7.7 and Figures 7.2 and

2 9 ~ hexperimental-control
e
difference in the value of output from work experience jobs was estimated by
multiplying the difference in average number of months in work experience by $286.33, the estimated average
value of output per month in work experience. The second term was calculated in part from data from a
survey for work experience participants in the San Diego SWIM program and their employers. It was assumed
that the average GAIN experimental or control employed in a work experience job worked 59.1 hours per
month, received the minimum hourly wage ($4.25) plus fringe benefits of 14.8 percent, and achieved a
productivity rate of 99.3 percent compared to other workers in these jobs.

TABLE 7.7
ESTIMATED NET GAINS AND LOSSES AND RETURN PER NET DOLLAR INVESTED PER AFDC-FG EXF'ERIMENTAL,
WITHIN FIVE YEARS AFTER GAIN ORIENTATION, BY BASIC EDUCATION SUBGROUP AND ACCOUNTING PERSPECTIVE (IN 1993 DOLLARS)

Accounting Perspective
County, Subgroup.
and 0utcom6 ~easure

Welfare Sample

--

Budget

Tayayer

S o x

--.
..

Alameda
Full sample
Net gain or loss
Return to budget per net dollar Invested
Net galn or loss per net dollar fnvested

I

U

-3054
0.45 per $1
nla

Registrants detenined not to
need basic education
Net gain or loss
Return to budget per net dollar invested
Net gain or loss per net dollar invested

5328
nla
0.74 per$l

Registrants detenined to
need basic education
Net gain or loss
~ e t u to
h budget per net dollar invested
Net gain or loss per net dollar invested

-1199
nla
-0.24 per $1

Full sample
Net gain or loss
Return to budget per net dollar invested
Net gain or loss per net dollar invested

1585
nla
0.55 per $1

Registrants determined not to
need basic education
Net gain or loss
Return to budget per net dollar invested
Net gain or loss per net dollar invested

4702
nla
1.54 per$l

Registrants detenined to
need basic education
Net gain or loss
Return to budget per net dollar invested
Net gain or loss per net~dollarinvested

-820
nla
__ -0.29 per $1

--3193
0.43 per $I
nla

-2103
nla
0.62 per $I

-6041
0.16 per$l
nla

-904
nla
0.87 per $1

-2011
0.60 per $I
"/a_-P

54
1.02 per $1
nla

-3955
-0.30 per $I
nla

4816
2.71 per$l
p
-

"/a

-

-133
0.95 per $1
nla

1452
nla
1.50 per $1

-4081
-0.34 per $I
nla

4476
2.59 per $1
n/a
~

621
nla
1.20 per $1

3656
nla
-

.

L??!o-E$1
(continued)

TABLE 7.7 (continued)

Accounting Perspective
County, Subgroup.
and Outcane Measure

Welfare Sample

Budget

--

tax pa ye^

~ ~ . .

%?@!--~.

Los Angeles

I

N

m
I

Full sample
Net gain or loss
Return to budget per net dollar invested
Net gain or loss per net dollar invested

-1561
n/a
-0.27 per $1

-3442
0.41 per$l
n/a

-3485
0.40 per $1
nla

-5046
n/a
0.13 per$l

Registrants determined not to
need basic education
Net gain or loss
Return to budget per net dollar invested
Net gain or loss per net dollar invested

-2826
nla
-1.12 per$l

2892
2.15 per$l
nla

2815
2.11 per$l
nla

-1 I
nla
I.OO per $1

-4755
0.26 per$l
nla

-4779
0.25 per$l
nla

-5941
nla
0.07 per $1

2936
2.84 per $1
nla

2559
2.60 per$l
nla

4458
nla
3.79 per $1

3235
nla
3.04 per $1

3576
4.36 per $1
nla

3093
3.90 per $1
nla

6328
nla
6.94 per $1

1111
nla
.- 0.56 per$?

2444
2.24 per $1
nla

2135
2.08 per $1
nla
-.

Registrants determined to
need basic education
Net gain or loss
Return to budget per net dollar invested
Net gain or loss per net dollar invested
Riverside
Full sample
Net gain or loss
Return to budget per net dollar invested
Net gain or loss per net dollar invested
Registrants determined not to
need basic education
Net gain or loss
Returnto budget per net dollar invested
Net gain or loss per net dollar invested
Registrants determined to
need basic education
Net gain or loss
Return to budget per net dollar invested
Net gain or loss per net dollar invested -

3246

2.65
~%Leper$!

(continued)

TABLE 7.7 (continued)

Countv. SubWOUD,
- .
and 0itcome Measure

Accounting Penpectivz

-

Welfare Sample

Budget

----

..

Taxpayer

Society

San Dieqo

I

N
,"

Full sample
Net gain or loss
Return to budget per net dollar invested
Net gain or loss per net dollar invested

948
nla
0.50 per $1

767
1.40 per $1
nla

Registrants determined not to
need basic education
Net gain or loss
Return to budget per net dollar invested
Net gain or loss per net dollar invested

2925
nla
3.30 per $1

2610
3.95 per $1
nla

Registrants determined to
need basic education
Net gain or loss
Return to budget per net dollar invested
Net gain or loss per net dollar invested

-

nla
-0.35 per $I

-

702
1.37 per $1
nla

0.72 per $I
nla

0.77 per$l
--nla

0.42
.
- pe~$!_

-619
nla
0.70 per $1

Full sample
Net gain or loss
Return to budget per net dollar invested
Net gain or loss per net dollar invested

1577
nla
0.58 per $I

-2261
0.17 per$l
nla

-2396
0.12 per$l
nla

Registrants determined not to
need basic education
Net gain or loss
Return to budget per net dollar invested
Net gain or loss per net dollar invested

673
nla
0.30 per$l

-2812
-0.24 per $I
nla

-2836
-0.25 per $I
nla

Registrants determined to
need basic education
Net gain or loss
Return to budget per net dollar invested
- Net gain or lossper net dollar invested

nla
0.77 per $1 ...

.-

1649
nla
1.86 per $1

0.30 per $1
.nla

-2288
0.23 per$l
~-~
nla

nla

-2163
nla
0.05 per $I

45
nla

LEPI'!
(continued)

TABLE 7.7 (continued)
.-

County. Subgroup.
and Outcome Measure

~.

-

Welfare Sample

-

~~

,

~

~

~

~-

Accounting Perspective
Budget

Taxpayer

Soci*~

~-

All counties (c)

I

N
,
,

0
I

Full sam ple
Net gain or loss
Return to budget per net dollar invested
Net gain or loss per net dollar invested

923
nla
0.27 per $1

-833
0.76 per $1
n/a

-990
0.71 per$l
nic:

-67
nla
0.98 per $1

Registrants determined not to
need basic education
Net gain or loss
Return to budget per net dollar invested
Net gain or loss per net dollar invested

2340
nla
0.83 per$l

-622
0.78 per$l
nla

-824
0.71 per$l
nla

1516
nla
1.54 per $1

Registrants determined to
need basic education
Net gain or loss
Return to budget per net dollar invested
Net gain or loss per net dollar invested

-117
nla
-0.03 per $1

-391
0.89 per $1
nla .-

-530
0.85 per $1
nla

-647
nla
0.82 per $1

.

--

SOURCE: See Tables 3.5,3.6.7.1. and 7.2.
NOTES:

Estinates reflect discounting and adjustment for inflation.
Differences are regreaion-adjusted using ordinary least squares, controlling for pre-random assignment characteristics of sample members.
Tests of statistical significance were not performed.
Rounding may cause slight discrepancies in calculating sums and differences.
in the all-countv averages. the results for each countv are weighted eauallv.
The net present;alue
icequai to gains minus losses. which vary by acdouniing perspecfjve. For the welfare sample, gains include higher earnings
budoet.. aains
include increased
and fringe benefits for exoeriientals and losses include increased taxes and reducedtransfer oavrnents. For the aovernment
"
"
taxes a i d savings in transfer payments and administrative costs and losses include the net cost df GAlN and non-GAIN activities and services. For taxpayers,
gains include increased output from work experience jobs, increased taxes paid by the welfare sample, and reduced transfer payments and administrative
costsand losses include the net cost of GAlN and non-GAIN activities and services. For society, gains include higher earnings and fringe benefits for the
welfare sample, increased output from workexperience jobs, and savings in transfer payment administrative costs and losses include the net cost of GAlN and
non-GAIN activities and services.
Return to budget per net dollar invested pertains only to the budget and taxpayer accounting perspectives and is computed by dividing the gains
(as defined above) of each accounting perspective by the net cost of GAlN and non-GAIN activities and services.
Net present value (net gain or loss per net dollar invested) per dollar invested pertains only to the welfare sample and society accounting perspectives
and is computed by dividing the net present value by the net cost of GAlN and non-GAIN activities and services.
It should be noted that, within a given perspective, the all-county results for the two basic education subgroups, which make up varying proportions of
each county's full sample, will not necessarily bracket the all-county results for the full sample when the subgroup results for each county are weighted equally.

-

FIGURE 7.2
GAIN'S BENEFIT-COST RESULTS FROM THE WELFARE SAMPLE AND GOVERNMENT BUDGET
PERSPECTIVES FOR AFDC-FGs DETERMINED NOT TO NEED BASIC EDUCATION
WITHIN FIVE YEARS AFTER ORIENTATION (IN 1993 DOLLARS)

A. From the Welfare Sample Perspective

Alameda

Butte

Los Angeles Riverside San Diego

Tulere

B. From the Government Budget Perspective

SOURCE AND NOTES: See Tables 7.1. 7.2, and 7.7.

-261-

All Counties

7.3). As with the full sample, all counties except Los Angeles produced positive net present values
from the perspective of the welfare sample. These net gains ranged from $673 in Tulare to $5,328
in Alameda. In four of these counties, the net present value exceeded the corresponding average for
the full sample (and for sample members in need of basic education). For all six counties combined
(with the results for each county weighted equally), the program averaged $2,340 in net gains for the
welfare sample in this subgroup.
Averaged over the six counties, the net present value from the government budget perspective
(-$622) resembles the full sample result. However, net present values for individual counties showed
a somewhat different pattern. The government budget realized net gains in Riverside and San Diego,
as before - but also in Los Angeles. Losses were incurred in Alameda and Tulare, but also in Butte.

E. Results for AFDC-FG Registrants Determined to Need Basic Education
As implied by the above discussion, experimentals determined to need basic education did not
fare as well (see Table 7.7 and Figure 7.3). Overall, this group incurred a small net loss from the
welfare sample perspective. In four counties - Alameda, Butte, Los Angeles, and San Diego - net
present values were negative from the standpoint of the welfare sample, ranging from -$820 in Butte
to -$1,199 in Alameda. Interestingly, Tulare recorded the largest net present value for the welfare
sample in need of basic education, $2,333, followed by Riverside, $1,111. As with the full sample,
the larger gain in Tulare, compared to Riverside, was achieved with a smaller earnings gain, combined
with a smaller reduction in transfer payments.
Averaged across the six counties, the GAIN program produced a small net loss ($391) from the
government budget perspective. Once again, benefit-cost results varied widely by county. Butte
recorded a large gain ($4,816) from the government budget perspective, followed by Riverside
($2,444); the other four counties recorded net losses, ranging from $759 in San Diego to $4,755 in
Los ~ n g e l e s . ~ '

IV. Would a 10-Year Time Horizon Change the Overall Conclusions of the Benefit-Cost
Anatvsis?
As has been suggested several times in this chapter, the five-year time horizon may understate
the benefits of the GAIN program. The most crucial test of this hypothesis concerns the net present
values for Alameda, Los Angeles, and Tulare, counties that made the heaviest investment in provision
of basic education services. Each of these counties incurred a substantial net loss from the perspective

'AS indicated in Table 7.7, the full-sample six-county net present value from the govenunent budget
perspective (4833) is lower than the corresponding average for each of the two basic education subgroups
(4622 and 4391). Net present values from the taxpayer perspective show the same pattern. These results,
although seemingly odd, are in fact correct and illustrate potential effects of equal weighting of experimentalcontrol differences among members of a particular subgroup, under relatively extreme circumstances: i.e.,
when (1) net phsent values for subgroups differ dramatically within counties; (2) subgroup sample sizes are
very unequal within counties; and (3) the pattern of positive and negative results among subgroups varied by
county.

FIGURE 7.3
GAIN'S BENEFIT-COST RESULTS FROM THE WELFARE SAMPLE AND GOVERNMENT BUDGET
PERSPECTIVES FOR AFDC-FGs DETERMINED TO NEED BASIC EDUCATION
WITHIN FIVE YEARS AFTER ORIENTATION (IN 1993 DOLLARS)

A. From the Welfare Sample Perspective

1

Net Gain,

3w0

N e t Loss
Alameda

Butte

Los Angeles Riverside San Diego

Tulare

All Counties

B. From the Government Budget Perspective

I
Alameda

Butte

Los Angeles Riverside San Oiego

I

SOURCE AND NOTES: See Tables 7.1, 7.2, and 7.7.

Tulare

All Counties

of the government budget over five years; and even in Alameda and Tulare, where the welfare sample
did relatively well, each dollar of program expenditures produced much less than a dollar's worth of
gains.
A "sensitivity test" of the five-year results was performed by projecting the base period effects
through the end of year 10, using relatively optimistic assumptions: no decay in third-year earnings
impacts; a 15 percent decay in AFDC impacts; and no additional program expenditures for
experimentals or controls.
As expected, earnings gains continued to outpace tax increases and reductions in transfer
payments in every county except Los Angeles during years 6 through 10. Averaged over the six
research counties, GAIN produced a net present value of about $2,700 for the welfare sample.
Moreover, the government budget does slightly better than break even by the end of year 10.
However, extending the follow-up does not change the pattern of results for individual counties.
Net losses to the government budget decrease in magnitude in Alameda, Los Angeles, and Tulare
during years 6 through 10, but never approach the break-even mark. (Tulare incurs the smallest loss,
approximately $1,500 over 10 years.) Gains to the welfare sample continue to grow in Alameda and
Tulare. In fact, in Tulare, the 10-year results show more than a dollar's worth of net gain to the
welfare sample for each dollar of expenditures. However, experimentals in Los Angeles continue to
show a large net loss.31 In short, it would require far more optimistic assumptions about the pattern
of future earnings gains and welfare savings to alter the conclusions of this analysis in counties where
upfront expenditures were heaviest.

V.

Summarv of Results for AFDC-U Registrants

Estimates of GAIN'S five-year effects for the AFDC-U sample used more pessimistic
assumptions for projecting future effects than were employed for the estimates for AFDC-FGs.
Specifically, projected earnings and related measures used an annual decay rate of 40 percent, and
transfer payments assumed a 20 percent annual decay rate between the end of the observation period
and the end 1%' the five-year period after random assignment. These assumptions were based on the
observed decl, in impacts for the full sample and early cohorts and on the pattern of impacts in other
programs.
As suggested by the impact analysis, members of the AFDC-U sample did not realize the same
gains as AFDC-FGs, primarily because savings in AFDC and other transfers offset earnings gains to
a greater extent. As seen in Table 7.8, the AFDC-U welfare sample incurred net losses in three
counties (Los Angeles, Riverside, and San Diego) and net gains in two others (Butte and Tulare).
Only in Butte did AFDC-Us receive a large net gain from the program, $2,096. Overall, AFDC-U
experimentals incurred a small net loss of $186, compared to a net gain of $923 for AFDC-FGs. As
"It should be noted that using the above assumptions actually increases the net loss for experimentals in
Los Angeles. That is because base period estimates of savings in transfer payments were considerably larger
than corresponding estimates in earnings gains. This net loss is projected over five additional years when
estimating the l0-year effects.

TABLE 7.8
FROM THE PERSPECTIVE OF THE WELFARE SAMPLE:
ESTIMATED MONETARY GAINS AND LOSSES PER AFDC-U EXPERIMENTAL
WITHIN FIVE YEARS AFTER GAlN ORIENTATION (IN 1993 DOLLARS)

Component of Analysis

-

Gains
Earnings
Fringe benefits (a)
Total

I

'

Riverside

San Diego

T'Jlare..

AllCounties
.-

4752
703

- 1075
-1873
-464
317
-264

Total
-

m

'+

Los Angeles-

5455

Losses
Tax payments
AFDC payments
Food Stamps
Ul compensation
Total Medi-Cal

N

Butte

Net gain or loss
(net present value)
Net gain or loss (net present
value) per net dollar invested
in GAlN and non-GAIN
activities and sewices (b)

.-06
.-$1

-0.14 per$l

.-

-0.33 per $1

- 0 . 9 5 $1
~ ~

O S P e r $1

-0.06 per
$1

SOURCE: See Tables 7.1 and 7.2.
NOTES:

Estimates reflect discounting and adjustment for inflation.
Differences are regression-adjusted using ordinary least squares, controlling for pre-random assignment characteristics of sample members.
Tests of statistical significance were not perfoned.
Rounding may cause slight discrepancies in calculating sums and differences.
Results for Alameda are excluded from this table due to the county's small sample size. In the all-county averages,
. the results for each county are
weighted equally.
Results include estimates of projected program effects beyond the obsewation period. The projection factor for earnings and related variables assumes
factor for AFDC and related variables assumes that GAIN's
that GAIN's effects decline bv
. 40 .mrcent oer vear after the end of the observation period. The proiection
. .
effects decline by 20 percent per year after the end of the observation period.
(a) These include employer-paid health and life insurance, pension contributions, and workers' compensation. Paid leave is captured directly
by the earnings estimate. Employee-paid Social Security and Medicare taxes are included as tax payments.
(b) The net present value per net dollar invested in GAlN and non-GAIN activities and services is computed by dividing the net present value
by the net cost of GAlN and non-GAIN activities and services.

with AFDC-FGs, there was a net loss ($607) from the government budget perspective (see Table 7.9).
GAIN produced positive net present values only in Butte ($697) and Riverside ($1,314). (See Table
7.10.)

VI.

GAIN's Effects on Non-Monetarv Outcomes

As is true of any benefit-cost analysis of welfare-to-work programs, many results could not be
considered in the calculations of net present value, either because the effects are inherently difficult
to quantify or because sufficient data were not available to estimate their monetary value reliably.
This section briefly considers some impacts of GAIN discussed in Chapters 2 and 5 from a benefit-cost
perspective, indicating whether they contribute to, detract from, or have no effect on the overall
assessment of GAIN's effects from the different perspectives.
As discussed in Chapter 2, GAIN produced impacts on receipt of a GED or high school diploma
in Alameda, San Diego, and Tulare. These impacts should be counted as a net gain for the welfare
sample and most likely for society as well. Members of the welfare sample and their families may
have gained additional benefits beyond whatever employment and earnings effects these education
credentials produced, including increased self-esteem among recipients of a credential, increased
likelihood of the sample member's serving as a role model for other adults and the children in the
household to persevere in their studies, and perhaps greater effectiveness in helping and guiding their
children in their schoolwork. Experimentals may also benefit from an increased possibility of future
gains in post-secondary education or vocational training. Some of these effects may boost earnings
gains among experimentals and their households in future years.
In most counties, experimentals were more likely to be employed than controls, and derived
more of their income from earnings and less from AFDC and other transfers than did controls. This
substitution of work for welfare likely has positive value for society at large (it certainly does for the
taxpayers and the government budget) and may be beneficial for the welfare sample and their families.
Sample members who found employment may feel better about themselves and may feel themselves
to be better role models for their children. Further, experimentals (particularly in Alameda) were
somewhat more likely than controls to voice satisfaction in the quality of their jobs and their prospects
for advancement.
However, there are also potential negative effects of increased employment. Although not
included in this analysis, experimentals probably incurred additional expenses for transportation, child
care, clothing, and other work-related items, compared to controls; and these were only partially offset
by AFDC transitional child care payments and income disregards. Experimentals, particularly single
parents, may also have faced greater stress from trying to find good-quality child care and from other
problems related to meeting work and parenting responsibilities. Further, as indicated in Chapter 5,
many jobs taken by experimentals and controls did not include health benefits, although only in
Riverside was there a measurable increase in the number of experimentals not covered by Medi-Cal
or private health insurance.
In general, GAIN appeared to have had no marked effect on other indicators of material or
personal well-being - number of material hardships, physical health, incidence of marriage and

TABLE 7.9
FROM THE GOVERNMENT BUDGET PERSPECTIVE:
ESTIMATED MONETARY GAINS AND LOSSES PER AFDC-U EXPERIMENTAL.
WITHIN FIVE YEARS AFTER GAlN ORlENTATlON (IN 1993 DOLLARS)

Component of Analysis

Butte

.

Los Angeles

Riverside

sE!?%!0_

Tulare

All Counties
-

~

~

-

Gains
Payroll taxes (a)
l n c m e and sales tax
AFDC Payments
Food Stamps
UI ComDensation
Total ~ e d i - ~ a l
Transfer administration
Total

I

'

Losses
Net cost of GAlN and Non-Gain
activities and services
Net gain or loss
(net present value)
Return to budget per net dollar
invested in GAlN and non-GAIN
activities and services (b)

3924

2428

-3227

-4449

697

- ..

1.22 per $I

-2021

--

0.55 per $1

3464

-2150

1314

1.61 per51.-

1964

-229

2310

-2050

-2710

-2917

-86

-2939

-607

0.96 per$l

--0.08 per 51

0.79per$l

SOURCE: See Tables 7.1 and 7.2.
NOTES:

Estimates reflect discounting and adjustment for inflation.
Differences are regression-adjusted using ordinary least squares, controlling for pre-random assignment characteristics of sample members.
Tests of statistical significance were not performed.
Rounding may cause slight discrepancies in calculating sums and differences.
Results for Alameda are excluded from this table due to the county's small sample size. In the all-county averages, the results for each county are
weiahted eauallv.
Fiesuits include estimates of projected program effects beyond the observation period (see Table 7.8)
la) Pavrolltaxes include ern~lover-and emolovee- aid Social Securitv and Medicare taxes.
id) he return to budget pe; nei dollar invesied'in GAIN and non-~~l~.activlties
and services is cmputed by dividing total savings
and tax increases by the net cost of GAlN and non-GAIN activities and services.

-

p

TABLE 7.10
ESTIMATED NET GAINS AND LOSSES AND RETURN PER NET DOLLAR INVESTED PER AFDC-U EXPERIMENTAL.
WITHIN FIVE YEARS AFTER GAIN ORIENTATION. BY COUNTY AND ACCOUNTING PERSPECTIVE (IN 1993 DOLLARS)
Accounting Perspective
County. Subgroup.
and Outcme Measure

Welfare Sample

-...

-

Budget

Taxpayer

Sociey

--

Butte
Net gain or loss
Return to budget per net dollar invested
Net gain or loss per net dollar invested

2096
nla
0.65 per $1

697
I.22 per $1

nla

471
1.15 per$l
nla

2566
nla
1.80 per $1

-2127
0.52 per $1
nla

-2748
nla
0.36 per $1

466
n/a
1.22 per $1

Los Anqeles
Net gain or loss
Return to budget per net dollar invested
Net gain or loss per net dollar invested

-621
nla
-0.14 per$l

Riverside

I

Net gain or loss
Return to budget per net dollar invested
Net gain or loss per net dollar invested

-714
nla
-0.33 per $1

1314
1.61 per$l
n/a

1160
I.55 per $1
nla

- 1949
n/a
-0.95 per $1

-86
0.96 per $1
nla

I.07 per $1

260
nla
0.10 per$l

-2939
-0.08 per $1
nla

-2945
-0.09 per$l
nla

-2685
n/a
0.01 per $1

-166
nla
-0.06 per $1

-607
0.79 per $1
nla

-652
0.78 per $1
nla

-836
nla
0.71 per$l

m

m
I

San Dieqo
Net gain or loss
Return to budget per net dollar invested
Net gain or loss per net dollar invested

Net gain or loss
Return to budget per net dollar invested
Net gain or loss per net dollar invested

- 1796

153

n/a
0.12 per$l

nla

All counties
Net gain or loss
Return to budget per net dollar invested
Net gain or loss per netdollar invested

.

~

SOURCE: See Tables 3.5.3.6.7.1, and 7.2.
Estinates reflect discounting and adjustment for inflation.
Differences are regression-adjusted using ordinary least squares, controlling for pre-random assignment characteristics of sample members.
Tests of statistical significance were not performed.
Rounding may cause slight discrepancies in calculating sums and differences.
Results for Alameda are excluded from this table due to the county's small sample size. In the all-county averages, the results for each county are
weighted equally.
For definitions of the terms used in this table, see Table 7.7,
NOTES:

childbirth, depression, or an assessment of sample members' lives at the time of the survey interview,
which occurred two to three years after GAIN orientation. Of course, these results could change in
the future with further earnings gains and welfare reductions produced by GAIN.

VII.

Conclusions

Judgments concerning GAIN'S benefit-cost results must consider the perspective taken - in
particular, whether it is that of the welfare sample or that of government budgets. Among the six
counties, the performance of the GAIN program in Riverside stands out, both for the size of its net
gains and for the consistency of gains across the different perspectives and subgroups. (However, it
should be noted that, even in Riverside, the AFDC-U welfare sample incurred a financial loss.)
'
results were mixed. Among
Results were consistently negative in Los ~ n ~ e l e s . ~Elsewhere,
AFDC-FGs in Alameda and Tulare, the welfare sample experienced a net gain, but the government
budget incurred a net loss. In San Diego, the program resulted in gains from both perspectives. In
Butte, the welfare sample was made better off, while the government budget broke even. However,
the results differed markedly between the basic education subgroups within these two counties.

32Theone exception is a gain. from the government budget and taxpayers' perspectives, among AFDCFGs determined not to need basic education.
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CHAPTER 8
EXPLAINING COUNTY DIFFERENCES IN THE EFFECTIVENESS OF GAIN

The implementation analysis discussed in Chapter 2 showed that GAIN can he operated in many
different ways, and often must be run under quite diverse local conditions. It is therefore important
for policymakers and program administrators, who must decide how best to spend the program's
limited resources, to know what implications these choices and conditions hold for GAIN's
effectiveness. Previous MDRC reports began to explore this issue through a county-by-county
comparison of implementation factors and first-year and second-year impacts.' This report continues
that inquiry using the new implementation, impact, and benefit-cost data presented in earlier chapters.
Before embarking on the comparison of counties, it is important to consider several limitations
of this type of analysis (which are also discussed in Chapter 1). First, because this study includes only
six counties, and because random assignment was conducted within counties and not across counties,
isolating the effects of any particular factor is difficult and cannot be done with the same level of rigor
that is possible in estimating county-specific impacts. Second, the data available for this report may
not capture many aspects of the local environment, participation, or implementation that also influence
impacts. Third, the conclusions from this analysis could change if even longer-term follow-up were
available. For all of these reasons, the analysis that follows must be viewed as suggestive rather than
conclusive.
These limitations notwithstanding, the three-year findings do bolster two important conclusions
offered in previous reports. First, the fact that all six counties produced modest-to-large earnings gains
or welfare savings, or both, indicates that GAIN's effectiveness is not just a one-county story: GAIN
can lead to increased earnings and reduced welfare payments even when operated under a variety of
local conditions, when targeted toward different types of welfare recipients, and when implemented
using different approaches. At the same time, the data support a second preliminary conclusion of the
earlier reports: that the particular combination of implementation conditions and approaches identified
in Riverside may have the largest and most consistent impacts for AFDC-FG registrants, and the most
consistent payoff from a benefit-cost standpoint. Indeed, Riverside's three-year earnings gains and
welfare savings, and its return to the government budget, are the largest ever found in an experimental
evaluation of a large-scale welfare-to-work program. However, it must also be recognized that the
Riverside program did not produce uniformly strong earnings effects in the third year, since AFDC-U
registrants saw no statistically significant earnings gains. Also, the other counties all produced growing
earnings impacts: The earnings gains in the third year were about as high as or higher than those in
the second year. For specific subgroups, the third-year effects in some counties rivaled Riverside's
in magnitude.
Given the complexity of comparing county implementation factors and impacts, this chapter will
focus exclusively on the results for the single-parent (AFDC-FG) sample. This choice reflects that fact
that AFDC-FGs are the most numerous recipients in California and nationwide.

'see Riccio and Friedlander, 1992; Friedlander, Riccio, and Freedman, 1993.
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I.

A Summarv of the Counties' Three-Year Imoacts and Five-Year Benefit-Cost Results

Figure 8.1 summarizes the county-by-county, three-year impacts on earnings and AFDC
payments for the full AFDC-FG research sample. Figures 8.2 and 8.3 present results for registrants
determined not to need and those determined to need basic education. Table 8.1 summarizes the main
benefit-cost findings. These figures and the table present the county impacts and benefit-cost results
whose links with implementation factors will be explored in this chapter.
As the figures show, Riverside stands out among the six counties because it had large and
statistically significant effects on earnings and welfare payments for the entire AFDC-FG sample and
for both of the education subgroups.z Riverside's program also had the most consistent effects for
a variety of other subgroups, as discussed in Chapter 4. The patterns were more complex in other
counties. Each county produced some statistically significant earnings gains or welfare savings, but
they did not always have effects in both areas or consistently across subgroups, as Riverside did.
Nonetheless, some of the subgroup impacts in other counties were as impressive as those found
in Riverside. For example, among registrants determined nor to need basic education, Alameda and
San Diego had large third-year earnings impacts that were comparable to Riverside's. These results
in Alameda are particularly noteworthy because they offer a rare example of a welfare-to-work
program producing earnings gains for a long-term welfare population living in inner-city areas with
a high concentration of poverty. Los Angeles also achieved a reduction in welfare payments for the
not-in-need-of-basic-education subgroup that was comparable to Riverside's. For registrants determined
to need basic education, Butte produced earnings impacts that were comparable to Riverside's, and
reductions in welfare payments that exceeded those in Riverside.
When economic benefits are compared to costs, all counties except Los Angeles made the entire
welfare sample better off. This positive outcome was obtained more consistently for registrants
determined not to need basic education than for the in-need subgroup, as shown in Table 8.1. In only
two counties - Riverside and Tulare - were both education subgroups better off.
From the perspective of the government budget, GAIN produced savings that exceeded net costs
for the full sample in three of the six counties (Butte, Riverside, and San Diego). Only in Riverside
did the government budget come out ahead for both education subgroups. Moreover, it was only in
Riverside that economic gains exceeded losses for both the welfare sample and the government, and
for the total sample and each subgroup.

11.

The Effects of Serving Different Tvws of Welfare Recipients

Chapter 1 showed that the six counties served different types of welfare recipients. For
example, Los Angeles and Alameda served only long-term recipients, while the other counties served
applicants and short-term recipients as well as long-term recipients. The counties also varied widely
in the proportion of their registrants who were determined to need basic education, ranging from 49
percent of AFDC-FGs in Butte to more than 80 percent in Los Angeles. Does this mean that the

2 ~mentioned
s
in Chapter 4, the cross-county variation in GAIN'S impacts on three-year earnings and
AFDC payments for the full sample of AFDC-FGs were found to be statistically significant.

FIGURE 8.1
SUMMARY OF GAIN'S THREE-YEAR IMPACTS ON EARNINGS AND AFDC PAYMENTS
FOR AFDC-FG REGISTRANTS

A. Impacts on Earnings

v1: 349..
V1: 272

..'
T:
VZ: 709'.'

V*: 656

Y3:

T:
Y3: 847

713

1772".

T: 1414

Vl: -149
Y*:

a

110

1

."
-...
V3: 536

I

1474

I

-5w

Alameda

Butte

Los Angeles Riverside San Diago

Tulare

All Counties

B. Impacts on AFDC Payments

T: .782.

*

11: -302.+.

-2903:.277.'

...-...

'

Y2: 480".
v3: -353

I

...

V3: -331..'
T: -981

V3: -BE4

T: -1983".

I

Alameda

Butte

Los Angeles Riverside San Diego

SOURCE AND NOTES: See Table 4.1

Tulare

All Counties

FIGURE 8.2
FOR AFDC-FG REGISTRANTS DETERMINED NOT TO NEED BASIC EDUCATION:
SUMMARY OF GAIN'S THREE-YEAR IMPACTS ON EARNINGS AND AFDC PAYMENTS
A. Impacts on Earnings
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SOURCE AND NOTES: See Table 4.1.
(a) Tests of statistical significance of the experimental-control difference for
all counties combined were not performed.

FIGURE 8.3
FOR AFDC-FG REGISTRANTS DETERMINED TO NEED BASIC EDUCATION:
SUMMARY OF GAIN'S THREE-YEAR IMPACTS ON EARNINGS AND AFDC PAYMENTS
A. Impacts on Earnings
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SOURCE: Table 4.5.
NOTES:
See Table 4.1.
(a) Tests of statistical significance of the experimental-control difference for all counties combined
were not performed.

TABLE 8.1
SUMMARY OF M E NET GAIN OR LOSS (NET PRESENTVALUE) PER AFDC-FG EXPERIMENTAL
WITHIN FIVE YEARS AFTER GAIN ORIENTATION, BY ACCOUNTING PERSPECTIVE

Sample
and County
All experimentals
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

Registrants determined not t o
need basic education
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

Registranls determined t o
need basic education
Alameda
Butte
Los Angeles
RNerside
San Diego
Tulare

SOURCE AND NOTES: See Table 7.7.

Welfare
Sample

Accounting Perspective
Government
Budget

Society

variation in impacts across the counties came about simply because the counties served different types
of people? One way to address this question is to examine the county impacts within the basic
education subgroups. Figures 8.2 and 8.3 show that, within these subgroups, there continued to be
large cross-county variation in impacts. For example, when just registrants determined not to need
basic education were compared, three counties (Alameda, Riverside, and San Diego) produced large
and statistically significant earnings gains, while the other three counties did not. This suggests that
factors other than the education needs of a county's registrants must be affecting the differences in
impacts across counties.
Another way to assess the influence of serving different types of registrants involves reestimating the earnings and welfare impacts for each county while statistically "controlling for" a host
of demographic characteristics that varied across the counties' research samples. This kind of analysis
(referred to as a "conditional impact analysis") is a way to estimate what the counties' impacts would
have been if each county had served registrants who were similar in characteristics that are controlled
for by the analysis. If the resulting cross-county patterns of impacts are consistent with the actual
patterns estimated without these statistical adjustments, this would support the conclusion that county
differences in three-year impacts were not simply a function of the types of individuals each county
served.
Using this method to control for a variety of demographic characteri~tics,~
earnings and welfare
impacts were estimated for the full sample of AFDC-FG registrants. Although the magnitude of some
county impacts did change somewhat within each of these groups, the overall pattern of results
remained nearly the same. This can be seen in top panel of Table 8.2 by comparing the "conditional"
results, which control for registrant characteristics, with the "unconditional" result^.^ For example,
Riverside's earnings impacts remain larger than those of all other counties after controlling for
registrant characteristics, while Los Angeles and Tulare continue to show much smaller impacts. There
are some differences between the conditional and unconditional impacts, particularly on earnings in
Butte and Alameda and on AFDC payments in Alameda. These differences suggest that demographic
factors accounted for some differences in county effects. However, the overall pattern of results
supports the interpretation that factors other than the characteristics of a county's registrants explain
the county's three-year impacts (and, especially, that the more favorable results in Riverside were not
due to the characteristics of its registrants).' Additional factors, including the local environment and
the. ways in which GAIN was implemented, are examined in the following sections.

'impact estimates for the full sample were obtained from an impact regression in which (in addition to the
usual control variables) the following variable sets were interacted with the experimental group dummy: county,
educational need subgroup, past welfare receipt subgroup, prior earnings, prior AFDC payments, receipt of a
high school diploma, ethnicity, limited English proficiency, whether the sample member had a child under the
age of 6, and whether the sample member was a refugee.
4 ~ h results
e
in the unconditional column are similar to the main impact findings discussed in Chapter 4
and presented in Table 4.1. The minor differences in the results presented in the two tables come from the
fact that the analysis pooled all of the counties' research samples together when estimating the county-specific
impacts presented in Table 8.2, whereas for Table 4.1 it kept the county samples separate.
'A few caveats should be kept in mind. For one thing, controlling for still other demographic factors
(achievementtdst scores in particular) might have caused more substantial changes in impacts, a possibility that
has not yet been explored. Furthermore, it may be impossible even with this technique to know the influence
of some unmeasured differences in the characteristics of each county's enrollees.

TABLE 8.2
SUMMARY OF GAIN'S THREE-YEAR IMPACTS ON EARNINGS AND AFDC PAYMENTS
FOR AFDC-FG REGISTRANTS, BY COUNTY AND GAlN OFFICE

Qunty and m i c e

Sample Size

Average Total Earnings Impact.
Years 1-3 ($)
Unconditional
Conditional

Average Total AFDC Impact,
Years 1-3 ($)
Unconditional
Conditional

County-level analysis

1205
1229
4396
5508
8219
2234

1588 **
1693
303
3142 ***
1740 ***
527

1265 (b)
887 (b)
556 (b)
4184 (b)
1524 (b)
575 (b)

Alameda

1205

1589

1022 (b)

-763

177 (b)

Butte

1229

1692 *

792 (b)

-942

-879 (b)

Los Angeles
San Fernando Valley (Region 2)
San Gabriel Valley (Region 3)
Central (Region 4)
Southern (Region 5) (a)
Southeastern (Region 6)

635
432
1130
1559
640

Riverside
Riverside
Hemet
Rancho Mirage
Elsinore

2530
1450
960
568

Alameda
Bune
Los Angeles
Riverside
San Diego
Tulare

-762
0 (b)
-951
-952 (b)
-976 *"
-803 (b)
-2004 "' -2699 (b)
-1234 "' -1217 (b)
217
-39 (b)

Office-level analysis

2129
2276
20
-272
-1081

".

2882 '**
3323
2545 **
4886 *"

San Diego
Metro GAlN
Southeast
Escondido
Oceanside
Northeast
South Bay
El Cajon
Metro Refugee
Tulare
Dinuba
Lindsay
Porterville
Tulare
Visalia

1953 (b)
2415 (b)
-140 (b)
-432 (b)
-820 (b)

-1906 +**
127
-581
-1522 **'
-134

-1620
357
37
-856
-186

(b)
(b)
(b)
(b)
(b)

4387 (b)
4496 (b)
3187 (b)
6281 (b)

-2152 "'
-1240 "
-2268 ***
-2785 **'

-3267
-1889
-2459
-3462

(b)
(b)
(b)
(b)

-1737
-505
-902
-1666
-337
-1273
-1509
-3251

(b)
(b)

1206 (b)
1325 (b)
2193 (b)
1391 (b)
2409 (b)
1171 (b)
249 (b)
1192 (b)

307
338
567
503
519

-303
685
1702
-222
240

-146 (b)
556 (b)
1573 (b)
-334 (b)
148 (b)

431
568
-1247 *
524
1102

SOURCE:

See Table 4.1

NOTES:

(a) This region serves the low-income communities of Wans. Compton, and North Long Beach.
(b) A test of statistical significance was not performed.

(b)
(b)
(b)
(b)
(b)
(b)

70 (b)
357 (b)
-1374 (b)
311 (b)
965 (b)

111.

The Influence of the Local Environment

The expected influence of the local environment, particularly the labor market, on a welfare-towork program's impacts is not clear.6 A program operating in a strong labor market may have an
easier time placing welfare recipients into jobs, but it is also possible that recipients may do just as
well on their own (as reflected in the experiences of a control group) if jobs are plentiful, so that the
net effect of the program will be low. Alternatively, a weak labor market might hinder the efforts of
welfare recipients to find work (or better-paying or longer-lasting jobs) regardless of whether or not
they are in a welfare-to-work program. Or a weak labor market may make the help provided by a
welfare-to-work program more valuable, since it might be more difficult for registrants to locate and
qualify for hard-to-find job openings on their own.' This report explores these hypotheses using
several measures of the local labor market in each county.

A. Unemolovrnent Rate
The top panel of Table 8.3 presents unemployment rates for the six counties during much of
the follow-up period for this study. It shows that the average unemployment rate during the period
of random assignment and follow-up varied from under 6 percent in ~lameda'and San Diego to 14
percent in Tulare. (See Table 1 . 1 for the year-by-year unemployment rate^.)^ However, this variation
is not consistently related to the county impacts presented in the previous figures. As one illustration,
Butte's average annual unemployment rate (9.2 percent) was about 4 percentage points higher than
Alameda's (5.3 percent), yet both counties had nearly identical three-year impacts on earnings (Figure
KIA). In general, a county's unemployment rate does not seem to have determined whether its
impacts were larger or smaller.

B. Growth in the Number of E m ~ l o v e dResidents
An alternative measure of a county's labor market is the average annual rate of growth in the
number of residents who are employed. An increase in this indicator may signal an expansion of
opportunities to find work. Table 8.3 presents this information for each county for the period between
July of the calendar year in which random assignment began in a county and July 1992. Riverside had
the highest average annual growth rate, at 4.9 percent per year during the research period. However,

6The influence of the labor market on impacts may be complex because the labor market influences not
only the oppomnities for experimentalsand controls to find work, but also the types of individuals - in terms
of their motivation to work, job skills, education levels, and employment barriers - who come onto welfare
and into the program in the first place.
' ~ nfact, a number of studies of earlier welfare-to-work programs have found greater impacts for enrollees
who entered the programs during periods of economic downturns compared to those who entered under more
favorable economic conditions, at least in urban areas. Overall, however, the evidence on the influence of the
local economy on a program's impacts is quite limited. See Gueron and Pauly, 1991, p. 186.
he unemployment rate in Oakland, where Alameda's GAIN office was located, appears to have been
higher than in other parts of the county.
able 1.1 shows that in the last 12 months in which follow-up data were collected (July 1992 to June
1993), unemployment rates were lowest in Alameda (6.6 percent) and San Diego (7.7 percent). The rate
exceeded 10 percent in Bune (1 1.9 percent), Los Angeles (10.1 percent), Riverside (12.8 percent), and Tulare
(15.4 percent).

TABLE 8.3
SUMMARY OF SELECTED CHARACTERISTICSOF THE GAlN RESEARCH COUNTIES' LOCAL ENVIRONMENT.
PROGRAM ORGANIZATIONAL CAPACITY, CASE MANAGEMENT PRACTICES. AND NET COSTS
Variable
---

Alameda

Butte

Population living in rural areas. 1990 (%)

0.3

14.8

Employed in agriculture. 1990 (%)

1.O

6.1

40.8

63.7

Los Angeles

~

Riverside

Sari D&!E

Tulare
-

Local environment
Average monthly unemployment rate.
from July of county's first year
of random assignment to June 1993 (%)
Average annual change in number of
county residents employed, from July
of county's first year of random
assignment to July 1992 (%)

2I

Annual change in number of county
residents employed (%)
July 1988-July 1989
July 1989-July 1990
July 1990-July 1991
July 1991-July 1992

AFDC-FG control group members
ever employed during years 1-3
of follow-up
Organizational capacity
Job club service provider (a)
Registrant-to-case manager ratio reported
by case managers (b)
First staffsurvey wave
Second staff survey wave
Combined average from first
and second wave
-~

EDD

76.4
72.9

GAIN
(on-site)

EDD

EDD
(on-site)

60.5
65.6

101.0
145.2 (d)

43.1i76.7 (c)
63.71124.1 (c)

91.6
114.9

63.2

127.9

53.0196.7 (c)

-~ 103.4

~-

EDDIGAIN
(on-site)

GAIN
(on-site)

124.9
87.6
- --

100.3-

(continued)

TABLE 8.3 (continued)
-

Variable

-

Alameda

Butte

~

Los Angeles

~~

Riverside

-

Special case managers for basic
education participants?
Special GAlN counselors on-site at any
educationor training provider?

No

Yes

Job placement bonuses or standards
for case managers?

,

g
o
I

Staff who rated availability of a
particular GAlN service as high (%)
Job search
Basic education
Vocational education and training

89.8
94.5
79.7

96.5
77.2
82.5

Staff who rated a particular GAlN service as
worthwhile for assigned registrants (%)
Job search
Basic education
Vocational education and training

60.3
61.5
51.7

80.7
35.7
71.4

45.2
79.7

39.5
70.2

20.3

38.6

89.7

57.1

Selected staff background characteristics
Average age (years)
Bachelor's degreeor higher (%)
Previously worked in a WIN. JTPA.
or other job training program (%)
Previously worked as an Income
Maintenance worker (%)
Level of timeliness of
monitoring information

___

Lower

~

Lower

--

Bonus
payments

Placement
standards

Medium

Higher

-.

Yes

No

No

Yes

TABLE 8.3 (continued)
-.

Variable

--

-

Alameda -

Butte

Los Angeles

- Riverside

San D k o

-

- -Tulare
.
--

Case manaqement practices
Emphasis on quick employment

Lower

Lower

Medium

Much
Higher

Medlum

Med~um

Emphasis on formal enforcement

Much
Lower

Lower

Much
Higher

Much
Higher

Medlum

Lower

Higher -

Higher

Lower

Lower

Emphasis on personalized attention

-

--

Net costs

I

+
I

Estimated five-year net cost per
AFDC-FG experimental for GAlN
and non-GAIN employment-related
services ($)
For the full sample
For registrants determined not to need
basic education
For registrants determined to need
basic education

5597

2904

7161

3046

5018

SOURCE: See Tables 1 .l,2.10, 2.12, 3.5, 3.6, and 4.1, and Figure 2.3: MDRC Staff Activlies and Attitudes Survey; and MDRC field research.
NOTES: (a) EDD refers to the Employment Development Department, California's employment service agency. In Alameda and Los Angeles,
job club workshops were conducted by EDD staff at local EDD offices. In Riverside, EDD staff conducted these workshops at the GAlN offices
until Juty 1991, after which GAlN stafftookover this function. In San Diego, EDD staff conducted the job club workshops at the GAlN offices and
wereassisted bv GAlN staff.
(b) 6 e s e caseload sizes are the averages reported by staff on two waves of the staff survey and include the number of active and
deferred reaistrants assianed to staff who ~eI'f0rmedonaoina case manaaement duties. Within each countv, the first wave of the survw was
n dsecond wave was .
administer& at approxi6ately one year afier the county-begin enrolling Ggistrants into the GAlN p r ~ ~ r a m . ~ athe
administered at about two vears after enrollment commenced.
because of the spec~altest bemg conducted thereto determine the effecD; of more mtenstve case
(c) There are two ratlos in R~vers~de
manaaement and mon~tonna The f rst ratto IS for tne "low-caseload' aroup
aroup
- . and the second IS for the "hlaher-caseload"
- . The weshted
average for the two groups for both survey waves combined is 82.
(d) Caseloads were not normally this large; this estimate may have been affectedby the timing of the second wave of the staff survey

-

-Medlum
-- ----

H

-

m

as the table shows, growth rates were highest in that county early in the study period and, in one of
the four years covered, growth rates were slightly negative. Tulare had the next highest growth rate
(2.3 percent). Growth rates were noticeably lower in the other four counties: 1.5 percent in Butte,
1.1 percent in San Diego, .8 percent in Los Angeles, and - 1.1 percent in Alameda.
Employment growth rates may have a greater effect on GAIN's impacts than does a county's
unemployment rate. For example, it is possible that Riverside's higher average growth rate may have
contributed to its impacts. At the same time, Riverside's impacts were consistently large during each
year of the follow-up period, even though its economic growth rate varied over time. Furthermore,
as the bottom panel of Table 8.2 shows, Riverside's three-year earnings impacts were large and
positive in each of the four localities (represented by different offices) included in the evaluation,
despite the fact that economic conditions varied markedly among these areas.1° These findings cast
doubt on Riverside's growth rate as an explanation for the impact of its GAIN program.
Comparisons across the other counties also suggest that GAIN's effectiveness is not determined
by local economic conditions. For example, Figure 8.2A shows that, for AFDC-FGs determined not
to need basic education, both Alameda and San Diego had impacts on earnings, despite Alameda's
negative growth rate and San Diego's low growth rate. In addition, despite Butte and San Diego having
had fairly similar patterns of economic growth, Butte produced large impacts on registrants determined
to need basic education and San Diego did not.''

C. Control Grouo Earnines
The control group's earnings are also a useful gauge of both local economic conditions and the
propensity of sample members to earn income in the absence of GAIN. These earnings were
determined by the opportunities to find work in the local labor market; by the quality of jobs available;
by the motivation, skills, and barriers to employment of individuals looking for work (either in their
own county or in another locality); and by other individual and local labor market factors. Because
members of the control group did not have access to GAIN services and were not subject to its
mandate, their average earnings represent what the experimentals would have earned without the
program's influence. Thus, a finding that the control group's earnings were strongly related to GAIN's
impacts across the counties would support the hypothesis that the county variation in impacts was
shaped by county differences in the types of people they served, their local economies, or a
combination of these two factors.
The evidence shows that the variation in three-year earnings impacts was no? strongly and
consistently related to the level of the control groups' earnings. Figure 8.4 presents average earnings
in follow-up year 3 in each county for the full sample of AFDC-FGs, and for the two basic education

'O~orexample, the Hemet and Elsinore offices are located in more rural areas of the county, while the
Riverside office is located in a more urban and suburban area.
"lt should be noted that some of these interpretationsdiffer from those discussed in the report on GAIN's
two-year impacts (Friedlander, Riccio, and Freedman, 1993), which considered the possibility that Tulare's
consistent absence of impacts may have been due to the poor state of the economy in that county, and that the
economy might have had a more important influence on AFDC-FGs determined to need basic education. The
longer-term impact data and updated information on county employment growth rates appear to weaken those
interpretations.

FIGURE 8.4
COMPARISON OF YEAR 3 EARNINGS
AMONG AFDC-FG EXPERIMENTALS AND CONTROLS, BY SELECTED SUBGROUPS
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subgroups. The experimental group's earnings are represented by the shaded bars; the control group's
earnings by lined bars. A county's impact is indicated by the difference between the lengths of the two
bars. As Figure 8.4B illustrates for those determined not to need basic education, the control group's
earnings in Alameda and Los Angeles were nearly identical. But the experimentals' earnings, and
hence the counties' impacts, differed substantially. Figure 8.4C shows that, for AFDC-FGs
determined to need basic education, five of the six counties (San Diego was the exception) had control
groups with comparable earnings but that these counties produced widely different impacts. Figure 8.4
reveals no overall pattern of counties with larger impacts also having had control groups with higher
average earnings. These findings further support the proposition that three-year impacts were not
solely a function of the types of individuals counties served or local economic conditions - at least
as far as these could be measured for this study.
This is not to say, however, that local conditions or the characteristics of a county's registrants
do not matter at all. It is possible that characteristics not measured by this study do play a role. For
example, Table 8.2 shows the three-year earnings impacts across GAIN offices serving different
regions of Los Angeles County. Two offices - the San Fernando Valley and San Gabriel Valley
offices, both of which served communities outside the central city - produced impacts exceeding
$2,000, while the other three offices (including the large Southern office that served Watts and other
low-income communities) appear to have had no effect or a negative effect. This study cannot rule
out with certainty the possibility that unmemured variation in registrants' demographic characteristics,
attitudes, or personal situations, or in the characteristics of their local communities, might have
contributed to this type of variation.

IV.

The Relationship Between County Participation Patterns and County Impacts

If county differences in the types of people they served and the characteristics of their local
environment - at least as far as these dimensions could be measured for this report - do not
satisfactorily explain the county variation in three-year impacts, it is important to ask whether
differences in the GAIN treatment across the counties may have affected these impacts.
Table 8.4 examines experimental-control differences in the use of employment-related services
over a two- to three-year follow-up period. The following discussion will focus on the results for
each basic education subgroup, since these subgroups represent different types of people who, in
keeping with the GAIN model, were directed toward different service paths in the GAIN program. In
addition, the discussion considers the role of registrants' participation in only three types of activities
- job search, basic education, and vocational training and post-secondary education - since these
were the most commonly used activities.

A. Results for Redstrants Determined Not to Need Basic Education

1. The influence of participation in iob search. Among AFDC-FGs who were
determined nor to need basic education, the cross-county comparisons do not point to a strong,
consistent relationship between a county's impact on the percentage of registrants who participated in
job search within two to three years after random assignment and the county's three-year earnings
impact. For example, the second panel of Table 8.4 shows that Alameda increased experimentals' rate
of participation in job search (i.e., compared to the control group rate) by 52 percentage points, while

TABLE 8.4
SUMMARY OF GAIN'S IMPACTS ON AFDC-FG REGISTRANTS PATTERNS OF PARTICIPATION IN SELECTED
EMPLOYMENT-RELATED ACTIVITIES WITHIN TWO TO THREE YEARS AFTER ORIENTATION. AND
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Tests of statistical significance of the diierence between the expefinental and control groups in relation to measures of participation were not performed.
Where data are not available, %/a" is used.
(a) The percentage-point difference (which is not the same as the percentage change) is derived by subtracting the control group's rate of participation in a
specified activity from the experinental group's rate of participation in the same activity
(b) Results are based on average number of months participating within five years after orientation; data for average number of months participating within
two to three years after orientation were not available.

San Diego's impact, at 34 percentage points, was noticeably smaller. Yet, the two counties had
virtually the same three-year earnings impacts for the not-in-need subgroup ($2,947 and $3,040,
respectively). Moreover, Tulare had an impact on the rate of participation in job search that was
nearly as high as Riverside's, yet its three-year earnings impacts were actually negative for this
subgroup (although not statistically significant), while Riverside's were the largest of the six
counties. l Z
The simple fact of participation in job search may not be not enough, by itself, to produce
impacts on earnings, as the Tulare example suggests. Perhaps the "message" about employment that
program staff communicate in job search classes and at other times is also important.
As discussed in Chapter 2, Riverside's strong emphasis on "quick job entry" - reinforced by
job placement standards for case managers and a strong job development component - was an
important feature that distinguished its program from other counties' programs. (For a summary of
the counties' rankings on this and other implementation dimensions, see Table 8.3.) Data from the
registrant survey offer some corroboration of this portrait of Riverside's approach. When respondents
were asked, "How much did the GAIN staff push you to get a job quickly, even before you felt
ready," 47 percent of those in the not-in-need subgroup in Riverside who answered this question
answered "high" (7 to 10 on a 10-point scale). Over 36 percent of respondents in the not-in-need
subgroup in San Diego also answered "high," while the percentages were much lower in the other
counties. In Tulare, only 15 percent of respondents in this subgroup indicated they felt "pushed" to
take a job quickly; this might be a reason why, despite its large impact on the rate of participation in
job search, Tulare did not produce a positive effect on earnings.
An understanding of the employment "message" that Alameda communicated to registrants also
raises questions about the contribution that county's large impact on the rate of participation in job
search made to its sizable earnings impact for AFDC-FGs determined not to need basic education.
Chapter 2 explained that Alameda's participants in job clubs were not routinely expected to use that
activity to find a job that they would take immediately, but, instead, to use it as an "informational
experience" for learning about the kinds of jobs that were available, the kinds of credentials employers

he participation data available for Butte (where the registrant survey was not conducted because of a
limited survey budget) were not suitable for computing impacts on the rate of participation in a given
component within the two- to three-year period. However, it is possible to produce reasonable approximations
of these rates for job search and basic education activities if the following assumptions can be made: that the
experimental group's two- to three-year rates of participation in job search and basic education were not likely
to be much higher than the rates determined from the 1 I-month casefile tracking data discussed in Chapter 2
(as appears to have been the case in the other counties); that experimentals in Butte, as in the other counties,
seldom participated in these two types of activities after leaving the GAIN program; and that the control group
in Butte had rates of participation in job search and basic education as low as the rates among controls in the
other counties. For registrants determined not to need basic education, the experimental group's rate of
participation in job search in Butte was about 33 percent, based on the casefile data. The control group's twoto three-year rate of participation in job search across the other five counties was estimated to be about 4
percent. Thus, if the above assumptions are true, which seem reasonable, Butte's impact on the rate of job
search participation would be about 29 percentage points. If this estimate were off by up to 25 percent in
either direction (an extreme assumption), Butte's impact would fall in the range of 22 to 36 percentage points.
Thus, it seems likely that Butte's actual impact was closer to Los Angeles's and San Diego's than to the other
counties' impacts on this measure.

required, the wages that would be paid, and so on, and to use this information in selecting a vocational
training or post-secondary education activity. This may be why in Alameda only 16 percent of
respondents in the not-in-need-of-basic-education subgroup indicated on the above survey question that
GAIN staff had "pushed" them to take a job quickly. This is not to say, of course, that some
participants did not use job search as a route to immediate employment, only that they may not have
been under the same degree of pressure to do so as in Riverside and San Diego. While it is impossible
in this study to determine the relative importance of any single component, Alameda's approach to job
search suggests that its earnings impacts may have resulted as much or more from other factors, such
as its impact on the use of vocationally oriented education and training, which is discussed next.

2. The influence of oarticioation in vocational training or wst-secondarv education.
GAIN registrants could take part in a number of education and training activities. As discussed in
Chapter 2, these included self-initiated education and training and post-assessment activities, which
were typically vocationally oriented courses at community colleges, adult schools, and other training
centers and schools. Moreover, according to data from the registrant survey, many registrants took
part in similar types of activities on their own after they were no longer in the GAIN program.
These activities comprised almost all of the education and training for experimentals determined

nor to need basic education, who used them widely. Across five counties (i.e., not including Butte,
where the participation rate was not determined), 43 percent of all experimentals in this subgroup were
estimated to have participated in such activities within two to three years after orientation. (See
Chapter 2, Table 2.7.) At the same time, controls in most counties were almost as likely as
experimentals to have done so (36 percent across the five counties), even without the assistance of the
GAIN program. Alameda and Tulare had the largest impact on the rate of participation in those
activities (16 and 12 percentage points, respectively), and Alameda produced the largest increase of
all five counties (3 months) in the average number of months of participation in the activity per
experimental (Table 8.4). In addition, Alameda produced a small increase (6 percentage points,
although this was not statistically significant) on the proportion of registrants in this subgroup receiving
a trade certificate during the follow-up period, and a small but statistically significant increase (3
percentage points) on receipt of a Bachelor's degree. (See Chapter 2, Table 2.9.) (San Diego was the
only other county to produce a statistically significant increase on the receipt of a credential for the
not-in-need-of-basic-education subgroup - a 5 percentage point increase in the proportion receiving
an Associate's degree.)
Alameda's impact on the use of vocational training or post-secondary education may thus help
to explain its overall positive earnings gains for the not-in-need subgroup. In contrast, Riverside
produced no net increase in the percentage of experimentals in this subgroup who participated in
vocational training or post-secondary education; if anything, it seems to have slightly reduced the use
of those services by experimentals. The comparison of Alameda with Riverside thus suggests that
these two counties may have achieved impacts on earnings gains for the subgroup in different ways.I3
Yet, because Alameda's earnings gains were not accompanied by welfare savings, as was the case in
Riverside, and because of the net expense of the Alameda experimental group's extra months of

"It is interesting to note that the impacts Riverside and San Diego had on earnings for the early cohorts
of the not-in-need subgroup were sustained in the fourth year of follow-up. (See Chapter 4.) Alameda's early
cohort does not have a full fourth year of follow-up to permit an accurate comparison to be made with the
longer-term effects in Riverside and San Diego.
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participation in education and training, the Alameda strategy was a costlier one from the perspective
of government budgets, as reflected in the benefit-cost findings presented in Table 8.1.

B. Results for Reeistrants Determined to Need Basic Education
1. The influence of ~articioationin iob search. Two of the six counties - Butte and
Riverside - had large and statistically significant three-year earnings effects for AFDC-FG registrants
determined to need basic education. Table 8.4 shows that, of all the counties, Riverside had the
largest impact on experimentals' rate of participation in job search activities, increasing that rate by
31 percentage points above the control group rate. While it is possible that this effect contributed to
Riverside's earnings impact for the in-need subgroup, the findings in the other counties do not indicate
a consistent association between a county's effects on the use of job search and its earnings impacts.
For example, although Butte's impact on the rate of participation in job search has not been determined
(owing to limitations of the data available for that county), a reasonable estimate places it at a much
lower level than ~iverside's.'~Moreover, Tulare, which produced a statistically significant earnings
impact on this subgroup of $690 in the third year of follow-up, had an impact of only 12 percentage
points on the rate of participation in job search, which is lower than the 20 percent impact in San
Diego, which did not produce a statistically significant earnings effect.

This pattern of findings across the counties suggests that factors other than, or in addition to,
a county's impact on job search may determine its earnings effects. Another consideration in this
regard is that, judging from the findings of past research on welfare-to-work programs," the
magnitude of Riverside's impacts on earnings for the in-need subgroup seem too large to have been
solely the product of its effects on the use of job search.

2. The influence of oarticioation in basic education. Across all six counties, a
somewhat higher or substantially higher proportion of AFDC-FGs in need of basic education took part
in ABEIGED activities than in job search or in vocational training or post-secondary education. (A
smaller proportion participated in ESL classes.) Interestingly, the county comparisons suggest that
large impacts on the rate of participation in basic education activities, or on the per-experimental
average number of months participating in those activities, do not correspond to large three-year
earnings impacts (see Figure 8.3 and Table 8.4). For example, while Riverside had effects on the rate
of participation in ABEJGED classes (24 percentage points) and on the average number of months
participating in them (1.1 months per experimental) comparable to the effects on those measures in San
Diego, it produced much larger earnings gains. Moreover, Alameda, which had the largest impact
on the use of ABEJGED (increasing the rate of participation by 52 percentage points and the number
'

'4~ollowingthe same kinds of assumptions discussed in footnote 12, a rough approximation of Butte's twoto three-year impact on job search for the in-need subgroup can be made. The I I-month participation rate for
experimentals, based on Butte's GAIN tracking data, was about 6 percent. The average rate of the controls'
participation in job search in the other five counties was only about 3 percent. If these two rates accounted
for all of the participation among experimentalsand controls, respectively, in Bune's in-need-of-basic-education
subgroup, Bune's impact on job search would be 3 percentage points. If this estimate were off in either
direction by 25 percent, the impact would fall within the range of 2 percentage points to almost 4 percentage
points. Altho&h the actual impact is not known, it seems unlikely that it would approach Riverside's 31
percentage point impact.
%ee Gueron and Pauly, 1991.

of months participating by 4.4 months per experimental), had a relatively small impact on earnings for
this subgroup.16
The positive results for Butte and Riverside are particularly striking because these two counties
adopted such d~fferenr strategies for implementing GAIN. Furthermore, it seems unlikely that their
positive effects came from exposing basic education participants to education activities or schools of
exceptional quality. Although quality is very difficult to judge, it is notable that responses to a relevant
staff survey question, which asked case managers "how worthwhile" they believed the basic education
services in their county to be for the registrants assigned to them, suggest just the opposite. As shown
in Table 8.3, only 36 percent and 48 percent of the staff in Butte and Riverside, respectively, gave
a high rating to basic education, compared to 57 percent to 79 percent in the other four counties.
(Ratings of basic education were especially high in San Diego and Tulare.)"
The influence of participation in basic education on the earnings impacts that these two counties
produced for the registrants determined to need basic education thus remains open to question. The
issue is especially perplexing in Riverside, where evidence from MDRC's special report on GAIN
basic education detected no evidence that, on average, the program increased the' reading or math
ability of sample members in this subgroup, as measured by a literacy test administered as part of the
registrant survey.18 Furthermore, it appears that the Riverside program did not increase the
likelihood that experimentals (compared to controls) would obtain a GED or high school diploma
during the survey follow-up period (see Chapter 2, Table 2.9).19 At the same time, as previously
mentioned, the magnitude of Riverside's impacts on earnings for this subgroup seem too large to have
been the product simply of its impacts on job search participation rates.
A number of hypotheses can be offered, although none of them can be tested with the data
available for this study. One possibility, of course, is that the literacy test used to assess sample
members' basic skills did not measure other kinds of learning produced by GAIN'S basic education
activities that may have helped prepare registrants to look for, compete for, and perform work. Or
it may be that participation in GAIN basic education in Riverside influenced the labor market behavior
and opportunities of participants in ways that had little to do with improving their basic literacy skills.
For example, perhaps it strengthened their self-confidence and expectations of success in the labor
16~ollowing
the same kinds of assumptions discussed in footnote 12, a rough approximation of Butte's twoto three-year impact on the rate of participation in ABEIGED for the in-need subgroup can be made. The 11month participation rate for experimentals, based on Butte's GAIN tracking data, was about 21 percent (see
Martinson and Friedlander, 1994, Table 3.2). The average rate of the controls' participation in ABEIGED in
the other five counties was only about 7 percent. If these two rates accounted for all of the participation
among experimentalsand controls, respectively, in Butte's in-need-of-basic-education subgroup, Butte's impact
on ABEEED would be 14 percentage points. If this estimate were off in either direction by 25 percent, the
impact would fall within the range of 11 percentage points to almost 18 percentage points. Although the actual
impact is not known, it seems unlikely that it would exceed Riverside's 24 percentage point impact.
"1n San Diego, the results reflect the very high regard case managers had for the GAIN Learning Centers,
which provided individualized and computer-aided instruction, for GAlN students. The schools in Tulare also
provided a great deal of individualized instruction, in some cases making extraordinary efforts to cultivate a
supportive environment for learning in classrooms devoted exclusively to GAIN students.
I8See MaAinson and Friedlander, 1994.
L91nformationon skills gains and educational attainment was not available in Butte because MDRC's GAlN
registrant survey was not fielded in that county.

market, and perhaps those changes in attitudes emboldened them to look for work more seriously or
diligently than they would have in the absence of GAIN. This type of attitudinal change might have
been enhanced in Riverside if, while participating in education activities, registrants continued to be
subjected to Riverside's strong employment message through their ongoing contacts with GAIN case
managers. (In this regard, it is interesting to note that about 40 percent of Riverside's respondents in
the in-need-of-basic-education subgroup gave a "high" response to the question, discussed above, about
how much GAIN staff "pushed" them to take a job quickly - a higher percentage than in the other
counties.) Participants' motivation to work might also have been enhanced through interactions with
teachers and peers at their schools. Also, as GAIN participants, experimentals taking part in basic
education activities continued to have access to the GAIN staff's direct assistance with job
development, which may have increased their success in locating job openings.
A different type of hypothesis is suggested by the finding, discussed in previous MDRC reports,
that Riverside's registrants who were determined to need basic education and who participated in a
GAIN activity were more likely than those in other counties to have participated in job search as their
initial a s ~ i g n m e n t . ~Perhaps
~
this strategy allowed the program to divert from basic education
individuals who were able to find employment without that intervention." A similar "sorting" effect
might also have occurred in Butte, though for an entirely different reason. As mentioned in Chapter
2, Butte created a waiting list for assignment to GAIN activities as a way of keeping registrant-to-staff
caseloads low. One consequence of this waiting list was that some people who were capable of finding
jobs on their own, but who might have been assigned to basic education, entered the labor market
during this waiting period and avoided the opportunity cost (and, perhaps for them, the uncertain
payoff) of participating in a basic education assignment.
Another consideration (which could apply more broadly across the counties and across
subgroups) is that Butte's and Riverside's earnings impacts for the in-need subgroup might have come
about in part because their programs may have affected the behavior of nonpanicipanfs as well as
participants. For example, GAIN's participation obligation may have encouraged some individuals to
seek a part-time or full-time job, or simply to leave welfare, in order to avoid going to school or to
another GAIN activity. A "deterrence effect" of this type, if it existed, might also have affected the
behavior of some participants who, after having participated in the activity for a short time, may have
decided that working (andlor leaving welfare) was preferable to going back to school as an adult.

V.

The Influence of Reswndine to Noncom~lianceThrough Formal Enforcement

Chapter 2 showed that the counties varied in their use of GAIN's formal mechanisms for
enforcing the program's participation mandate. This process begins when a registrant who has failed
to attend an assigned activity without good cause is placed in a "conciliation process" involving case
managers and supervisors, and it ends, if compliance with the participation mandate is not achieved,
with the imposition of a financial penalty in the form of a sanction (i.e., a reduction in the welfare

20SeeFreedman and Riccio, 1991; Martinson and Friedlander, 1994.
2'1n San Diego, according to program staff, participation rates in basic education as an initial activity grew
over time as more slots opened up in the county's Learning Centers. However, the program's impacts were
larger for the early cohort of sample members determined to need basic education than for the later cohort.
See Friedlander et al., 1993, pp. 123-24, for further discussion of this issue.

grant). Los Angeles and Riverside relied more heavily on this process, invoking it for about one-third
of all AFDC-FG registrants within the initial ll-month follow-up period (according to casefile data),
altho ?h only about 6 percent had actually been sanctioned during that time. (Registrant survey data,
whici. were self-reported, suggest that actual sanctioning rates climbed in all the counties over time.)
When these patterns are compared to the cross-county differences in three-year impacts, they
indicate no consistent relationship between formal enforcement and earnings effects. There is also no
consistent evidence that greater reliance on formal enforcement was strongly associated with greater
welfare reductions across the counties. For example, Butte, Los Angeles, and San Diego produced
similar reductions over three years, despite differences in their use of formal enforcement.
Any effect that enforcement may have had on welfare savings in any of the counties may have
been due, in part, to the simple fact that sanctions - to the extent that they were used - directly
reduced the welfare grant. How much of these savings may have come directly from people who were
sanctioned is difficult to determine, however. As suggested above in the discussion of deterrence
effects, at least some of the savings may have come from recipients who were not actually sanctioned,
but whose decisions about leaving welfare were influenced by the requirement to participate in an
activity, backed up by the threat of sanctions. For example, a strong emphasis on enforcement may
send a "tougher" message to registrants abwt GAIN's participation obligation, which may influence
individuals who are never sanctioned. It might even encourage some registrants to leave welfare and hence GAIN - without ever taking part in a program activity, and possibly without ever being
sanctioned. It may be that formal enforcement can work through a variety of channels to influence
welfare savings, although the exact processes have not been investigated for this report.

VI.

The Influence of Alternative Combinations of Im~lementationStratepies and Conditions
on GAIN's Three-Year Impacts

A. An Overall Assessment
As discussed at various places in this report, the counties' implementation approaches differed
substantially from one another. This is not surprising, given California's state-supervised but countyoperated welfare system. Yet, despite these. differences, all six counties produced at least some
positive - and growing - impacts over the three-year follow-up period. In particular, a number of
counties produced statistically significant earnings gains in combination with welfare reductions, even
though they made very different choices regarding how much to emphasize quick job entry, formal
enforcement, personalized attention, and regarding other program dimensions such as the types of staff
they hired to serve as case managers.22 The positive results obtained despite the fact that the
programs were operated under different economic conditions and registered welfare recipients who.
as a group, had quite different demographic profiles and patterns of participation in GAIN activities.
For example, Butte, like Riverside, produced statistically significant earnings increases for registrants
who were considered in need of basic education. Yet Butte, in contrast to Riverside, achieved its
results while placing a much lower emphasis on quick job entry, a higher emphasis on personalized
attention, and a much lower emphasis on formal enforcement. Alameda, Riverside, and San Diego

8.3 for data on county variations on several measures of staff background characteristicsand
2 2 ~ eTable
e
other implementation factors.

all had statistically significant earnings increases for AFDC-FG registrants determined not to need
basic education, in the face of other combinations of rankings on these dimensions. These findings
support the general conclusion that a variety of approaches to implementing GAIN can produce impacts
on earnings and welfare payments. This is a promising result because variations in implementation are
always likely to occur and because differences in local environments are an inescapable fact of life.
At the same time, however, while five of the six counties produced positive benefit-cost results from
the welfare sample perspective, only three of the six produced a return to government budgets equal
to or exceeding the net public investment per experimental.

B. The Case of Riverside
While evidence of GAIN'S effectiveness was found in all six smdy counties, Riverside continues
to stand out by virtue of the overall magnitude and consistency of its impacts, as it did in MDRC's
1993 analysis of GAIN'S two-year impacts. It produced both earnings gains and welfare savings
across a wider variety of AFDC-FG subgroups than any other county, demonstrating that it could
achieve effects on each of these important measures for a broad segment of the GAIN c a s e l ~ a d . ~ ~
Moreover, Riverside was the only county of the six where the benefit-cost findings were positive from
the perspectives of both the welfare sample and the government budget, and for registrants in each of
the basic education subgroups. For all of these reasons, it is important to ask what was distinctive
about Riverside that might explain its comparatively robust pattern of impacts. Although this study
cannot prove the causality of any single program feature or set of factors, a number of interpretations
are worth considering.
As previously discussed, one of Riverside's most distinctive features was its unusually strong
employment "message," which emphasized to registrants the importance of getting into jobs quickly.
Perhaps this pervasive message - backed up by the county's strong job development efforts and its
use of job placement standards for case managers, in combination with a strong commitment to
enforcing the participation mandate - affected how much effort registrants (across a number of
subgroups) made to l w k for a job, and how willing they were to accept a job with relatively low pay.
This does not mean that Riverside was "just a job search program"; quite the contrary. Although it
had a relatively high job search participation rate (e.g., 34 percent among all AFDC-FG experimentals
according to the 11-month casefile data), it had an equally high rate of participation in education and
training activities. As shown in Table 2.1, 36 percent of Riverside's AFDC-FG experimentals
participated in some type of GAIN-related education or training (most of which was basic education
and self-initiated post-secondary education, or occupational training) within the first 11 months after
orientation. These participants (some of whom also took part in job search activities) represented a
majority - 60 percent - of those experimentals who entered any GAIN activity in Riverside during
that initial period.24 At the same time, most of the estimated longer-term experimental-control
difference in service use in Riverside was limited to job search for the AFDC-FG registrants

23~lthough
Riverside's welfare savings for AFDC-Us remained substantial for the three-year period, the
decline in the county's earnings impacts on AFDC-Us is an important reminder that even a broadly effective
GAIN program may not be successful in improving the earnings of all important segments of the welfare
caseload.
2 4 ~also
s shown in Table 2.1, 57 percent of GAIN participants in Riverside took pan in job search within
the first 1 1 months, either as their sole GAIN activity or as one of their GAIN activities.

determined not to need basic education, and to job search and basic education participation for those
who were determined to need this service.
Along many other dimensions that (theoretically) might be related to a program's effectiveness,
Riverside was not unique. For example, while its overall GAIN participation rate (counting all GAIN
activities) among AFDC-FGs was high (60 percent during the first 11 months of follow-up according
to the casefile data), it was no higher than in Alameda and Tulare. And while Riverside ranked
relatively high in the quickness with which it resorted to the formal penalty mechanisms to enforce
GAIN's participation mandate, so did Los Angeles. Thus, each of these factors, alone, does not
explain Riverside's performance.
It also seems unlikely that Riverside's results can be attributed simply to the availability or
quality of its services, if staff perceptions of these services are any guide. Riverside does not stand
out from the other counties as having had the most (or least) favorable ranking on these dimensions
(see Table 8.3). Riverside also does not stand out as having a more highly educated staff, although,
along with San Diego, a higher proportion of Riverside's staff had previously worked in an education
or training program, such as a Work Incentive (WIN) or JTPA program, which may have helped
prepare them to operate GAIN. Furthermore, Riverside did not have the highest or most favorable
ranking (compared to the other counties) in terms of its line staff's job satisfaction and morale,
perceptions of welfare recipients' desire to work, and belief in GAIN's ability to help registrants, or
in its registrant-to-case-manager ratio (see Table 8.3 and Figure 2.3).
What most distinguished Riverside from the other counties - and, therefore, what might have
contributed to Riverside's more favorable results - was its particular ~ 0 m b i ~ t i oofn practices and
conditions, for Riverside followed a constellation of practices not found in any other county: the
pervasiveness of its employment message and job development efforts, a strong commitment to
securing the participation of all mandatory registrants (and having adequate resources to meet this
objective), quicker reliance on GAIN's formal enforcement mechanisms, and an effort to limit the
involvement of registrants' participation in GAIN-related activities to primarily to job search and basic
education for the subgroup needing basic education (with strong encouragement to enter job search
first) and, as much as possible, to job search alone for registrants determined not to need basic
education (participation patterns that helped to contain GAIN costs). Riverside's approach may have
enjoyed an "added boost" from its growing economy early on, but, as previously discussed, there are
reasons to believe that this was not the determining factor.
The Riverside results also suggest that the high levels of personalized attention found in several
of the other counties may not be essential for producing large impacts, since Riverside ranked lower
by comparison on this dimension than all other counties except Los Angeles.
Finally, it is also noteworthy that Riverside's "enhanced" case management group (which had
lower registrant-to-staff ratios) did not have larger impacts on earnings or AFDC payments than the
"regular" case management group (where registrant-to-staff ratios were higher). (See Chapter 4.) It
should be realized, however, that lowering caseloads from around 100 registrants per case manager
to about 50 (the caseload sizes used in this study) represents a more marginal change in the burden
imposed on case managers than would a reduction from much higher levels, such as 200-to- 1 or 300to-1, which are sometimes found in other JOBS programs. In other words, it is questionable whether
or not Riverside could have achieved its same level of impacts if its staff had caseloads that greatly
exceeded 100-to-1 (the size for staff in the "regular" group).
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TABLE A.1
SELECTED CHARACTERISTICS OF THE GAlN
NEW JOBS MANDATORY RESEARCH SAMPLE AT ORIENTATION
Sample and characteristic

Alameda

Riverside

Tulare

35.7

43.7

41.8

2.3

2.1

2.3

367

1820

493

Aid status (a) (%)
A~~licant
snort-term reclplenl
Long-term reclplenr
Received AFDC continuously for at
least 6 years prior to orientation (%)
Employed within past 2 years (%)
Currently employed up to
29 hours per week (b) (%)
Has a high school diploma or GED (%)

In need of basic education.
according to GAlN criteria (%)
Currently in a school or training program (%)
Ethnicity (%)
White, non-Hispanic
Hispanic
Black, non-Hispanic
lndochinese
Other Asian
Other
Limned English proficiency (%)
Refugee (%)
Age (yean) (%)
Less than 25
25-34
35-44
45 or older
Average age (years)
Average number of children
Has at least one child
in the following age groups (c) (%)
Less than 6
6-1 1
12-18
19 or older
Research sample status (%)
Experimental
Control
Sample size

(continued)

TABLE A.l (continued)
SOURCE: MDRC calculations from GAlN intake forms for the main research sample.
NOTES: Sample characteristics were recorded on the intake form by GAlN staff at orientation and
are based on answers from GAlN registrants.
Distributions may not add to 100.0 percent because of rounding or because of items missing from some
sample members' intake forms.
A chi-square test was applied to differences among counties. Statistical significance levels are indicated as
.I*+ = 1 percent; ** = 5 percent:
= 10 percent.
(a) Applicants are registrants applying for AFDC at the time of referralto GAlN orientation; they include
reapplicants who may have had prior AFDC receipt. Short-term recipients have received AFDC for two years or less.
Long-term recipients have received AFDC for over two years.
(The AFDC receipt may not have been continuous.)
(b) Missing responses, which accounted for approximately 15 percent of the sample, were considered not to
be currently employed up to 29 hours per week.
(c) Distributions may add to more than 100.0 percent because sample members can have children in
more than one category.

FIGURE A . l
OVERVIEW OF THE INTAKE AND RANDOM ASSIGNMENT PROCESS
FOR THE GAlN EVALUATION
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APPENDIX B
SURVEY RESPONSE ANALYSIS

Data on certain participation measures, job quality, perceptions of work and welfare, and other
non-wage outcomes for this report came primarily from the GAIN registrant survey. This survey was
administered to a stratified random subsample of the full research sample of experimentals and controls
in five of the six research counties.' Not all sample members selected for the survey could be interviewed, however. Some could not be located, and some refused or were unable to be interviewed.
Sample members who completed the survey are called respondents. Sample members selected for the
survey who did not complete it are called nonrespondents. The sample of respondents and nonrespondents is the survey sample. In GAIN, respondents made up four-fifths of the survey sample.
The survey sample in addition to those who were not selected to be surveyed is called thefull research
sample.
Whenever survey response rates are less than 100 percent, two kinds of biases may be present.
First, if experimentals and controls respond differently, then the characteristics of the two research
groups may be dissimilar. If this is the case, the fundamental comparison between experimentals and
controls may be invalid, and impact estimates may be biased. Second, the sample of completed
surveys may not well represent the full sample of program registrants who were selected for interviewing. In that case, the impact estimates for survey respondents may not easily generalize to all program
registrants.
This appendix presents an analysis of survey response patterns undertaken to determine (a)
whether impact estimates based on survey data would be biased by the absence of completed interviews
for some sample members and (b) whether impact estimates based on the survey data can be
generalized to the full research sample (which includes survey respondents, survey nonrespondents,
and individuals not selected to be surveyed). Such an analysis is routinely performed in field studies
using survey dam2
To summarize the results of the analysis of survey response for the GAIN AFDC-FG sample3
(presented below), the overall rate of response for both the experimental and control group was
approximately 80 percent, high enough to reduce substantially the likelihood of severe bias for impacts
based on survey data. The pre-random assignment characteristics of experimental and control respondents do not appear to have been markedly dissimilar, which indicates that the impact estimates
based on survey data should be valid; however, some differences were found between respondents and
nonrespondents. The most important instance was in Los Angeles, where a large difference was

'Bune was not included in the registrant survey because of the evaluation's limited survey budget.
'The issue of item nonresponse - i.e., the failure to respond to a given question or set of questions is not examined here. In most instances, item nonresponse was quite low for individuals who otherwise
responded to the survey. Ranges of response rates for individual items on the survey are presented where
appropriate in the tables for Chapters 2 and 5.
'No impacts based solely on survey measures are presented for AFDC-U registrants in this report except
for Table C.2, which presents estimated impacts on participation in employment-related activities based on
registrant survey data only; therefore, AFDC-Us were not included in the analysis of survey response.

observed in posr-random assignment earnings between controls who responded to the survey and the
full sample of controls. This pattern suggests that impacts on earnings, welfare payments, and other
measures might not be reliable if calculated using the Los Angeles survey data. For this reason, no
impacts on such measures calculated directly from registrant survey data are presented for Los Angeles
in this report. For the other four survey counties, the analysis suggests that any biases in impacts for
survey measures are probably quite small within the survey respondent sample. In addition, earnings
data indicate that survey impact estimates related to work are probably good estimates of behavior in
the full research sample. At the same time, however, the welfare behavior of the survey respondents
during the follow-up period differs from the behavior of the rest of the research sample, which
suggests that impacts estimated on certain survey measures related to welfare behavior may be
somewhat larger than would be impacts on similar measures if those were available for the full sample.

I.

Comoarisons Between Exuerimentals and Controls in the Survey Resoondent Samole

Table B. 1 gives the number of survey completions and the response rates for experimentals and
controls in each county and in all counties combined. The total rate of response for all counties
combined was 80.0 percent, matching the targeted response rate. This response rate was high enough
to suggest that the survey probably represents the full research sample quite well. Across counties,
response rates ranged from 78.5 percent in San Diego to 83.8 percent in Tulare, a modest amount of
variation. More important is that none of the counties had a very low response rate. Within
experimental and control groups, overall response rates for all counties combined were similar (79.3
percent for experimentals compared to 80.8 percent for controls). In addition, none of the
experimental-control differences within counties was large or statistically significant.
To further assess the importance of any experimental-control differences within the survey
respondent sample, the 011 dummy variable indicating membership in the experimental group was
regressed on pre-random assignment demographic information using the survey sample alone. This
was done for each county separately. All regression R-squares were under 0.030 and none was
statistically significant, indicating that research group membership was not related to pre-random
assignment characteristics. These results, in conjunction with the findings related to response rates
discussed above, support the conclusion that the fundamental comparison of experimental and control
survey respondents should not produce biased impact estimates.
Other evidence, however, suggests that in Los Angeles, impacts calculated for the survey
respondent sample may not be reliable. Average earnings calculated from Unemployment Insurance
(UI) data covering the first two years of follow-up were about $1,100 lower for survey respondent
controls than for the full research sample of controls, a large difference that may have resulted from
differences in unobserved personal characteristics or may simply be the result of chance. Whatever
the reason, the difference led to two-year UI earnings impacts for the survey respondent sample in Los
Angeles that were about $1,700 larger than impacts for the full research sample in that county. This
is by far the largest discrepancy in earnings impacts among the five survey counties. The other
discrepancies are only about $150 or less. In light of these findings, this report does not present
survey-based measures for controls or experimental-control differences in Los Angeles. At the same
time, for experirnentals in Los Angeles, the earnings discrepancy between survey respondents and the
full research sample was much smaller than for controls. Therefore, this report does present surveybased estimates for Los Angeles experimentals alone. Moreover, the small size of the discrepancies

TABLE 5.1
RESPONSE RATES AMONG AFDC-FG REGISTRANTS TO THE GAlN REGISTRANT SURVEY.
BY COUNTY AND RESEARCH GROUP
County and
Research Group

Number of
Completions

Response
Rate (%)

Alameda
Experimentals
Controk
Total
Los Angeles
Experimentals
Controls
Total
Riverside
Experimentals
Controls
Total
San Diego
Experimentals
Controk
Total
Tulare
Experimentals
Controk
Total
All counties
Experimentals
Controk
Total
SOURCE: MDRC calculations using data from the GAlN registmnt survey
NOTES: A response rate is the number of survey completions taken as a percentage of sample members
selected to be surveyed.
Butte County was not included in the survey.
In the all-county average, the results of each county are weiahted eauallv.
A chl-square test was appl~edto ddferences in response ratis between expenmentals an0 contros In
eacn county and for all countles comblned Statlstlcal s~gntcancelevels are lnalcatea as *" = 1 ~ercent
** = 5 percent; = l o percent.

in the other counties indicates that survey impact estimates related to earnings (e.g., job quality) are
probably good estimates of behavior in the full research sample.
11.

Comparisons Between Survev Respondents and the Full Research Sample

In addition to examining the characteristics of experimentals and controls within the survey
respondent sample, the characteristics of survey respondents (experimentals and controls combined)
were compared to those of survey nonrespondents. This can help determine whether or not the impact
estimates for the survey respondent sample can be generalized to the full research sample. To assess
the potential importance of any observed differences in pre-random assignment characteristics between
survey respondents and survey nonrespondents, the 011 dummy indicating survey response versus
survey nonresponse was regressed on pre-random assignment demographic information, for each
county separately, using the survey sample of respondents and nonrespondents combined. The
regression R-squares were slightly larger in this case than in the first set of regressions (discussed
above), ranging from 0.036 to 0.064 across the counties, and were statistically significant in all
counties except Los Angeles. In most counties, survey respondents were more likely than
nonrespondents'to be nonwhite, female, and to have had longer welfare histories prior to random
assignment.
Because respondents tended to have longer welfare histories than nonrespondents, they also
received more AFDC during the period following random assignment. In Tulare, the average AFDC
payment and the impact on AFDC payments over the first two years were similar for survey
respondents and the full research sample. In each of the other four survey counties, both the average
AFDC payment and the impact on AFDC payments were larger for respondents. Averaging those four
counties (with each county weighted equally) indicates that respondent controls received about 8
percent more AFDC than the full control sample; in addition, the average AFDC impact for
respondents was $1,382, compared to $830 for the full research sample in those four counties. Any
impacts on survey measures of AFDC receipt would therefore also tend to be larger for the survey
respondent sample than for the full research sample. It is possible that impacts on other survey
measures related to AFDC receipt, such as attitudes toward welfare, could be larger as well.
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TABLE C . l
RATES OF PARTICIPATION IN GAlN ACTIVITIES AMONG AFDC-U EXPERIMENTALS
WITHIN 11 MONTHS AFTER ORIENTATION
--

Sample and
Participation Status

Alarneda

Bune

Los
Angeles

Riverside

Ever participated in any GAlN
activity, excluding appraisal
and assessment (%)

56.3

38.4

36.0

66.0

46.3

Ever deferred (%)

55.2

12.1

69.6

42.2

63.8

43.4
30.2
26.4
100.0

16.7
33.3
50.0
100.0

53.5
35.7
10.7
100.0

32.3
21 .O
46.6
100.0

47.4
11.6
41 .I
100.0

San D~ego

-

Tulare

All experimentals

Reason for first deferral among
those ever deferred (%)
Part-time employment
Illness
Other reasons
Total
Ever participated in (%)
Job search
Basic education (b)
GED
ABE
ESL
Self-initiated actiity
Assessment
Post-assessment activity
Any education or
training activity
Sample size

14.6
41.7
4.2
10.4
28.1
2.1 (c)
9.4
9.4 (c)

16.2
20.2
10.1
1.O
9.1
3.0
9.1
2.0

5.0
29.5
2.0
4.8
23.4
3.4
1.I
0.1

42.2
25.9
4.8
6.8
14.3
6.8
4.1
2.0

22.1
24.2
6.7
11.4
7.4
5.4
11.4
6.7

51 .O

25.3

32.7

32.0

33.6

96

99

736

147

149

25.9
74.1
3.7 (c)
16.7 (c)

42.1
52.6
7.9
5.3

14.0
81.9
9.4
0.4

63.9
39.2
10.3
3.1

47.8
52.2
11.6
14.5

90.7

65.8

90.9

48.5

72.5

54

38

265

96

69

23.0 (a)
18.0 (a)
59.0 (a)
100.0
16.1 "*
41.9 ***
13.7 ***
16.9 ***
13.7 '**
7.3
14.5 *'*
6.5 (d)

Experimentals who started
any GAlN activity (e)
Participated in (56)
Job search
Basic education (9
Self-initiated activity
Post-assessment actlvity
Any education or
trainlng activity
Sample size
SOURCE:

.

Calculations using data from the MDRC participant flow study.

NOTES:

Distributions may not add to 100.0 percent because of rounding.
A chi-square test was applied to differences among counties. Statistical significance levels are
indicated as *** = 1 percent: ** = 5 percent; ' = 10 percent.
(a) A test of statistical significancewas not performed.
(b) Subcategory percentages may not add to the category percentage because participation in
more than one component of basic education was possible.
(c) Alameda registrants already in vocational education at orientation were coded as Darticimtina
~nvocatfona ea~catlonlnstead of In sen-!nitlatea vocatlonal eodcatlon This poucy causes the post -assessment
act~vnypercentaqe wh~cnIncludes vocatlonal education, to be h~anerand the sen-lnltlated actinv. Dercentaae
to
.
be iowerthan if the codina had been consistent with that in the o%er counties.
(d) A test of &atistical significance was not applicable.
(e) This samvle includes onlv those exDerimenta.1~
who ever mrticioated in anv GAlN activitv
excluding appraisal and assessment.
(9 GED preparation. ABE, and ESL.

-

10.8 (d)

TABLE C.2
GAIN'S ESTIMATFD IMPACTS ON M E PERCENTAGE OF REGISTRANTS WHO EVER PARTICIPATED
IN EMPLOYMENT-RELATED ACTIVITIES WITHIN TWO TO M R E E YEARS AFTER ORIENTATION.
BASED ON REGISTRANT SURVEY DATA ONLY
AFDC -FGs
Outcome and
Research Group

Alameda

Los
Angeles

348

230

Riverside San Diego

Tulare

All
Counties

363

1619

AFDC -Us (a1
All
Counties

Ever participated in job search
Experimentals (%)
Controls (%)
Difference
Ever participated in ABEIGED
Experimentals (%)
Controls (%)
Difference
Ever partnpated in ESL
Experimentals (%)
Controls (%)
Difference
Ever participated in vocational
training or post-secondary
education
Experimentals (%)
Controls (%)
Difference
Ever participated in unpaid
work experience
Experimentals (%)
Controls (%)
Difference
Ever participated in O J
Experimentals (%)
Controls (%)
Difference
Sample size
Exwrimentals
controls

-

342

336

201
207_

SOURCE: MDRC calculations using data from the GAIN registrant survey.
NOTES: Calculations for this table used data for all program tracking sample members and survey respondents, including
those who did not participate in the activity.
Round~ngmay cause sllght d~screpanc~es
In calculatng sums, averages and offerences
Tests of statlsbca slgnd cance of tne dfferences cetween experlmentak an0 contro s were not pertormw
In the all-county averages, the results for each county are equally weighted.
The follow-up period for the survey ranged from 26 to 37 months, on average, across the five counties where the
registrant survey was conducted. Butte County was not included in the survey.
(a) The AFDC-U sample does not include any registrants from Alameda.

TABLE C.3
FOR THOSE DETERMINED NOT TO NEED BASIC EDUCATION:
GAIN'S ESTIMATED IMPACTS FOR AFDC-FGs ON NUMBER OF MONTHS PARTICIPATING IN
EMPLOYMENT-RELATED ACTIVITIES WITHIN FIVE YEARS AFTER ORIENTATION
Outcome and
Research Group

Butte

Los
Angeles

209

92

583

81

nla

nla

n/a

n/a

109
106

n/a
n/a

---

282
148

Alameda

Tulare

All
Counties

110

79

1154

nla

n/a

n/a

146
147

140
137

677
538

Riverside San Diego

Average number of months in
job search
Experimentals
Controls
Difference
Average number of months in
ABUGED
Experimentals
Controls
Difference
Average number of months in
ESL
Experimentals
Controk
Difference
Average number of months in
vocational training or postsecondary education
Experimentals
Controk
Difference
Average number of months in
unpaid work experlence
Experimentals
Controls
Difterence
Sample sizes
Program tracking data
Experimentals
Controls
Registrant survey data
dtperimenta~sControls
SOURCE: See Tables 2.3 and 2.4,
NOTES:

See Tables 2.3,2.4, and 2.7.
Tests of statistical significance of the differences between experimentals and controls were not performed

TABLE C.4
FOR THOSE DETERMINED TO NEED BASIC EDUCATION:
GAIN'S ESTIMATED IMPACTS FOR AFDC-FGs ON NUMBER OF MONTHS PARTICIPATING IN
EMPLOYMENT-RELATED ACTIVITIES WITHIN FIVE YEARS AFTER ORIENTATION
Outcome and
Research Group

Alameda

Butte

Los
Angeles

Riverside San Diego

Tulare

All
Counties

Average number of months in
job search
Experimentals
Controk
Difference
Average number of months in
ABEIGED
Experimentals
Controls
Difference
Average number of months in
ESL
Experimentals
Controls
Difference
Average number of months in
vocational training or postsecondary education
Experimentals
Controk
Difference
Average number of months in
unpaid work experience
Experimentals
Controk
Difference
Sample sizes
Program tracking data
Experimentals
Controls
Registrant survey data
Experimentals
Controls

242

n/a

2430

167

137

146

3381

nla

nla

nla

nla

nla

--

194

189

226

851

SOURCE: See Tables 2.3 and 2.4.
NOTES:

See Tables 2.3, 2.4, and 2.8.
Tests of Statistical significance of the differences between experimentals and controls were not performed

TABLE C.5
GAlN PARTICIPATION PATERNS WITHIN 11 MONTHS AFTER ORIENTATION
AMONG SELECTED SUBGROUPS OF AFDC-FG EXPERIMENTALS
Sample
and Measure

Alameda

Butte

Los
Angeles

Riverside

San Diego

Tulare

Registrants determined
not to need basic education
Ever participated in (%)
Any GAlN activity
Job search
Basic education (a)
Self-initiated activity
Post-assessment activity
Any education or training act~Ry
Ever in conchatlon, sanctlonea.
or slated for sanctconlng (%)
Sample size

62.0 ***
43.0 "'
2.5 (b)
17.7 *"
15.2 "'
32.9 '**

61.7
49.8
6.7
5.3 (C)
32.5 (c)
37.8

12.7 (b)

1.9
209

Registrants determined
t o need basic education
Ever part~cipatedin (%)
Any GAlN activity
Job search
Basc education (a)
Self-initiated activity
Post-assessment activity
Any education or training activity
Ever in conciliation, sanctioned,
or slated for sanctioning (%)

63.9
14.0
55.5
2.0 (C)
9.2 (C)
61 .I

60.3
8.2
54.8
2.1
6.2
58.2

'*'
'*+

"'

"'
***
***

11.o (b)

2.3

Sample size
Applicants
Ever participated in (%)
Any GAlN activity
Job search
Basic education (a)
Self- Initiated activity
Post-assessment activity
Any education or training activity
Ever In concl latlon. sanct.oned
or slated for sanctlonmg (k)
Sample size

--

46.4

32.5

24.2 (b)

0

115

0

69

80

33

Ever participated in (%)
Any GAIN actlvity
Job search
Bas~ceducation (a)
Self-initiated activity
Post-assessment activity
Any education or training activity

-------

40.9
22.7
13.6
9.1
18.2
36.4

-------

53.8
28.8
21.3
11.3
3.8
33.8

53.8
27.7
20.0
13.8
12.3
35.4

56.9
25.5
27.5
5.9
9.8
39.2

Ever in conciliation, sanctioned.
or slated for sanctioning (%)

--

9.1

--

31.7

17.2

11.8 (b)

0

22

0

80

65

Short-term recipients

Sample w e

-312-

51

(continued)

TABLE C.5 (continued)
Sample
and Measure

Los
Angeles

Riverside

San Diego

3.2
34.9

51.3
11.9
36.8
6.2
t .I
43.8

65.7
41.4
23.2
15.2
2.0
39.4

52.0
19.6
22.5
18.6
5.9
44.1

68.1 ***
20.6 ***
42.6 '**
9.9 ***
9.9 ***
58.2 *"

2.2

6.3

34.5

26.8

15.5

8.5 (b)

602

63

3013

99

102

141

Alameda

Butte

Tulare

Lonq-term recipients
Ever participated in (%)
Any GAIN activity
Job search
Basic education (a)
Self-initiated activity
Post-assessment activity
Any education or training activity
Ever in conciliation, sanctioned.
or slated for sanctioning (%)
Sample size

63.1
26.4
38.5
3.2 (c)
17.3 (c)
53.0

52.4
17.5
22.2
11.1

SOURCE: Calculations using data from the MDRC participant flow study
NOTES: A chi-square test was applied to differences among counties. Statistical significance levels are indicated as
*** = 1 percent: " = 5 percent; ' = 10 percent.
Dashes indicate that the sample size is under 20; therefore, the calculation has been omttted.
(a) GED preparation.ABE, and ESL.
(b) A test of statistical significance was not applicable.
(c) Alameda registrants already in vocational education at orientation were coded as participating in vocational education
instead of in self-initiated vocational education. This policy causes the post-assessment activity percentage, which includes
vocational education, to be higher and the self-initiated activity percentage to be lower than if the coding had been consistent
with that in the other counties.
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TABLE D.l
AVERAGE IMPACTS I N SELECTED STUDIES OF STATE WELFARE-TO-WORK
FOR AFDC-FGs (SINGLE PARENTS)

Average Total AFDC Payments ($)

Average Total Earnings ($)
Program

Year 1

Year 2

PROGRAMS

Year 3

Year 1

Year 2

Year 3

California GAIN (a)
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare
Arkansas WORK
Program
Louisville WIN LabIndividual Job Search (b)
Cook County
WIN Demonstration
LouisvilleWIN LabGroup Job Search (b)
West Virginia
CWEP
Virginia ESP
San Diego I (EPPIEWEP)
San Diego SWlM (c)
Baltimore Options

140

401 "*

511

*"

2

SOURCE: Gueron and Pauly, 1991; Riccio and Friedlander, 1992; Friedlander and Hamilton, 1993,
NOTES:
level.

Denotes statistical significance at the 10 percent level; ** at the 5 percent level; and "* at the 1 percent
Where data are not available. Was'is used.
(a) Impacts were obtained by weighting each of six counties equally.
(b) The impacts a r t adjusted to 1985 dollars.
(C) All SWlM data contained in this table have been taken from Friedlander and Hamilton, 1993.

TABLE D.2
ALAMEDA AFDC-FGs: IMPACTS ON EMPLOYMENT. EARNINGS.
AFDC RECEIPT. AND AFDC PAYMENTS
Outcome and Follow-Up Period

Experimentals

Controls

Difference

--

--

--

Percentage
Change

Ever employed (K)
Year I (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Averaae number of auarters with
employment
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Ever employed (%)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter 10
Quarter II
Quarter I 2
Quarter 13
Quarter 14
Quarter 15
Quarter 16
Average total earnings ($)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year3 (quarters 10-13)
Total (quarten 2-13)
Average total earnings ($)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter l o
Quarter 11
Quarter I 2
Quarter I 3
Quarter I 4
Quarter 15
,*
Quarter 16

-(continued)

TABLE D.2 (continued)

Outcome and Follow-up Period

Experimentals

Controls

Ditference

10.79
9.43
8.32
28.54

10.99
9.64
8.62
29.25

-0.20
-0.21
-0.30
-0.71

99.4
97.0
94.1
89.6
86.0
83.3
82.3
78.8
76.6
74.8
71.3
70.0
67.5

99.5
98.0
94.8
91.3
89.2
86.8
83.5
79.9
77.1
75.6
74.1
72.3
70.6

Percentage
Change

Ever received any AFDC payments (%)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Average number of months receiving
AFDC payments
Year I (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Ever received any AFDC payments (%)
Quarter ofrandom assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter 10
Quarter 1 1
Quarter 12
Quarter 13
Quarter 14
Quarter 15
Quarter 16
Average total AFDC payments received (5)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Average AFDC payments received (5)
Quarter ofrandom asslgnrnent
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter 10
Quarter 1 1
Quarter 12
Quarter 13
Quarter I4
1
Quarter I5
Quarter 16
Sample size (total = I 205)

-1.8%
-2.2%
-3.5%
-2.4%

-1 .I
-0.5
-0.7
-2.9
-2.3
-3.1

----

----

-0.1%
-1 .O%
-0.8%
-1.7%
-3.6%
-4.0%
-1.4%
-1.4%
-0.7%
-1.0%
-3.9%
-3.2%
-4.4%

6916
5816
4861
17593

7066
6077
5232
18375

-150
-261
-371
-782

-2.1%
-4 3%
-7.1%
-4.3%

1918
1661
1758
1677
1620
1552
1485
1420
1359
1299
1239
1193
1130

1925
1665
1784
1737
1680
1637
1543
1478
1420
1376
1339
1283
1233

-7
-4
-26
-60
-60

----

--

---

----

602

603

-0.1
-1 .O
-0.7
-1.6
-3.2 '
-3.5
-1.1

-84

----

**

"
**

-58
-57
-61
-78
-100 +*
-90
-103 **

----

SOURCE AND NOTES: See Table 4.1.Thirteen quarters of follow-up data are available for Alameda.

-0.3%
-0.2%
-1.5%
-3.556
-3.6%
-5.2%
-3.6%
-3.956
-4.3%
-5.6%
-7.5%
-7.0%
-8.356
--

---

TABLE D.3

-

B U l l E AFDC-FGs: IMPACTS ON EMPLOYMENT. EARNINGS.
AFDC RECEIPT, AND AFDC PAYMENTS

Outcome and Follow-up Period

Experimentals

Ever employed (%)
Year I (quarters 2-5)
Year 2 (quarters 6-9)
-Year 3 (quarters 10-13)
Total (quarterr 2-13)
Average number of quarters with
employment
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-1 3)
Ever employed (%)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter Io
Quarter II
Quarter I 2
Quarter I 3
Quarter I 4
Quarter 15
Quarter I 6
Average total earnings ($)
Year I (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Average total earnings ($)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter 10
Quarter 11
Quarter I 2
Quarter I 3
Quarter I 4
Quarter 15
Quarter 16

-

Controls

Difference

Percentage
Change

TABLE D.3 (continued)
Outcome and Follow-up Period

Experimentals

Controls

Difference

--

--

Percentage
Change

Ever received any AFDC payments (36)
Year I (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Average number of months receiving
AFDC payments
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Ever received any AFDC payments (%)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter l o
Quarter II
Quarter I 2
Quarter 13
Quarter 14
Quarter 15
Quarter I 6
Average total AFDC payments received ($)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Average AFDC payments received ($)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter 10
Quarter 11
Quarter 12
Quarter 13
Quarter I 4
Quarter 15
Quarter 16
Sample size (total = 1229)

5132
3715
2812
11659

-986

243

SOURCE AND NOTES: See Table 4.1. Fourteen quarters of employment and earnings follow-up data and I5 quarters
of AFDC data are available for Butte.

TABLE D.4
LOS ANGELES AFDC-FGs: IMPACTS ON EMPLOYMENT, EARNINGS.
AFDC RECEIPT. AND AFDC PAYMENTS

Outcome and Follow-Up Per~od

Controls

Percentage
Change

Ever employed (%)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Average number of quarters with
employment
Year 1 (quarters 2-5)
Year 2 (quarters6-9)
Year 3 (quarters 10- 13)
Total (quarters 2-13)
Ever employed (%)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter 10
Quarter 11
Quarter 12
Quarter 13
Quarter 14
Quarter 15
Quarter 16
Average total earnings ($)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Average total earnings ($)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter 10
Quarter 11
Quarter 12
Quarter 13
Quarter 14
Quarter 15
Quarter 16

-0.3%
6.9%
8.6%
5.5%
6.0%
4.6%
-2.1%
-2.2%
-0.3%
0.0%
2.6%
11.7%
13.5%
11.2%
12.9%
5.1%
5.9%
9.1%

---

(continued)

TABLE D.4 (continued)
Outcome and Follow-up Period

Controls

Difference

Percentage
Change

--

--

--

--

2995

1401

Experimentals

Ever received any AFDC payments (%)
Year I (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Average number of months receiving
AFDC payments
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Ever received any AFDC payments (%)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter 10
Quarter I I
Quarter 12
Quarter 13
Quarter 14
Quarter 15
Quarter 16
Average total AFDC payments received ($)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Average AFDC payments received ($)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter 10
Quarter 1 I
Quarter I2
Quarter I3
Quarter I4
Quarter I 5
Quarter I 6
Sample size (total = 4396)

SOURCE AND NOTES: See Table 4.1.Fourteen quarters of employment and earnings follow-up data and I5 quarters
of AFDC data are available for Los Angeles.

TABLE D.5
RIVERSIDE AFDC-FGs: IMPACTS ON EMPLOYMENT. EARNINGS,
AFDC RECEIPT, AND AFDC PAYMENTS
Outcome and Follow-up Period

Experimentals

Controls

Difference

Percentage
Change

Ever employed (%)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)

53.0%
39.636
26.3%
25.5%

Average number of quarters wlth
employment
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-1 3)

60.6%
46.4%
33.5%
46.1%

Ever employed (%)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter l o
Quarter 11
Quarter I 2
Quarter 13
Quarter 14
Quarter 15
Quarter 16

29.1%
63.1%
63.9%
55.8%
60.2%
56.2%
40.3%
43.2%
47.0%
39.9%
35.1%
32.2%
26.7%
30.8%

---

Average total earnings (5)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year3 (quarters 10-13)
Total (quarters 2-13)
Average total earnings (5)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter l o
Quarter 11
Quarter 12
Quarter 13
Quarter I4
Quarter 15
Quarter I6

-(continued)

TABLE D.5 (continued)
Outcome and Follow-Up Per~od

Experimentals

Controls

1667
1598
1261
1105
998
932
891
84 1
793
758
736
703
667
637
602

1668
1683
1441
1327
1206
1133
1060
1008
960
922
895
838
793
758
716

4457

1051

Percentage
Change

Difference

Ever received any AFDC payments (%)
Year I (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-1 3)
Average number of months receiving
AFDC payments
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Ever received any AFDC payments (%)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter 10
Quarter II
Quarter I 2
Quarter 13
Quarter I 4
Quarter I 5
Quarter I 6
Average total AFDC payments received ($)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2- 13)
Average AFDC payments received ($)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter 10
Quarter 11
Quarter 12
Quarter I 3
Quarter I 4
Quarter I 5
Quarter I 6
Sample size (total = 5508)

--

--

-1
-85 ***
-181 "*
-222 **'
-207 '-'
-201 "'
-168 *"
- 167 *'+
-167 +'+
-165
- 156 '**
-135 **+
- 126 ***
-121 ***
-113 "*
+
"

--

-0.0%
-5.0%
-12.5%
-16.7%
-17.2%
-17.7%
-15.9%
-16.6%
-17.456
-17.896
-17.7%
-16.1%
-15.9%
-15.9%
-15.8%

--

SOURCE AND NOTES: See Table 4.1. Fourteen quarters of employment and earnings follow-up data and 15 quarters
of AFDC data are available for Riverside.

TABLE D.6
SAN DIEGO AFDC-FGs: IMPACTS ON EMPLOYMENT, EARNINGS,
AFDC RECEIPT. AND AFDC PAYMENTS
Outcome and Follow-Up Period

Experimentals

Controls

Difference

Percentage
Change

Ever employed (56)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Average number of quarters with
employment
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Ever employed (%)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter 10
Quarter 1 1
Quarter 12
Quarter 13
Quarter 14
Quarter 15
Quarter 16

24.1
26.3
30.0
32.2
33.1
33.3
33.2
33.0
32.5
32.5
31.9
31.5
31.7
31.5
31.3
31.1

Average total earnings ($)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)

2462
3503
3821
9786

Average total earnings ($)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter lo
Quarter 1 1
Quarter 12
Quarter 13
Quarter 14
Quarter 15
Quarter 16

1028

895

133 **

14.9%
(continued)

TABLE D.6 (continued)
Outcome and Follow-Up Period

Experimentals

Controls

715
7049

769
1170

Difference

Ever received any AFDC payments (%)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Average number of months receiving
AFDC payments
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year3 (quarters 10-13)
Total (quarters 2-13)
Ever received any AFDC payments (%)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter l o
Quarter II
Qualter I 2
Quarter 13
Quarter 14
Quarter 15
Quarter I 6
Average total AFDC payments received ($)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Average AFDC payments received ($)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter l o
Quarter 11
Quarter I 2
Quarter I 3
Quarter 14
Quarter I 5
Quarter 16
Sample size (total = 8219)

-54 **

SOURCE AND NOTES: See Table 4.1. Sixteen quarters of follow-up data are available for San D~ego

Percentage
Change

TABLE D.7
TULARE AFDC-FGs: IMPACTS ON EMPLOYMENT. EARNINGS,
AFDC RECEIPT. AND AFDC PAYMENTS

Outcome and Follow-Up Period

Erperimentals

Ever employed (%)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-1 3)
Total (quarters 2-13)
Average number of quarters with
employment
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-1 3)
Total (quarters 2-13)

1 .Oo
1.15
1 .26
3.41

Ever employed (%)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter lo
Quarter 1 1
Quarter 12
Quarter 13
Quarter I4
Quarter 15
Quarter 16
Average total earnings ($)
Year I (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Average total earnings ($)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter 10
Quarter 1 1
Quarter 12
Quarter I3
Quarter I4
Quarter I5
Quarter 16

1792
2536
31 1 1
7439

Controls

Difference

Percentage
Change

TABLE 0.7 (continued)
Outcome and Follow-up Period

Controls

Difference

Percentage
Change

--

--

--

--

1588

646

Experimentals

Ever received any AFDC payments (%)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-1 3)
Average number of months receiving
AFDC payments
Year I (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-1 3)
Ever received any AFDC payments (%)
Quarter of random assianment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter lo
Quarter 1 1
Quarter I2
Quarter I3
Quarter I4
Quarter I5
Quarter I6

-

Average total AFDC payments received ($)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Average AFDC payments received ($)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter lo
Quarter 1 1
Quarter I2
Quarter I3
Quarter I 4
Quarter 15
Quarter 16
Sample size (total = 2234)

SOURCE AND NOTES: See Table 4.1.Thirteen quarters of follow-up data are available for Tulare

TABLE D.8
GAIN'S IMPACTS ON THE PERCENTAGE OF AFDC-FG REGISTRANTS WITH EARNINGS IN YEAR 3
ATOR ABOVE SPECIFIED LEVELS
In Year 3. Percentage Who Earned:
County and Research Group
Alameda
Experimentals
Controls
Difference
Sample size (total= 1205)

19.4
14.6
4.8

Experimentals
Controls
Difference
Sample size (total=?229)

25.8
24.5
I.3

1.3

Los Anqeles
Experimentals
Controk
Difference
Sample size (total=4396)
N

'?

$3.500 or m o r e $5,000 or more

Riverside
Experimentals
Controk
Dlfterence
Sample slze (total=5508)
San Dieqo
Experimentals
Controk
Difference
Sample size (total=8219)
Experimentals
Controls
Difference
Sample size (total=2234)

76

27.2
23.2
4.0

25.2
21.4
3.8

**

"'

16.4
12.7
3.7

$7,500 or more

$9,000 or more

.~

$10,000 or more

-

~

$1&500 or more $16,500 or more

13.8
10.6
3.2 '

12.3
9.0
3.3 '

10.6
8.4
2.2

8.1
6.2
1.9

5.2
3.2
2.0

21.9
18.8
3.1

17.5
13.6
3.9

15.4
10.6
4.8 *+

14.6
10.2
4.3

10.3
8.2
2.1

6.1
3.6
2.5

0.6

1.I

0.6

0.4

66"'

61

18'

20

*

**'

23.3
19.7
3.6

+'

20.6
17.6
3.0 '

"'

'*'

0.9

47

'

1.O

"'

42

*+'

18.7
15.2
3.5 +'*

16.4
13.5
2.9 +**

150
12.0
3.1 ***

11.7
9.6
2.1

15.6
12.6
3.0

13.2
10.2
3.0 **
-

11.2
8.2
3.0 "

7.8
6.0
1.8

.
.

-

SOURCE:

See Table 4.1

NOTES:

See Table 4.1.
The earnings levels were selected to approximate the following earnings patterns, rounded to the nearest $500:
$3,500: roughly what a$4.25-per-hour. 15 hour-per-week job would have paid ($3,315)
$5.000: roughly what a $5.00-per-hour. 20 hour-per-week job would have paid ($5,200)
$7,500: roughly what a $7.00-per-hour. 20 hour-per-week job would have paid ($7,280)
$9.000: roughly what a$5.00-per-hour. 35 hour-per-week job would have paid ($9.100)
$10,000: roughly what a $5.00-per-hour. 40 hour-per-week job would have paid ($10.400)
$12.500: roughly what a $7.00-per-hour. 35 hour-per-week job would have paid ($12,740)
$16,500: roughly what a $8.00-per-hour, 40 hour-per-week job would have paid ($16,640)

"

7.3
5.8
1.5

4.5
4.2
0.3

'

***

TABLE D.9
GAIN'S THREE-YEAR IMPACTS ON EARNINGS AND AFDC PAYMENTS FOR SELECTED SUBGROUPS OF AFDC-FG REGISTRANTS
Total
Sample
Size

Subgroup and County
Received AFDC continuously
for at least 6 years
prior to GAlN orientation
No
Alameda
Butte
Riverside
San Diego
Tulare

&

Alameda
Butte
Riverside
San Diego
Tulare
I

W

w

0
I

Employed in year prior to
GAlN orientation

Yes

Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

No

Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

---

Average Total Earnings

-

Controk ($)

-

Experimentals ($)

Difference ($)

--

Average Total AFDC Payme-$5

Exqerimentals
($)
.
-

Controk ($)-Jifference

($)

TABLE D.9 (continued)
~~

Subgroup and County

Total
Sample
Size

-

Average Total Earnings -

Experimentam-

Controls ($)

Difefrence ($)

~~

~~-~
-

-. .Exprimen-

~

~

~

-

Average TxAFDCPayments
Controk
- ($)

~

..

--p

Dmerence.($-

Level of disadvantaae
First-tine applicant
Butte
Riverside
San Diego
Tulare
Returning applicant
Butte
Riverside
San Diego
Tulare
Less disadvantaged recipient
Alarneda
Butte
Los Angeles
Riverside
San Diego
Tulare
More disadvantaged recipient
Alarneda
Butte
Los Angeles
Riverside
San Diego
Tulare

-

I

W

w

r
I

(continued)

TABLE D.9 (continued)
~-

u-p

I

w
W
N

I

and County

Total
Sample
Size

Average Total Earnings
Experimentals ($)

Controls ($)

Difference ($)

Ethnicity
White, non-Hispanic
Alamedq
Butte
Los Angeles
Riverside
San Diego
Tulare
Black, non-Hispa*
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare
Hispanic
Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare
Asian and other
Alameda
Butte
Los Angeles
Riverside
San Diego
-. Tulare
SOURCE AND NOTES: See Tables 4.1 and 4.6.
Tests of statistical significance were not performed on the variation of impacts across subgroups.

-

Experimentals ($) ~Controk ($)

Difference&
~-

APPENDIX E
AFDC CASE CLOSURE AND RECIDIVISM

APPENDIX E
AFDC CASE CLOSURE AND RECIDIVISM

This appendix presents the results of an analysis of AFDC case closure and recidivism in the
GAIN research sample. In part, this analysis was prompted by a single question: Would a strong
program focus on getting enrollees quickly into jobs and off welfare merely lead to a high rate of
return to welfare later on? This question is important because that kind of AFDC recidivism could
cancel out the impacts of the initial case closures. The question was raised particularly with reference
to the GAIN program in Riverside, which was seen to be a premier example of a quick employment
focus.
For AFDC-FGs, the analysis found that recidivism did, in some counties, tend to offset the
increase in case. closures produced by GAIN, but the offset was only partial and fairly modest. This
was true even in Riverside, where the effect was largest.' For AFDC-Us, the effect of recidivism
was more serious. Returns to welfare by the end of the three-year follow-up period offset most of the
increase in case closures initially achieved for AFDC-Us by GAIN in Riverside and San Diego. Recidivism had much less effect among AFDC-Us in Butte, which explains why impacts on AFDC
payments in that county in year 3 had overtaken and surpassed those of Riverside and San Diego.
I.

Results for AFDC-FGs

One of the principal ways that welfare-to-work programs reduce AFDC payments is by inducing
people to leave welfare. Case closures can produce AFDC savings (i.e., lead to lower AFDC
payments for experimentals than for controls on average) if (a) those experimentals who leave AFDC
do so sooner than comparable controls and (b) those experimentals who leave do not return to AFDC
quickly. The latter behavior - namely, rapid return to AFDC - is known as AFDC recidivism. This
appendix examines the effects of GAIN on AFDC case closure and recidivism, focusing on two key
questions: First, are larger AFDC savings across counties associated with faster AFDC case closure?
Second, has AFDC recidivism caused GAIN'S impacts on AFDC payments to shrink over time?
To summarize the results, GAIN increased AFDC case closure during the first half of the threeyear follow-up period in Los Angeles, Riverside, and San Diego. Most of these increases were for
sample members who got off AFDC and stayed off through the end of the follow-up. These effects
were largest in Riverside but noteworthy in the other two counties as well. Recidivism also increased;
however, returns to welfare occurred for only a minority of the people who left welfare and thus only
partially offset the effect of faster case closures in producing overall impacts on AFDC payments, even
in Riverside.
This analysis employs a particular approach to recidivism that makes use of the experimental
design in order to obtain unbiased estimates of the effects of GAIN; it restricts its focus to the threeyear observation period and does not project recidivism beyond the end of year 3. The advantage in

'Recidivism therefore did not detract from the overall accomplishments of GAIN for AFDC-FGs in
Riverside or the other counties.

not attempting projections is that the conclusions will be based entirely on actual, observed behavior
rather than on assumptions about how people will behave in future years. The disadvantage is that,
for many sample members, only a portion of their time on or off AFDC will be observed.'
The analysis defines an "AFDC exit" as one full quarter of zero AFDC payments. It therefore
does not capture any "revolving door" effects or "churning" due to administrative actions. It should
also be noted that the measures used in this analysis make it possible to distinguish recidivism that lasts
only a short time from that which may last a long time.
Considerable care must be taken when interpreting estimates of recidivism. Return to AFDC
does not necessarily imply a failure of the program. Whenever cases are closed in the experimental
group, recidivism should be expected to occur for some of those cases, just as it occurs for cases that
are closed in the control group. An extended illustration may be helpful in clarifying the issue. To
begin, suppose that 50 percent of controls exit AFDC during the first half of the follow-up period
(quarters 2 through 7). and 20 percent of exiters in the control group are back on AFDC by the end
of the follow-up period (by quarter 13). This 20 percent is the probability of returning to welfare
among control exiters and is one measure of recidivism; it is called conditional recidivism because the
probability is conditional on exiting AFDC initially. In this example, it will also be the case that 10
percent (i.e., 0.50 x 0.20) of all controls exit and then return, which is a second measure of recidivism
called unconditional because the percentage is not based on the condition of having exited AFDC
initially, but, rather, is based on the entire control group.
To develop the example further, suppose next that 60 percent of experimentals exit during the
same period, for an impact of 10 percentage points on case closure (i.e., 60 percent of experimentals
minus 50 percent of controls). Now, assume that exiters in the experimental group have only an 18
percent chance of returning to AFDC. This measure, the probability of returning to welfare among
experimental exiters, indicates that conditional recidivism among experimentals (18 percent) is less than
it is among controls (20 percent). This comparison between experimentals and controls who exit
AFDC is not, however, a true experimental comparison, since the probabilities exclude sample
members who do not exit. Such comparisons may, therefore, yield biased inferences about the effects
of the program. For example, the conditional probability of recidivism may be lower for exiters in
the experimental group because the program obtained more case closures for sample members who
would not be likely to return to welfare anyway. That is, the program changed the kinds of people
who exited AFDC, not the probability that they would return to it.
In this hypothetical illustration, using the second measure reveals an unconditional recidivism
rate of 10.8 percent among all experimentals (0.60 x 0.18). compared to only 10 percent among all
controls. This is a true experimental comparison, yielding an unbiased, valid estimate of the effect
of the program. Judging by this second measure, however, the rate of recidivism is higher among ex-

2Some sample members who exit AFDC during the observation period will return only after the three
years have elapsed. Thus, this analysis will put them in the "permanent AFDC case closure" category when
they ought to be classified as recidivists. But only longer follow-up data would make it possible to identify
the long-term recidivists with certainty. In this connection, it should also be noted that sample members who
left AFDC in one county and returned to it in another county (or in another state) will appear in the data as
permanent case closures rather than as recidivists because their AFDC payments in their new jurisdiction are
not part of the research data set.

perimentals than among controls. That is, the program in this example increased the proportion of
experimentals who left AFDC and then returned. This result is misleading, however, since the
program decreased the probability of returning to AFDC among those who exited, and also increased
the probability of leaving welfare in the first place.
In this illustration, the second measure of recidivism yields a valid experimental estimate of
program's effect but is misleading about what the program achieved. The program produced AFDC
savings despite the fact that it also increased the proportion of experimentals who both left welfare and
returned. AFDC savings would clearly be larger if no one in the experimental group who exited
AFDC later returned, but the fact that some did does not necessarily indicate that the program was
unsuccessful in achieving welfare savings, for it increased the likelihood of case closure overall. One
way to avoid such errors of interpretation is to make judicious use of both kinds of recidivism
measures.
Table E.l presents case closure and recidivism estimates for AFDC-FGs by county.
Unconditional estimates are shown on the left. Conditional estimates are shown on the right. The
largest effects were found in Riverside. As shown on the left of the table, 47.7 percent of Riverside
controls exited AFDC before the middle of follow-up. Among experimentals, this figure was 55.4
percent, for an impact of 7.7 percentage points on initial case closures (statistically significant). The
next several rows of the table divide this impact on initial exits into four parts. The largest part is a
4.0 percentage point increase in the number of experimentals exiting AFDC without returning during
the remainder of the three-year observation period. These are individuals who got off AFDC and
stayed off. The effect is statistically significant and is the largest among the six counties. This
increase in permanent AFDC case closures - "permanent" given the three-year limit on follow-up
data - explains Riverside's large total impact on AFDC payments. There was also a small increase,
0.9 percentage points, in the number of experimentals exiting AFDC, then returning, and then leaving
again. This off-on-off behavior made little contribution to the total impact in Riverside because it does
not suggest a return to welfare that lasted any substantial length of time.
The third and fourth parts of the exit effect represent patterns of behavior that are more
consequential for AFDC savings. The third pan of the exit effect is an increase of 1.2 percentage
points (statistically significant) among experimentals in leaving AFDC and being back on at the end
of follow-up in year 3 but not for the whole third year. The fourth part of the overall effect is a 1.6
percentage point increase among experimentals in exiting AFDC and returning for all of the final
follow-up year (i.e, receiving some AFDC in each of the four quarters of year 3). Welfare receipt
for all four quarters suggests that receipt may continue for a long time afterwards. The increase in
this fourth measure therefore suggests that some experimentals who exited AFDC returned for what
could be fairly long stays. The effect is statistically significant and amounts to about one-fifth of the
total 7.7 percentage point impact on the proportion of experimentals who ever left AFDC during the
first half of the follow-up period. Effects on measures three and four together account for about onethird of the 7.7 percentage point impact.
It should also be noted that the probability of returning to AFDC was larger among exiting experimental~than among exiting controls, as shown on the right of the table. This higher probability
of return to welfare among exiters slightly offset the impact on initial AFDC exits. Two simple "what
if" scenarios can demonstrate the relative importance of recidivism in general and of the higher
conditional probability of return among experimentals. First, had none of the exiting experimentals

TABLE E.l
INITIAL CASE CLOSURE AND AFDC RECIDIVISM AMONG AFDC-FGs
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County and Outcome
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Experimentals

-

Percent in Status
Controk

If Ever Off AFDC, Quarters 2- 7:
Percent in Status-laL--Difference

Experimentals

Controh
--

--

Difference
~-

Alameda
Ever off AFDC, quarters 2-7

W

W

u
I

-

18.6

1.4

15.2

14.0

1.2

0.9

1.8

1.6

0.2

0.4

1.2
1.7

1.2
1.7

-0.1
0.0

Sample size (totakl 205)

602

603

Ever off AFDC, quarters 2-7

49.5

49.1

35.8

37.6

Stayed off through quarter 13
Returned to AFDC but off again
by quarter 13
Back on AFDC at quarter I 3 but not
for all of year 3, quarters 10-13
Back on for all of year 3, quarters 10-13

I

-

20.0

Stayed off through quarter 13
Returned to AFDC but off again
by quarter 13
Back on AFDC at quarter 13 but not
forall of year 3, quarters 10-13
Backon forall of year 3, quarters 10-13
Sample size (total= 1229)

--

-0.7
-0.5
.- --

0.4
-1.8

6.3

3.6

2.8

'

3.5
3.7

0.9
7.0

2.7
-3.3

**
**

-.
986

243

Los Anqeles
Ever off AFDC, quarters 2-7
Stayed off through quarter 13
Returned to AFDC but off again
by quarter 13
Back on AFDC at quarter 13 but not
for all of year 3, quarters 10-13
Back on for all of year 3, quarters 10-13
Sample size (total=4396)

-

Rivetside
Ever off AFDC, quarters 2-7
Stayed off through quarter 13
Returned to AFDC but off aaain
by quarter 13
Back on AFDC at auarter 13 but not
forallof year 3, quarters 10-13
Backon for all of year 3, quarters 10-13

-
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TABLE E.l (continued)
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If Ever Off AFDC, Ouafiers 2-7:

Percent in Status
County and Outcome

@??rimentab

._Controls

~

_ ..

-~

~

Dflerence

Controls

Difference

44.6

39.4

5.3

"*

--

--

--

32.6

29.6

3.1

"

73.1

75.1

-2.0

4.6

3.5

1.1

10.2

8.8

1.4

2.2
5.2

2.0
4.3

0.2
0.9

5.0
11.7

5.2
11.0

-0.2
07

Sample size (total=8219)

7049

1170

Ever off AFDC, quarters 2-7

36.6

36.7

-0.1

--

--

--

25.5

25.6

-0.1

69.6

69.7

-0.1

4.2

4.5

-0.3

11.6

12.2

-0.7

2.0
4.9

1.4
5.2

0.6
-0.3

5.4
13.4

3.8
14.2

1.5
-0.8

1588

646

38.3

35.2

3.1

"*

--

--

- -

27.8

26.3

1.6

'

72.6

74.8

-2.0

4.2

3.3

0.8

'+

10.9

9.4

1.4

2.2
4.1

1.5
4.1

0.7
-0.0

*'

5.8
10.7

4.2
11.7

1.6
-1.0

-

Experimentals

Percent in Status (a)-

--

~

San Dieqo
Ever off AFDC, quarters 2-7
Stayed off through quarter 13
Returned to AFDC but off again
by quarter 13
Back on AFDC at quarter 13 but not
for all of year 3, quarters 10-13
Backon for all of year 3, quarters 10-13

I

w
W

Stayed off through quarter 13
Returned to AFDC but off again
by quarter 13
Back on AFDC at quarter 13 but not
for all of year 3, quarters 10-13
Back on for all of year 3, quarters 10-13
Sample size (total=2234)

..___--

-.-

.
--

-.
.

~~

-..

All counties (b)
Ever off AFDC, quarters 2-7
Stayed off through quarter 13
Returned to AFDC but off again
by quarter 13
Back on AFDC at quarter 13 but not
for all of year 3, quarters 10-13
Back on for all of year 3, quarters 10-13
Sample size (total=22791)

176-

5114

-

-- ---

....

SOURCE: See Table 4.1
NOTES:

See Table 4.1
Where data are not applicable, dashes are used.
(a) Estmates in italics were based only on persons ever off AFDC in quarters 2-7. Statistical tests were not applied to the experimental-control differences.
(b) In the all-county averages, the results for each county are weighted equally.

or controls returned to AFDC, the 5.2 percentage point impact on AFDC receipt for quarter 13 in
Riverside (see Table 4.1) would have been larger by the 1.2 plus 1.6 percentage points attributed to
recidivism. That is, if the patterns of recidivism reflected in the third and fourth parts of the exit
effect (discussed above) did not exist in either research group, then the impact would have been 8.0
percentage points rather than 5.2 percentage points, an increment of about half. Thus, the existence
of recidivism clearly is a factor in determining the magnitude of AFDC impacts. But the existence
of recidivism cannot be assumed away, which leads to the second "what if" scenario, in which the
existence of recidivism is allowed for, and the task is to determine only the effect of the difference in
recidivism between experimentals and controls. The results show that had the probability of returning
to welfare among exiting experimentals been kept as low as among exiting controls, then the 5.2 percentage point impact on AFDC in quarter 13 would have been about 6.9 percentage points, or about
one-third higher.3
Taken together, these results indicate that Riverside substantially speeded up the rate of case
closure, increasing the number of experimentals exiting AFDC in the first half of follow-up. The
majority of those who exited did not return within the three-year follow-up period, thereby contributing
to the large AFDC savings observed in that county. A significant proportion did return, however.
And the probability of returning to welfare among those who exited appeared to be higher for experimental~than controls. Total AFDC impacts would have been larger - but not dramatically larger if the program had been able to keep the probability of returning to welfare the same among exiting
experimentals as among exiting controls.
Impacts on AFDC exits within the first year and a half were also found in Los Angeles and San
Diego. Next to Riverside, San Diego had the largest case closure effects. There was a 5.3 percentage
point increase among experimentals in initial exits (statistically significant). About four-fifths of that
was an increase in either permanent exits (3.1 percentage points) or exits with only a brief return
period before a subsequent exit (1.1 percentage points). Los Angeles had a 4.1 percentage point
impact on initial exits (statistically significant), and four-fifths of that also accrued to permanent exits
(3.0 percentage points) or off-on-off exits (0.3 percentage points). For both Los Angeles and San
Diego, recidivism effects on exiting and then returning to welfare for all or part of the final year were
small and did not offset the case closure effect by much. It should be noted that if the two recidivism
measures are combined, then Los Angeles and San Diego (unlike Riverside) show similar probabilities
of return to AFDC among exiting experimentals and controls.
Alameda and Butte did not have noteworthy impacts on initial AFDC case closures, at least not
as measured here. Recidivism effects were not evident in Alameda. In Butte, experimental-control
differences in being back on AFDC at the end of year 3 and for all of year 3 largely canceled each
other out. The impacts on total AFDC payments estimated for those two counties (see Table 4.1) must
have come from other effects not shown in Table E. 1. For Butte, as mentioned in Chapter 4, much
less of the total AFDC savings came from reduced months on AFDC than was true for the other
counties with AFDC savings. What the mechanism of AFDC impacts in Alameda might be is not
clear.

3This estimate is obtained by assuming that the probability of returning to welfare among exiting
experimentals for both recidivism measures is the same as for exiting controls. The impact on the two
combined recidivism measures would then have been 55.4 x (2.6 + 4.5) 1 47.7 - (2.6 + 4.5) = 1.1
percentage points. That would be 1.7 percentage points lower than the 2.8 percentage point combined effect
observed. Adding 1.7 to 5.2 yields the 6.9 percentage point effect mentioned in the text.

11.

Results for AFDC-Us

Table E.2 presents AFDC case closure and recidivism results for AFDC-Us. To summarize
the findings: These results indicate that faster AFDC case closures contributed to total impacts on
AFDC receipt and AFDC payments in Butte, Riverside, and San Diego. Recidivism played a more
prominent role in determining total welfare impacts among AFDC-Us than among AFDC-FGs. In
Riverside and San Diego, most of the initial effect on exits was offset by recidivism prior to the end
of the three-year follow-up. Recidivism had much less effect in Butte, which explains why AFDC
impacts in that county in year 3 had overtaken and surpassed those of Riverside and San Diego. (It
should be noted that the very small sample size in Alameda made the results for AFDC-Us in that
county much more uncertain than the results in other counties.)
As shown in the table, AFDC exits during the first half of follow-up increased in Riverside from
61.0 percent among controls to 66.6 percent among experimentals, a 5.6 percentage point impact (statistically significant). Part of this effect was associated with being off AFDC at the end of the followup period. But 3.8 percentage points, or two-thirds of the total exit effect, went to an increase in the
number of experimentals back on AFDC at quarter 13. Most of this, some 2.8 percentage points, was
for individuals who returned for quarter 13 but not for all of year 3. The remaining 1.0 percentage
points was for individuals who returned to receive some AFDC in every quarter of the third year.
The conditional probability of returning to AFDC by the end of the third year was larger among
exiting experimentals than among exiting controls (right panel of the table). Both the amount of recidivism and the higher probability of return for exiting experimentals contributed to the narrowing of
AFDC reductions over time in Riverside. As shown in the main text (in Table 6.1). the impact on
the percentage receiving AFDC at the end of year 1 for Riverside was the largest among the counties
for AFDC-Us; but by the end of year 3 there was no experimental-control difference remaining. If
recidivism could have been reduced, then the differential could have lasted longer. This wwld be true
even if the probability of returning to AFDC were reduced only to the level observed among exiting
control group members. Just increasing the number of case closures, without reducing recidivism
below the levels observed for GAIN experimentals, would have less of an effect on total welfare
impacts for the AFDC-U research sample, especially in comparison with the AFDC-FG sample.
GAIN also increased exits for AFDC-Us in San Diego. The increase of 6.0 percentage points
(statistically significant) was similar in magnitude to the effect in Riverside. As in Riverside, recidivism was a major offset to those exits. At the end of year 3, recidivism accounted for 1.8 plus 2.7
percentage points of the initial impact on AFDC exits, or about three-quarters of the initial effect. The
probability of returning to welfare for the end of year 3 or for all of year 3 was greater for exiting
AFDC-U experimentals than for exiting controls. As mentioned in Chapter 6 (see Table 6. l), by
quarter 13 there was virtually no difference in AFDC receipt remaining between experimentals and
controls in San Diego. Much of the decline in the differential over time must be attributed to recidivism among GAIN enrollees who were induced to exit AFDC during the first year and a half of
follow-up. Lower recidivism would have increased total AFDC impacts among AFDC-Us in San
Diego and would have yielded some impact on long-term receipt (i.e., receipt at the end of year 3 and
beyond).
The only other important case closure and recidivism effects for AFDC-Us were found in Butte.
In that county, the result was the opposite of the results found in Riverside and San Diego. The

TABLE E.2
INITIAL CASE CLOSURE AND AFDC RECIDIVISM AMONG AFDC-Us
--

--

If Ever Off AFDC Quarters 2-7
Percent in Status
Experirnentals

County and Outcome

-Controls

-

Difference

__

Percent in status (a)~

Experinentats

Controk
-

Alarneda
Ever off AFDC, quarters 2-7
Stayed off through quarter 13
Returned to AFDC but off again
by quarter 13
Back on AFDC at quarter 13 but not
for all of year 3, quarters 10-13
Back on for all of year 3, quarters 10- 13
Sample size (total= 182)

-

12.7

-4.4

7.9

-2.4

1.2

-0.1

0.0
3.7

0.0
-1.8

86

~-

--

Butte
Ever off AFDC, quarters 2-7
Stayed off through quarter 13
Returned to AFDC but off aaain
by quarter 13
Back on AFDC at auarter 13 but not
for a11of year 3, q'uarters 10-13
Back on forall of year 3, quarters 10-13

.

w

Pr-.

Sample size (total= 1006)

45.8

3.0

29.6

2.8

5.4

1.o

4.1
6.8
-

-0.0
-0.8

226

Los Angeles
12.9

Ever off AFDC, quarters 2-7

10.3

Stayed off through quarter 13
Returned to AFDC but off again
by quarter 13
Back on AFDC at quarter 13 but not
for all of year 3, quarters 10-13
Back on for all of year 3, quarters 10-13
Sample size (total= 1458)

0.7
0.4
1.6
-

723

Riverside
Ever off AFDC, quarters 2-7
Stayed off through quarter 13
Returned to AFDC but off again
by quarter 13
Back on AFDC at quarter 13 but not
for all of year 3, quarters 10-13
Backon forall of year 3, quarters 10-13
Sample size ( t o t a e g )

61 .O
38.1
9.4
3.1
10.3
733

p~
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TABLE E.2 (continued)
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Percent in Status
County and Outcome

&_rimentals

Controk

~~

~~

If Ever Off AFDC, Quarters 2- 7:
--Percent in Status (a)
.~-Experimental~
Controk
Difference
~

Difference --

San Dieqo
Ever off AFDC, quarters 2-7
Stayed off through quarter 13
Returned to AFDC but off again
by quarter I 3
Back on AFDC at quarter 13 but not
for all of year 3, quarters 10-13
Back on for all of year 3, quarters 10-13
Sample size (total=3272)

Tulare
Ever off AFDC, quarters 2-7

I

w

Stayed off through quarter 13
Returned to AFDC but off again
by quarter 13
Back on AFDC at quarter 13 but not
for all of year 3, quarters 10-13
Backon for all ofyear3, quarters 10-13

CN

I

Sample size (total=l9Ol)
All counties (b)
Ever off AFDC, quarters 2-7
Stayed off through quarter 13
Returned to AFDC but off aaain
by quarter 13
Back on AFDC at auarter 13 but not
for all of year 3, cjuarters 10-13
Back on for all of year 3, quarters 10-13

-

Sample size (total=9960)

---

6851

3109

SOURCE: Table 6.1.
NOTES: Table 6.1
Where data are not a~dicable,dashes are used.
(a) Estmates in rtalcs were based ontq on persons ever off AFDC in quarters 2-7 Statistical tests were not applied to the expermental-contro otfferenct
(b) Tnese estmates do not include Alarneda's impacts which were Dased on a very small sample and the other five countles are weighted equally

impact on initial case closures was only 3.0 percentage points (not statistically significant), about half
the magnitude of the effects in Riverside and San Diego. But, in Butte, nearly all of the effect went
into an increase in permanent case closures (i.e., individuals staying off through quarter 13). Thus,
although the total AFDC impact was somewhat lower in Butte during the early part of follow-up,
savings for AFDC-Us by the third year were the largest of any county. In addition, there was a 4.8
percentage point reduction (not statistically significant) in AFDC receipt in quarter 13 (Table 6.1),
indicating that the GAIN program in Butte had some effect on long-term receipt. About 1 out of 11
AFDC-U experimentals who would have been on welfare at quarter 13 in Butte were off the rolls at
that time. These results for Butte provide additional evidence that recidivism was an important offset
to AFDC impacts for the AFDC-U assistance category in Riverside and San Diego and that decreased
recidivism could increase total savings and the incidence of long-term receipt for AFDC-Us.
Los Angeles did not show an increase in initial exits for AFDC-Us. This finding is consistent
with the finding in Chapter 6 that AFDC receipt rates were not reduced in that county (see Table 6.1).
The sizable impact on AFDC payments for AFDC-Us in Los Angeles evidently came from effects
other than case closures, but what those effects were is not clear.
Tulare also did not show an increase in initial AFDC exits, but that county did not have
reductions in AFDC receipt or AFDC payments either. In Alameda, the AFDC-U sample was too
small to produce reliable estimates.

APPENDIX F
SUPPLEMENTAL TABLE TO CHAPTER 5

TABLE F.l
GAIN'S IMPACTS ON THE PERCENTAGE OF AFDC-FG REGISTRANTS WHO REPORTED BEING EMPLOYED
WITHIN TWO TO THREE YEARS AFTER ORIENTATION AND THE PERCENTAGE EVER EMPLOYED
AT A JOB WITH SELECTED CHARACTERISTICS
Outcome and
Research Group

Alameda

Ever employed during the
follow-UD Deriod, self-re~ortedic)
~ x ~ e r ~ m e n t(%)
als
Controk (%)
Difference

Los
Angeles (a)

Riverside

San Diego

-Tulare

0.7

All
Countles (b)

9.1 (d)

Ever em~loveddurina the follow-uo
period and most rec& job provided
at least 40 hours of work per week
Difference
Ever emDloved durina the follow-UD
period and most recent job provided
less than 20 hours of work cer week
Experimentals (%)
Controls (%)
Difference

-01

5.2 (d)

-0.4

-0.4 (d)

34.5
33.1
1.3

31.1
26.3
4.9 (d)

Ever employed during the follow-up
period and most recent job provided
less than 10 hours of work per week
Experimentals (%)
Controk (%)
Difference
Ever employed during the follow-up
period and only held jobs providing
more than 30 hours of work per week
Experimentals (%)
Controk (%)
Difference
Ever employed during the follow-up
period and held jobs providing less than
30 hours of work per week and jobs
providing more than 30 hours of work
per week
Experimentals (%)
Controls (x)
Difference

9.7
6.4
3.3 (d)

Ever employed during the follow-up
period and only held jobs providing
less than 30 hours of work per week
Experimentals (%)
Controk (%)
Difference
Ever employed during the follow-up
period and was "highly satisfied (e.g..
had a scoreof 7-10 on a 0-10 scale)
with most recent job
Experimentals (%)
Controk (%)
Difference

15.2
14.1
1.1 (d)

,

0.2

6.2 (d)
(continued)

TABLE F.1 (continued)
Outcome and
Research Group

Alameda

Los
Angeles (a)

Riverside

San Diego

Tulare

All
Countles (b)

Ever employed during the follow-up
per~odand most recent job paid
more than $300 per week (e)
Experimentals (%)
Controls ( O h )
Difference

7.8
4.7
3.1 *

---

13.1
10.4
2.8

16.9
11.6
5.3 '*

10.5
8.7
1.7

12.1
8.9
3.2(d)

Sample size
Ex~erimentals
controls

348

--

342

336

363

1389

5.4

SOURCE: See Table 5.3.
NOTES: The follow-up period for the registrant survey ranged from 26 to 37 months, on average, across the five counties where
the reigstrant survey was conducted. Butte County was not included in the survey.
Rounding may cause slight discrepancies in calculating averages and differences.
Atwo-tailed t-test was applied to the differences between the experimental and control groups in each county.
Statistical significance levels are indicated as *** = 1 percent; " = 5 percent; ' = 10 percent.
(a) An analysis of response patterns to the survey in Los Angeles revealed that the earnings and AFDC payments during
the follow-up period of controk who responded to the survey differed markedly from those of controk who did not respond to the
survey. For this reason, no estimates for controk and no immcts are resented in this table for Los Anaeles.
(b) In the all-county averages tne results of each county (&clualng Los Angeles) are weSgniedequa1.y
(c) In Alameaa. employment rates were substantially underreported on tne registrant survey according to a comparlson
Wltn tne'ever employed" rate lnd cated by automated recoras aata tnrough quarter 9 for tne same sampe of survey responaents
Those recoras data snow tnat 42 percent of experlmentals and 36 percent of controls naa been employed, for an Impact of
6 percentaae wints
id) '~estsof statistical signaicance of the experimental-control difference for all counties combined were not performed.
Le) Most res~ondentsrewrted aross (i.e.. re-tax) earninas. However. a sizable minoritv (rouahlv 20 ~ercentlreDorted
net (1.e.. post-tax) earnings. No adlustme%t was maae for tnose reporang post-t& earnmgs ~he;etore ?n; esbmates presenteo
n tnls table somewhat underest~mate
the percentage of responoents wltn gross weedy earnmgs In excess of a gven level

APPENDIX G
SUPPLEMENTAL TABLES TO CHAPTER 6

TABLE G.l
ALAMEDA AFDC-Us: IMPACTS ON EMPLOYMENT, EARNINGS.
AFDC RECEIPT, AND AFDC PAYMENTS
Percentage
Outcome and Follow-Up Period
-

Experimentals

Controls

--

--

Ever employed (%)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Average number of quarters with
employment
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Ever employed (%)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter l o
Quarter 11
Quarter 12
Quarter 13
Quarter I 4
Quarter I 5
Quarter 16
Average total earnings ($)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-1 3)
Average total earnings ($)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter l o
Quarter 11
Quarter 12
Quarter 13
Quarter 14
Quarter I 5
Quarter 16

Difference

Change

TABLE G.l (continued)
Outcome and Follow-Up Period

Experimentals

Controls

Difference

Percentage
Change

Ever received any AFDC payments (56)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-1 3)
Average number of months receiving
AFDC payments
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-1 3)
Ever received any AFDC payments (%)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter 10
Quarter I I
Quarter 12
Quarter 13
Quarter I4
Quarter I5
Quarter 16
Average total AFDC payments received ($)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Average AFDC payments received ($)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter I0
Quarter 1 1
Quarter 12
Quarter I3
Quarter 14
Quarter 15
Quarter I6
Sample size (total = 182)

99.5
99.8
94.8
95.0
94.6
93.9
94.6
89.1
86.2
85.0
80.1
75.2
67.1

99.5
96.8
91.8
92.8
93.3
89.4
87.4
85.4
85.2
86.5
83.9
80.0
79.7

10066
9071
7506
26643

9905
8889
7952
26746

2686
2655
2528
2480
2403
2381
2333
2209
2148
2110
1982
1779
1635

2718
251 1
2487
2488
2419
2286
2251
2193
2159
21 26
2036
1926
1864

----

---

96

----

----

-32
145 '
40
-8
-16
95
82
16
-11
-16
-54
-147
-230

----

86

SOURCE AND NOTES: See Table 6.1.Thirteen quarters of follow-up data are available for Alameda.

-1.2%
5.8%
1.6%
-0.3%
-0.7%
4.2%
3.6%
0.7%
-0.5%
-0.7%
-2.7%
-7.6%
-12.3%

--- -

TABLE G.2
BUTTE AFDC-Us: IMPACTS ON EMPLOYMENT. EARNINGS,
AFDC RECEIPT. AND AFDC PAYMENTS
Outcome and Follow-up Period

Experimentals

Controls

Difference

percentage
Change

Ever employed (%)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Average number of quarters with
employment
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-1 3)
Ever employed (%)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter 10
Quarter 1 I
Quarter I2
Quarter I3
Quarter I4
Quarter I5
Quarter 16
Average total earnings ($)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-1 3)
Total (quarters 2-13)
Average total earnings ($)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter lo
Quarter 1 1
Quarter I2
Quarter I3
Quarter 14
Quarter 15
Quarter 16

1222

-- -

870

---

352 '*

---

- -

(continued)

TABLE G.2 (continued)
Outcome and Follow-up Period

Experimentals

Controls

6523
5246
4555
16324

6749
5775
5071
17595

--

--

780

226

Difference

Ever received any AFDC payments (%)
Year 1 (quarters 2-5)
Year 2 (quarters6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Average number of months receiving
AFDC payments
Year 1 (quarters 2-5)
Year 2 (quarters6-9)
Year 3 (quarters 10-13)
Total (quarters 2-1 3)
Ever received any AFDC payments (%)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter l o
Quarter I I
Quarter 12
Quarter I 3
Quarter 14
Quarter 15
Quarter I6
Average total AFDC payments received ($)
Year I (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Average AFDC payments received ($)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter 10
Quarter 1 1
Quarter 12
Quarter 13
Quarter 14
Quarter I 5
Quaner I6
Sample size (total = 1006)

-226
-529
-516
-1271

--

SOURCE AND NOTES: See Table 6.1. Fourteen quarters of employment and earnings follow-up data
and 15 quarters of AFDC data are available for Bme.

Percentage
Change

TABLE G.3
LOS ANGELES AFDC-Us: IMPACTS ON EMPLOYMENT. EARNINGS.
AFDC RECEIPT. AND AFDC PAYMENTS

Outcome and Follow-up Penod
Ever employed (%)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2- 13)
Average number of quarters with
employment
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Ever employed (%)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter 10
Quarter 1 1
Quarter 12
Quarter 13
Quarter 14
Quarter 15
Quarter I6
Average total earnings ($)
Year I (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-1 3)
Average total earnlngs ($)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter 1 0
Quarter 1 1
Quarter 12
Quarter I3
Quarter 14
Quarter 15
Quarter 16

Exper~mentals

Controls

Difference

Percentage
Chanae

TABLE G.3 (continued)

Outcome and Follow-up Period

Experimentals

Controls

Difference

Percentage
Change

--

--

--

--

735

723

Ever received any AFDC payments (%)
Year 1 (quarters 2-5)
Year 2 (quarters6-9)
Year 3 (quarters 10-13)
Total (quarters 2-1 3)
Average number of months receiving
AFDC payments
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quartets 2-13)
Ever received any AFDC payments (%)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter l o
Quarter 11
Quarter I 2
Quarter I 3
Quarter I 4
Quarter 15
Quarter 16
Average total AFDC payments received ($)
Year I (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Average AFDC payments received ($)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter 10
Quarter 11
Quarter 12
Quarter I 3
Quarter 14
Quarter I 5
Quarter I 6
Sample size (total = 1458)

SOURCE AND NOTES: See Table 6.1. Fourteen quarters of employment and earnings follow-up data and
15 quarters of AFDC data are available for Los Angeles.

TABLE G.4
RIVERSIDE AFDC-Us: IMPACTS ON EMPLOYMENT. EARNINGS.
AFDC RECEIPT. AND AFDC PAYMENTS
Outcome and Follow-Up Period

Experimentals

Controls

Difference

~ercentae
Change

Ever employed (%)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-1 3)
Total (quarters 2-13)
Average number of quarters with
employment
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Ever employed (%)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter 10
Quarter 11
Quarter 12
Quarter I 3
Quarter I 4
Quarter 15
Quarter 16
Average total earnings ($)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarten 2-13)
Average total earnings ($)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter l o
Quarter II
Quarter 12
Quarter 13
Quarter I 4
Quarter 15
Quarter 16

-

-

(continued)

TABLE G.4 (continued)
Outcome and Follow-up Period

Controls

Difference

Percentage
Change

--

--

--

--

1590

733

Experimentals

Ever received any AFDC payments (%)
Year 1 (quarters 2-5)
Year 2 (quarters6-9)
Year 3 (quarters 10-13)
Total (quartets 2-13)
Average number of months receiving
AFDC payments
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters I0-1 3)
Total (quartets 2 - 13)
Ever received any AFDC payments (%)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter 10
Quarter 1I
Quarter I 2
Quarter 13
Quarter 14
Quarter 15
Quarter 16
Average total AFDC payments received ($)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-1 3)
Average AFDC payments recewed ($)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter 10
Quarter 11
Quarter 12
Quarter 13
Quarter 14
Quarter 15
Quarter 16
Sample size (total = 2323)

SOURCE AND NOTES: See Table 6.1. Fourteen quarters of employment and earnings follow-up data and
15 quarters of AFDC data are available for Riverside.

TABLE G.5
SAN DIEGO AFDC-Us: IMPACTS ON EMPLOYMENT. EARNINGS.
AFDC RECEIPT. AND AFDC PAYMENTS

Outcome and Follow-Up Period

Experimentals

Controls

Difference

Percentage
Change

Ever employed (%)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-1 3)
Total (quarters 2-1 3)
Average number of quarters with
employment
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-1 3)
Ever employed (%)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter 10
Quarter 11
Quarter 12
Quarter 13
Quarter 14
Quarter 15
Quarter 18
Average total earnings ($)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Average total earnings ($)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter l o
Quarter 11
Quarter 12
Quarter 13
Quarter 14
Quarter 15
Quarter 16

7.8%
3.8%
-5.9%
1.2%

-5.6%
11.5%
10.3%
4.0%
7.3%
7.0%
4.936
2.9%
0.4%
-3.8%
-9.0%
-5.236
-5.3%
-5.9%
-8.2%
-4.2%
(continued)

TABLE 6.5 (continued)
-

Outcome and Follow-Up Period

Experimentals

Percentaae
Controls

Ever received any AFDC payments (%)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)

-iDifference

1 .o

Average number of months receiving
AFDC payments
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarten 2-13)
Ever received any AFDC payments (%)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter lo
Quarter 1 I
Quarter I2
Quarter 13
Quarter 14
Quarter 15
Quarter I6

-

Average total AFDC payments received ($)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Average AFDC payments receved ($)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter lo
Quarter 1 1
Quarter 12
Quarter 13
Quarter 14
Quarter I5
I
Quarter 16
Sample size (total = 3272)

-

1104
2427

1138
845

-35

SOURCE AND NOTES: See Table 6.1.Sixteen quarters of follow-up data are available for San Diego.

-3.056

TABLE G.6
TULARE AFDC-Us: IMPACTS ON EMPLOYMENT. EARNINGS.
AFDC RECEIPT. AND AFDC PAYMENTS
Percentage

Chan e
0
Ex erimentals

Outcome and Follow-Up Period
Ever employed (%)
Year I (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-1 3)
Total (quarters 2-13)

52.5
50.2
48.9
67.0

51.2
46.9
46.4
64.0

1.3
1.3
0.5
3.0

2.5%
2.6%
1.O%
4.7%

Average number of quarters with
employment
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quartets 2-13)

1.38
1.41
1.42
4.21

1.36
1.39
1.37
4.14

-0.00
0.01
0.06
0.07

-0.3%
1.O%
4.1%
1.6%

30.3
32.2
36.4
34.7
34.6
36.1
37.6
34.9
32.2
34.1
36.6
36.5
35.2
-

31.6
31.6
35.1
36.9
34.6
37.5
37.5
33.6
30.7
34.9
35.8
33.5
32.6

-1.5
0.6
1.2
-2.2
0.0
-1.4
0.1
1.3
1.5
-0.8
0.8
3.0
2.5

-4.8%
2.0%
3.5%
-5.9%
0.0%
-3.6%
0.3%
3.9%
4.6%
-2.2%
2.2%
8.9%
7.8%

Ever employed (%)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter 10
Quarter 11
Quarter I2
Quarter 13
Quarter 14
Quarter I 5
Quarter 16
Average total earnings ($)
Year I (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Average total earnmgs ($)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 6
Quarter 9
Quarter l o
Quarter 1I
Quarter 12
Quarter I3
Quarter 14
Quarter 15
Quarter 16

-

---

----

--- --

----

0.9%
-6.9%
-0.4%
-2.4%
-7.5%
-12.1%
2.5%
6.0%
4.856
-7.2%
-3.3%
-6.8%
-10.7%
-7.3%
-2.4%
5.0%
3.656

-- --

(continued)

TABLE G.6 (continued)
Outcome and Follow-Up Period

Experimentals

Controls

Difference

Percentage
Change

--

--

--

--

1319

582

Ever received any AFDC payments (%)
Year 1 (quarters 2-5)
Year 2 (quarters6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)
Average number of months receiving
AFDC payments
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-1 3)
Ever received any AFDC payments (%)
Quarter of random assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter 10
Quarter I1
Quarter 12
Quarter I 3
Quarter 14
Quarter I 5
Quarter 16
Average total AFDC payments received ($)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)
Year 3 (quarters 10-13)
Total (quarters 2-13)

-

Averaoe AFDC Davments received I$)
Quarter of raridom assignment
Quarter 2
Quarter 3
Quarter 4
Quarter 5
Quarter 6
Quarter 7
Quarter 8
Quarter 9
Quarter 10
Quarter 11
Quarter 12
Quarter 13
Quarter I 4
Quarter 15
Quarter 16
Sample size (total = 1901)

SOURCE AND NOTES: See Table 6.1. Thirteen quarters of follow-up data are available for Tulare.
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Florida's Project Independence: Program Implementation, Participation Patterns, and First-Year Impacts. 1994
James Kemple, Joshua Haimson.
The Saturation W o r k Initiative Model ( S W I M )
A test o f the feasibility and effectiveness o f an ongoing participation requirement in a welfare-to-work
program.
Interim Repon on the Saturation Work Initiative Model in Sun Diego. 1988. Gayle Hamilton.
Final Repon on the Saturation Work Initiative Model in San Diego. 1989. Gayle Hamilton, Daniel Friedlander.
The Saturation Work Initiative Model in San Diego: A Five-Year Follow-up Study. 1993. Daniel Friedlander,
Gayle Hamilton.
T h e Demonstration o f State WorklWelfare Initiatives
A test o f the feasibility and effectiveness o f various state employment initiatives for welfare recipients
Arizona: Preliminary Management Lessons from the WIN Demonstration Program. 1984. Kay Sherwood
Arkansas: Interim Findings from the Arkansas WIN Demonstration Program. 1984. Janet Quint.
Final Repon on the WORK Program in Two Counties. 1985. Daniel Friedlander, Gregory Hoerz, Janet
Quint, James Riccio.
California: Preliminary Findingsfrom the San Diego Job Search and Work Experience Demonstration. 1984
Barbara Goldman, Judith Gueron, Joseph Ball, Marilyn Price.
Findingsfrom the San Diego Jab Search and Work Experience Demonstration. 1985. Barbara Goldman,
Daniel Friedlander, Judith Gueron, David Long.
Final Repon on the San Diego Job Search and Work Experience Demonsrration. 1986. Barbara Goldman,
Daniel Friedlander, David Long.
Illinois: Interim Findingsfrom the WIN Demonstration Program in Cook County. 1986. Janet Quint, Cynthia
Guy.
Final Repon on Job Search and Work Experience in Cook County. 1987. Daniel Friedlander. Stephen
Freedman, Gayle Hamilton, Janet Quint.
Maine: Interim Findingsfrom a Grant Diversion Program. 1985. Patricia Auspos.
Final Repon on the Training Opponunities in the Private Sector Program. 1988. Patricia Auspos. George
Cave, David Long.
Maryland: Interim Findingsfrom the Maryland Employment Initiatives Programs. 1984. Janet Quint.
Final Repon on the Employment Initiatives Evaluation. 1985. Daniel Friedlander, Gregory Hoerz, David
Long, Janet Quint.
Supplemental Repon on the Baltimore Options Program. 1987. Daniel Friedlander.
New Jersey: F ~ M Repon
[
on the Grant Diversion Project. 1988. Stephen Freedman. Jan Bryant. George
Cave.
Virginia: Interim Findingsfrom the Virginia Employment Services Program. 1985. Marilyn Price.
Final Repon on the Virginia Employment Services Program. 1986. James Riccio, George Cave, Stephen
Freedman, Marilyn Price.
West Virginia: Interim Findings on the Community Work Experience Demonstrations. 1984. Joseph Ball
Final Repan on the Community Work Experience Demonstrations. 1986. Daniel Friedlander, Marjorie
Erickson, Gayle Hamilton, Virginia b o x .
Other Reports o n the Demonstration o f State WorklWelfare Initiatives
Documentation of the Data Sources and Analytical Methods Used in the Benefit-Cost Analysis of the EPP/EWEP
Program in San Diego. 1985. David Long, Virginia Knox.

Relationship Between Earnings and Welfare Benefits for Working Recipients: Four Area Case Studies. 1985.
Barbara Goldman, Edward Cavin, Marjorie Erickson, Gayle Hamilton, Darlene Hasselbring, Sandra
Reynolds.
Welfare Grant Diversion: Early Observations from Programs in Six States. 1985. Michael Bangser. James
Healy, Robert Ivry.
A Survey of Panicipants and Worksite Supervisors in the New York City Work Experience Program. 1986
Gregory Hoerz, Karla Hanson.
Welfare Grant Diversion: Lessons and Prospects. 1986. Michael Bangser, James Healy, Robert Ivry.
Work Initiatives for Welfare Recipients: Lessonsfrom a Multi-State Experiment. 1986. Judith Gueron.
The SubgrouplPerformance Indicator Study
A study of the impacts of selected welfare-to-work programs on subgroups of the AFDC caseload.
A Study of Performance Measures and Subgroup Impacts in Three Welfare Employment Programs. 1987. Daniel
Friedlander. David Long.
Subgroup Impacts and Pe@ormance Indicators for Selected Welfare Employment Programs. 1988. Daniel
Friedlander.

The Self-Employment Investment Demonstration (SEID)
A test of the feasibility of operating a program to encourage self-employment among recipients of AFDC

Self-Employment for Welfare Recipients: Implementation of the SEID Program. 1991. Cynthia Guy, Fred
Doolittle, Barbara Fink.
The WIN Research Laboratory Project
A test of innovative service delivery approaches in four Work Incentive Program (WIN) offices

Immediate Job Search Assistance: Preliminary Results from the Louisville WIN Research Laboratory Project.
1980. Barbara Goldman.
Preliminary Research Findings: WINResearch Laboratory Project. 1980. MDRC.
Final Repon on WIN Services to Volunteers: Denver WIN Research Laborarory Project. 1981. Ellen Slaughter,
Paulette Turshak, Gale Whiteneck, Edward Baumheier.
Impacts of the Immediate Job Search Assistance Experiment: Louisville WIN Research Laboratory Project. 1981.
Barbara Goldman.
The Workings of WIN: A Field Observation Study of Three Local m c e s . 1981. Sydelle Levy.
Weyare Women in a Group Job Search Program: Their Experiences in the Louisville WIN Research Laboratory
Project. 1982. Joanna Gould-Stuart.
The WINLabs: A Federal/Local Partnership in Social Research. 1982. Joan Leiman.
Job Search Strategies: Lessons from the Louisville WINLaboratory. 1983. Carl Wolfhagen, Barbara Goldman.
PROGRAMS FOR TEENAGE PARENTS ON WELFARE
The LEAP Evaluation
An evaluation of Ohio's Learning, Earning, and Parenting (LEAP) Program, which uses financial incentives
to encourage teenage parents on welfare to stay in or return to school.

LEAP: Implementing a Welfare Initiative to Improve School Attendance Among Teenage Parents. 1991. Dan
Bloom, Hilary Kopp, David Long, Denise Polit.
LEAP: Interim Findings on a Welfare Initiative to Improve School Attendance Among Teenage Parents. 1993
Dan Bloom, Veronica Fellerath, David Long, Robert Wood.
The New Chance Demonstration
A test of a comprehensive program of services that seeks to improve the economic status and general wellbeing of a group of highly disadvantaged young women and their children.

New Chance: Implementing a Comprehensive Program for Disadvantaged Young Mothers and Their Children.
1991. Janet Quint, Barbara Fink, Sharon Rowser.
New Chance: An Innovative Program for Young Mothers and Their Children. Brochure. 1993.
Lives of Promise. Lives of Pain: Young Mothers Afrer New Chance. Monograph. 1994. Janet Quint, Judith
Musick, with Joyce Ladner.
New Chance: Interim Findings on a Comprehemive Program for Disadvantaged Young Mothers and Their
Children. 1994. Janet Quint, Denise Polit, Hans Bos, George Cave.
Project Redirection
A test of a comprehensive program of services for pregnant and parenting teenagers.

The Challenge of Serving Teenage Mothers: Lessonsfrom Project Redirection. Monograph. 1988. Denise Polit,
Janet Quint, James Riccio.
The Community Service Projects
A test of a New York State teenage pregnancy prevention and services initiative.

The Community Service Projects: A New York State Adolescent Pregnancy Initiative. 1986. Cynthia Guy.
The Community Service Projects: Final Repon on a New York State Adolescent Pregnancy Prevention and
Services Program. 1988. Cynthia Guy, Lawrence Bailis, David Palasits, Kay Sherwood.

THE SCHOOL-TO-WORK TRANSITION PROJECT
A study of i ~ o v a t i v eprograms that help students make the transition from school to work.

The School-to-Work Transition and Youth Apprenticeship: Lessons from the U.S. Experience. 1993. Thomas
Bailey, D O M ~
Merritt.
Home-Grown Lessons: Innovative Program Linking Work and High School. 1994. Edward Pauly, Hilary Kopp,
Joshua Haimson.
Learning Through Work: Designing and Implementing Quality Worksite Learning for High School Students.
1994. Susan Goldberger, Richard Kazis, Mary Kathleen O'Flanagan (all of Jobs for the Future).

THE PARENTS' FAIR SHARE DEMONSTRATION
A demonstration aimed at reducing child poverty by increasing the job-holding, earnings, and child support
payments of unemployed, noncustodial parents (usually fathers) of children receiving public assistance.
Caring and Paying: What Fathers and Mothers Say About Child Suppon. 1992. Frank Furstenberg, Jr., Kay
Sherwood, Mercer Sullivan.
Child Suppon Enforcement: A Case Study. Working Paper. 1993. Dan Bloom.
Matching Opponunities to Obligations: Lessons for Child Suppon Refom from the Parents' Fair Share Pilot
Phase. 1994. Dan Bloom, Kay Sherwood.

THE NATIONAL JTPA STUDY
A study of 16 local programs under the Job Training Partnership Act (JTPA), the nation's job training system
for low-income individuals.

Implementing the National JTPA Study. 1990. Fred Doolittle, Linda Traeger.
The National JTPA Study: Site Characteristics and Participation Patterns. 1993. James Kemple, Fred Doolittle,
John Wallace.
A Summary of the Design and Implementation of the National JTPA Study. 1993. Fred Doolittle.

About MDRC
The Manpower Demonstration Research Corporation (MDRC) is a
nonprofit social policy research organization founded in 1974 and
located in New York City and San Francisco. Its mission is to design
and rigorously field-test promising education and employment-related
programs aimed at improving the well-being of disadvantaged adults
and youth, and to provide policymakers and practitioners with reliable
evidence on the effectiveness of social programs. Through this work,
and its technical assistance to program administrators, MDRC seeks to
enhance the quality of public policies and programs. MDRC actively
disseminates the results of its research through its publications and
through interchange with policymakers, administrators, practitioners,
and the public.
Over the past two decades - working in partnership with more than
forty states, the federal government, scores of communities, and
numerous private philanthropies - MDRC has developed and studied
more than three dozen promising social policy initiatives.

